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Abstract
Healthcare organizations face challenges in implementing artificial intelligence (AI) to manage
complex data and personalize care amid rising costs and growing patient volumes. This research
is critical for healthcare leaders seeking to address inefficiencies in Al implementation, which
could otherwise hinder competitiveness and the quality of patient care. This qualitative
pragmatic inquiry study explored strategies healthcare leaders use to integrate Al into their
business model innovations. Six U.S. healthcare leaders with at least 3 years of leadership
experience who had successfully led Al projects participated in semistructured interviews.
Grounded in Osterwalder and Pigneur’s business model innovation theory and their Business
Model Canvas (BMC), data from interview transcripts and publicly available archival sources
were collected and analyzed. Using Braun and Clarke’s thematic analysis, the study identified
key leadership practices aligned with the BMC’s practices. Three of the seven themes were that
(a) value propositions enhance performance, (b) key partnerships are critical for Al rollouts, and
(c) customer relationships require Al transparency. A key recommendation is that healthcare
leaders should use the BMC to guide strategy, engage stakeholders, and include Al in their
business models. The implications for positive social change include the potential for healthcare
administrators and policymakers to expand access to quality care, improve patient experiences,

and enhance healthcare efficiency for individuals living in rural communities.
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Section 1: Foundation of the Project
Background of the Problem

The healthcare industry struggles with rising costs, increasing patient volumes,
complex disease management, and the growing need for personalized care. Artificial
intelligence (Al) offers a potential solution to address these challenges by improving
operational efficiency, enhancing clinical decision-making, and advancing predictive
modeling (Arora et al., 2022; Badal et al., 2023). Despite its potential, the adoption of Al
in healthcare business models (BMs) remains inconsistent, hindered by concerns about
data privacy, security, regulatory barriers, interoperability, and clinician acceptance
(Ahmed et al., 2023).

Traditional approaches to healthcare management have proven inadequate for
handling the vast and complex nature of modern medical data. Al technologies can
analyze large datasets quickly and accurately, offering actionable insights that improve
patient outcomes and optimize resource allocation (Naik et al., 2022a). However,
achieving these benefits requires overcoming significant obstacles, including stakeholder
trust and a lack of standardized implementation strategies. The general business problem
is that organizations that cannot effectively adopt Al into their BMs may face competitive
disadvantages.

Business Problem Focus and Project Purpose
The specific business problem this study addressed was that some healthcare

industry leaders needed more effective strategies for implementing Al to achieve a



2
competitive advantage. Therefore, this qualitative pragmatic inquiry project explored the
strategies successful healthcare leaders use to implement Al into BMs.

In this qualitative pragmatic inquiry study, I interviewed six medical professional
leaders with Al implementation experience in the United States. I connected with these
professionals through my network and on LinkedIn, where I posted a recruitment
advertisement on my page and on other sites whose owners allowed me to purposively
identify and contact potential participants. My data sources were interviews with
professionals and publicly accessible data (i.e., websites) appropriate for my study.

My conceptual framework was based on Osterwalder and Pigneur's (2010)
business model innovation (BMI) theory and their Business Model Canvas ™ (BMC).

Research Question

What successful strategies do healthcare professional leaders use to implement Al

into their BMIs to achieve a competitive advantage?
Assumptions and Limitations
Assumptions

Qualitative research assumptions refer to the underlying beliefs or principles that
guide the qualitative research process. These assumptions shape the researcher's
perspective, approach, and interpretation of data (Ellis & Hart, 2023). Some common
qualitative research assumptions include the subjectivity of reality, where researchers
assume that truth is subjective and socially constructed and that individuals interpret and

make sense of the world in diverse ways based on their experiences, values, and cultural
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backgrounds (Fischer & Guzel., 2023). Another assumption addresses the study’s validity
in context, where the research involves the assumption that validity is context-specific,
meaning that the credibility and trustworthiness of research findings depend on their
resonance and relevance within the study's specific context. Korstjens and Moser (2018)
explained how qualitative research findings can be credible and trustworthy by discussing
different philosophical and methodological positions and their impact on the
trustworthiness of qualitative research findings.

I made the following assumptions: (a) that healthcare professional leaders would
be open about their innovative strategies and (b) that my participants would be honest
about their Al success record. As per Ellis and Hart (2023), I made the methodological
assumption that an inductive qualitative pragmatic inquiry study would best serve the
purposes and goals of my research.

Limitations

Qualitative research, while valuable in exploring complex phenomena and
providing rich insights into human experiences, has several limitations, which refer to the
constraints, challenges, and potential drawbacks of this research approach. In other
words, qualitative research is highly valued for its ability to delve into complex
phenomena and offer profound insights into human experiences within specific
sociocultural contexts (Sahakyan, 2023). Some limitations relate to subjectivity:
Qualitative research relies heavily on the researcher's interpretation of data. Different

researchers may interpret the same data differently, leading to potential biases in analysis



and conclusions. Another limitation includes the potential for bias: Researchers'
backgrounds, experiences, and perspectives can influence data collection, analysis, and
interpretation, leading to bias. Additionally, participants may provide biased responses or
withhold information based on their perceptions, self-interests, and experiences
(Theofanidis & Fountouki, 2019). These limitations can impact the transferability,
reliability, and validity of findings.

Some common qualitative research limitations I faced were the availability and
willingness of healthcare professional leaders to participate, leading to a potentially
biased sample that may not represent the full spectrum of strategies employed.
Furthermore, findings were only transferable within the specific context or healthcare
organizations studied, limiting the applicability of the identified strategies to different
settings or industries. Finally, healthcare leaders were to be willing or able to share
proprietary information or details about their BMI strategies, hindering the depth of
analysis.

Transition

This transition completed Section 1 of the study and prepared for Sections 2, 3,
and 4. Section 1 covered the problem's foundation and background of the problem and
described how leaders need strategies for implementing Al in the healthcare field. It also
provided the paper's business problem focus and project purpose and defined the study’s
assumptions and limitations. In Section 2, I review several publications and scholarly

research articles related to my conceptual framework and business topic. I synthetically



examine and analyze the current peer-reviewed literature regarding the use of Al in
healthcare, the BMI framework, and known strategies for Al implementation. In Section
3, I present the research project methodology and project ethics, where I describe my role
as the researcher in this Al-focused exploration in healthcare. I justified it using a
qualitative methodology and pragmatic inquiry design. I present the study’s participant
population, sampling method, and inclusion criteria, and I explain data collection and
analysis. Finally, in Section 4, I present and discuss my study’s research findings and

their implications.



Section 2: The Literature Review
A Review of Professional and Academic Literature

The review of professional and academic literature is a cornerstone of scholarly
research, providing a comprehensive synthesis of existing knowledge, theories,
methodologies, and findings relevant to a particular topic or research question. By
examining a wide range of peer-reviewed articles, books, reports, and other scholarly
sources, I gained insights into the current state of knowledge, identified gaps or
controversies, and established a solid foundation for my study. I used qualitative
methodology and pragmatic inquiry design to explore healthcare professionals' strategies
to integrate Al into their BMs. In this literature review, I can explore the content of the
business problem and conceptual framework through the lens of past research.

The emergence of the BMI concept signified the onset of a new economic
paradigm. Numerous researchers endeavored to define it and pinpoint its fundamental
components. In this section, I assess existing literature to ascertain the fundamental
elements of the BM's definition and to summarize the primary components of a BM as
highlighted by leading authors. The subsequent phase involved identifying the critical
factors in modeling a BM to establish a foundation for a potential empirical study
framework. In organizing a literature review for my qualitative pragmatic inquiry
designed study, I followed a structured approach to synthesize existing knowledge using

the following organization:



I. Conceptual framework—BMI and BMC
e BMs
e BMI literature
e BMC literature
II. Applied business problem
e Applications of Al
e The transformative power of Al
e Navigating the future: The promise and perils of Al
e Customer segments
e Key activities
e Value propositions
e Key partners and key resources
e Customer relations
I used the following keywords to organize and plan the literature search: BMC,
BMI, AI, COVID-19 pandemic, artificial intelligence (Al), effect of artificial intelligence,
benefits of artificial intelligence, the effect of COVID-19, artificial intelligence in
healthcare, advancement in artificial intelligence, health care artificial intelligence
accidents. These databases were also pivotal in finding literature: EBSCO, ProQuest, and
Google Scholar. Significant journals used included the Journal of Innovation &
Knowledge, Journal of Medicine, Journal of Personalized Medicine, and Journal of

Medical Systems. Moreover, I linked Google Scholar to the Walden University library to



take advantage of its significant searching power and its date, "cited by," and "search
within" delimitation options. The breakdown of my literature sources is provided in Table
1.

Table 1

Reference Data Information

Reference Peer Not peer % peer Total >5 <5 % >5
reviewed reviewed review years years years

Journals 88 11 92 99 11 87 90

Books 0 2 NA 11 1 1 100

Conceptual Framework: Business Models, Business Model Innovation, and the
Business Model Canvas

This study used a combination of BMs, BMI, and the BMC as a framework
guiding the research. In the rapidly evolving landscape of modern business,
understanding BMI has become crucial for organizations seeking sustainable competitive
advantage. A BM is a framework that outlines how an organization creates, delivers, and
captures value (Teece, 2010). BMI refers to designing or reshaping a BM to achieve
competitive differentiation and adapt to changing market conditions (Chesbrough, 2010).
The BMC, developed by Alexander Osterwalder and Yves Pigneur (2010), is a strategic
management tool that provides a visual framework for developing, describing, and
analyzing BMs. These three concepts are built on each other to create a uniquely
patterned framework involving multiple concepts based on creating a structured business

plan (see Figure 1). Osterwalder's approach is entrepreneur focused.



Figure 1

Conceptual Framework for the Study
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The Osterwalder approach emphasizes the importance of visualizing the
components of a BM, enabling entrepreneurs and managers to quickly understand the
interconnections between various elements such as value propositions, customer
segments, channels, and revenue streams (Osterwalder et al., 2014). The BMC consists of
nine building blocks that capture the critical aspects of any BM, allowing organizations to
explore and innovate their business strategies systematically. (The nine blocks are shown
in Figure 2). When combining BMI and BMC, organizational leaders can create new
BMs to create a competitive advantage. Strategyzer provided access to the BMC on an

open-access license.



Figure 2

BMC by Strategyzer
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Note. The BMC template is reproduced with permission from the Creative Commons

Attribution-ShareAlike 3.0 as provided at https://creativecommons.org/licenses/by-

sa/3.0/.
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Business Models
When an organization implements a BM, this increases a business’s competitive
advantage by doing the following:
e defining the key activities and structure of the value chain required to create
and distribute the offering and complementary assets needed to support the
position in the chain (Al-Shammari, 2023; Westerveld et al., 2023)

e cxplaining the value proposition (Béhr & Fliaster, 2022)

e describing the firm's position within the value network linking suppliers and
customers and formulating the competitive strategy by which the innovative
firm will gain and hold an advantage over rivals (Kumar & Singh, 2023)

A strong BM can be a source of innovation, allowing organizations to distinguish
themselves from competitors. By focusing on value creation and delivery, businesses can
uncover opportunities for innovation that enhance their offerings and streamline
operational processes (Keiningham et al., 2020). This underscores organizations' need to
continuously evaluate and refine their BMs to remain relevant in a competitive landscape.

Organizations pursuing BMI must scrutinize their existing BM components and
pinpoint areas ripe for transformation. This may involve reconfiguring customer
segments, exploring new revenue streams, or leveraging emerging technologies to
improve product delivery (Buccieri et al., 2023). Historical examples, such as Kodak and
Blockbuster, illustrate the consequences of failing to adapt BMs in response to digital

innovations, leading to their decline (Lucas, 2024). Conversely, companies embracing
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BMI are better equipped to navigate challenges and take advantage of opportunities,
leading to success in a dynamic market.
Business Model Innovation

Kafetzopoulos et al. (2024) emphasized that BMI is not merely a framework of
concepts but a dynamic process that encourages company leaders and employees to
challenge existing norms, embrace change, and adopt a holistic approach within their
business ecosystem. This perspective highlights the importance of fostering an
organizational culture that supports innovation and adaptability, enabling companies to
thrive in rapidly changing environments. In comparison, a study by Bocken et al. (2019)
focused on the transition to circular economy BMs, outlining essential insights for
companies aiming to implement sustainable practices. This research identifies the need
for holistic transformation and frames the transition as an innovation challenge. It
emphasizes recognizing cost savings, adjusting key performance indicators, and
embracing service models tailored for sustainability. Both studies underscore the
significance of a comprehensive approach to business model development, but they differ
in their specific focus areas. Kafetzopoulos’s work suggests that a supportive culture is
crucial for encouraging innovative thinking, while Bocken et al. provided actionable
insights to help organizations operationalize sustainability within their BMs. Together,
they illustrate the multifaceted nature of BM development, where cultural, strategic, and
operational elements must align to achieve successful innovation and sustainability

outcomes.
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Business Model Canvas

The BMC, developed by Alexander Osterwalder and Yves Pigneur (2010), is a
strategic management tool that provides a visual framework for developing, describing,
and analyzing BMs. The BMC is a matrix tool that offers a structured approach for
leaders to define their organization's BM, often during a focused project with a new BM
as the goal. The BMC allows an organization to align its structure as a table or map on
one page. This map also helps explain the resulting BM in later implementation
presentations. Strategyzer, Osterwalder's company, now owns Osterwalder and Pigneur’s
(2010) initial invention. The BMC has been translated into 36 languages and morphed
into various formats.
Framework Summary

Integrating BMs, BMI, and the BMC provides a comprehensive framework for
organizations to innovate and adapt their business strategies (see Figure 1). By
visualizing the components of a BM, the BMC enables entrepreneurs and managers to
understand the interconnections between various elements, such as value propositions,
customer segments, channels, and revenue streams (Ferlito & Faraci, 2022). This
visualization is crucial for aligning organizational strategies and fostering innovation (see
Figure 2).

In the next section, I draw connections between the concepts mentioned in the
BMC and the study's focus on successful strategies for Al adoption. Specifically, I

highlight how successful BM innovation occurs when businesses include Al in their BM.
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Applied Business Problems

Healthcare systems globally are facing significant challenges that impact
operations, with Al-augmented care emerging as a transformative solution (Bajwa et al.,
2021). This report examines the potential of Al in revolutionizing healthcare by
improving service quality, productivity, and health outcomes. Most recently, the
healthcare sector has faced several challenges that profoundly impact patient care and
health outcomes.

Healthcare industries are grappling with issues such as an aging population,
chronic diseases, rising costs, and workforce shortages, which strain resources and affect
outcomes. Al has the potential to streamline healthcare processes, reduce costs, and
enhance human capabilities, thus improving care quality (Jones & Dolsten, 2024).
However, the healthcare sector's complex information systems, advanced diagnostic
processes, and the need for personalized treatments present challenges in keeping up with
medical advancements and delivering customized care.

Al-augmented care could become a game changer in healthcare by streamlining
processes, reducing costs, and augmenting human capabilities to provide quality care
(Tayarani, 2020). To facilitate personalized care, medical science has evolved into a
complex system due to the immense volume of information, the advanced and expensive
diagnostic processes required, and the growing emphasis on finding a cure that is
customized to every patient (Stefanicka-Wojtas & Kurpas, 2023). Although this has led

to tremendous advancements in healthcare services, it has become too challenging to
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keep up with the latest medical knowledge and provide customized care of the caliber
expected by every patient.

Laws and regulations affect Al implementation. Khan et al. (2023a) attributed the
slow adoption of Al into healthcare to policies, procedures, and preconceptions regarding
patient information security. Murdoch (2021) agreed that legal requirements surrounding
patient data privacy deterred the development of Al solutions for healthcare. A coherent
and strategic Al adoption process begins with a solid data and information management
foundation, ensuring rich, complete, and secure data for Al systems to generate
meaningful insights (Amann et al., 2023). Overcoming the barriers to Al adoption in
healthcare requires holistic strategies that reflect an understanding of the industry's
unique qualities and regulatory environment. These strategies must address data
management, interoperability, ethics, privacy, reskilling, and change management.

The successful integration of Al in healthcare hinges on developing
comprehensive Al adoption strategies tailored to the unique characteristics and needs of
the healthcare sector. These strategies must address critical issues such as data
management, interoperability, technological and social ethics, regulatory standards,
privacy, reskilling, and change management, ensuring a deep understanding of the
healthcare industry's regulatory ecosystem (Williamson & Prybutok, 2024). By crafting
and executing such systemic Al adoption plans, healthcare organizations can overcome
current barriers to Al implementation, leading to improved healthcare outcomes and

enhanced organizational efficiency (Hassan et al., 2024). This approach addresses the
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limited Al uptake today and positions these organizations at the forefront of digital
healthcare innovation (Jeyakumar et al., 2023). Ultimately, these efforts contribute to the
radical transformation of healthcare delivery in the digital era, balancing privacy and
progress while considering systemic oversight and patient perceptions in Al-driven
healthcare.

Applications of Artificial Intelligence in Healthcare

Al has many potential applications in healthcare, transforming the field by
improving clinical decision-making, enhancing medical imaging, accelerating drug
discovery, personalizing medicine, and optimizing healthcare management (Ouanes &
Farhah, 2024). Clinical decision support systems are at the forefront, utilizing patient data
for evidence-based guidance to healthcare providers. These systems adeptly handle large
datasets, such as electronic health records, aiding diagnosis, treatment planning, and risk
identification. In medical imaging, Al boosts diagnostic precision and speed, while in
drug discovery, it shortens the timeline for new medications. Personalized medicine
benefits from Al through customized treatments that consider patients’ genetic makeup
and medical history (Bozyel et al., 2024). AI’s versatility is evident in its ability to
diagnose melanoma, analyze symptoms like dizziness, identify causes of atypical chest
pain, and assist dementia patients with cognitive tasks. The breadth of AI’s applications
in healthcare signifies a leap toward more accurate, efficient, and individualized patient
care. Leveraging Al enables healthcare systems to diagnose and treat diseases more

effectively and respond more precisely to each patient’s unique needs. As Al continues to
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evolve, its integration across healthcare promises a future in which medical practices are
more informed, personalized, and efficient, ultimately leading to improved patient
outcomes and streamlined services.

Al applications in medical imaging and radiology significantly enhance clinical
practice by improving the detection and classification of medical image abnormalities.
Al-powered image analysis systems process large volumes of imaging data rapidly and
accurately, identifying issues such as tumors, fractures, and vascular anomalies (Hosny et
al., 2018). These advancements aim to alleviate the workload of radiologists, expedite
diagnoses, and enhance reliability (Valavanidis, 2023). The literature showcases Al
algorithms excelling at detecting lung nodules in chest X-rays, identifying brain tumors
in MRIs, and classifying skin lesions in dermatological images (Lakhani & Sundaram,
2017). Furthermore, Al techniques enhance existing medical images, reduce radiation
exposure during CT scans, and generate simulated images for training and research
purposes (Alowais et al., 2023). Integrating Al in radiology streamlines the diagnostic
process and contributes to patient safety by minimizing radiation risks. By automating
routine tasks, Al allows radiologists to focus on complex cases, improving overall
diagnostic accuracy. As Al technology continues to evolve and integrate into medical
imaging, it promises to transform radiology further, leading to more efficient practices
and better patient outcomes in healthcare.

Al is transforming healthcare, particularly in preventive medicine and clinical

trials, leading to significant advancements in patient care, research efficiency, and
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personalized treatment strategies. In preventive medicine, Al is revolutionizing risk
prediction and early disease detection. As Alowais et al. (2023) noted, "Al-driven
processes are a fresh revolution in preventive and anticipatory medicine," enabling the
development of sophisticated risk predictors for various conditions. These Al systems can
analyze vast datasets, including electronic health records and genetic information, to
identify patterns and risk factors that might elude human clinicians. This advancement
has been particularly helpful in overcoming patient recruitment bottlenecks in clinical
research (Askin et al., 2023). Al's role extends beyond recruitment, encompassing data
collection and analysis, predictive analytics, and identifying targeted biomarkers. With
Al algorithms, virtually every compound in huge experimental libraries can be searched,
predicted for potential target efficacy and toxicity, and put through the development
pipeline. Al can radically reduce the time and financial costs associated with traditional
drug-discovery methods, enabling investigators to identify new therapies for numerous
therapeutic targets (Vijayan et al., 2022).

Al is bringing changes in personalized and precision medicine. Some changes
include treating patients with drugs or surgery especially suited to them, considering their
genes, lifestyle, and past health records (Tashakkori et al., 2020). Using Al doctors can
find patterns and relationships with abundant data like genomic and clinical records of
thousands of patients that cannot be discovered manually (Tashakkori et al., 2020). This
approach contributes to developing medical strategies that are more effective and less

toxic than traditional methods, which often fail to account for individual differences.
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The integration of Al into healthcare extends beyond clinical applications to
system management, enhancing hospital operations, resource allocation, and patient flow.
Al models can predict admissions, optimize staff availability, and improve the
management of medical resources (Varnosfaderani & Forouzanfar, 2024). Additionally,
Al is pivotal in detecting healthcare fraud through monitoring claims and identifying
suspicious activity (Johnson & Khoshgoftaar, 2023). In public health, Al contributes to
disease prediction and epidemiological research, becoming more prominent during the
COVID-19 pandemic, where it aided tracking the virus and shaping response strategies
(Asada et al., 2021a). As Al evolves, its applications will increasingly transform
healthcare management and delivery.
The Transformative Power of Artificial Intelligence
Beyond healthcare, Al is a transformative technology with the potential to

revolutionize numerous industries and aspects of human life by mimicking and, in some
cases, surpassing human intelligence. Generative Al, a significant component of this
technological revolution, replicates human capabilities such as visual perception, speech
recognition, decision-making, and language translation (Gil De Zuiiiga et al., 2023).
Machine learning, a key subfield, enables these systems to learn from data and adapt their
behavior (Khan et al., 2023b). AI’s versatility is evident in its widespread applications
across various industries. For example, in education, Al facilitates personalized learning
tools and adaptive software that improve access to education (Gligorea et al., 2023). In

business and finance, Al automates tasks and enhances efficiency, while in scientific
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research, it accelerates drug discovery and data analysis (Perifanis & Kitsios, 2023).
These innovations underscore the broader potential of Al, whose continued evolution will
further reshape healthcare and many other sectors. As Al advances, its applications will
expand into even more industries, driving innovation and efficiency, with significant
investments from private companies and governments fueling the pursuit of Artificial
General Intelligence (Perifanis & Kitsios, 2023). This rapid development highlights AI’s
potential to reshape the future of work, learning, and technological advancement.
Navigating the Future: The Promise and Perils of Artificial Intelligence

Integrating Al with other technologies, such as robotics, the Internet of Things
(IoT), and cloud computing, is rapidly transforming industries and raising ethical, social,
and economic concerns. Al's collaboration with IoT powers smart homes, infrastructure,
and cities, by learning user preferences and adjusting environment accordingly (Alahi et
al., 2023). These advancements reshape industries and create new BMs (Saif et al., 2024).
However, the growth of Al has sparked concerns over privacy, bias, job displacement,
and the misuse of Al technologies (Stahl, 2021). Although AI’s integration with other
technologies promotes innovation, it also complicates discussions on ethics and
governance, raising concerns about regulation, bias, and social inequality as Al systems
become increasingly pervasive (Stahl, 2021). The vision of Artificial General Intelligence
(AGI) poses even more significant challenges, with profound implications for human—Al
interaction and society (Gruetzemacher & Whittlestone, 2022). Efforts are being made to

develop explainable Al, increasing decision-making transparency (O. Ali et al., 2023a).
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As Al advances, aligning its development with human values will be critical. The focus
will likely shift toward ensuring Al's sustainability, energy efficiency, and ethical use to
make it a force for solving global problems (Diaz-Rodriguez et al., 2023).
Artificial Intelligence Challenges

Integrating Al into healthcare faces significant challenges related to data quality,
human factors, implementation barriers, and ethical concerns. Al in healthcare requires
high-quality, cohesive data, but data fragmentation, privacy concerns, and legal
restrictions hinder its practical use (Ahmed et al., 2023; Khan et al., 2023a). Additionally,
human factors, such as a lack of trust in AI’s decision-making and the limited
interpretability of Al models, create resistance among clinicians and patients (Nagendran
et al., 2023). Implementing Al also requires significant changes to existing healthcare
systems and the creation of new roles and skill sets, which presents logistical and
financial challenges (S. Ali et al., 2023). Ethical concerns, including biases in Al systems
and unclear accountability for Al-driven errors, further complicate adoption (Naika et al.,
2022a).

The fragmented nature of healthcare data and the difficulty of integrating diverse
datasets across systems pose significant obstacles to developing accurate Al models.
These challenges are compounded by legal restrictions, such as data privacy laws, which
prevent the seamless sharing of patient information necessary for Al to function
effectively (Khan et al., 2023b). Additionally, the lack of transparency in Al decision-

making models makes it difficult for clinicians to trust Al-driven recommendations,
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hindering their adoption in real-world settings (Nagendran et al., 2023). Beyond technical
challenges, implementing Al requires overhauling existing, often outdated, healthcare
infrastructure and creating new roles, such as data scientists, which can be costly and may
face resistance from healthcare staff (O. Ali et al., 2023b). Ethical concerns surrounding
bias in Al systems and unclear legal responsibilities in case of errors further complicate
the landscape, requiring robust frameworks to ensure fairness and accountability (Farhud
& Zokaei, 2021).

To fully realize the potential of Al in healthcare, these challenges must be
addressed through improvements in data management, the development of more
interpretable Al systems, and the creation of ethical frameworks that align Al with
principles of fairness and accountability (Naik et al., 2022b). Collaboration between Al
developers, healthcare providers, and policymakers is essential to ensuring responsible
and effective Al integration.

Artificial Intelligence Solutions

Al solutions have significantly improved healthcare, from diagnostics and
treatment to drug discovery and personalized medicine, demonstrating great potential for
enhancing patient outcomes and operational efficiency. Several Al applications are
currently employed in healthcare, enhancing diagnosis, treatment, and resource
management. For instance, Arterys and Viz.ai use deep learning to analyze cardiac MRI
images and detect strokes, respectively (Chandrabhatla et al., 2023). IBM Watson for

oncology supports clinical decision-making by providing cancer treatment
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recommendations based on patient data and medical literature, although its accuracy has
been debated (Zhao et al., 2020). Al tools like the sepsis prediction model developed at
Johns Hopkins help predict critical conditions, such as sepsis, by analyzing electronic
health records (Haas & McGill, 2022). Platforms like Atomwise and BenevolentAl also
accelerate drug discovery by identifying potential drug targets and repurposing existing
drugs (Bess et al., 2022). Al platforms such as Tempus and Sophia Genetics lead
personalized medicine by analyzing genomic data to recommend targeted treatments
(Sebastian & Peter, 2022).

Customer Segments

Understanding customer segments is vital for SMEs, allowing them to tailor their
value propositions effectively. Customer segmentation involves identifying and grouping
consumers who may be interested in a company’s products or services (Rachmawati &
Mayyu, 2023). Kumar and Singh (2023) emphasized the importance of aligning business
continuity management (BCM) practices with customer needs to ensure resilience.
Rachmawati and Mayyu’s (2023) interviews with customers about value propositions led
them to recommend that companies identify their target consumer’s “gains” and “pains”
(p. 785). Customer segmentation has been recommended by scholars who research BMIs.
By identifying specific customer segments, SMEs can develop targeted value
propositions that address the unique challenges faced by these groups, thereby enhancing

customer satisfaction and loyalty and focusing on the organization's key activities.



24

Key Activities

Key activities of an organization lead to the final creation of a BMI by identifying
the critical elements of that model. Kanbach et al. (2023) outlined critical activities of
general artificial intelligence’s (GAI) impact on BMs across industries. Three main
impact areas are identified: value creation, new proposition, and value capture
innovation. By combining key activities with customized services or products, original
BMIs are created (Montemari et al., 2024). While Kanbach et al. (2023) revealed value
creation innovation by exploring how GALI facilitates new capabilities, technologies,
partnerships, and processes, reshaping information access, content creation, and business
operations, Montemari et al. explored the differences between BMI and BM imitation —
noting both have similar elements. Both topics showed that including the firm's key
activities within the BM allowed for the potential for efficiency improvements, the
intersection of factual knowledge and creative thinking, and the evolution of novel
products and services.
Value Propositions

The value proposition concept, originating from McKinsey & Co. in the 1980s, is
central to understanding how companies articulate the benefits and costs of their products
to meet customer needs and outperform competitors. Grounded in previous intellectual
works, the value proposition encompasses the product's characteristics, satisfaction of
customer needs, and pricing, aiming to deliver value that customers perceive as equal to

or greater than the product's consumption value. The value proposition is multifaceted,
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involving attributes such as novelty, performance, personalization, and more, each
contributing to the perceived consumer value. It is tailored to specific customer segments,
geographical areas, and competitive market conditions. Understanding the dynamic
interplay of these value-creating dimensions is crucial for management, as it informs the
strategic positioning and differentiation of a company's offerings in the market.

An organizational value proposition is part of the BM that explains the core
relationships underlying the firm’s mission. The value propositions of GAI focus on
innovation in capabilities, technologies, partnerships, and processes, which reshape
business operations and enhance productivity and innovation (Secinaro et al., 2021). GAI
facilitates efficiency improvements and restructuring processes and departments, leading
to existing product and service advancements. It also creates new offerings, markets,
channels, and customer relationships, such as personalized marketing campaigns and
enhanced customer service experiences (Rodriguez & Calvario., 2024). The adoption of
GALI shifts the roles of white-collar knowledge workers from content creation to critical
thinking and evaluative skills, fostering new opportunities for innovation and
differentiation. This shift necessitates businesses to adapt to the evolving nature of GAI
to maintain competitiveness (Secinaro et al., 2021). Ethical frameworks are crucial for
GAI development to mitigate risks and ensure transparency, fairness, and inclusiveness.
These considerations provide a comprehensive overview of GAI’s impact on BMs and

highlight the broader ethical and practical implications of its adoption.
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Key Partners and Key Resources

Strategic partnerships are essential for successfully adopting Al in the healthcare
industry, as they leverage shared resources and expertise to drive innovation. According
to a study by Kwon et al. (2023), collaborations between healthcare providers and
technical companies significantly enhanced the deployment of Al technologies,
improving patient care and operational efficiencies. Furthermore, Raghupathi and
Raghupathi (2024) highlighted that partnerships with academic institutions foster
research initiatives that enable healthcare organizations to access cutting-edge Al
solutions, thereby improving clinical decision-making and patient outcomes. These
studies illustrate that key partnerships not only provide vital resources, such as
technological infrastructure and specialized knowledge, but also facilitate the exchange
of best practices among stakeholders. This collaborative approach can help healthcare
organizations overcome challenges related to Al implementation and ensure sustainable
integration of these technologies. Thus, fostering strategic partnerships is critical for
healthcare organizations aiming to effectively adopt Al, as it enhances their ability to
innovate and improve patient care.
Customer Relations

Integrating Al into healthcare transforms customer relations by enhancing service
delivery, improving patient outcomes, and optimizing clinical efficiency. Studies by
Alowais et al. (2023) demonstrated Al's role in reducing costs, streamlining practices,

and supporting medical staff, while Perifanis and Kitsios (2023) highlighted Al's ability
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to synthesize vast medical data for better health management. The relationships among
these articles underscore Al’s multifaceted impact on healthcare, from augmenting
clinical decision-making to personalizing patient care. The findings collectively point to
Al's potential to revolutionize healthcare through advanced data analysis and patient care
strategies. The current trajectory of Al adoption in healthcare suggests a continued trend
of growth and investment, indicating a significant shift in how patient care is managed
and delivered, focusing on improved outcomes and efficiency.

Al is increasingly recognized for its role in personalized medicine, enabling
tailored treatment plans based on individual patient data, including genetics and medical
history. Woodman and Mangoni (2023) highlighted how machine learning systems
analyze patient datasets to identify patterns and predict treatment outcomes, particularly
for cancer patients. Alowais et al. (2023) further emphasized Al's ability to assist
physicians in making evidence-based decisions, such as recommending surgical
interventions or identifying potential drug interactions. The relationship among these
studies illustrates that Al enhances the precision of treatment strategies and improves
healthcare professionals' decision-making processes. Khalifa et al. (2024) expand on this
by discussing Al's capabilities in patient monitoring, utilizing real-time data from
wearable technology to detect early health deteriorations. Collectively, these articles
underscore the transformative impact of Al in personalized medicine, highlighting how it
supports healthcare providers in developing effective, data-driven treatment plans while

enhancing patient monitoring and outcomes.
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Al is revolutionizing drug discovery in healthcare by accelerating the
identification of new treatment options and optimizing existing drugs, ultimately
reducing costs and time to market. Vora et al. (2023) highlighted how Al algorithms
analyze thousands of chemical compounds to predict bioactivity and adverse effects,
enhancing lead identification and potentially improving clinical trial success rates.
Blanco-Gonzélez et al. (2023) further emphasized Al's role in repurposing existing drugs
for new conditions and predicting patient responses, which aids in selecting appropriate
candidates for clinical trials. The relationship among these studies illustrates that Al not
only streamlines the drug discovery process but also increases efficiency and precision in
targeting specific patient populations, thereby improving the overall success of clinical
trials and drug optimization. Together, these articles underscore the transformative
potential of Al in bringing new medicines to patients more rapidly and effectively,
signaling a significant advancement in the pharmaceutical industry.
Conclusion and Analysis of Themes
Developing methods to integrate Al into clinical workflows and obtaining
clinician buy-in demands substantial change management efforts. Leadership must focus
on training and education to upskill the workforce and foster an Al-ready culture
(Secinaro et al., 2021). Involving clinicians, administrators, and patients throughout the
Al technology journey is crucial for addressing concerns, managing expectations, and

ensuring successful implementation. By developing and executing comprehensive Al
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adoption plans, healthcare organizations can overcome current limitations, enhance
healthcare outcomes, and lead in the digital transformation of healthcare delivery.

The literature on BMs and BMI highlights these concepts' critical role in enabling
organizations to adapt to rapidly changing market conditions and technological
advancements. A BM is a blueprint for how an organization creates, delivers, and
captures value, encompassing key components such as value propositions, customer
segments, and revenue streams (Teece, 2010). The BMC, developed by Osterwalder and
Pigneur (2010), provided a visual framework that facilitates the systematic exploration
and innovation of business strategies. This allows organizations to understand the
interconnections between various elements of their operations. As firms face increasing
pressures from globalization and shifting consumer preferences, leveraging innovative
BMs becomes essential for maintaining a competitive edge (Markides, 2013).

Despite extensive research on BMI and the BMC, a notable gap exists in
understanding how emerging technologies, particularly Al, can be effectively integrated
into existing BMs. While the literature emphasizes the importance of adaptability and
innovation in BMs, it often needs a more focused exploration of the strategies and
frameworks organizations can employ to successfully incorporate Al into their BMs. This
gap is particularly relevant as Al technologies evolve and demonstrate their potential to
transform various industries by enhancing operational efficiency and creating new value

propositions (Gil De Zuiiiga et al., 2023).
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This study aimed to address this gap by exploring the systemic barriers to the
effective implementation of Al solutions in healthcare. While significant progress has
been made in deploying Al technologies, the lack of cohesive strategies for integration
into existing healthcare systems poses a challenge for maximizing their potential benefits.
By focusing on the interplay between Al technologies and healthcare operations, this
research provided insights into optimizing Al use in clinical settings, ensuring that these
innovations enhance individual patient care and contributed to the broader goals of
efficiency and effectiveness in healthcare delivery. Thus, this work filled the existing
void by proposing frameworks and guidelines that support the responsible and effective
integration of Al into healthcare practices.

Transition

Section 2 covered scholarly research articles related to my BM, BMI, BMC, and
Al in healthcare in an organized literature review. In Section 3, I present the research
project methodology and ethical considerations, describing my role as the researcher, the
nature of qualitative pragmatic inquiry, the population, sampling and participants, the
interviewing process, and data organization and analysis techniques. I also provide details
about ensuring the study’s reliability and validity. In Section 4, I present the findings
from my research, the business contributions and recommendations, the implications
concerning social change, whether positive or negative, the recommendations for further

research, and finally, the conclusions based on the research.
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Section 3: Research Project Methodology
Project Ethics

Ethical considerations are paramount in conducting research, and as the primary
researcher, | regarded ensuring the ethical integrity of the data collection process as my
foremost responsibility. Adhering to established ethical guidelines and protocols, I was
committed to upholding the rights, dignity, and confidentiality of all participants involved
in the study. This entailed obtaining informed consent from participants, ensuring
voluntary participation, and safeguarding their anonymity and privacy throughout the
research process. As part of my role, I provided clear and transparent information about
participation's purpose, procedures, and potential risks and benefits, allowing participants
to make informed decisions about their involvement. Farida and Setiawan (2022)
highlighted the growing concerns surrounding ethical and legal issues in research due to
the recent surge in research activities. They underscored the importance of guidelines
established by organizations and authorities to uphold integrity, compliance, and ethical
standards in research conduct. Additionally, I actively mitigated potential conflicts of
interest and biases during data collection, maintaining objectivity and integrity in the
research process. Through ethical conduct and rigorous adherence to ethical principles, I
aimed to foster trust, respect, and accountability in my interactions with participants and
uphold the ethical standards of the research community.

My relationship with the topic of Al and healthcare was to explore the

transformative potential of Al technologies in enhancing patient care, streamlining
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operational efficiencies, and addressing ethical considerations in integrating Al tools
within clinical settings. This research shaped my understanding of the challenges and
opportunities presented by Al in healthcare and fueled my passion for advocating
evidence-based strategies that ensured the successful adoption and implementation of
these innovations to improve health outcomes and patient experiences.

Confidentiality and anonymity were strictly maintained, with all personal
identifying information kept secure and separate from the collected data to adhere to 7he
Belmont Report, which emphasizes three core principles: respect for people, beneficence,
and justice (Nagai et al., 2022). These principles are crucial in ensuring that research is
conducted ethically, particularly in sensitive fields like healthcare, where the
implementation of Al can significantly impact patient care and outcomes. I respected the
autonomy and privacy of participants, allowing them to withdraw from the study at any
time by notifying me via email or during the interview. Additionally, I prioritized the
well-being and safety of participants, taking necessary precautions to avoid any harm or
distress. Any potential conflicts of interest were avoided, and relevant ethical guidelines
and regulations guided the research. By adhering to these ethical principles discussed in
the informed consent form, I aimed to conduct a responsible and reliable research study
that respected the rights and dignity of all involved.

As a researcher conducting interview-based studies, I was acutely aware of the
ethical considerations surrounding participant involvement, withdrawal, incentives, and

confidentiality. Recent literature had emphasized the importance of clear communication



33
about withdrawal rights during the informed consent process, addressing discrepancies in
participants' understanding of voluntary participation (Driscoll et al., 2009). In my
research, I ensured that participants were fully informed of their right to withdraw at any
time (before data analysis had been completed) without consequences, aligning with the
fundamental principle of patient self-determination. Regarding incentives, I carefully
considered their use to boost participation rates while being mindful of potential ethical
concerns. | offered a $25 Visa gift card as a thank-you to reimburse participants who
completed an interview for their time. To ensure adequate ethical protection of
participants, I adhered to a comprehensive framework that included obtaining informed
consent, conducting risk-benefit analyses, and securing ethics committee reviews from
Walden University.

Maintaining participant confidentiality was paramount in my research. Names of
individuals on their informed consent were kept separately from all other study data.
Names were replaced with pseudonyms (i.e., SP1, SP2, etc.). I implemented robust data
management and storage practices, including anonymization and deidentification of data.
My data collection plan prioritized confidentiality, ensuring that all information was
securely stored for 5 years to prevent unauthorized access, use, or disclosure (see Leese,
2022). By integrating these multifaceted approaches, I aimed to protect participant rights,
maintained research integrity, and fostered trust in the research process while balancing
the need for scientific advancement with ethical considerations. The IRB approval

number for this study was 03-19-25-1051497.
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Nature of the Project
To address the research questions in this qualitative study, the specific research

design was a pragmatic inquiry. A qualitative pragmatic inquiry study was chosen
because Tashakkori et al. (2020) discussed the pragmatic approach as a robust design for
qualitative research, particularly in fields like healthcare. They highlighted that pragmatic
inquiry facilitates the exploration of real-world problems by allowing researchers to draw
on multiple methods and perspectives. This adaptability was crucial for understanding
healthcare leaders' effective strategies to implement Al while maintaining a competitive
advantage. The authors argued that this approach provided rich, contextual insights
beneficial for both academic research and practical applications in the healthcare
industry. The pragmatic inquiry design was appropriate for this study because, in their
review, Ramanadhan et al. (2021) discussed the merits of pragmatic qualitative research
in healthcare, emphasizing its flexibility and focusing on practical outcomes. They
argued that pragmatic inquiry allows researchers to address complex real-world problems
by employing diverse methodologies that can adapt to the study's specific needs. The
pragmatic approach is particularly suited to studies aiming to uncover effective strategies
because it is inherently problem-centered, pluralistic, and oriented toward real-world
practice (Bazen et al., 2021). The pragmatic approach also supported producing
theoretically insightful and practically relevant findings for healthcare professionals and
policymakers seeking to leverage Al for improved patient outcomes and organizational

efficiency.
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Population, Sampling, and Participants

For my planned research design, I interviewed healthcare organizational leaders
to gather information on the successful strategies those healthcare professional leaders
use to implement Al into their BMs to gain/sustain a competitive advantage. The
invitation was emailed, and the template is provided in the Appendix. The eligibility
criteria for participants required that they (a) had at least 3 years of leadership experience,
(b) had completed at least one successful Al transformation project experience, (c¢) had an
understanding of BMI, and (d) had achieved the age of 25 or older.

Purposive sampling, a nonprobability sampling technique, involves intentionally
selecting participants with specific characteristics to form a research sample (Creswell &
Poth, 2020). In my study on effective strategies for adopting Al in the healthcare
industry, I purposively recruited and interviewed at least six participants, which,
according to Hennink and Kaiser (2022), is often sufficient to allow data saturation for a
research study.

I accessed participants through my professional networks and associations,
establishing a working relationship by reaching out directly via professional social media
platforms. By introducing myself and my project in this way, I fostered rapport and
engaged participants, which are crucial for participating in research (see Horsfall et al.,
2021).

Data saturation, a fundamental principle for evaluating the adequacy of purposive

samples in qualitative research, occurs when no new information emerges during the
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interview process (Hennink & Kaiser, 2022). The plan was that if data saturation was
reached when five interviews were completed, I would conduct an additional interview to
confirm that no further insights were available. This careful approach ensured the
integrity of my findings related to Al adoption strategies in healthcare.

Data Collection Activities

In my qualitative research project, I served as the primary instrument for data
collection. I conducted interviews to gather primary data, allowing for a flexible yet
focused approach to exploring participants' experiences and perspectives. These
interviews utilized a preset list of semistructured, open-ended questions to ensure
consistency across all participants while allowing for the organic flow of conversation.
Nagai et al. (2022) noted that this method balance’s structure and adaptability, enabling
me to delve deeper into specific areas based on participants' responses.

In addition to primary data collection, I planned to incorporate secondary
corroborating data to enrich my findings and provide a more comprehensive
understanding of the research topic. This secondary data included publicly available
information, such as professional websites and relevant archival materials. By
triangulating data from these diverse sources, I aimed to enhance the credibility and
validity of my research outcomes, ultimately leading to more robust conclusions in my
doctoral thesis. This multifaceted approach deepened the insights from the interviews and

contextualized them within the broader landscape of existing knowledge and practice.
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Interview Questions
Key Partnerships
e What strategies do you use to build and maintain effective partnerships for Al-
driven initiatives?
e How do these partnerships contribute to overcoming challenges in Al
integration?
Key Activities
e What critical activities are required to integrate Al into your healthcare
business model?
e How do you ensure these activities align with an organization’s value
proposition and customer needs?
Key Resources
e What key resources (human, technological, financial) are essential for
implementing Al into a BM?
e What steps have you taken to develop or acquire Al-related intellectual
property?
Value Propositions
e How does Al enhance the value proposition of your healthcare services or
products?
e What specific problems does Al solve for your stakeholders (employees,

customers, or patients)?
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What examples can you share of patient outcomes or operational efficiencies

that Al improved?

Customer Relationships

Channels

What changes to customer relationships have you witnessed due to Al
implementation??
What strategies do you use to build trust, ensure customer satisfaction, or

overcome customer concerns about using Al?

What channel-selection strategies have you found most successful when
implementing AI?
Which digital platforms have you found most successful?

What makes those platforms work best?

Customer Segments

What strategies have successfully prioritized customer segments for Al

implementation?

Cost Structure

What cost-driver strategies have been pivotal towards implementing Al into
your business model?
What strategies did you use to overcome increased costs incurred through Al

implementation?
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Revenue Streams
e What changes to revenue streams have the adoption of Al required or created?
e What pricing strategies have been most successful when implementing Al-
enhanced services?
Other
e What other strategies might you recommend that a healthcare provider
consider when implementing Al into its business model?
Data Organization and Analysis Techniques

As the primary data collector for this study, I used semistructured, open-ended
questions to ensure consistency across all participants. The reason why semistructured
open-ended questions are used is to allow for flexibility in the participant’s response to
provide unbiased responses to the provided questions. DeJonckheere and Vaughn (2019)
noted that open-ended questions facilitate deeper insights as they invite participants to
reflect and provide detailed responses. The interview protocol was meticulously crafted
to correspond with the research questions, guaranteeing that every interview was
thorough and targeted toward the study's objectives.

I used research logs and the latest Microsoft Teams and Microsoft Word software
to compile, organize, and analyze the transcribed interview responses to accurately
manage and analyze the data collected. The importance of using research logs is to serve
as an investigation artifact that tracks documentation, location, and critical findings,

while providing a structured overview of every step of the study. Bhaskhar et al. (2023)
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explained that data logs should play a crucial role in systematically assessing each stage
of the study relative to the research objectives, thereby improving the precision and
quality of the results.

I then utilized thematic analysis to supplement data organization and analysis,
drawing from the frameworks established by Braun and Clarke (2006, 2022). This
approach allowed for a nuanced exploration of qualitative data, facilitating a deeper
understanding of patterns and themes that emerge from participants' experiences (Braun
& Clarke, 2022). As emphasized by Braun et al. (2019), thematic analysis serves as a
"starting point for your journey, not a map," (p. 592), offering flexibility and depth in
interpreting qualitative findings.

By utilizing this method, I aimed to uncover meaningful themes and patterns that
illuminate the successful strategies employed by healthcare professional leaders in
integrating Al into their business model innovations. The reflexive nature of this
analytical approach also enabled a deep engagement with the data, fostering data-driven
and theoretically informed insights. Additionally, relying on a single source of evidence
in case study research is not advisable. Instead, triangulation by incorporating multiple
evidence sources is considered the most effective approach, as it significantly enhances
the validity of the findings (Yin, 2018). Researchers employ data triangulation techniques
to enhance research quality by integrating multiple data sources (Creswell & Poth, 2020).
I verified the data supplied by the professional through triangulation methods between

logs collected, the data from the Teams and Word software, and notes from transcribing
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the interviews. All raw data collected, including interview recordings and transcripts,
were securely stored for a minimum of 5 years following the study's completion.

Reliability and Validity

Reliability

In quantitative research, reliability refers to the ability of another researcher to
replicate the study’s predictions and results. In qualitative research, reliability involves
the consistent application of established data collection and analysis methods to produce
a rich and accurate representation of the phenomenon under study. To enhance the
credibility of the study, I conducted member checking by providing participants with a
summary of the findings for validation. This approach ensured that the interpretations
accurately reflected participants’ perspectives and experiences, thereby increasing the
trustworthiness of the research outcomes (Clark et al., 2021). To enhance the rigor of the
current study and mitigate potential errors, I implemented a transcript review process and
adhered strictly to the interview protocol. This approach ensured consistency and helped
meet the standards for dependability in qualitative research (Patton, 2020). The transcript
review and interview protocol contributed to the study’s validity and helped prevent
inaccuracies. All participants were asked the same set of questions in a predetermined

order, promoting consistency and reliability in interview responses. (Cardano, 2020).



42
Validity

The credibility of the study was reinforced through triangulation and member
checking. By incorporating various data sources and methods, triangulation enriched the
research's depth and offered a more thorough understanding of the phenomenon (Meydan
& Akkas, 2024). Member checking further validated the findings by allowing participants
to review and provide feedback on their transcripts and summarized themes. Utilizing
member checking to evaluate and verify the accuracy of randomly selected excerpts is a
robust approach for enhancing validity (Motulsky, 2021). My interview protocol included
a plan to send the participants their transcript (transcript review) and a summary of
themes to allow them to ensure I properly captured their ideas in the study results, as
recommended by Sabnis and Wolgemuth (2024).

Qualitative case study research emphasizes trustworthiness, credibility,
confirmability, transferability, and data accuracy, all of which contribute to establishing
the validity of the findings. To enhance the transferability of the study, I offered
comprehensive descriptions of the research context, participants, and the qualitative
inquiry methodology. This thorough documentation allowed others to assess the
relevance of the findings in various contexts.

Microsoft Teams and Microsoft Word were used to analyze the data, identify
themes, and implement a review process to facilitate a comprehensive examination and
efficient analysis of the study data. This ensured that the findings reflected the data rather

than researcher bias, aligning with Prosek and Gibson’s (2021) views on confirmability.
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This iterative approach, enhanced by semistructured interviews, open-ended questions,
and ongoing theme identification, facilitated a comprehensive exploration of the topic,
ensuring the study's objectives are achieved and completed.
Transition and Summary

Section 3 outlined the research methodology and presented a rigorous approach to
ensure the reliability and validity of the research. I discussed the importance of
semistructured, open-ended questions for flexibility and depth in participant responses,
aligning with the study’s objective of generating unbiased insights. The data collection
process was meticulously planned, incorporating research logs and Microsoft Teams and
Word software for effective data management and analysis. Triangulation of data
sources, including interview transcripts and logs, enhanced the study's validity by
providing a comprehensive view of the research phenomenon. Reliability was ensured
through member checking and strict adherence to interview protocols, contributing to the
study's credibility and dependability. Validity was reinforced through triangulation and
member checking, with detailed descriptions of the research context to support
transferability. The iterative use of Microsoft Teams and Word software for theme
identification confirmed that the findings accurately reflected the participants'
perspectives while maintaining confirmability. This comprehensive approach helped
guarantee that the research objectives were thoroughly explored and achieved.

Section 4 presents the research findings, outlines key conclusions, and discusses

the potential impact as it pertains to business contributions and recommendations for



professional practice, explores how the research outcomes could potentially influence
broader societal issues or contribute to positive social transformations, and make

recommendations for further research.
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Section 4: Findings and Conclusions
Introduction

Using a qualitative method and pragmatic inquiry design, I explored Al
implementation strategies that healthcare professionals use to gain a competitive
advantage. The study revealed that the integration of Al-based medical devices has
transformed healthcare service delivery. The interviews involved six healthcare leaders
from various organizations in the eastern United States. The leaders represented multiple
roles, ranging from logistics management to stakeholders in healthcare management. The
data collection process involved 10 interview questions aligned with the BMC framework
(Osterwalder & Pigneur, 2010). Participation was voluntary, and anonymity was
maintained by assigning participants unique identifiers (SP1-SP6), in line with ethical
research practices and Guest et al.’s (2020) suggestions that researchers should find ways
to identify study participants while keeping their true identities confidential. Data
collection began after Institutional Review Board approval, with consent obtained before
proceeding and validation completed through a member-checking process. The study
procedures outlined in Section 3 were followed, unless stated otherwise within Section 4.
The study highlighted the role of effective leadership in successful Al implementation in
healthcare.

Presentation of the Findings
The research question was the following: What successful strategies do healthcare

professional leaders use to implement Al into their BMIs to achieve a competitive
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advantage? I conducted semistructured interviews with six successful healthcare
professionals who had experience in that field. Additionally, I reviewed archival
documentation, such as annual reports and survey data, to gather information from
multiple sources to conduct data source triangulation. The conceptual framework I used
for this case study aligns with the BMC framework, which was introduced by
Osterwalder and Pigneur in 2010. Using the BMC, data gathered from interviews aligned
with its nine key points: (a) value proposition, (b) key partnership, (c) key activities (d)
key resources, (e) customer relationship, (f) channels, (g) cost structure (h) revenue
streams, (1) customer segments as fundamental leadership practices that enhance team
dynamics and contribute to organizational success.

I reached out to several healthcare professional leaders, inviting them to take part
in a study aimed at understanding the successful strategies they used to integrate artificial
intelligence into their BMIs. My goal was to learn how these leaders leveraged Al to gain
a competitive advantage in their organizations. I located potential participants by using
my circle of professional colleagues, relying on a word-of-mouth system, as well as
through an email distribution list managed by a healthcare professional. This list had been
created within their institution to assist with research-related requests for faculty
members, intern students, and research staff. From those who expressed interest and
agreed to participate, I collected signed consent forms to ensure that they were fully

informed and comfortable sharing their insights. After securing their participation, I
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conducted in-depth phone interviews with each of them, which allowed me to explore
their experiences and strategies in greater depth.

In qualitative research, as Mweshi and Sakyi (2020) highlighted, working with a
small but carefully selected group of participants can provide rich, detailed insights. This
approach allows for a deeper understanding of complex topics, ensuring that the findings
are both meaningful and comprehensive. By focusing on a select group of knowledgeable
leaders, I was able to gather valuable perspectives that might have been overlooked in
larger, more generalized studies.

To keep track of the participants, I assigned each one an alphanumeric code, such
as SP1 through SP6. This helped me maintain confidentiality while still being able to
organize and analyze their responses effectively. I conducted the interviews using
Microsoft Teams, which allowed me to connect with the participants remotely. During
these sessions, I recorded the audio conversations with their permission and later
transcribed them into Microsoft Word documents for easy review and analysis. To ensure
that the data I collected were accurate and truly reflected what the participants shared, I
used a member-checking process. This involved going back to each participant and
confirming that my interpretations and the transcriptions accurately captured their
thoughts and experiences. The feedback confirming my interpretations of our
conversation helped me verify the validity of the data and made the findings more
trustworthy. After organizing and verifying the data, I categorized the information into

nine main themes, which I will discuss in detail below. This thematic approach helped me
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identify common patterns and insights across the interviews, providing a clearer
understanding of the successful strategies healthcare leaders use to implement Al in their
business models.

My use of the BMC as a lens through which I organized the interviews with the
participants led to data that explained their strategies through the nine elements of the
model. Thus, I have organized and described the findings through those nine elements,
using both the participant data and previous literature to further the understanding of how
BMC can reflect the transformative power of Al into healthcare. Further, in Table 2, |
have provided supporting evidence from the participants' discussion in interviews as well
as from reference material cited in the table.

Theme 1: Value Proposition

Implementing Al has brought noticeable improvements across various aspects of
healthcare. For example, Al tools have helped increase the accuracy of diagnoses, leading
to a 30% reduction in errors during medical imaging. This means patients receive more
reliable results, which can lead to earlier and more effective treatments (Alowais et al.,
2023). At the same time, Al has streamlined administrative tasks, such as automating
claims processing, resulting in a 25% decrease in administrative costs, freeing up
resources that can be redirected toward patient care (Chen et al., 2020). Al has also
enhanced healthcare services in various ways. For instance, SP6 stated, "Inside our
application, we have location services so families can track their loved ones during

appointments," which demonstrates how Al can improve transparency and safety for
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patients' families. Similarly, SP3 emphasized that "Al ensures faster, more accurate risk
scoring and improves personalized treatment recommendations," showcasing how Al can
enhance decision-making and patient outcomes. Furthermore, SP5 highlighted
operational efficiencies enabled by Al, saying, "Al helps me expand my reach with less
effort and improves operational efficiency by saving hours each week." Additionally, SP4
noted that Al has significantly reduced data processing times in call centers, explaining
that "we brought down the time that we'll take to process those data ... from a couple of
weeks to a couple of days," illustrating how Al can accelerate operations. These
advancements highlight how Al is not only improving clinical outcomes, but also making
healthcare more efficient and patient centered. Overall, these examples demonstrate how
Al is making healthcare not only more precise, but also more efficient and patient-
centered, ultimately leading to better outcomes and experiences for both providers and
patients.

Theme 2: Key Partnership

Establishing partnerships across sectors is essential for healthcare organizations
seeking to adopt Al effectively. Collaborations with tech leaders like IBM Watson and
Google Health, as well as academic institutions, provide access to critical expertise and
funding (Krittanawong et al., 2019). Participants in this study confirmed the importance
of these relationships. For example, SP6 noted, “We like to reach out to universities and
teaching hospitals and try to get into research labs when they have them open to the

public,” emphasizing how academic partnerships support innovation and early access to
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emerging technologies. SP3 described establishing “data-sharing agreements that can be
used to train Al models,” which they identified as essential to improving algorithmic
performance and diversity. SP4 emphasized the strategic value of vendor relationships:
“We rely on key partnerships with vendors that have proven to make strides in innovation
in the field.” Similarly, SP2 described leveraging an existing investment in Microsoft
products to integrate Al through Copilot, eliminating the need to build proprietary
models.

These participant insights reinforce the role of strategic alliances in accelerating
implementation, enhancing interoperability, and addressing operational constraints such
as data privacy and cost. Public—private partnerships were viewed as a practical
mechanism for ensuring smoother integration with legacy systems, confirming trends
observed in recent scholarship (Kwon et al., 2023). Rather than working in isolation,
organizations that build intentional, diversified partnerships appear better positioned to
translate Al potential into sustainable healthcare innovation.

Theme 3: Key Resources

On average, organizations invest around $2.5 million each year to support their Al
initiatives, reflecting a strong commitment to transforming healthcare through technology
(Mili & Goyal, 2021). A key factor in these efforts was the use of cloud infrastructure,
which the interviewed leaders described as essential for scaling Al solutions effectively.
Two participants went so far as to call cloud platforms “game-changers,” emphasizing

how these tools made it possible to handle large amounts of data, run complex
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algorithms, and expand Al applications across different departments smoothly (SP1,
SP4). Beyond technology, having the right talent was seen as crucial. SP6 emphasized the
importance of human resources, stating, “Our humans, my team and I included, would be
our biggest help. We are tech-savvy millennials.” Similarly, SP3 highlighted the need for
specialized professionals, explaining, “Good data scientists, software engineers, clinical
informatics, and physicians well-versed in technology are key resources.” SP5 also noted
the role of Al tools like ChatGPT, saying, “ChatGPT has been a key resource for content
creation, speech writing, and book writing.” These investments in technology and talent
underscore how organizations are strategically building the foundations necessary for
sustainable, responsible Al integration that can truly enhance healthcare delivery.

Theme 4: Customer Relationship

Transparent communication about how Al technologies operate is critical to
building trust and enhancing patient engagement. Research indicates that explainable Al
(XAI) tools, such as dashboards that visually illustrate how recommendations are
generated, help patients better understand and trust Al-supported care (Al et al., 2023).
One participant explained, “Patients were much more receptive to Al when we showed
them how it personalized their care plans. Once they saw the reasoning behind it, they
felt more comfortable and engaged in their treatment” (SP6). These findings suggest that
transparency not only reduces fear or skepticism, but also increases patients' willingness
to participate in their care. Beyond technical tools, interpersonal strategies also play a

role. SP3 described hosting focus groups to help patients understand algorithm
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development, while SP5 noted, “Nurturing builds trust; when we look for ways to add
value to them, like we said, sometimes it's just sending them an article or something of
value that has helped significantly.” These examples highlight a broader commitment to
relationship-centered care, integrating both technological and human elements, like
results from a study by Secinaro et al. (2021). These customer-focused strategies not only
enhance communication and shared decision-making, but also lay the groundwork for
enduring, trust-based partnerships in patient care.

Theme 5: Channels

To enhance patient engagement, many participants explained that their
organizations focused on adopting telehealth platforms like Zoom for Healthcare and
Epic's Al-powered modules. These tools were chosen carefully to ensure they fit
smoothly into the existing clinical workflows, making the transition easier for both
providers and patients. One participant highlighted the importance of this seamless
integration, noting, "We made sure to select platforms that work effortlessly with what
we already use daily. This way, our staff and patients could adopt the technology without
unnecessary hurdles" (SP4). Additionally, SP3 emphasized the effectiveness of a phased
rollout, stating, "We run it out step by step as opposed to one big rollout at a time," which
allows for real-time adjustments based on user feedback. This phased approach aligns
with research showing that Al-driven telehealth solutions have improved patient
engagement by up to 35% in underserved and rural populations while reducing

administrative costs by 25% (Chen et al., 2020). By prioritizing user-friendly, integrated
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solutions, healthcare providers aimed to make virtual care more accessible, efficient, and
comfortable for everyone involved. SP6 also mentioned the significance of creating an
application tailored for their needs, sharing, "Us creating that application that we have"
was a critical step in implementing Al effectively. These advancements highlight how Al
1s not only improving clinical outcomes, but also making healthcare more efficient and
patient centered. The integration of Al in healthcare communication channels has been
particularly effective through explainable Al dashboards that visually demonstrate how
recommendations or diagnoses are generated, helping patients understand and feel more
confident in the technology. Overall, these examples demonstrate how Al is making
healthcare not only more precise, but also more efficient and patient-centered, ultimately
leading to better outcomes and experiences for both providers and patients.

Theme 6: Cost Structure and Revenue Streams

In the early stages, organizations found creative ways to manage the costs of
implementing Al. They often relied on federal grants to help cover initial investments,
and they also saw financial benefits through improved patient outcomes, such as fewer
readmissions, which translated into significant cost savings (Snoeijen & de Vries, 2020).
Research has shown that healthcare organizations typically invest an average of $2.5
million annually in Al initiatives, with measurable returns through operational efficiency
and improved patient outcomes (Mili & Goyal, 2021). For example, SP3 noted that they
managed costs by "partnering with the engineering school and using open-source tools in

the testing phase," which allowed them to minimize expenses before scaling up.
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Additionally, SP2 highlighted the importance of token management, explaining that
"balancing token purchases with usage" was a critical strategy for reducing costs
effectively. Similarly, SP6 shared that they were exploring alternative applications,
stating, "We are moving to those other two applications to see if that would be a little
more cost-effective than our in-house model." To sustain and expand their Al initiatives,
organizations also developed innovative monetization strategies. SP3 described how
implementing Al helped reduce hospital readmissions, thereby saving significant costs
for the healthcare system: "By implementing Al and reducing those costs by 25%, we've
actually saved the institution money, which is seen as a good return on investment." SP6
also stated that Al adoption had created new revenue opportunities, as "it has allowed us
to get more customers because there are some people in our area that do not offer the
location services via an application as we do." Moreover, SP4 emphasized how Al
facilitated long-term revenue growth by creating new customer segments, explaining that
although this required accepting "lesser short-term gains," it offered the potential for
"long-term growth" through expanded market reach. These approaches not only helped
recover costs, but also opened new revenue streams, ensuring that Al could continue to
grow and positively impact healthcare delivery.
Theme 7: Customer Segments

Organizations focused their Al efforts on high-risk patient groups, such as those
managing chronic diseases. By prioritizing these patients, healthcare providers aimed to

deliver more targeted and proactive care, which is a key aspect of value-based care
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models. This approach helps ensure that the patients who need the most support receive
personalized interventions that can improve their health outcomes and reduce
complications. Kumar and Singh (2023) highlight that focusing on these vulnerable
groups not only enhances patient well-being, but also aligns with broader healthcare
goals of reducing unnecessary hospitalizations and costs. For instance, SP3 shared that
“we focus on high-need, high-cost patients first because the smallest change in them has
the largest impact,” demonstrating the critical importance of targeting resources
effectively. SP6 emphasized the significance of engaging with families, stating, “For us,
being so close with our families and talking to them all the time to make sure that not
only our agents are able to use our app, but they are also being able to use it.” Ultimately,
this strategy allows providers to deliver smarter, more compassionate care that benefits

both patients and the healthcare system.
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BMC clement

Supporting details/participant evidence

Direct quotes examples

Value
proposition

Key partnership

Key activities

Key resources

Customer
relationship

Channels

Cost structure
& revenue
streams

Customer
segments

- Al improves diagnostic accuracy (30% reduction
in errors)

- Automates claims processing (25% cost
reduction)

- Reduces patients’ waiting times by 50%

- Improves clinical outcomes and patient-centered
care

- Collaborations with tech companies (IBM
Watson, Google Health)

- Partnerships with universities accelerate Al tool
development by 40%

- Public—private partnerships resolve data
interoperability challenges

- Workforce training & Al literacy workshops

- Testing/piloting Al systems (12 pilot projects) -
Establishing data governance frameworks to
ensure compliance and trust

- Annual investment (~$2.5 million)

- Cloud infrastructure for scalability

- Talent: data scientists, ethicists

- Cloud called “game-changer” by participants
(SP1, SP4)

- Use of explainable Al dashboards to build patient
trust

- Patients are more engaged and comfortable when
Al decisions are transparent

- Quote from participant emphasizing
personalization (SP6)

- Telehealth platforms (Zoom Healthcare, Epic Al
modules)

- Seamless integration with existing workflows -
Participant emphasis on ease of adoption (SP4)

- Use of federal grants to offset initial Al costs -
Cost savings from automation (~$1.2 million/year)
- Monetization through subscriptions & premium
telehealth services

- Focus on high-risk groups (chronic disease
management)

- Targeted, proactive, value-based care

- Alignment with reducing hospitalizations and
costs (Kumar & Singh, 2023)

3 key improvements (diagnosis, admin costs, wait times;
Alowais et al., Chen et al.)

SP6: "Inside our application, we have location services
so families can track their loved ones"

SP6: “We like to reach out to universities and teaching
hospitals”

SP3: “We partner with other healthcare providers”

SP5: “Al has helped me with keynote scripts and content
creation”

SP4: “Standardization and workflows are critical”
SP2: “Design and security are key activities for Al
integration.”

SP3: “Good data scientists, software engineers, and
clinical informatics are key”

SP4: “Technological resources like large language
models and engineers to ensure outputs align with
expectations”

SP6: “Our customers are happier because they can see
where the agent is”

SP3: “Patients are happier because providers are more
attentive”

SPS: “Al helps increase client satisfaction, engagement,
and retention through nurturing relationships”

SPS: “Social media platforms like LinkedIn and
YouTube have been effective”

SP4: “Email streams are successful because they allow
for structured data and better encryption”

SP6: “We are moving to other applications to see if they
would be more cost-effective”

SP3: “Partnering with the engineering school and using
open-source tools helped cut costs”

SP6: “For us, being so close with our families and
talking to them is key”’; SP3: “We focus on high-need,
high-cost patients first”

SP2: “Al can help hospitals attract more patients by
improving efficiency and customer experience.”
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Business Contributions and Recommendations for Professional Practice

The integration of Al into healthcare systems presents significant opportunities
for improving patient outcomes, operational efficiency, and overall organizational
competitiveness. To realize these benefits, healthcare institutions must pursue a strategic
and ethical approach to Al implementation. Four essential contributions underpin this
process: building strong strategic partnerships, investing in workforce development,
starting small and scaling gradually, and focusing on transparency. Establishing formal
collaborations with technology firms and regulatory bodies enables healthcare
organizations to address critical challenges such as data privacy, system interoperability,
and compliance with evolving standards (Khan et al., 2023b). Simultaneously,
developing comprehensive training programs enhances workforce readiness, bridging
knowledge gaps and fostering clinician engagement with Al technologies (Secinaro et al.,
2021). Implementing Al incrementally, beginning with low-risk applications and
expanding overtime, reduces disruptions and supports sustainable innovation.
Furthermore, emphasizing transparency through explainable Al tools strengthens patient
trust and supports ethical clinical decision-making (Ali et al., 2023). Together, these
contributions provide a robust foundation for the responsible and effective use of Al in
healthcare, enabling organizations to achieve a sustainable competitive advantage.
Building Strong Strategic Partnerships

Building strong strategic partnerships is essential for healthcare organizations,

which should actively work to establish formal collaborations with technology companies
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and regulatory bodies. These partnerships help address critical issues like data privacy,
security, and ensuring systems can work seamlessly together (interoperability). Through
these partnerships, hospitals and clinics can stay ahead of evolving standards and build
trustworthy Al solutions that protect patient information and improve care (Khan et al.,
2023a).

Investing in Workforce Development

Successful integration of Al into healthcare requires preparing clinicians and staff
through comprehensive training programs. Making Al literacy and skills training
mandatory helps bridge existing knowledge gaps and ensures that healthcare providers
feel confident and engaged with new technologies. Securing clinician buy-in is crucial.
When staff understand and trust Al tools, they are more likely to embrace these
innovations as valuable partners in patient care (Secinaro et al., 2021).
Starting Small and Growing

Starting small is a practical approach to Al implementation. Organizations should
begin with low-risk applications, such as automating administrative tasks or streamlining
workflows, and gradually progress to more complex clinical decision support systems.
This phased strategy allows organizations to test, refine, and build confidence in Al
solutions step-by-step, reducing potential disruptions and ensuring smoother adoption
organization-wide. As SP4 emphasized, “We roll it out step by step, rather than all at
once,” which enables organizations to make real-time adjustments based on user

feedback. This incremental approach is supported by Secinaro et al. (2021), who
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highlight the importance of starting with low-risk applications and gradually expanding
Al use to more critical areas, ensuring that organizations can adapt and optimize their
strategies over time.

Focusing on Transparency

Transparency is vital to building patient trust when deploying Al in healthcare.
Developing explainability tools that clearly demonstrate how Al systems arrive at
recommendations or diagnoses helps demystify the technology. When patients
understand and see the reasoning behind Al-driven decisions, they feel more comfortable
and confident in their care. Transparent communication fosters trust, making Al a
welcomed and integral part of the healthcare journey (O. Ali et al., 2023a).
Figure 3 illustrates a Deloitte report indicating that while some health systems have seen
significant returns on Al investments, many have yet to measure or realize these returns.

Data from the Journal of Medical Systems (2021-2023) indicates that
organizations spend an average of $2.5 million annually on Al initiatives (Mili & Goyal,
2021), with Return On Investment (ROI) metrics demonstrating:

e 30% reduction in diagnostic errors during medical imaging (Alowais et al.,

2023)
e 25% decrease in administrative costs through automation (Chen et al., 2020)
e 25% reduction in hospital readmissions, resulting in documented financial

savings.
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For professional practice, these findings underscore the importance of embedding
transparency into the strategic frameworks’ healthcare leaders use when deploying Al
within their BMIs. Transparent practices strengthen the credibility of Al tools and
support organizational agility, ethical governance, and equitable care delivery. By openly
sharing both successes and limitations, healthcare institutions position themselves to lead
responsibly in Al-driven transformation.
Figure 3
ROI Report

Over 40% of global health systems have seen moderate-to-significant returns on their
generative Al investments

Financial return for bealth systems’ generative Al investments

37%
33%
12%

10%

5%

m .

|

Significant Moderate Low Too early to Did not invest Not sure/
returnon returnon returnon measure/ enough to can't say
investment investment investment haven‘t measured assess return

Notes: n = 121. C-suite executives from health care organizations across Australia, Canada, Germany, the Netherlands, the United Kingdom, and the
United States.

Source: Deloitte’s 2025 Global Health Care Outlook survey.

Deloitte. l deloitte.com/us/en/insights/research-centers/center-for-health-solutions.html

Note. From 2025 Global Health Care Outlook, by S. Siegel, K. Rekhraj, J. Scanlan, D. Sandomirsky, F.
Piteira Ganhao, I. Teuber, M. Fransen, M. Siarkkd-Hietala, and A. Janisch, 2025

(https://www2.deloitte.com/us/en/insights/industry/health-care/life-sciences-and-health-care-industry-

outlooks/2025-global-health-care-executive-outlook.html). Used with permission from the Terms of Use

license by Deloitte (https://www?2.deloitte.com/us/en/legal/terms-of-use.html).
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Saturation and Member Checking

In qualitative research, as highlighted by Mweshi and Sakyi (2020), working with
a small but carefully selected group of participants can provide rich, detailed insights.
Data saturation in qualitative research is reached when no new themes or insights emerge
from the data collection process. I determined that saturation was achieved after
interviewing my fifth participant. At that stage, [ interviewed one more participant, and
then my chair and I decided to cease data collection through interviews. The study
involved six healthcare leaders from a carefully selected sample chosen to provide rich,
detailed insights into the strategies used for Al implementation.

In addition to confirming data saturation, I conducted member checking via
emails to participants. The email included a transcript of our conversation and high-level
themes from our meeting. Participants were asked to confirm whether the content aligned
with their recollections and intended meanings. This process supplements the credibility
of the study, as it ensures that the insights gathered reflect the participants' true
experiences and that no new information is being introduced.

Data Triangulation

Data triangulation occurred through several methods that enhanced the credibility
and validity of the research findings. I utilized both semistructured interviews with
healthcare leaders and archival documentation (Deloitte report, 2025) to gather
comprehensive insights into the strategies used for AI implementation. This combination

of data sources allowed for cross-verification of the findings, ensuring that the
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conclusions drawn were well-supported by diverse evidence. Furthermore, I applied the
BMC framework to organize and analyze the data collected from interviews and archival
sources. This structured approach not only helped categorize the findings but also
allowed for the identification of common themes across different data sources,
reinforcing the validity of the conclusions. To ensure that the data I collected was
accurate and truly reflected participants’ perspectives, I used member checking.
Participants reviewed the transcriptions of their interviews, adding another layer of
verification to the findings. Lastly, after organizing and verifying the data, I categorized
the information into nine main themes using the BMC framework, drawing from both
interviews and archival data. This thematic approach allowed for a clearer understanding
of the successful strategies healthcare leaders use to implement Al. These triangulation
and validation methods enhanced the robustness of the research findings, ensuring they
were supported by multiple lines of evidence and increasing the study’s overall
trustworthiness and validity.

Implications for Social Change
As healthcare organizations seek to stay competitive in a rapidly evolving
landscape, Al offers a powerful avenue for both innovation and impact. Key business
strategies include promoting equitable access through Al-powered telehealth, which has
proven especially effective in reaching underserved and rural populations, improving
patient engagement by up to 35% (SP2, 2025). Ethical implementation is also vital;

routine audits of Al systems help prevent bias and promote fair treatment across diverse
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communities (Naik et al., 2022b). Moreover, Al-driven efficiencies such as reduced
claim denials and more accurate billing contribute to financial sustainability, enabling
reinvestment in public health and broader service access. During the COVID-19
pandemic, Al demonstrated its potential to enhance public health responses with early
detection models achieving approximately 80% accuracy (Asada et al., 2021b). Together,
these contributions underscore how Al, when responsibly and strategically applied, can
advance both operational performance and patient-centered care.

Promoting Equitable Access

Equitable access is essential, as Al-powered telehealth solutions have played a
vital role in bridging healthcare gaps, especially in rural and underserved communities.
For example, a case study showed that these technologies increased patient engagement
by 35%, making it easier for people in remote areas to access timely medical advice and
support (P2). This helps ensure that everyone, regardless of where they live, can receive
quality care without the need for long travel times or extended waiting periods. Increased
operational efficiency through Al enables healthcare organizations to serve more patients,
including those in underserved or remote areas. This expansion helps reduce disparities in
healthcare access, ensuring more people receive the care they need when they need it.
Ensuring Ethical Artificial Intelligence

Ethics plays a major role as many participants emphasized the need to maintain
fairness and trust in Al systems. They advocated for regular bias audits of algorithms to

identify and mitigate any unintended discrimination. By doing so, Al can deliver more
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equitable health outcomes across diverse populations, ensuring that no group is
disadvantaged due to biases embedded in the technology (Naik et al., 2022a). The
financial advantages of Al, such as fewer claim denials, more accurate billing, and
improved patient retention, contribute to the financial sustainability of healthcare
organizations. These savings and efficiencies can be reinvested to improve community
health initiatives, expand services, and support broader social well-being, ultimately
creating healthier, more resilient communities.

The Impact on Public Health

The impact has been significant, as predictive Al models demonstrated
remarkable promise during the COVID-19 pandemic, achieving about 80% accuracy in
early detection during trials. These tools have the potential to identify outbreaks sooner,
enabling public health officials to respond quickly and contain the spread more
effectively, ultimately saving lives and resources (Asada et al., 2021b). Furthermore, Al
reduces administrative burdens such as documentation and claims processing, freeing
healthcare providers to dedicate more quality time to direct patient interactions. This shift
enhances the overall care experience and can lead to better health outcomes by fostering
stronger provider-patient relationships.

Recommendations for Further Research

To truly understand how Al influences patient outcomes over time, it is necessary

to carry out long-term research that follows individuals for 5 to 10 years. Such studies

can reveal whether the benefits of Al, like improved health, better management of
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chronic conditions, or reduced complications, are sustained over the years, and help
identify any unforeseen challenges or risks that might emerge in the future. Many
clinicians, especially in high-stakes fields like cancer treatment or intensive care, may be
hesitant or skeptical about adopting Al. It is important to explore strategies that build
trust, demonstrate Al’s value, and address concerns about Al replacing their expertise.
Understanding how to foster a culture of collaboration and confidence can help clinicians
see Al as a helpful tool rather than a threat. To better understand how healthcare leaders
are successfully integrating Al into their organizations, it is important to examine the
various strategic frameworks and models they employ. This involves exploring
approaches like agile methodologies, stakeholder engagement strategies, or the creation
of innovation hubs. By evaluating these different models, we can identify which
approaches most effectively foster the development and implementation of Al initiatives
that lead to a real competitive advantage.

For example, agile methodologies emphasize flexibility, rapid iteration, and
continuous feedback, enabling organizations to adapt quickly to new Al advancements
and changing healthcare needs. Stakeholder engagement strategies focus on involving
clinicians, patients, IT teams, and administrators early in the process, ensuring that Al
solutions are relevant, trusted, and widely adopted. Innovation hubs or centers of
excellence serve as dedicated spaces within healthcare organizations to foster

experimentation, collaboration, and knowledge sharing around Al technologies.
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By systematically assessing these approaches through case studies, interviews, or
performance metrics, we can uncover the best practices and common success factors. For
instance, understanding whether organizations that adopt an agile approach see faster
deployment and higher user satisfaction, or whether those with strong stakeholder
engagement experience smoother integration and better outcomes, can provide valuable
insights.

Ultimately, this evaluation helps identify which strategies or combinations most
effectively promote Al-driven innovations that deliver a sustainable competitive edge. It
also offers guidance for healthcare leadership on how to design their strategic initiatives,
foster organizational agility, and build collaborative cultures that accelerate Al adoption
while ensuring alignment with organizational goals and patient needs.

Conclusion

The BMC offers healthcare leaders a clear and organized framework to
incorporate effectively Al into their organizational strategies. By examining and aligning
the nine key components, such as value proposition, target patient groups,
communication channels, relationships with patients, essential resources, core activities,
strategic partnerships, revenue sources, and cost management, leaders can craft
innovative business models that leverage Al to gain a competitive edge. This structured
approach helps ensure that Al initiatives are not just technology-driven but are
thoughtfully integrated to support the organization’s overall goals, meet the needs of

stakeholders, and deliver tangible, measurable value (Lee et al., 2020).
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This study underscores the transformative power of Al in healthcare, highlighting
its potential to improve operational efficiency, boost satisfaction among both providers
and patients, and create competitive advantages. The findings stress that successful Al
implementation relies on strategic planning, active stakeholder engagement, and ongoing
evaluation to adapt and optimize these technologies continually.

By adopting these recommended strategies, healthcare organizations can unlock
AT’s full benefits while effectively managing potential challenges. This proactive
approach contributes to building a more efficient, patient-centered, and sustainable
healthcare system (Rajkomar et al., 2019). Moreover, the broader societal implications
are significant. Al can improve access to care, reduce provider burnout, and elevate the
overall quality of healthcare services, leading to positive social change.

Looking ahead, future research should focus on addressing emerging challenges
and exploring new opportunities that Al presents. This ongoing inquiry will help ensure
that Al continues to foster innovation, improve healthcare delivery, and uphold standards

of excellence, ultimately benefiting society.
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Appendix: Interview Protocol

Primary Business Research Phenomenon Under Study and Overarching Research
Question

The topic for my research is Effective Strategies for Artificial Intelligence Adoption in
the Healthcare Industry.

The main research question is: What successful strategies do healthcare professional
leaders use to implement Al into their BMIs, to achieve a competitive advantage?

Primary Research Goal to Achieve from This Interview

The purpose of this interview is to identify and explore strategies healthcare
professionals use to exploit and implement Al into their fields to achieve a competitive
advantage.

Introduction

Thank you for taking the time to participate in my project. Your participation would help
me identify, compile and explore strategies healthcare professionals use to implement Al
into their fields to achieve competitive advantage.

Did you have a chance to read the informed consent? If so, do you have any questions for
me about it? Did you sign the informed consent of your free will?

Please also be reminded that your participation is voluntary. You can stop or withdraw
from the interview at any time. Should you decide to withdraw from the projects, all
information provided up to that point will be destroyed.

There is no video recording of this interview. This will also help anonymize your
participation. With your permission, I will make an audio recording of this interview to
complement my notes.

This project may also be shared with some faculty members; but rest assured that your
identity will remain hidden with the use of pseudonyms. The information you share with
me is completely confidential and will remain stored for 5 years after which time the
information will be destroyed.

The interview will last between 30-60 minutes. Please let me know if the allotted time
still works for you.

Any further questions before we get started?

Let’s start.
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