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Abstract 

The purpose of this quantitative study was to explore the intricate connections among 

perceived stress, sleep quality, and social media usage metrics, challenging prior 

assumptions by highlighting social media as a noteworthy stress coping mechanism. The 

research aimed to understand the relationship between sleep quality, perceived stress, and 

the frequency and quality of social media use, guided by the biopsychosocial model as 

the theoretical framework.The study involved adults aged 20-65. A questionnaire 

incorporated four validated instruments to assess these variables: the Epworth Sleepiness 

Scale (ESS), Internet Addiction Diagnostic Questionnaire (IADQ), Perceived Stress 

Scale (PSS), and Social Media Quality Measure (SMQM). The results indicate that the 

IADQ predicted perceived stress (PSS) (B = 0.17, R² = .34) and sleep quality (ESS) (B = 

.09, R² = .15). The SMQM predicted perceived stress (PSS) (B = -.27, R² = .10). 

However, the anticipated correlation between sleep quality (ESS) and perceived stress 

(PSS) was not established, suggesting areas for further research. The findings suggest a 

need for targeted interventions to address social media addiction and emphasize the 

importance of fostering healthy social media habits for societal well-being. Implications 

for positive social change include the development of targeted interventions and 

educational initiatives to promote healthier social media habits, improve sleep quality, 

and manage stress. This study findings advocate for a balanced approach to technology 

use, recognizing its impact on mental health and sleep quality, and highlighting potential 

benefits for individuals and broader society.  



 

 

Perceived Stress, Social Media Usage, and Sleep Quality in United States Adults 

by 

Justine P. Scott 

 

MA, Herzing University, 2014 

BS, Herzing University, 2012 

 

 

Dissertation Submitted in Partial Fulfillment 

of the Requirements for the Degree of 

Doctor of Philosophy 

Public Health 

 

 

Walden University 

August 2024 

 



 

 

Dedication 

First and foremost, I want to express my gratitude to God for providing me with 

the confidence and fortitude to continue on my path. I also want to thank my family and 

friends for their unwavering support. Despite the many challenging hours spent on this 

study, I appreciate your patience and understanding of the time and effort I have 

dedicated to its completion. 

 



 

 

Acknowledgments 

This research would not have been possible without the direction and assistance 

of individuals who provided me with professional mentorship and motivation to complete 

this project. 

I want to express my gratitude to my dissertation chair, Dr. Shuey Schumaker, for 

providing me with the resources, mentorship, and inspiration I needed to finish. He took 

additional time to impart his expertise and encourage me during challenging times. 

Thanks to his guidance, I have advanced both professionally and intellectually. 

Dr. Tina Cunningham, a member of my committee, offered expert advice during 

the earlier stages of my project. She helped me recognize crucial considerations that I 

might have overlooked. Her constructive feedback and her distance served as sources of 

motivation for me. 

Dr. Leah Miller, I am grateful for your willingness to take over Dr. Cunningham's 

work. It has been a pleasure collaborating with you. 

Dr. Ahmad Khan and Dr. Harold Whitfield, my statistics tutors who were not on 

my committee, helped me improve my research and analysis skills. They both shared 

their experience with me and generously gave their time to help me grow as a 

professional researcher. 

Dr. Lyn Walden, an editor who was not on my committee, assisted me in 

improving my writing skills. She generously shared her experience and dedicated ample 

time to help me develop as a professional writer. 



 

 

Uncle Terry McManus, for instilling positivity and helping me achieve the 

population for my study by working alongside me to promote my survey. Your assistance 

was invaluable, and I am forever grateful. Thank you. 

Finally, thank you to my best friend, Chantreese Jackson, for her unwavering 

support and positive motivation throughout my education. I also want to thank my friend, 

Trena Romain, for instilling the motivation I needed to keep pushing forward. Thank you. 

 

 



 

i 

Table of Contents 

List of Tables .......................................................................................................................v 

List of Figures .............................................................................................................. vi 

Chapter 1: Introduction to the Study ....................................................................................1 

Introduction ....................................................................................................................1 

Background ....................................................................................................................1  

Problem Statement .........................................................................................................3 

Purpose of the Study ......................................................................................................6 

Research Questions and Hypotheses .............................................................................6 

Theoretical Framework for the Study ............................................................................9 

Conceptual Framework for the Study ............................................................................9 

Nature of the Study ......................................................................................................12 

Definitions....................................................................................................................15  

Assumptions .................................................................................................................16 

Scope and Delimitations ..............................................................................................17 

Limitations ...................................................................................................................17 

Significance..................................................................................................................18 

Summary ......................................................................................................................20 

Chapter 2: Literature Review .............................................................................................21  

Introduction ..................................................................................................................21 

Literature Search Strategy............................................................................................22 

Theoretical Foundation ................................................................................................23 



 

ii 

Literature Review Related to Key Variables and Concepts .........................................24 

Social Media/Sleep Patterns ................................................................................. 24 

Social Media/Stress ............................................................................................... 27 

Social Media/Stress/Sleep Patterns ....................................................................... 27 

Conceptual Framework ......................................................................................... 28 

Summary and Conclusions ..........................................................................................31 

Chapter 3: Research Method ..............................................................................................32 

Introduction ..................................................................................................................32 

Research Design and Rationale ...................................................................................32 

Methodology ................................................................................................................32  

Population ............................................................................................................. 32 

Instrumentation and Variables .............................................................................. 34 

Data Analysis Plan .......................................................................................................38 

Power Analysis ..................................................................................................... 38 

Required Statistical Tests and Operationalization of Variables ........................... 40 

Alpha Level ........................................................................................................... 42 

Threats to Validity .......................................................................................................43 

Ethical Procedures .......................................................................................................43 

Summary ......................................................................................................................45 

Chapter 4: Results ..............................................................................................................46  

Introduction ..................................................................................................................46 

Descriptive Statistics ....................................................................................................49 



 

iii 

Results 55 

Research Question 1 ............................................................................................. 59 

Research Question 2 ............................................................................................. 60 

Research Question 3 ............................................................................................. 63 

Research Question 4 ............................................................................................. 64 

Research Question 5 ............................................................................................. 65 

Research Question 6 ............................................................................................. 66 

Summary ......................................................................................................................67 

Chapter 5: Discussion, Conclusions, and Recommendations ............................................69 

Introduction ..................................................................................................................69 

Interpretation of the Findings.......................................................................................70 

Research Question 1 ............................................................................................. 70 

Research Question 2 ............................................................................................. 72 

Research Question 3 ............................................................................................. 77 

Research Question 4 ............................................................................................. 80 

Research Question 5 ............................................................................................. 83 

Research Question 6 ............................................................................................. 84 

Limitations of the Study...............................................................................................85 

Recommendations ........................................................................................................87 

Implications..................................................................................................................88 

Conclusion ...................................................................................................................89 

References ..........................................................................................................................93  



 

iv 

Appendix A: Social Media Quality Measure ...................................................................102 

Appendix B: Social Media Demographic Survey (Multiple choice) ...............................103 

Appendix C: Media Announcement ................................................................................104 

 



 

v 

List of Tables 

Table 1 Sources Used in the Literature Review ............................................................... 23 

Table 2 Hypothesis Summary, Scales of Measurement, and Required Statistical Tests . 42 

Table 3 Descriptive Statistics of the Sample Population ................................................. 50 

Table 4 Cross-tabulation of Gender and Education ........................................................ 51 

Table 5 Descriptive Statistics of the Collected Data for PSS, ESS, IADQ, SMQM ......... 52 

Table 6 Pearson Correlation Between IADQ and PSS a .................................................. 59 

Table 7 Pearson Correlation Between IADQ and the Control Variables with PSS ........ 59 

Table 8 Regression Analysis for Perceived Stress Score (PSS)a ...................................... 60 

Table 9 Pearson Correlation Between IADQ and ESS .................................................... 61 

Table 10 Pearson Correlation Between IADQ and the Control Variables with ESS ...... 62 

Table 11 Result of Regression Analysis for Sleepiness (ESS) a ........................................ 62 

Table 12 Pearson Correlation Between LADQ and ESS ................................................. 63 

Table 13 Pearson correlation between SMQM and the control variables with PSS ....... 63 

Table 14 Result of Regression Analysis for Perceived Stress (PSS) a .............................. 64 

Table 15 Pearson Correlation Between SMQM and ESS ................................................ 65 

Table 16 Summary of the multiple regression model for RQ5: Model Summaryc ........... 65 

Table 17 Result of multiple regression for RQ5 ............................................................... 66 

Table 18 Summary of the multiple regression model for RQ6: Model Summaryc ........... 67 

Table 19 Result of Multiple Regression Analysis for Sleepiness (ESS) for RQ6 ............. 67 

 
 



 

vi 

List of Figures 

Figure 1 Results of Power Analysis.................................................................................. 40 

Figure 2 Post Box Cox histograms and Q-Q plots ........................................................... 54 

Figure 3 Multiple Regression: IADQ and SMQM Predict 15% of ESS Behavior ........... 54 

 
 

 



1 

 

Chapter 1: Introduction to the Study 

Introduction 

The specific research challenge, as identified by Auxier and Anderson (2021), is 

the unknown connection between perceived stress, sleep quality, and social media usage. 

However, several studies indicate a connection between social media usage and 

heightened levels of stress and anxiety (Zhang et al, 2018). I began my research due to 

the observation that as social media usage increases, so does the occurrence of stress 

(Auxier & Anderson, 2021). According to Auxier and Anderson (2021), excessive 

reliance on social media can result in social media addiction, which is considered a health 

hazard (Levenson et al., 2019). A study by Levenson et al. (2019) found that internet 

addiction and sleep quality are underlying factors in stress and depression symptoms. The 

fear of missing out can lead to disrupted sleep, altered sleep patterns, and reduced sleep 

quality when using social media at night, according to researchers (Levenson et al., 

2019). 

Background 

When Facebook first launched in 2005, a mere 5% of adults in the United States 

were using it, as stated in a report by the Pew Research Center (Perrin & Anderson, 

2019). By 2019, that percentage had increased to 72%. According to a study by the Pew 

Research Center, 69% of adults used Facebook, and 81% watched YouTube in 2021 

(Perrin & Anderson, 2019). Young adults between 18 and 29 were the age group that 

engaged with social media the most. According to Auxier and Anderson (2021), 

Instagram was used by 71% of these young adults, Snapchat by 65%, and other forms of 
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social media by 84%. The significant use of social media by young adults raises worries 

about its effect on sleep and stress. It is crucial to highlight that many people in this 

specific group employ multiple social media channels, which could be a contributing 

factor to the high usage rates reported in this research. This study aims to uncover how 

social media usage affects stress levels and sleep quality in young adults. In 2021, social 

media had 3.6 billion users, and that number was estimated to increase to 4.41 billion 

users by 2025 (Prajapati, 2021). When used too much, social media can pose problems 

(Prajapati, 2021). 

Social media has many enticements, including staying in touch with distant 

relatives and friends, sharing experiences with others, and staying current on social trends 

and the news (Prajapati, 2021). Sleep deprivation is frequently one of the problems that 

occur with overuse, particularly among young adults (Prajapati, 2021). An association 

between sleep disruption and social media use was observed in the study conducted by 

Levenson et al. (2019). The researchers clarified that young adults, defined as 18 to 30 

years old, require 7 to 9 hours of sleep each night; however, they found at least 40% of 

their respondents did not get enough sleep because of social media indulgence.  

Young people who spend a lot of time on social media are also at risk of 

experiencing negative physiological and psychological consequences, especially as their 

usage time increases (Lissak, 2018). Lissak also noted the effects of sleep deprivation and 

the problems that ensue can become more serious as expected performance increases. 

Convincing young adults to reduce social media usage is challenging due to their 

perception of cell phones and social media as stress relievers (Arora et al., 2021). 



3 

 

Problem Statement 

This study aimed to analyze the connection between stress levels, sleep quality, 

and the impact of social media on sleep duration. The situation or issue that prompted me 

to search the literature was an observation that perceived stress is becoming more 

common with the increased use of social media. Research shows that a growing reliance 

on social media often results in social media addiction, which is also perceived as a 

health hazard (Levenson et al., 2019). Levenson et al. (2019) proposed that evaluations of 

stress and depression symptoms should factor in internet addiction and sleep quality. The 

fear of missing out (FOMO) leads to nocturnal social media use, which harms sleep 

duration, patterns, and quality (Levenson et al., 2019). In turn, insufficient sleep can 

cause immune dysfunction, obesity, glucose intolerance, cardiovascular disease, diabetes, 

and metabolic syndrome (Zhang, 2018). Stress, particularly among young adults, can be 

indirectly linked to these issues (Zhang, 2018). The frequency of sleep disturbances, such 

as difficulty falling asleep and poor sleep quality, is linked to an increase in sleep 

disruptions (Levenson et al., 2019). “Quality” refers to the level of sleep a person can 

attain, which is determined by the soundness and duration of sleep (Levenson et al., 

2019).  

Research has shown that growing reliance on social media often results in social 

media addiction, which is also perceived as a health hazard (Levenson et al., 2019). 

According to recent research by Levenson et al. (2019), evaluations of stress and 

depression should consider internet addiction and sleep quality. Levenson et al. (2019) 

discovered that certain individuals engaged in nighttime social media use because of the 
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fear of missing out. Additionally, these researchers pointed out that depending on social 

media may result in sleep disruptions, altered sleep patterns, and diminished sleep 

quality. In a previous study, Zhang (2017) suggested that lack of sleep may lead to 

immune dysfunction, obesity, glucose intolerance, cardiovascular disease, diabetes, and 

metabolic syndrome. Zhang also pointed out that stress, particularly among young adults, 

can be indirectly linked to these issues. 

While previous studies indirectly linked social media addiction to sleep quality 

and perceived stress, a recent study found that using social media can be a significant 

coping strategy for stress (Arora et al., 2021). Another researcher found abstinence from 

social media related to loneliness (Vally & D’Souza, 2019), and social media use was not 

found to be a significant predictor of lack of sleep, as per others (van der Schuur et al., 

2019). This duality in the effect of social media usage on perceived stress and sleep 

quality was also reflected in studies that, on the one hand, showed occasional retreat from 

using social to have a positive effect on stress levels (Vanman et al., 2018); on the other 

hand, studies showed social media as an effective tool to reduce stress factors such as fear 

of missing out. In their study, Van der Schuur et al. (2019) emphasized the significance 

of assessing the functionality of social media, rather than the frequency of its use, when 

studying its impact on perceived stress and sleep quality in adolescents.  

In sum, perceived stress and poor sleep quality are becoming more common among social 

media users. Yet, the usage of social media has recently been highlighted as a key stress 

coping technique. Arora et al. (2021) investigated the measurement of social media 

addiction, perceived stress, and sleep in relation to each other. Vally and D’Souza (2019) 
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found abstinence from social media was related to loneliness. The research conducted by 

van der Schuur et al. (2019) concluded that social media usage was not a significant 

factor in causing sleep deprivation. The impact of social media on stress levels and sleep 

quality varies, with studies indicating that occasional breaks from social media can 

reduce stress (Vanman et al., 2018). Conversely, Vanman et al. (2018) discovered that 

social media can effectively alleviate fear of missing out and reduce stress. 

Reflecting on the relationship between perceived stress, sleep quality, and use of 

social media, Van der Schuur et al. (2019) suggested the need to focus on functionality 

(the meaning or purpose of social media) rather than the frequency of social media. There 

is a connection between social media use and higher stress levels and poorer sleep 

quality, but the exact impact of usage habits on these aspects of health is not yet known. 

It is known that sleep disturbances, like trouble falling asleep and poor sleep quality, are 

connected to more disruptions in sleep (Levenson et al., 2019). Also, length of sleep is 

the indicator for quality of sleep (Levenson et al., 2019). Despite research being 

conducted on this matter, the specific parameters of social media usage that lead to stress 

and poor sleep quality have not been thoroughly examined. Van der Schuur et al. (2019) 

found that social media serves as both a stressor and a means of stress relief. The gap in 

contemporary literature is the lack of understanding regarding the duality of social 

media’s effects on perceived stress and sleep quality, as the duality makes it difficult to 

determine the direction and cause of the variables. 
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Purpose of the Study 

This quantitative study aimed to examine how perceived stress, quality of sleep, 

and social media usage attributes (like online engagement quality and frequency) are 

related. The dependent variables were perceived stress and quality of sleep. Social media 

quality is influenced by the type of social media used and the frequency of usage, serving 

as independent variables. The collected demographic data encompassed age, gender, and 

education. 

Research Questions and Hypotheses 

RQ1: What is the relationship between frequency of social media usage and 

perceived stress levels among social media users between ages 20 and 65 within the 

United States controlling for age, gender, and education. 

H01: The frequency of social media usage is not associated with the perceived 

stress levels among social media users between ages 20 and 65, controlling for 

age, gender, and education. 

H1: The frequency of social media usage is associated with the perceived stress 

levels among social media users between ages 20 and 65, controlling for age, 

gender, and education. 

RQ2: What is the relationship between the frequency of social media usage and 

the quality of sleep reported by social media users between ages 20 and 65, controlling 

for age, gender, and education? 
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H02: The frequency of social media usage is not associated with the quality of 

sleep reported by social media users between the ages of 20 and 65, controlling 

for age, gender, and education. 

H2: The frequency of social media usage is directly associated with the quality of 

sleep reported by social media users between the ages of 20 and 65, controlling 

for age, gender, and education. 

RQ3: What is the relationship between the quality of social media used and 

perceived stress levels among social media users between ages 20 and 65, controlling for 

age, gender, and education? 

H03: The quality of social media used is not associated with the perceived stress 

levels among social media users between ages 20 and 65, controlling for age, 

gender, and education. 

H3: The quality of social media used is directly associated with the perceived 

stress levels among social media users between ages 20 and 65, controlling for 

age, gender, and education. 

RQ4: What is the relationship between the quality of social media used and the 

quality of sleep reported by social media users between ages 20 and 65, controlling for 

age, gender, and education? 

H04: The quality of social media used is not associated with the quality of sleep 

reported by social media users between ages 20 and 65, controlling for age, 

gender, and education. 
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H4: The quality of social media used is directly associated with the quality of 

sleep reported by social media users between ages 20 and 65, controlling for age, 

gender, and education. 

RQ5: To what extent do the frequency of social media usage and quality of social 

media used predict perceived stress levels among adults between ages 20 and 65, 

controlling for age, gender, and education? 

H05: The frequency of social media usage, and quality of social media used are 

not associated with the perceived stress levels among users between ages 20 and 

65, controlling for age, gender, and education. 

H5: The frequency of social media usage, and quality of social media are directly 

associated with the perceived stress levels among users between ages 20 and 65, 

controlling for age, gender, and education. 

RQ6: To what extent do the frequency of social media usage and quality of social 

media used predict the quality of sleep among adults between ages 20 and 65, controlling 

for age, gender, and education? 

H06: The frequency of social media usage, and quality of social media used are 

not associated with quality of sleep among users between ages 20 and 65, 

controlling for age, gender, and education. 

H6: The frequency of social media usage, and quality of social media are directly 

associated with the quality of sleep among users between ages 20 and 65, 

controlling for age, gender, and education. 
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Theoretical Framework for the Study 

The theories and concepts used in this study incorporate the biopsychosocial 

model, which allows for an exploration of the interplay between biological, 

psychological, and socio-environmental factors in relation to health and wellness 

(Karunamuni et al., 2021). The biopsychosocial framework, as proposed by Engel (1977), 

highlights the need to consider psychological and biological factors together to fully 

understand problems. Public health research has extensively utilized the biopsychosocial 

model to comprehend the comprehensive perspective of underlying conditions 

(Karunamuni et al., 2021). 

By employing the biopsychosocial model, the connection between the framework 

and the study’s nature is brought to the forefront. This model offers a comprehensive 

variable mapping for your research by considering how biological, psychological, and 

social factors interact to influence an individual’s health and well-being. The 

biopsychosocial model incorporates different perspectives, allowing for a comprehensive 

understanding and guiding effective interventions. To understand a phenomenon fully, 

the biopsychosocial model of health considers its biological, psychological, and social 

aspects. Using the biopsychosocial model, this study will investigate how stress, social 

media use, and sleep quality are related. 

Conceptual Framework for the Study 

The most crucial stage of human development involves changes in environment, 

physiology, cognition, and neurobiology (Rith-Najarian et al., 2014). Consequently, the 

biopsychosocial model proves useful in grasping these stages and the influence of these 
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factors on the developmental process of young adults, which were the target sample. 

Numerous studies have linked stress to cognitive function and mental health, but there is 

a lack of research on the underlying cause of stress, especially among young people 

(Kalmbach et al., 2018). Teenagers face numerous daily challenges that can cause stress. 

Although unrelated to adult experiences like family life or job stress, teenagers, and 

adolescents experience stress from various activities, including internet use.  

Research conducted by Coyne et al. (2020) revealed that the utilization of social 

media has adverse consequences on mental health and well-being. Research has linked 

internet and social media usage to negative effects like depression, addiction, and sleep 

problems (Tandon et al., 2020). According to Tandon et al. (2020), social media 

platforms have experienced significant growth in recent years, leading to increased 

mental health risks such as anxiety and depression among users. The objective of Tandon 

et al.’s study was to determine the relationship between social media use and anxiety, 

depression, and compulsive behavior. According to Guruprakash et al. (2018), excessive 

social media use, especially among young adults, is associated with poor sleep quality, 

anxiety, and depression. Stress was determined to be a primary mental worry for 

teenagers and young people by  these researchers. 

The study conducted by Evers et al. (2020) yielded comparable findings on how 

social media affects sleep patterns and quality. Researchers sought to investigate the 

relationship between inadequate and disrupted sleep during early age and stress-related 

consequences, such as school burnout, in 2,462 middle school learners from Taiwan. The 

study concluded that there is a significant link between academic performance and school 
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burnout. Moreover, the research revealed a harmful cycle of fatigue, disturbed sleep, and 

decreased academic achievement. 

In their study, Van der Schurr et al. (2019) examined the relationship between 

social media use, social media stress, and sleep using cross-sectional and longitudinal 

approaches. The potential negative consequences of social media use and social media 

stress are causing increasing concern, as noted by Van der Schurr et al. (2019). 

According to Salo et al. (2018), social media use can have negative consequences such as 

depression, loneliness, and narcissism, which can contribute to socially undesirable 

incidents like suicides and homicides. 

Based on the conceptual model of the addictive behavior of the biopsychosocial 

model, addictive behavior is associated with various other concepts and related factors 

such as cognitive, emotional, and behavioral issues. Various approaches, such as 

enlightenment, medical/disease, and moral models, are included in the discussed model. 

Their objective is to clarify and gain insight into addictive behaviors (Berryman et al., 

2018). According to a study conducted by Nasirudeen et al. (2017), excessive social 

media use can lead to addiction. When addiction becomes entrenched, it is more difficult 

to handle additional issues such as stress, anxiety, and depression (Nasirudeen et al, 

2017).  

The theoretical framework of the biopsychosocial model connects stress 

responses across cognition, physiology, and behavior. The interconnectedness of different 

factors in determining overall health is emphasized by Becoña (2018) through the 

consideration of biopsychosocial factors. As Becoña explained, health can be influenced 
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by biological factors like genetics and a person’s history of trauma or infections. 

According to Becoña, many disorders had a genetic basis, pointing to a hereditary 

vulnerability. Becoña suggests that physiological factors encompass impulsivity, 

irritability, and deep sadness. 

Hrozanova et al. (2019) found a strong link between social media use and sleep 

quality. According to the authors, social media use has been related to different 

underlying mechanisms for adverse impact on the individual’s sleep quality and patterns 

(Hrozanova et al., 2019). Less sleep is common among adolescents and teenagers due to 

social media use (Hrozanova et al., 2019). Researchers assert that social media 

engagement among young individuals leads to increased arousal, as demonstrated by 

Malik et al. (2020). Building on this, Guruprakash et al. (2018) explained that stress is a 

physiological response to various factors, encompassing both environmental and social 

conditions. 

Nature of the Study 

The importance of this new study is underscored by the fact that previous research 

overlooked adults and primarily concentrated on adolescents and teens. By focusing on 

this specific area, we can gather important data and bridge an existing research void. 

With a non-experimental cross-sectional design, researchers can collect descriptive data 

on an adult population at a given time and analyze it statistically to uncover patterns and 

relationships. The findings of this research could significantly expand the existing 

knowledge and provide a new perspective on the topic of interest. Johnson and 

Christensen (2020) found that a self-reported instrument can capture perceived stress 
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level, sleep quality, social media usage frequency, and social media usage quality 

simultaneously. Incorporating a survey in this study has shown to be an efficient 

approach for obtaining information on the primary factors. Surveys enable the collection 

of self-reported data from many participants in a relatively short period of time, surveys 

are a commonly utilized approach for collecting data in social and behavioral research. 

By employing a survey, the researcher can collect information on the variables of 

interest, analyze the correlations between these factors, and spot patterns or trends in the 

population by using statistical analysis. The survey yields valuable data to address the 

study’s inquiries and enhance the field’s understanding. 

My planned research design involved compiling a questionnaire that included four 

validated instruments: Epworth Sleepiness Scale (ESS), Internet Addiction Diagnostic 

Questionnaire (IADQ), Perceived Stress Scale (PSS), and Social Media Quality Measure 

(SMQM). The data collection included perceived stress levels, sleep quality, frequency of 

social media use, and overall social media usage. The appropriateness of the Social 

Media Quality Measure was evaluated by experts through a validation process. 

Additionally, I gathered information on age, gender, and education, among other 

demographic factors. Through combining three validated instruments, I created a unified 

questionnaire for the survey. Each instrument within the compiled questionnaire collected 

data points on perceived sleepiness, quality of sleep, and internet addiction.  

By collecting variables such as participants’ primary social media usage and 

demographic data, I was able to gain insights into how social media is used and who its 

users are. To evaluate social media usage, I asked participants to specify their primary 
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use: interactive social contact, entertainment, or educational/professional purposes. This 

information was used to understand how different purposes for using social media 

impacted the overall quality of the experience. The usage of social media differs in 

quality depending on whether it is predominantly used for education and professional 

purposes or for entertainment. 

Additionally, demographic information, such as the age of the participants, also 

provided information on how social media usage differed across different populations. 

Examining this data allowed for the identification of patterns and trends in social media 

usage, thus providing valuable insights into the influence of different factors on its 

quality. Through data collection and analysis, I enhanced my  comprehension of the 

indicators for quality social media usage and expand current knowledge. SurveyMonkey, 

a widely used online survey platform, was utilized to collect the survey data for this 

study. An invitation containing a unique URL was sent to participants to access the 

survey through SurveyMonkey. Potential participants received the URL through various 

methods, including online ads or internet flyers. To maintain participant anonymity, the 

survey collected data without the need for personal identifying information. Participants 

were assured that their responses were kept confidential, and their data was only be used 

for the study. Access to the securely stored survey data collected by SurveyMonkey is 

restricted to authorized study personnel. This data collection approach ensured the 

protection of participant data privacy and ethical use. 
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Definitions 

Quality of sleep: As measured by the Epworth Sleepiness Scale (ESS). This 

determined what the relationship was between the frequency of social media usage and 

the quality of sleep reported by social media users between ages 20 and 65. 

Social Media Quality Use: As measured by Social Media Quality Measure 

(SMQM). This will determine what the relationship is between the quality of social 

media used related to entertaining, aspirational, actionable, joinable and has payoffs (e.g., 

giveaways or freebies) and the quality of sleep reported by social media users between 

ages 20 and 65. 

Age: As measured based on Survey Monkey results. This is the duration of a 

person’s life. 

Gender: As measured based on Survey Monkey results. This is either one of the 

sexes, male and female. 

Social media usage: As measured by the Internet Addiction Test (IAT). It will 

determine the relationship between frequency of social media usage and perceived stress 

levels among social media users between ages 20 and 65 within the United States. 

Perceived stress: As measured by the Perceived Stress Scale (PSS). This will 

determine what is the relationship between the quality of social media used e.g., 

entertaining, aspirational, actionable, joinable and has payoffs (e.g., giveaways or 

freebies) and perceived stress levels among social media users between ages 20 and 65. 

Education: This will be measured based on the results from the survey and 

represents the highest level of education a person has completed. 
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Frequency of sleep: This will be measured based on the results from the survey 

and represents the number of hours of sleep a person gets per night on average. 

Type of social media used: Can also play a role in the relationship between social 

media usage, sleep quality, and health outcomes. Different types of social media 

platforms can have different effects on sleep and well-being due to their unique features, 

content, and user behaviors. For example, platforms that are more visually stimulating 

and require a lot of attention (such as YouTube or Instagram) may interfere with sleep 

more than platforms that are more text-based (such as Twitter or LinkedIn). 

Assumptions 

The validity of the study may be affected if participants are tired and lack 

motivation to provide accurate data. Ensuring the well-being of the participants was why 

I needed to be cautious about the data collection process being too burdensome or 

stressful. Additionally, it is crucial to thoroughly evaluate the timing and frequency of 

data collection, while ensuring participants receive clear instructions and support. Key 

factors for enhancing data quality and increasing participation include rest periods, 

incentives, and a positive, supportive environment. It is important to keep in mind that 

people with certain health conditions may be unable to participate in the study, and we 

should honor their choice and not pressure them. 

Measuring stress levels is possible through participant surveys that inquire about 

triggers, coping mechanisms, and stress levels. Participants were given the choice to 

report their stress levels using a rating scale or by answering questions about the 

frequency and intensity of specific stressors. It is still crucial to consider the potential 
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biases and limitations of self-reported data, which include social desirability bias and 

response bias. In addition, it is important to use validated measures of stress, such as 

standardized stress questionnaires, to ensure that the data collected is reliable and valid. 

The utilization of the PSS can provide valuable insights into how participants experience 

stress, allowing for a better grasp of its effects on their health and well-being. 

Scope and Delimitations 

The main objective of the study was to investigate how American adults perceive 

stress, utilize social media, and experience sleep quality. The focus of this study was to 

understand how perceived stress and social media usage impact the sleep quality of 

American adults. Furthermore, the research examined the objective and pertinent 

literature. 

The boundaries of the survey were established by the delimitations, clarifying 

what was encompassed and excluded. As a result, the study aimed to analyze the 

relationship between perceived stress, social media usage, and sleep quality in American 

adults. Additionally, the survey included all adults but excluded participants under the 

age of 20. Moreover, the survey only included participants who actively engage in social 

media. 

Limitations 

One of the potential limitations in this study could have been gaining permission 

to access and collect data from administrators of site groups, such as Facebook, LinkedIn, 

or other community groups on WhatsApp. Data collection was permitted in online groups 

if proper protocols were followed (Perrin et al., 2019). The upcoming challenges included 
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the expenses and time required for data gathering, along with limited access to social 

media users during the survey. Participants self-selection creates a significant limitation, 

making it difficult to generalize to the larger population. Lastly, limiting the sample to 

English-speaking/reading subjects was another limitation.  

 I recruited participants through social media and offered a link to an online 

survey platform (SurveyMonkey) as a convenient and efficient way to reach potential 

participants. This approach to recruitment came with certain limitations and challenges. 

The representativeness of the participant sample was difficult due to potential differences 

between social media users and non-users, affecting generalizability to the wider 

population. This could have led to selection bias and limit the generalizability of my 

findings. Moreover, there was a potential for bias in social media recruitment towards 

individuals who are tech-savvy and regularly interact on social media. Older adults, low-

income individuals, and people with limited access to technology might have been 

underrepresented as a result. To overcome these limitations, it was crucial to enhance 

sample diversity through strategies like utilizing various social media platforms, offering 

clear instructions for study participation, and providing incentives. Using social media 

and an online survey link could have been beneficial for recruiting diverse participants, 

but I had to consider and minimize any limitations that may affect my results. 

Significance 

The study is significant because it could provide valuable insights into the 

relationship between stress, sleep, and social media use in American adults aged 20-65. 

Investigating these dynamics could help pinpoint the positive and negative effects of 
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different social media dimensions on a user’s overall well-being. Public health 

professionals could use these findings to distinguish between the positive and negative 

effects of social media on patients with stress and sleep issues. Additionally, the findings 

could validate the biopsychosocial model constructs concerning the examined research 

variables. 

The results of this study could help professionals understand antecedents of 

psychological stress among adults in the United States who use social media. The study’s 

findings could also fill the gap in literature regarding the impact of psychological stress 

on social media use and sleep deprivation, which is often tied to mental health problems 

in American adults. I searched but could not find any peer-reviewed research that 

discussed this issue as of Spring 2021, though studies are available on internet addiction 

and physiological stress (Nursalam et al., 2019) and sleep deprivation based on internet 

addiction (Lissak, 2018). According to Levenson et al. (2019), addressing incompetence 

and overeating is crucial for physiological therapists dealing with social media addiction, 

as it contributes to ongoing depression. The goal of this study was to uncover how social 

media affects both perceived stress and sleep. Abi-Jaoude et al. (2020) emphasized the 

significance of adequate sleep for teenagers to combat sleep deprivation among young 

adults. These studies provide support for professionals facing psychological stress due to 

disrupted sleep from excessive smart device usage. 

The study findings could also offer insight into why adults develop social media 

addiction and propose ways to modify this harmful conduct. Further, the findings from 

this study could help therapists and other professionals treat sleep deprivation among 
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young adults. Public health professionals could use the findings to create programs like 

workshops, social groups, and health fairs. Possibly, these programs may assist young 

adults in becoming more productive members of society and reducing the contributors to 

poor health by reducing time spent on social media and increasing time spent sleeping. 

By educating young adults about the dangers of social media addiction, we could 

potentially bring about positive social change. 

Summary 

The chapter introduced the research statement, specifically examining how 

perceived stress and quality of sleep were connected to social media usage among 

American adults. It also included a comprehensive background on the rise and over-

reliance of social media in modern society and the resultant negative effects on people’s 

health. The theoretical framework, assumptions, scope, challenges, and limitations of the 

research study were covered in detail. Chapter 2 presents an overview of the research 

utilized in this study, while Chapter 3 elaborates on the research methodology. Chapter 4 

outlines the study's results, and Chapter 5 discusses the key findings. 

 



21 

 

Chapter 2: Literature Review 

Introduction 

This study explored the relationship between lack of sleep, stress, sleep quality 

and continued use of social media. Although social media brings people together, recent 

studies have shown that it does more harm than good (Van der Schurr et al., 2019). I 

sought to establish whether there was a direct relationship between too much time spent 

on social media and poor sleep quality, which might lead to perceived stress. In this 

research study, dependent variables are the level of perceived stress and sleep quality. 

Independent variables include the frequency, type, and quality of social media usage. 

The chapter provides a review of existing literature on social media, sleep patterns 

and sleep disorders, and the topic of perceived stress in general, along with a discussion 

of the biopsychosocial model by Engel (Arora et al., 2021). The model established the 

interactions between social, psychological, and biological factors in the development and 

wellness of people. It also discussed the conceptual framework with a special focus on 

the young adults and their interaction with social media. 

Based on the conceptual model, there was a relationship between perceived stress, 

symptoms of anxiety and depression, and sleep quality (Zhang et al., 2018). The study 

addressed an understanding behind the duality of the effects of social media on perceived 

stress and sleep quality and expanded on the relationship between the different 

biopsychosocial indicators related to social media use, especially among American 

adults. The level of stress affecting an individual depended on the surrounding 

circumstances. The circumstances may be biological or social. The onset of the Covid-19 
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pandemic has resulted in increased stress among people worldwide. The stress resulted 

from the fear of being infected or affected by the virus. 

 

Literature Search Strategy 

For this study, standard electronic data sources were used for the literature review. 

Google Scholar and Walden University online library were accessed, as well as other 

online and academic libraries. The primary database used was EBSCO. Words that 

addressed perceived stress, sleep quality, and social media usage qualities such as quality 

and frequency of online activity were used as parameters. Peer-reviewed articles, books, 

journals, research, and dissertations were included in the review. The primary vital terms 

used for this study are social media, stress, adults, sleep, technology, illness, health, 

physiological, and psychological effects. 

Most of the reviewed literature was published before 2017, which was 5 years 

from the projected date of publication of this study. More than 1,000 papers and journals 

were found using the key terms “since 2021,” “since 2018,” and “since 2019” using the 

EBSCO database. Similarly, Google and the ProQuest database were used to find 1,000 

articles and journals. Table 1 gives an overview of the different types of literature sources 

used in this study. 
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Table 1 

Sources Used in the Literature Review 

Reference Type Total % More than 5 years 
Peer-Reviewed Journals 30 20% 
Nonpeer-Reviewed Journals 20 0% 
Dissertations 1 1% 
Books 19 29% 
Websites 30 50% 
Total 100 100% 

Note: Published between 2017-2022, 5 years from date of projected publication of this study. 

 

Theoretical Foundation 

Engel developed the biopsychosocial model of health and wellness to determine 

the interactions between social, psychological, and biological factors. According to 

Skewes and Gonzalez (2013), this theory asserts that no single factor is sufficient to 

explain individual behavior and mental health and well-being. Utilizing the 

biopsychosocial model can aid in determining whether social media positively or 

negatively impacts sleep stress, sleep quality, and continued use of social media in 

people’s development and wellness (Bolton & Gillett, 2019). The proponents of the 

biopsychosocial approach are being referred to here. They suggest that this approach 

provides the best way to understand the debate about the effects of nurture versus nature 

in human development and growth. The biological influences they mention encompass 

the individual's genetic composition and history of physical trauma or infection. 

The biopsychosocial theory can help clarify the relationship and interplay 

between the lack of sleep, stress, and sleep quality due to continued use of social media. 

According to Skewes and Gonzalez (2013), one aspect of this theory is addiction. The 

authors argued that the biopsychosocial model of addiction asserts that biological or 
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genetic factors, psychological, and sociocultural factors greatly influence the addiction 

process (Bolton & Gillett, 2019, p. 23). All these factors must be considered when 

designing a prevention strategy and treatment approach to addiction. Over the last years, 

research has focused on the concept that addiction is a brain disease while forgetting the 

other possibility that an interplay of the biopsychosocial factors could also have 

substantial and long-term effects on an individual’s mental health and well-being 

(Kusnanto et al., 2018). 

Literature Review Related to Key Variables and Concepts 

Social Media/Sleep Patterns 

According to Auxier and Anderson (2021), social media is an integral part of 

society since it allows people to connect. However, researchers have shown a link 

between social media addiction and depression and other mental disorders. As earlier 

thought, one major thing that stands out is that depression is now common among young 

people because many young people spend much of their time on social media compared 

to adults. Social media addiction is one of the most common factors for sleep deprivation. 

One of the significant factors that make depression a severe issue is the lack of physical 

exercise. The study has shown a direct link between social media addiction and social 

media use, since most young people spend much of their time indoors. 

Researchers showed young people are likely to become addicted to social media 

(Auxier & Anderson, 2021). This is because they are more likely to connect with friends 

and family already on the various social media platforms. The review linked sleep 

deprivation as one of the reasons that aggravates depression among young adults. The net 
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effect of depression on young adults is a huge concern for delinquent behavior. Although 

the literature has demonstrated the impact of social media addiction, there are gaps in 

what are appropriate strategies to curb this from happening to the youths.  

Cheng et al. (2019) sought to determine the impact of social relationships and 

sleep quality on self-perceived health status. Their study found that many people who 

reported good sleep also had good health, and the opposite was also true. According to 

Wong et al. (2020), social media is associated with addiction, which deprives users, 

especially teenagers, of ample time to sleep. As a result, they can have constant 

psychosocial problems. Studies showed that the root cause of all these problems is a lack 

of adequate or quality sleep that then deprives participants of socializing and working 

comfortably (Wong et al., 2020, p. 13). Specifically, the time spent on social media by 

users constrains them from the time they need to date and sleep. 

There is a distinction between the impact of social relationships and sleep quality 

on self-perceived health status. While both social relationships and sleep quality can have 

a significant impact on one’s health and well-being, they can have different effects. For 

example, social relationships can have both positive and negative effects on one’s health. 

Positive social relationships, such as strong and supportive relationships with family and 

friends, can provide emotional support and help reduce stress levels, which can in turn 

have a positive impact on health. On the other hand, negative social relationships, such as 

those characterized by conflict and lack of support, can increase stress levels, and have a 

negative impact on health. 
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On the other hand, sleep quality has been shown to be a strong predictor of self-

perceived health status. According to Cheng et al. (2019), people who reported good 

sleep quality also reported good health, while those with poor sleep quality reported poor 

health. Wong et al. (2020) also found that social media addiction can have a negative 

impact on sleep quality, which can in turn contribute to psychosocial problems. So, while 

both social relationships and sleep quality can impact one’s health and well-being, they 

do so in different ways, and it is important to consider both factors when evaluating one’s 

overall health status. 

Frequency of use can also have an impact on the relationship between social 

media and sleep quality, as well as its impact on one’s health and well-being. Research 

has shown that excessive use of social media can lead to addiction, which can interfere 

with sleep and contribute to sleep deprivation. For example, Wong et al. (2020) found 

that social media use is associated with addiction, which can lead to a reduction in the 

amount of time people spend sleeping. This can have a negative impact on both physical 

and mental health, as well as overall well-being. 

On the other hand, moderate and balanced use of social media can have a positive 

impact on social relationships and well-being. For example, social media can be used as a 

tool for connecting with friends and family, building relationships, and accessing 

information and support. These positive social connections can have a positive impact on 

well-being and health. In summary, the frequency of use of social media can impact the 

relationship between social media and sleep quality, as well as its impact on one’s health 



27 

 

and well-being. Excessive use can lead to negative consequences, while moderate and 

balanced use can have positive effects. 

Social Media/Stress 

Conversely, the biopsychosocial model can also help understand the stress 

concept and its impact on young people’s mental health and well-being. According to 

Rith-Najarian et al. (2014), extensive research on adults concerning the three variables 

(i.e., stress appraisals, physiological stress activity, and performance) has shown that the 

biopsychosocial model can study the challenges and threats associated with stress among 

young people as well. According to Rith-Najarian et al., pre-task stress appraisal 

significantly predicted post-task stress appraisal. Further, this study also indicated that 

performance predicted post-task stress appraisal. The study concluded that stress has a 

significant impact on adolescents’ psychosocial well-being and mental health. Mental 

illness and well-being are among the top priorities among school-going students. 

Social Media/Stress/Sleep Patterns  

According to Song et al. (2020), mental conditions such as depression and anxiety 

have been associated with a lack of adequate or quality sleep. Brubaker and Beverly 

(2020) also explained that the risks of the above two factors continue to expand as one 

continues to be exposed to poor sleep and highly stressed conditions. Park (2014) further 

sought to determine the relationship between physical activity, perceived stress, internet 

use, and sleep quality. Park noted that physically active participants were more likely to 

show satisfaction with their sleep and expressed feeling less stressed in their lives. This 

study group also showed that physically active internet users are less likely to become 
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addicted. The findings show a negative association between the individual’s level of 

physical activity and risk demanding internet users, which are further connected with 

sleep deprivation and heightened stress levels. 

Conceptual Framework 

Adolescence is one of the most critical stages in the human development process, 

and it is associated with environmental, physiological, cognitive, and neurobiological 

changes (Rith-Najarian et al., 2014). Therefore, the biopsychosocial model becomes 

helpful in understanding these stages and how these factors influence the developmental 

process of young people. Although many studies have connected stress with the poor 

development of cognitive functions and mental health and well-being, limited studies 

exist on the root cause of stress, especially among young people (Kalmbach et al., 2018). 

Adolescents must deal with various daily challenges, which can be stressful. While these 

factors are not primarily related to anything that adults experience, like family life or 

stress about jobs, the stress in teenagers and adolescents comes from a wide range of 

activities and experiences, including internet use. Social media has adverse effects on the 

user’s mental health and well-being (Coyne et al., 2020). 

Studies have connected the use of the internet or social media with various 

adverse outcomes, including depression, addiction, and problematic sleep. Tandon et al. 

(2020) explained that social media platforms have increased significantly over the last 

few years, which increased users’ exposure to more significant mental health risks, 

including anxiety and depression. In this study, Tandon et al. sought to determine the 

association between anxiety, depression, and compulsive social media use in their 
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research. A systematic review of the literature shows that poor sleep quality, anxiety, and 

depression are increasingly defined by heightened social media use, especially among 

teenagers and adolescents (Guruprakash et al., 2018; Malik et al., 2020; Poulain et al., 

2018). These researchers agreed that stress was a major growing mental health issue 

among teenagers and young people whose minds are still developing. 

Similar findings were also noted by Evers et al. (2020), who sought to determine 

the effects of social media use on an individual’s sleep patterns and quality. The study 

involving 2,462 Taiwanese middle school learners sought to determine the relationship 

between inadequate and disturbed sleep during young age, and its association with stress 

and other related effects such as school burnout. Their study found that both academic 

performance and school burnout were significantly related. 

Through a cross-sectional and longitudinal approach, Van der Schurr et al. (2019) 

sought to determine the relationship between social media use, social media stress, and 

sleep. According to Van der Schurr et al., concerns are increasingly growing over the 

potential negative effects of social media use and social media stress; therefore, 

disrupting an individual’s sleep patterns. While examining the possible adverse side 

effects of social media use, Salo et al. (2018) noted that social media use is associated 

with many darker side effects, including depression, loneliness, and narcissism, that 

further amplify the socially undesirable incidences in society, such as suicides and 

homicides. 

Based on the conceptual biopsychosocial model, addictive behavior is associated 

with various other concepts and related factors. This explains the different approaches in 
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this model, including the enlightenment, medical/disease, and moral models, which all try 

to explain and understand addictive behaviors (Berryman et al., 2018). According to 

Nasirudeen et al. (2017), those who spend too much time on social media tend to be 

addicted. Once the addiction kicks in, it is difficult to control the other variables, such as 

stress, anxiety, and even depression. The biopsychosocial model provides the theoretical 

framework that connects the cognitive, physiological, and behavioral responses to stress. 

According to Becoña (2018), biopsychosocial factors highlight the interplay and 

overlap of the different factors that determine overall health. The biological influences on 

health, as Becoña explained, include the genetic composition and the individual’s history 

of trauma or infections. Becoña maintained that most of the disorders were determined to 

be genetically transmitted, which means they have inherited genetic vulnerability. 

According to Becoña, physiological influences include impulsivity, irritability, and 

extreme sadness. 

According to Hrozanova et al. (2019), there is a direct relationship between social 

media use and its influence on quality sleep. According to the authors, social media use 

has been related to different underlying mechanisms for adverse impact on the 

individual’s sleep quality and patterns (Hrozanova et al., 2019). The first possible 

relationship is the time adolescents and teenagers spend on social media disrupting their 

sleep. Building on the discussion of social media's impact on youth, researchers have also 

noted a link between social media use and increased arousal effect (Malik et al., 2020). 

Additionally, Guruprakash et al. (2018) emphasized that stress, as an internal state, can 

stem from various physical pressures induced by environmental and social factors. 
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Summary and Conclusions 

This chapter included a review, analysis, and synthesis of various previous 

scholarly texts, including peer-reviewed article journals. This synthesis highlighted the 

gap of the lack of understanding behind the duality of the effects of social media on 

perceived stress and sleep quality has been identified as the gap in contemporary 

literature. The literature review showed that social media had been identified as a cause 

of stress and an effective stress-coping mechanism. The lack of understanding behind the 

duality of the effects of social media on perceived stress and sleep quality has been 

identified as the gap in contemporary literature. The need to expand research studies on 

the relationship between the different biopsychosocial indicators related to social media 

use, especially among adults, was also demonstrated. This chapter also included a 

theoretical framework, the biopsychosocial model, and discussed its application to the 

topic. 
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Chapter 3: Research Method 

Introduction 

This chapter outlines the research method used to assess the effects of social 

media usage on sleep quality and the perceived stress among American adults with a 

focus on participants at American universities. It also highlights the research design and 

rationale, sample size and sampling procedure, collection of data and its statistical 

analysis strategy. Lastly, it includes the ethical considerations in the research study. 

Research Design and Rationale 

The online survey questions utilized cross-sectional research design. Dependent 

variables were the level of perceived stress and sleep quality. The independent variables 

included frequency and social media usage. Data such as gender, age, and level of 

education were included in the research. The data about perceived stress, sleep quality, 

and frequency of social media usage were collected through a survey questionnaire 

comprised of multiple instruments; for more details, see Appendix A, Appendix B, 

Appendix C, Appendix D, and Appendix F. 

Methodology 

A single questionnaire comprised of multiple instruments was used to collect data. 

The respondents’ ages range between 20 to 65 years. The media announcement located in 

appendix I referred them to the survey.  

Population 

The target population is a group of people or things from which the sample’s 

results can be extrapolated. A target population could also be described as a set of 
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elements from which deductions are to be made (Cooper & Schindler, 2008). The 

participants were subscribers recruited from social media within the United States who 

met the study inclusion criteria from Instagram and Facebook platforms, including being 

within the age range of 20 to 65 years old. This was chosen as a representation of the 

entire social media community, who were the main consumers of social media 

information. A self-administered questionnaire was used to collect data from participants, 

and the recruitment process was limited to individuals within this age range to ensure that 

the sample was a representative of the target population. The questionnaire was 

administered using the online platform Survey Monkey and was distributed through 

various social media platforms, including Facebook and Twitter, to ensure a diverse pool 

of participants. 

It was important to note that the age range was chosen based on the literature that 

suggests that this is the age range where individuals are most likely to experience 

symptoms of anxiety, depression, and stress, and to engage in social media use. By 

limiting the sample to this age range, the study could better capture the effects of social 

media use on perceived stress, symptoms of anxiety and depression, and sleep quality 

among American adults(Cooper & Schindler, 2008).  

The survey used a non-probability sampling method to gather baseline 

information. I recruited my sample using social media using media announcements, 

emails and fliers found in Appendix I, which helped draw participants to complete the 

online survey and advise that this is for study purposes only. Sampling was achieved by a 

non-probabilistic method to determine the people required to participate in the survey. 
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The sampling was limited to the social media users who opted to participate in the study. 

There was bias in the sampling method, that of self-selection, and media users of the 

media through which I recruited. 

The participants were briefed about the objectives of the survey and informed 

through recruitment flyers that the data collected were for study purposes. The 

participants who gave consent to the research were sent the survey link. The participants 

were then required to respond to the self-administered questionnaires. The questionnaire 

contained different sections. In the first section, the participants were required to fill in 

their demographic data. The data include the range of age, level of education, and gender. 

The following section requires a response to the questionnaire on the Epworth Sleepiness 

Scale (ESS), Internet Addiction Diagnostic Questionnaire (IADQ), Social Media Quality 

Measure (SMQM) and Perceived stress scale (PSS). 

Instrumentation and Variables 

I compiled questionnaires comprised of the four named validated instruments to 

obtain the data on the independent variables of perceived stress level, quality of sleep, 

frequency of social media usage, and social media usage. A smaller sample was used for 

the expert panel evaluation, which included a revenue cycle manager, a collections agent, 

and a marine officer; the original research did not use this data. Other demographic data, 

such as age, gender, and education, was also collected. The survey was designed by 

compiling three individual validated instruments into a single questionnaire. Each 

instrument within the compiled questionnaire was used to collect data points on perceived 

sleepiness, quality of sleep, and internet addiction. The instruments identified for the 
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compiled questionnaire include the Epworth Sleepiness Scale (ESS) found in Appendix 

D, Perceived stress scale (PSS) found in Appendix E, and Internet Addiction Diagnostic 

Questionnaire (Social Media; IADQ) found in Appendix F. However, just one required 

expert panel evaluation, and that was the Social Media Quality Measure (SMQM) found 

in Appendix G. 

Permission to use the instruments was obtained for each instrument and are found 

in Appendix A to G. Data for the fourth variable, quality of social media, was collected 

by asking participants to indicate if they primarily use social media for entertaining, 

aspirational, actionable, joinable, or payoffs (e.g. giveaways or freebies) purposes, and if 

social media made the participants feel stressed. All data were anonymous and collected 

through an internet-based survey.  

The quality of sleep was investigated using the ESC. The questionnaire has a 

scale of points scaled from zero to four. Zero means the respondent does not sleep during 

daytime. One (slight), two (moderate), and three (high) represent chances of dozing off. 

The participants responded to the ESC to indicate their chances of dozing off when 

handling their daily duties. The questions specified in the questionnaire probe the 

respondent on how often they fall asleep during the daytime. The responses were 

recorded, and a final score was determined. 

A higher score shows a high degree of sleepiness index, which affects the health 

status of an individual. A global score is also given to determine the overall quality of 

sleep. A score of more than five represents poor sleep quality, while less than five 

represents a good sleep quality. 
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Epworth Sleepiness Scale (ESS) 

The ESS had four options to which the respondents would tick against to show 

their chances of dozing off when undertaking their daily routine tasks. The respondents 

usually self-administered the questionnaire. It usually takes around two to three minutes 

to respond to the questions.  

A study using the ESS demonstrated a Cronbach alpha of 0.75 and composite 

reliability of 0.75, which indicated good internal consistency of the test (Manzar et al., 

2019). The moderate item-total score correlation (r = 0.55 – 0.67) implied favorable 

internal homogeneity (Manzar et al., 2019). This Cronbach alpha applies to this study as 

the psychometric properties of the test remain the same as those used in the study testing 

the reliability of the test. 

Perceived Stress Scale (PSS) 

The PSS was used to collect data regarding vulnerability to stress; the higher the 

score on the PSS, the higher the vulnerability of the person to stressful conditions. The 

questionnaire is scaled up to four options where zero means an individual never felt stress 

in the recent past and one (rarely), two (sometimes), three (fairly often), and four (very 

often). The positively stated items score is based on descending order of the scale. The 

participants responded to the PSS by identifying possible stressful situations in their lives 

and the degree of stress experienced.  

Cronbach alpha determines the level of reliability. Reliability of around 0.76 is 

desirable to the process of data collection. Analysis of the psychometric properties of the 

PSS test proposes a Cronbach’s alpha of 0.830 for PSS version 14, 0.754 for PSS version 
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10, and 0.473 for PSS version 4 (Huang et al., 2020). The depicted Cronbach’s alpha for 

PSS-14 and PSS-10 demonstrated satisfactory internal consistency coefficients and hence 

higher reliability as compared to the PSS-4 (Huang et al., 2020). Of the two versions of 

the test PSS-14 and PSS-10 with satisfactory internal consistency, PSS-10 demonstrated 

better goodness of fit as compared to PSS-14, which showed both negative and positive 

factors for all 12 items in the test, hence poor or unacceptable goodness of fit (Huang et 

al., 2020). Therefore, the research could benefit from using the PSS version 10 for better 

results and reliability. 

Addiction Diagnostic Questionnaire (IADQ) 

The data on media usage was collected using the Internet Addiction Diagnostic 

Questionnaire (IADQ). The questionnaire consists of 20 questions, and the respondents 

have to indicate the level of addiction that they have towards the internet. The research 

question includes how often respondents use the internet to perform their activities. The 

participants should also tell how often they hide whatever they do on the internet. 

Five alternatives are provided as responses to the questionnaire. The reactions 

have been scaled from zero to five. Zero represents not applicable, one represents rarely, 

two represents occasionally, three represents frequently, four represents often, and five 

represents always. The summation of individual scores achieves the total score. A score 

between zero to 30 shows the addiction level is standard, while that between 31 to 49 

shows the addiction is on a mild level. A score of 50 to 79 indicates a moderate level of 

addiction, while that of 80 to 100 shows a severe level of addiction. Participants will be 

asked to complete the survey by estimating how often they go online. 
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The Cronbach’s alpha of the IADQ is 0.91 with a high-test retest reliability of 

0.73 (Samaha et al., 2018). The internal reliability of the scale is 0.76, 0.74, 0.69, and 

0.63 for the first through fourth score (Samaha et al., 2018). The item’s total correlation 

ranges from between 0.37 to 0.63 for all 20 items tested in the test, and hence a proper 

tool for evaluating internet addiction (Samaha et al., 2018). 

Social Media Quality Measure (SMQM) 

The questionnaire has a separate section about the demographic information of 

the respondents and Social Media Quality Measure (SMQM). Data collected in this 

section include the range of the age of the respondents, gender, and level of education. 

The questionnaire was administered through an online survey, SurveyMonkey, which 

facilitated the survey process. Survey links were sent to the potential participants online 

platforms in various institutions. The participants then gave their responses which are 

captured in real-time. The survey was limited to people between 20 to 65 years old. 

Data Analysis Plan 

I also began by classifying the population of participants according to the various 

occupations they practice by including a question within the survey. In each social media 

platform, I sub-categorized by gender and age, which a non-probability sample was taken 

from these sub-categories to determine sample size. Therefore, there was biased 

sampling. 

Power Analysis 

A priori power analysis was conducted on the data using G*Power 3.1 to 

determine sample size (Faul et al., 2007). A power analysis is necessary in order to 
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determine the required sample size to be able to detect significance if it exists. G*Power 

uses an analysis-by-design approach to computing the required sample size. Several input 

parameters are required.  

The first input parameter to be selected is the required statistical test. Although 

two statistical tests are proposed, the results will be reported based on the Multiple Linear 

Regression since it requires a larger sample size. After the required statistical test was 

selected, other options became available to enter as input variables. The next input 

parameter is “Tail(s).” This refers to the direction of the hypothesis and only applies to 

the bivariate correlations. Since the hypotheses were non-directional, “two tails” was 

selected. The next input parameter is the effect size. Effect sizes are standardized ways of 

quantifying relationships. Effect sizes are characterized as small (r = .10), medium (r = 

.30) or large (r = .50). For the proposed study, a medium effect size was selected. The 

alpha level is the next required input parameter. As previously mentioned, an alpha level 

of .05 will be used. The last input parameter is the power level. The power level refers to 

the amount of confidence one can have in the results of a study. The minimum power 

level is .80 (Brace et al., 2013). However, for the proposed study, a power level of .95 

will be used. Based on the previous input parameters, a sample size of 202 will be 

required. This is illustrated in Figure 1. 
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Figure 1 

Results of Power Analysis 

 
Note. Behav Res Methods. 2007 May; 39(2):175–91. https://doi.org/10.3758/bf03193146.  G*Power 3: A 
flexible statistical power analysis program for the social, behavioral, and biomedical sciences, 39, 175–191. 
 
Required Statistical Tests and Operationalization of Variables 

Research question 1/hypothesis 1 was tested using hierarchical regression, which 

allows for stepwise introduction of the independent variables into the model, controlling 

for age, gender, and education. The independent variable will be frequency of social 

media usage as measured by the Internet Addiction Test (IAT). The dependent variable 

was the perceived stress as measured by the Perceived Stress Scale (PSS). 

Research question 2/hypothesis 2 was tested with multiple linear regression, 

controlling for age, gender, and education. The independent variable was the frequency 

social media usage as measured by the Internet Addiction Test (IAT). The dependent 

variable was the quality of sleep as measured by the Epworth Sleepiness Scale (ESS). 

Research question 3/hypothesis 3 was tested with multiple linear regression, 

controlling for age, gender, and education. The independent variable was the quality of 
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social media used as measured by the researcher developed Social Media Quality 

Measure (SMQM). The dependent variable was the perceived stress level as measured by 

the Perceived Stress Scale (PSS). 

Research question 4/hypothesis 4 was tested with multiple linear regression, 

controlling for age, gender, and education. The independent variable was the quality of 

social media used as measured by the researcher developed Social Media Quality 

Measure (SMQM). The dependent variable was the quality of sleep as measured by the 

Epworth Sleepiness Scale (ESS). 

Research question 5/hypothesis 5 was tested with multiple linear regression, 

controlling for age, gender, and education. The independent variables were the frequency 

of social media usage as measured by the Internet Addiction Test (IAT) and quality of 

social media used as measured by the researcher developed Social Media Quality 

Measure (SMQM). The dependent variable was the perceived stress levels as measured 

by the Perceived Stress Scale (PSS). 

Research question 6/hypothesis 6 was tested with multiple linear regression, 

controlling for age, gender, and education. The independent variables were the frequency 

of social media usage as measured by the Internet Addiction Test (IAT) and quality of 

social media used as measured by the researcher developed Social Media Quality 

Measure (SMQM). The dependent variable was the quality of sleep as measured by the 

Epworth Sleepiness Scale (ESS). A summary of the hypotheses required statistical tests, 

and variables of interest is presented in Table 2. 
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Table 2 

Hypothesis Summary, Scales of Measurement, and Required Statistical Tests 

Hypothesis 
Independent//Scale of 

Measurement 

Dependent 
Variable/Scale of 

Measurement 

Required 
Statistical Test 

H01: The frequency of social media usage 
is not associated with the perceived 
stress levels controlling for age, gender, 
and education. 

Frequency of social media 
usage/Interval 

Perceived 
Stress/Interval 

Hierarchical 
regression 

H02: The frequency of social media usage 
is not associated with the quality of sleep 
controlling for age, gender, and 
education. 

Frequency of social media 
usage/Interval 

Quality of 
sleep/Interval 

Multiple 
Linear 
Regression 

H03: The quality of social media used is 
not associated with the perceived stress 
levels controlling for age, gender, and 
education. 

Quality of social media 
used/Interval 

Perceived 
stress/Interval 

Multiple 
Linear 
Regression 

H04: The quality of social media used is 
not associated with the quality of sleep 
controlling for age, gender, and 
education. 

Quality of social media 
used/Interval 

Quality of 
sleep/Interval 

Multiple 
Linear 
Regression 

H05: The frequency of social media 
usage, and quality of social media used 
is not associated with the perceived 
stress levels controlling for age, gender, 
and education. 

The frequency of social media 
usage/Interval Quality of 
social media used/Interval 

Perceived 
stress/Interval 

Multiple 
Linear 
Regression 

H06:  The frequency of social media 
usage, and quality of social media used 
is not associated with quality of sleep 
controlling for age, gender, and 
education. 

The frequency of social media 
usage/Interval Quality of 
social media used/Interval 

Quality of 
sleep/Interval 

Multiple 
Linear 
Regression 

 
Alpha Level 

According to Brace et al. (2013) the alpha level is the value at which the null 

hypothesis is rejected under the assumption that the null hypothesis is true. It is the 

probability of making a Type I Error. The alpha level of 0.05 is used to determine the 

level of significance in a statistical test when testing the null hypothesis. The participants 

will also be assured their data will be secured through the application of anonymity and 

non-disclosure clauses. 
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Threats to Validity 

In my study on "Perceived Stress, Social Media Usage, and Sleep Quality in 

American Adults," several potential threats to validity were considered. Firstly, self-

reported data on perceived stress, social media usage, and sleep quality may have been 

subject to response bias, where participants may have provided socially desirable answers 

or inaccurately recalled their behaviors. Additionally, the study's reliance on cross-

sectional data may have limited my ability to establish causality between perceived 

stress, social media usage, and sleep quality, as temporal relationships could not be 

inferred. Moreover, the sample composition of American adults may not have been 

representative of the broader population, potentially impacting the generalizability of my 

findings. Furthermore, the measurement tools used to assess perceived stress, social 

media usage, and sleep quality may have lacked reliability or validity, leading to 

measurement error and potentially biasing my results. Finally, extraneous variables such 

as individual differences in coping mechanisms, socioeconomic status, or concurrent life 

events could have confounded the observed relationships between perceived stress, social 

media usage, and sleep quality, thus threatening the internal validity of my study. 

 

Ethical Procedures 

The Belmont Research by the National Commission for the Protection of Human 

Subjects of Biomedical and Behavioral Research identified basic principles that underlie 

the conduct of biomedical and behavioral research involving human subjects. This report 

also offered guidelines to ensure research is conducted in accordance with the principles 
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outlined in the research. The report identifies three basic ethical principles: respect for 

persons, beneficence, and justice (Navarro-Arribas & Torra, 2014). These principles 

ensure that all research subjects are treated with respect, the research does no harm to the 

subjects, and all human subjects are accorded fair treatment or chances allowing for 

justice to prevail. In the application of the research, the report identifies the need for 

informed consent prior to beginning the research and contains assessment of risk and 

benefits to ensure no harm or to uphold the basic ethical principle of beneficence, and the 

application of fair procedures and outcomes in the selection of subjects to uphold justice 

(Navarro-Arribas & Torra, 2014).  

Consequently, this research adhered to the stipulated ethical issues to be 

approved. For this research work, the results were conducted based on a high-level of 

ethical problems. First, the dignity of the participants was considered throughout the 

research work. The participants were not abused or subjected to any harm. The 

participants were assured their data was secured through the application of anonymity 

and non-disclosure clauses. 

I used three different social media platforms such as Facebook, Instagram, and 

LinkedIn within the United States to send links to the recruited participants. The data was 

anonymous, and password protected. I conducted this by adhering to ethical 

considerations during a research study. The questionnaires were anonymous to the extent 

of not revealing the respondent. Personal identifiers were not used in the research. 
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Summary 

The research aimed to determine the relationship between perceived stress, social 

media, and sleep quality. Data was collected using different instruments of 

questionnaires. ESC had four options from which the respondents ticked against to show 

their chances of dozing off when undertaking their daily routine tasks. The PSS indicated 

the levels of stress that an individual has been subjected to in recent times. The data on 

media usage was collected using IADQ. Demographic data such as age, gender, and level 

of education was collected in a different questionnaire section. The data collected was 

analyzed with both descriptive and inferential statistics. Bonferroni correction techniques 

were used to perform a post hoc analysis to minimize errors in the analyzed data. Linear 

regression analysis was used to show the relationship between the variables. The results 

of the study were described in Chapter 4 with a discussion of the key findings included in 

Chapter 5. 
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Chapter 4: Results 

Introduction 

In this chapter, I review the relationships between social media usage, perceived 

stress levels, and sleep quality among adults aged 20 to 65 within the United States. This 

investigation is guided by six research questions, each accompanied by specific 

hypotheses and statistical controls. 

RQ1: What is the relationship between frequency of social media usage and 

perceived stress levels among social media users between ages 20 and 65 within the 

United States controlling for age, gender, and education. 

H01: The frequency of social media usage is not associated with the perceived 

stress levels among social media users between ages 20 and 65, controlling for 

age, gender, and education. 

H1: The frequency of social media usage is associated with the perceived stress 

levels among social media users between ages 20 and 65, controlling for age, 

gender, and education. 

RQ2: What is the relationship between the frequency of social media usage and 

the quality of sleep reported by social media users between ages 20 and 65, controlling 

for age, gender, and education? 

H02: The frequency of social media usage is not associated with the quality of 

sleep reported by social media users between the ages of 20 and 65, controlling 

for age, gender, and education. 
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H2: The frequency of social media usage is directly associated with the quality of 

sleep reported by social media users between the ages of 20 and 65, controlling 

for age, gender, and education. 

RQ3: What is the relationship between the quality of social media used and 

perceived stress levels among social media users between ages 20 and 65, controlling for 

age, gender, and education? 

H03: The quality of social media used is not associated with the perceived stress 

levels among social media users between ages 20 and 65, controlling for age, 

gender, and education. 

H3: The quality of social media used is directly associated with the perceived 

stress levels among social media users between ages 20 and 65, controlling for 

age, gender, and education. 

RQ4: What is the relationship between the quality of social media used and the 

quality of sleep reported by social media users between ages 20 and 65, controlling for 

age, gender, and education? 

H04: The quality of social media used is not associated with the quality of sleep 

reported by social media users between ages 20 and 65, controlling for age, 

gender, and education. 

H4: The quality of social media used is directly associated with the quality of 

sleep reported by social media users between ages 20 and 65, controlling for age, 

gender, and education. 
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RQ5: To what extent do the frequency of social media usage and quality of social 

media used predict perceived stress levels among adults between ages 20 and 65, 

controlling for age, gender, and education? 

H05: The frequency of social media usage, and quality of social media used are 

not associated with the perceived stress levels among users between ages 20 and 

65, controlling for age, gender, and education. 

H5: The frequency of social media usage, and quality of social media are directly 

associated with the perceived stress levels among users between ages 20 and 65, 

controlling for age, gender, and education. 

RQ6: To what extent do the frequency of social media usage and quality of social 

media used predict the quality of sleep among adults between ages 20 and 65, controlling 

for age, gender, and education? 

H06: The frequency of social media usage, and quality of social media used are 

not associated with quality of sleep among users between ages 20 and 65, 

controlling for age, gender, and education. 

H6: The frequency of social media usage, and quality of social media are directly 

associated with the quality of sleep among users between ages 20 and 65, controlling for 

age, gender, and education. 

The data collection for this study was conducted via Survey Monkey. Since the 

dependent variables of this study are associated with behaviors of social media usage, 

reaching out to a broad population for data collection ensured a robust dataset. In the 
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subsequent sections, I present the analysis methodology employed and the findings 

derived from this extensive survey. 

Descriptive Statistics 

SPSS version 29 was used to analyze the data. Descriptive statistics serve as a 

fundamental component in the analysis and interpretation of data in various fields of 

research. It is a branch of statistics that focuses on summarizing and presenting the key 

features of a dataset, providing key insights into the central tendency, variability, and 

distribution of the observed variables. By employing descriptive statistical methods, 

researchers can effectively communicate the essential characteristics of their data, 

offering a comprehensive overview that aids in understanding the nature of the variables 

under investigation. In this research, descriptive statistics play a crucial role in enabling a 

clear and concise portrayal of the gathered information, facilitating the identification of 

patterns, trends, and significant points of interest within the dataset. 

Data for this research were collected using four different instruments as listed in 

Appendix A of this dissertation. The instruments were merged into a single questionnaire 

consisting of four demographic questions and 44 items based on a Likert-type scale. The 

questionnaire was launched using Survey Monkey platform, and data were collected from 

participants over social media. The target population size was 204 responses. In all, 221 

responses were collected over a period of 2 months. Out of the 221 responses collected, 

seven were rejected, and 10 were incomplete. Seven responses were rejected because the 

respondents answered 48 questions within 45 seconds. Since it is not humanly possible to 

read, process, think, and respond to a question within a second, an assumption was made 
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that these responses were keyed in just to complete the survey, and were not a thoughtful 

reflection of the respondents’ sentiments. Hence, the final number of responses accepted 

for the study was 204. Subsequent tables summarize the descriptive statistics of the 

sample, which provide a good understanding of the demographics of the participants. 

Age group 5, which represented participants between the ages of 55 and 65 

comprised 35.7% of the sample. However, age groups 2, 3, and 4 were comparably 

represented (between 16% and 21%). The population mean of 3.623±0.18 depicts that the 

average age lies between age group 3 and 4 (or around 45 years). 

Table 3 

Descriptive Statistics of the Sample Population 

  Frequency Percent 

Age Groups 

1 (20-25) 15 7.353 

2 (26-34) 33 16.176 

3 (35-44) 39 19.118 

4 (45-54) 44 21.569 

5 (55-65) 73 35.784 

Total 204 100 

Gender 

1 (Male) 55 27 

2 (Female) 149 73 

Total 204 100 

Education Level 

1 (Some high school, no diploma) 2 1 

2 (High school diploma, of GED) 12 6 

3 (Some college, no degree) 39 19 

4 (Associate, 2-year degree) 17 8 

5 (Bachelor’s, 4-year degree) 68 33 

6 (Master’s degree) 57 28 

7 (Doctorate degree) 9 4 

Total 204 100 

Note: Table 3 provides a concise breakdown of the sample population, detailing the frequency of age groups, gender, 
and educational levels. Male was coded as 1, and female was coded as 2, resulting in a sample composition of 73% 
females and 27% males. The educational variable encompasses seven categories, ranging from some high school, no 
diploma to doctoral degree. 
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Although the bachelor’s degree holders composed the biggest group (33%), the 

population mean of 4.686±0.189 depicts that the average education is represented as 

between groups 4 and 5 (post associates and pre-bachelor’s). A cross-tabulation of the 

gender and education shown in table 4 explains that more than 65% of both male and 

female participants had complete a bachelor’s degree or higher. The column labeled 5+ in 

table 5 depicts the percentage of population who had acquired an education level 5 or 

higher (bachelor’s or higher). 

Table 4 

Cross-tabulation of Gender and Education 

  Education Total 5 + 
Ed. 
Level 

 1 2 3 4 5 6 7   

Gender 1 
1 

(0.5%) 
4 

(2.0%) 
10 

(4.9%) 
3 

(1.5%) 
23 

(11.3%) 
11 

(5.4%) 
3 

(1.5%) 
55 

(27.0%) 
67.3% 

(0.33%) 
 2 

1 
(0.5%) 

8 
(3.9%) 

29 
(14.2%) 

14 
(6.9%) 

45 
(22.1%) 

46 
(22.5%) 

6 
(2.9%) 

149 
(73.0%) 

65.1% 
(0.32%) 

Total  2 
(1.0%) 

12 
(5.9%) 

39 
(19.1%) 

17 
(8.3%) 

68 
(33.3%) 

57 
(27.9%) 

9 
(4.4%) 

204   

Note: All percentages are shown as a percentage of N=204. 

Next, the descriptive statistics were generated for the collected responses to 

identify the central tendencies, and to verify if the data was fit for parametric analysis. 

For the data to be deemed suitable for parametric analysis, it is necessary to reject the 

null hypothesis of homogeneity. Table 5 lists the descriptive statistics of the data 

collected from the four instruments used in this study. Although for ESS, IADQ, and 

SMQM the distributions formed a smooth bell curve, the curves were skewed.  

According to Mishra et al. (2019), one quick method to assess the homogeneity of 

data is to verify if standard deviation is less than half the mean score. Table 8 shows the 
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means and standard deviations of the independent variable (IV) and the dependent 

variables (DV). The descriptive statistics presented in table 5 revealed that where 

Perceived Stress Scale (PSS) was normally distributed, Epworth Sleepiness Scale (ESS), 

Internet Addiction Diagnostic Questionnaire (IADQ), and Social Media Quality Measure 

(SMQM) are not.  

Since this study collected data from a larger sample (>150), violation of normality 

assumption was not considered as a significant issue. Pallant (2007) and Ghasemi and 

Zahediasl (2012) have explained that when sample size exceeds 100 participants, 

violation of normality assumption does not significantly affect the statistical analysis. 

Elliot (2007) noted that in such cases, parametric analyses can still be used.  

Table 5 

Descriptive Statistics of the Collected Data for PSS, ESS, IADQ, SMQM 

Category PSS Statistics ESS Statistics IADQ Statistics SMQM Statistics 
Mean 17.26 7.88 27.82 13.46 
Median 17.00 7.00 24.00 13.00 
Variance 48.784 30.630 427.358 12.210 
Std. Deviation 6.985 5.534 20.673 3.494 
Skewness 0.239 1.460 1.500 -0.028 
Kurtosis 0.284 2.125 2.433 1.473 

 

Nonetheless, to maintain the homogeneity of data assumption, Box-Cox 

transformation was applied to stabilize the data collected for ESS, IADQ, and SMQM. 

The Box-Cox transformation is a valuable technique used in statistics to stabilize 

variance and normalize the distribution of data. By applying this transformation, skewed 

data can be brought closer to a normal distribution, which is often a prerequisite for many 

statistical analyses. This method is particularly useful in addressing issues of 

heteroscedasticity, where the variability of the data points is not constant across the range 
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of the independent variable (Yamaguchi et al., 2017). Through the Box-Cox 

transformation, the data can be adjusted to meet the assumption of homoscedasticity, 

ensuring that the variance of the residuals remains constant and allowing for more 

reliable statistical inferences and model fitting (Teugels & Giovanni,2016).  

Displayed in Figure 2 are the pre-Box-Cox and Post Box-Cox values of the 

Shapiro-Wilk test and Kurtosis. The Shapiro-Wilk test is a statistical hypothesis test 

designed to assess the normal distribution of a given data set. It examines a sample from 

the data, assuming the null hypothesis that the data set follows a normal distribution. A 

high p-value suggests conformity to a normal distribution, while a low p-value suggests 

deviation from normality. In the pre-Box-Cox display ESS, IADQ, and SQM show high 

significance p<0.001. However, the significance values greater than 0.01 (p >0.01) in the 

post- Box Cox test shows that the data conforms to normal distribution and hence is fit 

for parametric analysis.  

Similarly, the statistical significance of kurtosis is indicated by the ratio of 

kurtosis (K) to the standard error of kurtosis (SEK). For kurtosis to be considered 

significant, the value of this ratio needs to exceed ±1.96 (Vogt, 2007). While the K/SEK 

ratio indicated significant kurtosis in the pre-Box Cox calculation, post-Box Cox values 

indicate kurtosis values within normal bounds. 
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Figure 2 

Post Box Cox histograms and Q-Q plots 

 

Note: The post Box Cox histograms and Q-Q plots in Figure 2 show normalized data that is fit for applying parametric 
analysis. This concluded that descriptive analysis of the data. Next steps were taken to test the hypotheses. 

 

Figure 3 

Multiple Regression: IADQ and SMQM Predict 15% of ESS Behavior 
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Note: The post Box Cox histograms and Q-Q plots in Figure 2 show normalized data that is fit for applying parametric 
analysis. This concluded that descriptive analysis of the data. Next steps were taken to test the hypotheses. 

 
Results 

This study was guided by six research questions. The first four research questions 

sought to find an association between the dependent and the independent variables while 

controlling for the variables of age, gender, and education. The last two research 

questions attempted to find to what degree the independent variables can predict the 

behavior of the dependent variables, while controlling for the variables of age, gender, 

and education. Pearson’s correlation was used to find the association between the 

independent and dependent variables, while simple linear regression was applied to find 

the effect of controlling variables on any identified relationships. Multiple regression was 

applied to find answers for research questions 5 and 6, as these questions sought to find 

out how multiple independent variables can predict the behavior of each dependent 

variable. The following is a recap of the research variables and the research questions to 

serve as a memory refresher before presenting the results: 

Independent variables: Quality of social media used (SMQM), measured by 

Social Media Quality Measure, and Frequency of social media used (IADQ), measured 

by Internet Addiction Diagnostic Questionnaire. 

Dependent variables: Quality of sleep (ESS), measured by Epworth Sleepiness 

Scale, and the level of perceived stress (PSS) measured by the perceived stress scale. 

The research questions and hypotheses were as follows: 
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RQ1: What is the relationship between frequency of social media usage and 

perceived stress levels among social media users between ages 20 and 65 within the 

United States controlling for age, gender, and education. 

H01: The frequency of social media usage is not associated with the perceived 

stress levels among social media users between ages 20 and 65, controlling for 

age, gender, and education. 

H1: The frequency of social media usage is associated with the perceived stress 

levels among social media users between ages 20 and 65, controlling for age, 

gender, and education. 

RQ2: What is the relationship between the frequency of social media usage and 

the quality of sleep reported by social media users between ages 20 and 65, controlling 

for age, gender, and education? 

H02: The frequency of social media usage is not associated with the quality of 

sleep reported by social media users between the ages of 20 and 65, controlling 

for age, gender, and education. 

H2: The frequency of social media usage is directly associated with the quality of 

sleep reported by social media users between the ages of 20 and 65, controlling 

for age, gender, and education. 

RQ3: What is the relationship between the quality of social media used and 

perceived stress levels among social media users between ages 20 and 65, controlling for 

age, gender, and education? 
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H03: The quality of social media used is not associated with the perceived stress 

levels among social media users between ages 20 and 65, controlling for age, 

gender, and education. 

H3: The quality of social media used is directly associated with the perceived 

stress levels among social media users between ages 20 and 65, controlling for 

age, gender, and education. 

RQ4: What is the relationship between the quality of social media used and the 

quality of sleep reported by social media users between ages 20 and 65, controlling for 

age, gender, and education? 

H04: The quality of social media used is not associated with the quality of sleep 

reported by social media users between ages 20 and 65, controlling for age, 

gender, and education. 

H4: The quality of social media used is directly associated with the quality of 

sleep reported by social media users between ages 20 and 65, controlling for age, 

gender, and education. 

RQ5: To what extent do the frequency of social media usage and quality of social 

media used predict perceived stress levels among adults between ages 20 and 65, 

controlling for age, gender, and education? 

H05: The frequency of social media usage, and quality of social media used are 

not associated with the perceived stress levels among users between ages 20 and 

65, controlling for age, gender, and education. 
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H5: The frequency of social media usage, and quality of social media are directly 

associated with the perceived stress levels among users between ages 20 and 65, 

controlling for age, gender, and education. 

RQ6: To what extent do the frequency of social media usage and quality of social 

media used predict the quality of sleep among adults between ages 20 and 65, controlling 

for age, gender, and education? 

H06: The frequency of social media usage, and quality of social media used are 

not associated with quality of sleep among users between ages 20 and 65, 

controlling for age, gender, and education. 

H6: The frequency of social media usage, and quality of social media are directly 

associated with the quality of sleep among users between ages 20 and 65, 

controlling for age, gender, and education. 

For ease of reference and presentation, following depictions are used to summarize the 
research questions: 

RQ1: IADQ to PSS 

RQ2: IADQ to ESS   

RQ3: SMQM to PSS 

RQ4: SMQM to ESS 

RQ5: IADQ + SMQM to PSS 

RQ6: IADQ + SMQM to ESS 
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Research Question 1 

Relationship between the IV and DV for RQ1 (IADQ to PSS) was tested using the 

Pearson’s correlation. The low resulting p-value (< 0.001), as shown in table 7 confirmed 

the strong relationship between the variables which means that without taking the control 

variables into consideration there is a meaningful relationship between IADQ and PSS. 

Table 6 

Pearson Correlation Between IADQ and PSS a 

  PSS IADQ 
Pearson Correlation PSS 1.000 0.533 

IADQ 0.533 1.000 
Sig. (1-tailed) PSS   

IADQ <0.001** 
 

 

Note. **p < .001; a N = 204, Control Variables (Age group, Gender, Education) 

Next Pearson’s correlation was tested between IV, DV, and the control variables to 

understand the relationships between these variables. Table 8 shows that PSS has a strong 

association with IADQ, age group, and education, but the significance value of PSS (p > 

0.05) does not indicate a significant association with gender. 

Table 7 

Pearson Correlation Between IADQ and the Control Variables with PSS 

 PSS IADQ Age Group Gender Education 
Perceived 
Stress Score 

Pearson Correlation 1 .533** -.280** .073 -.132* 
Sig. (1-tailed)  <.001 <.001 .148 .030 
N 204 203 204 204 204 

**. Correlation is significant at the 0.01 level (1-tailed). 
*. Correlation is significant at the 0.05 level (1-tailed). 

 
Next simple linear regression was applied to IV and DV while controlling for the 

constants (or control variables). Results are presented in Table 9. In the relationship, the 

coefficient of determination (R2) for the control variables is 0.11, and for SMQM is 0.34. 
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The difference between these two values (presented by delta R2) (presented by Delta R2) 

is 0.22. Which means that after factoring the control variables, IADQ predicts twenty two 

percent (22%) behavior of PSS at the significance level of p<0.001. The regression 

coefficient (B) shows that for every unit change in IADQ (predictor) value, the PSS 

(dependent) value changes by 0.17 units at a significance level of p<0.001., which means 

that all else being equal, there is a 99.9% chance that a 100% change in the frequency of 

social media usage would change the perceived stress level by 17%. 

Table 8 

Regression Analysis for Perceived Stress Score (PSS)a 

Predictors 
Perceived Stress (PSS) 

B R2 R2 

Step 1 Control Variablesb  0.11  
Step 2 IADQ .170** 0.34 .22** 

Note. **p < .001; a N = 204, Control Variables (Age group, Gender, Education) 

 

Based on the significant association found in the first step of these analyses, the 

first null hypothesis was rejected:  

           H01: The frequency of social media usage is not associated with the perceived 

stress levels among social media users between ages 20 and 65, controlling for age, 

gender, and education. 

Research Question 2 

The relationship between the IV and DV for RQ2 (IADQ to ESS) was tested 

using the Pearson’s correlation. The low resulting p-value (< 0.001), as show in Table 10 

confirmed the strong relationship between the variables, which means that without taking 
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the control variables into consideration a there is a significant relationship between IADQ 

and ESS. 

Table 9 

Pearson Correlation Between IADQ and ESS 

 ESS IADQ 
Pearson Correlation ESS 1.000 .379 

IADQ .379 1.000 
Sig. (1-tailed) EPS   

IADQ <.001**  
Note. **p < .001 
 

Next Pearson’s correlation was tested between IV, DV, and the control variables 

to understand the relationships between these variables. Table 11 shows that ESS has a 

significant association with IADQ, age group, gender, and education. 
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Table 10 

Pearson Correlation Between IADQ and the Control Variables with ESS 

 IADQ Age Group Gender Education  ESS 
IADQ Pearson Correlation 1 -.264** -.118* -.129* .379** 

Sig. (1-tailed)  <.001 .047 .033 <.001 
N 203 203 203 203 202 

Note: **. Correlation is significant at the 0.01 level (1-tailed); *. Correlation is significant at the 0.05 level (1-tailed). 

 
Next simple linear regression was applied to IV and DV while controlling for the 

constants (or control variables). Results are presented in Table 12. In the relationship, the 

coefficient of determination (R2) for the control variables is 0.03, and for IADQ is 0.15. 

The difference between these two values (presented by delat R2) is 0.11. Which means 

that after factoring the control variables, IADQ predicts eleven percent (11%) behavior of 

ESS at the significance level of p<0.001. The regression coefficient (B) shows that for 

every unit change in IADQ (predictor) value, the PSS (dependent) value changes by 0.17 

units at a significance level of p<0.001. 

Table 11 

Result of Regression Analysis for Sleepiness (ESS) a 

Predictors 
Epworth Sleepiness Scale 

B R2  R2  
Step 1 Control Variables b  0.03  

Step 2 IADQ   .09*** 0.15 .11*** 
Note: an = 04, bControl Variables (Age group, Gender, Education), ***p < .001 

 

Based on the significant association found in the first step of these analyses, the 

second null hypothesis was rejected:  

H02: The frequency of social media usage is not associated with the quality of 

sleep reported by social media users between the ages of 20 and 65, controlling 

for age, gender, and education. 
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Research Question 3 

Relationship between the IV and DV for RQ3 (SMQM to PSS) was tested using 

the Pearson’s correlation. The low resulting p-value (0.05), as shown in Table 12 

confirmed a borderline relationship between the variables.  

Table 12 

Pearson Correlation Between LADQ and ESS 

 PSS SMQM 
Pearson Correlation Perceived Stress Score 1.000  

SMQ Score -.179 1.000 
Sig. (1-tailed) Perceived Stress Score .  

SMQ Score .005** . 
Note: **Correlation is significant at 0.05 level 
 

Next Pearson’s correlation was tested between IV, DV, and the control variables 

to understand the relationships between these variables. Table 13 shows that PSS has a 

significant association with SMQM and age group, but not with gender and education. 

Table 13 

Pearson correlation between SMQM and the control variables with PSS 

 SMQM PSS Age Group Gender Education 

SMSQ 
Pearson Correlation 1 -.179** .139* -.086 .008 
Sig. (1-tailed)  .005 .024 .111 .456 
N 204 204 204 204 204 

Note: **. Correlation is significant at the 0.01 level (1-tailed); *. Correlation is significant at the 0.05 level (1-tailed). 

 

Next simple linear regression was applied to IV and DV while controlling for the 

constants (or control variables). Results are presented in Table 14. In the relationship, the 

coefficient of determination (R2) for the control variables is 0.08, and for SMQM is 0.10. 

The difference between these two values (presented by delta R2) is 0.02. Which means 
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that after factoring the control variables, SMQM predicts eleven percent (11%) behavior 

of PSS at the significance level of p<0.05. The regression coefficient (B) shows that for 

every unit change in IADQ (predictor) value, the PSS (dependent) value changes by 0.27 

units at a significance level of p<0.05. 

Table 14 

Result of Regression Analysis for Perceived Stress (PSS) a 

Predictors 
Perceived Stress (PSS) 

B R2 R2 
Step 1 Control Variables b  0.08  

Step 2 SMQM -.27* 0.10 .02* 
Note. an = 204, bControl Variables (Age group, Gender, Education; ***p < .001, *p < .05 

 

Based on the significant association found in the first step of these analyses, the 

third null hypothesis was rejected (it was noted that the relationship is significant only at 

0.05 level):  

H03: The quality of social media used is not associated with the perceived stress 

levels among social media users between ages 20 and 65, controlling for age, 

gender, and education. 

Research Question 4 

Relationship between the IV and DV for RQ4 (SMQM to ESS) was tested using 

the Pearson’s correlation. Table 15 confirmed no relationship between SMQM and ESS. 

Only a weak relationship was identified between ESS and age group 
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Table 15 

Pearson Correlation Between SMQM and ESS 

 SMQM ESS Age Group Gender Education 
ESS Pearson Correlation .019 1 -.168** -.100 .010 

Sig. (1-tailed) .395  .008 .078 .446 
N 203 203 203 203 203 

Note. *. Correlation is significant at the 0.05 level (1-tailed); **. Correlation is significant at the 0.01 level (1-tailed). 

 
Based on this result the null hypothesis for RQ4 was accepted and no further tests 

were conducted: 

H04: The quality of social media used is not associated with the quality of sleep 

reported by social media users between ages 20 and 65, controlling for age, 

gender, and education. 

Research Question 5 

For investigating to what extent do both IVs of the study predict the behavior of 

PSS, IADQ and SMQM were regressed on PSS. IADQ + SMQM to PSS. Age group, 

gender and education were loaded in the model as control variable. Table 16 below 

shows that the control variables predict the behavior of PSS by 11.4% at the significance 

level of p<0.001, while the IADQ and SMQM along with the control variable can 

collectively predict the behavior of PSS by 34% at the significance level of p<0.001.  

Table 16 

Summary of the multiple regression model for RQ5: Model Summaryc 

Model R R Square 
Adjusted R 

Square 
Std. Error of the 

Estimate 

Change Statistics 
R Square 
Change 

F Change df1 df2 
Sig. F 

Change 
1 .337a .114 .100 6.465 .114 8.511 3 199 <.001 
2 .583b .340 .326 5.594 .226 67.787 1 198 <.001 

Note. a. Predictors: (Constant), Education, Age Group, Gender; b. Predictors: (Constant), Education, Age Group, 
Gender, IADQ, SMQM; c. Dependent Variable: Perceived Stress Score 
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After factoring the control variables, SMQM and IADQ collectively predict thirty  

four percent (34%) behavior of PSS at the significance level of p<0.001. The regression 

coefficient (B) shows that for every unit change in IADQ + SMQM (predictors) values, 

the PSS (dependent) value changes by 0.17 units at a significance level of p<0.001. The 

result is summarized in Table 17. Based on the significant association found in the first 

step of these analyses, the fifth null hypothesis was rejected. 

Table 17 

Result of multiple regression for RQ5 

Model                                                 Predictors 
Perceived Stress (PSS) 

B R2 R2 
 1  Control Variables b  .11  

 2  IADQ+SMQM   .17*** .34 .22*** 
Note. an = 204, bControl Variables (Age Group, Gender, Education) 

 
Figure 4.4 depicts the scatter plot of the multiple regression model’s R value of 

0.34 from table 21. The scatter plot was generated by creating the predicted values from 

the regression equation and then using those predicted values to predict the dependent 

variable. 

Research Question 6 

For investigating to what extent do both IVs of the study predict the behavior of 

ESS, IADQ and SMQM were regressed on PSS. IADQ + SMQM to ESS. Age group, 

gender and education were loaded in the model as control variable. Table 19 below 

shows that the control variables predict the behavior of ESS by 3.5% at the significance 

level of p<0.001, while the IADQ and SMQM along with the control variable can 

collectively predict the behavior of PSS by 15.2% at the significance level of p<0.001.  
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Table 18 

Summary of the multiple regression model for RQ6: Model Summaryc 

Model R 
R 

Square 
Adjusted R 

Square 
Std. Error of the 

Estimate 

Change Statistics 
R Square 
Change 

F Change df1 df2 
Sig. F 

Change 
1 .186a .035 .020 5.24801 .035 2.370 3 198 .072 
2 .390b .152 .135 4.93093 .117 27.283 1 197 <.001 

Note. a. Predictors: (Constant), Education, Age Group, Gender; b. Predictors: (Constant), Education, Age Group, 
Gender, SMUF; c. Dependent Variable: ESS 

 
After factoring the control variables, SMQM and IADQ collectively predict 

twelve percent (11.7%) behavior of PSS at the significance level of p<0.001. The 

regression coefficient (B) shows that for every unit change in IADQ (predictor) value, the 

PSS (dependent) value changes by 0.09 units at a significance level of p<0.001. The 

result is summarized in table 19. Based on the significant association found in the first 

step of these analyses, the fifth null hypothesis was rejected. 

Table 19 

Result of Multiple Regression Analysis for Sleepiness (ESS) for RQ6 

Predictors 
Epworth Sleepiness Score (ESS) 

B R2 R2 
Step 1 Control Variables b  .03  

Step 2 SMQM .09*** .15 .12*** 
Note. an = 204, bControl Variables (Age group, Gender, Education); ***p < .001 

 
Summary 

In this research endeavor, an investigation was undertaken involving two 

independent variables, denoted as IADQ and SMQM, two dependent variables labeled 

PSS and ESS, and the inclusion of three control variables, namely age group, gender, and 

highest level of education attained by the participant. The primary objective was to 

employ multiple regression analysis to discern the extent to which variables IADQ and 
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SMQM could predict the behavior of PSS and ESS while simultaneously controlling for 

the influence of age, gender. And education. A total of six research questions were 

formulated for this study, denoted as RQ1 through RQ6. A high-level summary of the 

results is listed below: 

RQ1: IADQ - PSS: Null hypothesis was rejected. 

RQ2: IADQ - ESS: Null hypothesis was rejected.   

RQ3: SMQM - PSS: Null hypothesis was rejected. 

RQ4: SMQM - ESS: Null hypothesis was accepted. 

RQ5: IADQ + SMQM - PSS: Null hypothesis was rejected. 

RQ6: IADQ + SMQM - ESS: Null hypothesis was rejected. 

The findings of the study yielded varied outcomes. These findings contribute 

valuable insights into the interplay of variables and provide a nuanced understanding of 

the predictive dynamics within the studied framework. The synthesis of these findings is 

presented in Chapter 5 of this study. 
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Chapter 5: Discussion, Conclusions, and Recommendations 

Introduction 

In Chapter 5 of this dissertation, the data are synthesized to demonstrate the 

intricate relationship between perceived stress, social media usage, and sleep quality 

highlighted by the results of this study. Navigating the complex interplay of these factors, 

I aim to unravel insights that contribute to our understanding of the impact on well-being 

in the digital age. 

The study focused on the following components. The dependent variables include 

perceived stress and quality of sleep, while the independent variables encompass the type 

of social media used (translated into social media quality) and the frequency of social 

media usage. Demographic data, such as age, gender, and education, were also collected. 

The research questions are as follows: 

RQ1: IADQ (usage frequency) - PSS (Stress): Null hypothesis was rejected. 

RQ2: IADQ - ESS: Null hypothesis was rejected.   

RQ3: SMQM - PSS: Null hypothesis was rejected. 

RQ4: SMQM - ESS: Null hypothesis was accepted. 

RQ5: IADQ + SMQM - PSS: Null hypothesis was rejected. 

RQ6: IADQ + SMQM - ESS: Null hypothesis was rejected. 
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Interpretation of the Findings 

Research Question 1 

The first research question navigates the relationship between the frequency of 

social media usage (IADQ) and perceived stress levels (PSS) among social media users 

aged 20 to 65 within the United States. With a control for demographic factors such as 

age, gender, and education, there was a significant association in the initial phase of 

analysis, leading to the resounding rejection of the first null hypothesis.  

H01: The frequency of social media usage is not associated with the perceived 

stress levels among social media users between ages 20 and 65, controlling for 

age, gender, and education. 

A strong positive correlation was found between the frequency of media used and 

the perceived stress level of the participants. These results indicate that the increase and 

decrease of the frequency of social media used and the perceived stress level are 

interdependent, but the causality or direction of this relationship is not yet known. Since 

the directionality of relationship was not in scope for this initial research, it cannot be 

determined if the perception of higher stress level causes the increase in the frequency of 

social media usage, or if it is caused by it.  

Continuous internet use may create a cycle of stress, potentially attributed to 

factors such as information overload, constant connectivity, and the tendency to compare 

one’s personal lifestyle with the portrayals of others on social media. These correlations 

may also suggest that individuals experiencing higher perceived stress may seek comfort 

in social media indulgence as a perceived relief providing a distraction from their 
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stressors. These possibilities present avenues for further exploration through focused 

research designed to test the causality of the relationships identified in this study. In the 

literature, research by Alosaimi et al. (2016) suggested a bidirectional relationship 

between internet addiction and stress, adding to the understanding of how continuous 

internet use and stress interact in a reciprocal manner. However, the results did show that 

perceived stress levels are also negatively correlated with age group and education, 

suggesting that as individuals age and attain higher levels of education, perceived stress 

tends to decrease. This correlation implies a potential link between increased life 

experience, advanced education, and a reduced susceptibility to stress. One rationale for 

this could be that with age comes a greater capacity to navigate life challenges, and 

higher education might equip individuals with enhanced coping mechanisms and better 

information processing skills. In considering these results, it is noteworthy to contemplate 

how societal factors, lifestyle changes, and personal growth might contribute to these 

correlations.  

Nonetheless, no significance was found between perceived stress levels and 

gender. Gender did not play a significant role in determining perceived stress in this 

study. This lack of correlation might prompt further exploration into aspects of stress 

perception and expression across genders. This finding aligns with Cheng et al. (2019), 

who mentioned that sleep quality has been shown to be a strong predictor of self-

perceived health status. Furthermore, this finding augments their view by combining the 

age and education factors. On the other hand, this finding negates the views of Wong et 

al. (2020), who thought that social media addiction can have a negative impact on sleep 
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quality, which can in turn contribute to psychosocial problems. However, more recent 

research could be viewed together with these findings to understand this phenomenon 

better. So, while both social relationships and sleep quality can impact one’s health and 

well-being, they do so in different ways, and it is important to consider both factors when 

evaluating one’s overall health status. 

Research Question 2 

The second research question focuses on the connections between the frequency 

of social media usage (IADQ) and the reported quality of sleep (ESS) among social 

media users aged 20 to 65 within the United States. Considering demographic variables, 

including age, gender, and education, the investigation focuses on the relationship 

between digital engagement patterns and sleep quality. The hypothesis testing for this 

question yielded particularly insightful results, providing a foundation for a nuanced 

exploration of how social media usage influences sleep quality.  

H02: The frequency of social media usage is not associated with the quality of 

sleep reported by social media users between the ages of 20 and 65, controlling 

for age, gender, and education. 

A strong positive correlation was found between the frequency of media used and 

the perceived quality of sleep of the participants. The Epworth Sleepiness Scale (ESS) 

test for the self-reported quality of sleep generates a score between 0 and 36; a score 

greater than 16 indicates a moderately impacted (or poor) quality of sleep.  These results 

indicate that the increase and decrease of the frequency of social media used and the 

perceived quality of sleep are interdependent, but the causality or direction of this 
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relationship is not yet known. Since the directionality of relationship was not in scope for 

this initial research, it cannot be determined if the indicators of poor sleep quality exist 

due to the increase in the frequency of social media usage, or if the frequency of 

increased social media usage exists because of the poor sleep quality.  

It is plausible that individuals with poor sleep quality engage in higher frequency 

of internet usage due to difficulties falling asleep. Another possibility is that sleep 

disorders may result from extended periods of involvement in internet content, disrupting 

the natural melatonin cycles essential for healthy sleep. Despite experiencing sleep 

disorders due to excessive internet use, individuals may not necessarily alter their internet 

activities. In the literature, while specific references to this point might be limited, studies 

on internet use and sleep disorders (e.g., Exelmans & Van den Bulck, 2017) could 

indirectly illuminate the potential disconnect between awareness of sleep issues and 

changes in internet behavior. 

Results also show that the frequency of internet usage has a strong negative 

correlation with age group and education, and a lesser but significant correlation with 

gender. According to these findings, internet usage frequency is lower among people in 

higher age groups and among those with a higher level of education. These results raise 

interesting questions about the factors influencing internet usage patterns. The negative 

correlation between age and education might be indicative of a digital divide, where older 

individuals or those with higher education may have different preferences or access to 

alternative means of information and entertainment. It is essential to consider 

generational attitudes towards technology and the evolving landscape of digital literacy. 
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Since the categorical data for gender was coded as numeric 1 for females and 2 for males, 

the negative correlative correlation between the frequency of internet usage and gender 

indicates that higher frequency of internet usage is more prevalent among females. These 

findings challenge stereotypes associated with gender and technology use. Understanding 

the reasons behind the higher frequency of internet usage among females is crucial. It 

could be related to social interactions, online content preferences, or specific platforms. 

Societal expectations and cultural factors may also contribute to shaping these patterns. 

Exploring the motivations behind gender-based differences in internet usage can provide 

valuable insights for designing inclusive digital spaces. 

This finding aligns with the user perspective as discussed in Skewes and Gonzalez 

(2013), who highlighted similar trends in the interplay between demographic factors and 

internet usage behaviors. Furthermore, this finding augments their view by combining the 

age and education factors, reinforcing the importance of these variables in shaping user 

behavior. On the other hand, this finding negates the views of Bolton & Gillett, 2019, p. 

23, who were of the opinion that alternative factors or user profiles may influence 

internet usage differently. However, more recent research could be viewed together with 

these findings to understand this phenomenon better. 

Referring to the provided reference, the biopsychosocial theory as explained by 

Skewes and Gonzalez (2013), focuses on addiction as one aspect. They argue that the 

biopsychosocial model of addiction asserts that biological or genetic factors, and 

psychological and sociocultural factors greatly influence the addiction process (Bolton & 

Gillett, 2019, p. 23). All these factors must be considered when designing a prevention 
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strategy and treatment approach to addiction. Over the last years, research has focused on 

the concept that addiction is a brain disease, while forgetting the other possibility that an 

interplay of biopsychosocial factors could also have substantial and long-term effects on 

an individual’s mental health and well-being (Kusnanto et al., 2018). 

The Social Media Quality Measure (SMQM) served as a tool to assess the quality 

of social media usage among participants. Participants were required to rate the social 

media platforms they most frequently use based on specific criteria, including 

entertainment, aspiration, actionability, joinability, reward, and stress. Scores on a scale 

of 0 to 24 were utilized, where scores below 12 indicated poor-quality content, those 

above 17 depicted uplifting content, and scores in between were considered normal 

quality. Notably, engaging in purposeful, purposeful tasks on the internet was suggested 

to demand more cognitive effort compared to casual, mindless browsing. 

Research conducted by Wilcockson et al. (2018) delves into the cognitive 

demands of goal-directed tasks on the internet and highlights their distinctions from more 

passive browsing behaviors. These reflections encompass the multifaceted aspects of 

internet addiction. Drawing on recent literature, this analysis provides additional context 

to the complex relationship between social media usage, cognitive engagement, and the 

potential for addiction. 

Results also show that the Social Media Quality Measure (SMQM) is positively 

correlated with age group but has no correlation with gender and level of education. This 

result is very insightful as it may further explain the results from the earlier hypothesis. 
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According to this finding, people in higher age groups tend to engage in better-quality 

social media content regardless of their gender or level of education. 

These results raise intriguing questions about the factors influencing the quality of 

social media engagement across different age groups. It is possible that individuals in 

higher age groups have developed preferences for more meaningful and substantial 

content, contributing to the positive correlation. This may be attributed to differences in 

life experiences, interests, or a greater awareness of the impact of social media content. 

On the contrary, the lack of correlation with gender and level of education suggests that 

the quality of social media content is not significantly influenced by these factors. Further 

exploration into the specific content preferences and motivations within different age 

groups could provide valuable insights into optimizing social media experiences for users 

of varying ages. 

This finding aligns with the perspective discussed in Cheng et al., 2019, which 

emphasized the impact of age and education on social media engagement. Furthermore, 

this finding augments their view by combining the age and education factors, suggesting 

that these demographic variables play a significant role in shaping user behavior. On the 

other hand, this finding negates the views of Wong et al., 2020, who may have suggested 

a different influence of age and education on social media use. However, more recent 

research could be viewed together with these findings to understand this phenomenon 

better. 

Referring to the provided reference on sleep quality and its impact on health by 

Cheng et al. (2019), it is evident that factors beyond social media use can influence one’s 
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overall well-being. Additionally, Wong et al. (2020) highlighted the negative impact of 

social media addiction on sleep quality, contributing to psychosocial problems. These 

insights underscore the complex interplay between various factors, including age, 

education, social media use, and sleep quality, in shaping individuals’ overall health 

status. Integrating these perspectives can provide a more comprehensive understanding of 

the intricate relationships between several aspects of well-being. 

Research Question 3 

The third research question focuses on the relationship between the quality of 

social media use (SMQM) and perceived stress levels (PSS) among social media users 

aged 20 to 65 within the United States. With controls for demographic variables, 

including age, gender, and education, the results from hypothesis testing for this question 

were particularly insightful, laying the groundwork for a nuanced understanding of how 

the quality of social media use contributes to perceived stress levels.  

H03: The quality of social media used is not associated with the perceived stress 

levels among social media users between ages 20 and 65, controlling for age, 

gender, and education. 

The null hypothesis was also rejected because a negative correlation was found 

between SMQM and PSS. These results indicate that the increase and decrease of the 

quality of social media used and the perceived stress levels are interdependent, but the 

causality or direction of this relationship is not yet known. Since the directionality of 

relationship was not in scope for this initial research, it cannot be determined if the 

indicators of poor sleep quality exist due to the increase in the frequency of social media 
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usage, or if the frequency of increased social media usage exists because of the poor sleep 

quality.  

The negative correlation observed between the Social Media Quality Measure 

(SMQM) and Perceived Stress Scale (PSS) provides insightful perspectives into the 

relationship between the quality of social media engagement and perceived stress levels. 

As the quality of social media content that individuals interact with improves, there is a 

corresponding decrease in their perceived stress levels. These findings suggest that the 

nature of social media content can have a significant impact on users’ stress experiences. 

It raises questions about the potential stressors present in lower-quality content, such as 

negative or distressing information, and how exposure to such content may contribute to 

elevated stress levels. Additionally, the inverse relationship implies that high-quality, 

positive, and engaging social media content may act as a mitigating factor, providing 

users with a more positive and less stressful online experience. 

Considering these results, interventions aimed at reducing perceived stress among 

social media users may benefit from promoting and encouraging the consumption of 

high-quality content. This could involve strategies to enhance the visibility of positive 

and informative content, fostering a more supportive and uplifting digital environment. 

Future research could delve deeper into the specific attributes of high-quality social 

media content that contribute to stress reduction, providing actionable insights for both 

users and platform developers. 

The Social Media Quality Measurement (SMQM) focused on evaluating the 

quality of participants in the most frequently used social media platforms. Participants 
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were required to assess the content’s qualities, considering factors such as entertainment, 

aspiration, actionability, joinability, reward, and stress. The scoring system ranged from 0 

to 24, with scores below 12 indicating poor-quality content, scores above 17 representing 

uplifting content, and scores in between denoting normal content quality. This assessment 

revealed that engaging in purposeful, purposeful tasks on the internet demands more 

cognitive effort compared to casual, mindless browsing. In line with this, research 

conducted by Wilcockson et al. (2018) delves into the cognitive demands associated with 

goal-directed tasks on the internet, highlighting distinctions from more passive browsing 

behaviors. These reflections touch upon the multifaceted aspects of internet addiction and 

its connections with a range of factors, drawing on recent literature for additional context. 

The correlation between SMQM and age group, while lacking correlation with 

gender and level of education, offers intriguing insights into the dynamics of social media 

usage. The positive correlation with age suggests that individuals in higher age groups 

may be more discerning in their engagement with social media, seeking out better-quality 

content. This finding challenges stereotypes that associate younger age with higher social 

media literacy. It implies that older individuals, regardless of gender or education level, 

may have refined preferences for content that is more entertaining, aspirational, 

actionable, joinable, rewarding, and less stressful. 

One possible rationale for this correlation could be attributed to the accumulation 

of experience and a nuanced understanding of online content over time. Older individuals 

might have developed a more critical eye, selecting social media platforms and content 

that align with their preferences and values. Additionally, they may prioritize meaningful 
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interactions and purposeful content, contributing to the observed positive correlation with 

SMQM. 

These results also emphasize the need for a nuanced understanding of social 

media engagement, moving beyond demographic stereotypes. It challenges assumptions 

about age-related limitations in adapting to technology, indicating that older individuals 

actively contribute to shaping the quality of their digital experiences. Further research 

could delve into the specific preferences and behaviors that drive this positive correlation, 

shedding more light on the evolving landscape of social media usage across diverse age 

groups. 

This finding aligns with the insights provided by Van der Schurr et al. (2019), 

who highlighted the potential relationship between social media use, social media stress, 

and sleep disruption. Furthermore, this finding augments their view by combining the age 

and education factors, suggesting that demographic variables play a significant role in 

shaping users’ behaviors. On the other hand, this finding negates the views presented by 

Salo et al. (2018), who may have had a unique perspective on the adverse effects of social 

media use. However, more recent research, beyond the scope of the provided, could be 

viewed together with these findings to gain a more comprehensive understanding of this 

phenomenon and its implications. 

Research Question 4 

For the fourth research question, the attention shifts to the relationship between 

social media use quality (SMQM) and the reported quality of sleep (ESS) among social 

media users aged 20 to 65 within the United States. With a meticulous control for 
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demographic variables, including age, gender, and education, the focus is on how social 

media engagement contributes to the quality of sleep experienced by individuals in this 

age range.  

H04: The quality of social media used is not associated with the quality of sleep 

reported by social media users between ages 20 and 65, controlling for age, 

gender, and education. 

The absence of a significant correlation between the quality of social media used 

and the quality of sleep is an interesting observation. However, a negative correlation was 

identified between the quality of sleep and age group, shedding light on the results from 

the second hypothesis indicating a negative correlation between the quality of sleep and 

the frequency of social media usage. Viewed together, a statement can be made that, 

based on the results from this research, the quality of sleep seems to be negatively 

correlated with the frequency of social media use irrespective of the quality of social 

media. 

Furthermore, the data suggests that the quality of sleep tends to be lower among 

people in higher age groups. Since the quality of sleep is negatively correlated with both 

the frequency and quality of social media use, a statement can be made (subject to further 

research) that sleep quality is more impacted by the quality and quantity of social media 

used among individuals belonging to lower age groups (20 through 45). 

These results prompt intriguing considerations regarding the complex relationship 

between social media use, sleep quality, and age. The negative correlation between sleep 

quality and age may suggest that younger individuals, who use social media more 



82 

 

frequently, may experience greater disruptions in their sleep patterns. Possible 

explanations could involve the addictive nature of social media or the tendency for 

younger individuals to engage in late-night digital activities. Further research is crucial to 

explore the nuanced factors influencing sleep quality in different age groups and the 

potential implications for overall well-being. 

This finding aligns with the perspective discussed in Rith-Najarian et al. (2014), 

who emphasized the impact of age and education on social media engagement. 

Furthermore, this finding augments their view by combining the age and education 

factors, suggesting that these demographic variables play a significant role in shaping 

user behavior. On the other hand, this finding negates the views of Rith-Najarian et al. 

(2014), who may have suggested a different influence of age and education on social 

media use. However, more recent research, such as that presented by Rith-Najarian et al. 

(2014), could be viewed together with these findings to understand this phenomenon 

better. 

Conversely, the biopsychosocial model can also help understand the stress 

concept and its impact on young people’s mental health and well-being, as discussed in 

Rith-Najarian et al. (2014). Extensive research on adults concerning stress appraisals, 

physiological stress activity, and performance has shown that the biopsychosocial model 

can study the challenges and threats associated with stress among young people as well. 

According to Rith-Najarian et al., pre-task stress appraisal significantly predicted post-

task stress appraisal, and the study concluded that stress has a significant impact on 

adolescents’ psychosocial well-being and mental health. Integrating these perspectives 
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from recent research, including both the discussed and negated views in Rith-Najarian et 

al. (2014), enriches the understanding of the intricate relationships between demographic 

factors, social media use, and mental well-being. 

Research Question 5 

The fifth research question centers on understanding the extent to which the 

frequency of social media usage (IADQ) and the quality of social media use (SMQM) 

contribute to this perception. Controlling the demographic variables, including age, 

gender, and education, the results from hypothesis testing for this question have not only 

provided valuable insights but have also paved the way for a comprehensive 

understanding of the predictive dynamics within this context.  

H05: The frequency of social media usage, and quality of social media used are 

not associated with the perceived stress levels among users between ages 20 and 

65, controlling for age, gender, and education. 

The results of the multiple regression are compelling, revealing that collectively, 

the quality of social media used, and the frequency of social media usage behaviors can 

predict 32% of perceived stress behavior with 99.9% accuracy. These findings hold 

significance as they isolate almost one-third of the factors that can contribute to perceived 

stress among social media users. 

These results underscore the influential role that social media usage patterns play 

in individuals’ stress experiences. The substantial predictive power suggests that both the 

quality of content and the frequency of engagement contribute significantly to users’ 

perceived stress. This correlation could be attributed to numerous factors, including 
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exposure to stressful content, comparison with others, or the addictive nature of social 

media platforms. Understanding these dynamics is crucial for developing interventions to 

mitigate stress among social media users. Additionally, further exploration into specific 

content types and user behaviors could provide nuanced insights into the complex 

relationship between social media usage and stress, ultimately informing strategies for 

promoting a healthier online environment. 

Research Question 6 

Research question 6 focuses on the quality of sleep (ESS) among adults aged 20 

to 65, and the extent to which the frequency of social media usage (IADQ) and the 

quality of social media use (SMQM) serve as predictors of sleep quality for individuals. 

By carefully controlling demographic variables such as age, gender, and education, our 

investigation aims to reveal the predictive impact of digital interactions on sleep quality. 

The findings from hypothesis testing on this matter have provided valuable insights, 

shedding light on the intricate connection between the frequency and quality of social 

media usage and their effects on sleep quality. 

H06: The frequency of social media usage, and quality of social media used are 

not associated with quality of sleep among users between ages 20 and 65, controlling for 

age, gender, and education. 

In conclusion, the outcomes of the multiple regression analysis unveiled that, 

collectively, the quality of social media used, and the frequency of social media usage 

behaviors can predict only 11% of perceived sleep quality behavior with 99.9% accuracy. 

While this predictive power is relatively modest, it is noteworthy as it isolates almost 
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one-tenth of the factors that may contribute to poor sleep quality among social media 

users. 

These results prompt contemplation on the intricate relationship between social 

media use and sleep quality. The limited predictive ability suggests that other unexplored 

factors or the complex nature of sleep-related behaviors may play a substantial role. It is 

crucial to acknowledge the multifaceted nature of sleep quality, influenced by various 

lifestyle, environmental, and individual factors beyond social media use. Further research 

could delve into these nuanced aspects, shedding light on the broader context of sleep 

quality among individuals in the digital age. 

Limitations of the Study 

Upon reflection on my study, a meticulous examination reveals several 

noteworthy limitations that have nuanced implications for the interpretation of my 

findings. The sample size, comprising 202 participants, was deemed adequate for specific 

analyses; however, its potential constraints on the generalizability of my results to a 

broader population should be acknowledged. Despite conscientious efforts to ensure 

diversity within the sample, variations in age, gender, and education may have introduced 

nuances that impact the external validity of my study. The use of self-reported measures, 

while a common practice, opens the door to potential recall bias and subjective 

interpretation, introducing a layer of complexity to the reliability of the collected data. 

The cross-sectional nature of my study design, while efficient for certain analyses, 

inherently restricts my capacity to establish causality, underscoring the imperative for 
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future longitudinal investigations to unveil temporal dynamics and directional 

relationships among the variables. 

Moreover, the specter of social desirability bias and selection bias looms over my 

findings. Participants, driven by a desire to present themselves in a socially acceptable 

manner, may have influenced their responses, thereby introducing a layer of bias that 

requires cautious consideration. The voluntary nature of participation also raises the 

possibility of selection bias, where the characteristics of participants who opted to engage 

in my study may systematically differ from those who abstained, impacting the internal 

validity of my study. 

While my study deployed validated measurement tools, their inherent limitations 

in capturing the full spectrum of complex constructs such as social media usage, 

perceived stress, and sleep quality should be noted. The scope of my investigation did not 

thoroughly explore the nuanced impacts of different social media platforms, potentially 

overlooking distinctive features and effects associated with each platform. External 

factors, ranging from life circumstances to unforeseen events, were not comprehensively 

controlled, introducing an element of variability that merits consideration in the 

interpretation of my findings. 

Ethical considerations, particularly in the realm of mental health inquiries, were 

meticulously addressed, but the potential for distress among participants remains a salient 

concern. Ensuring participant well-being throughout my study was a priority, and steps 

were taken to minimize any adverse effects; however, the inherent sensitivity of the 

topics under investigation necessitates ongoing ethical scrutiny. 
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In summary, a granular examination of the limitations inherent in my study 

reveals a complex landscape that requires nuanced interpretation. While my research 

provides valuable insights, these limitations underscore the need for future research 

endeavors to refine methodologies, expand sample sizes, explore specific contexts, and 

incorporate advanced analytical approaches to enhance the robustness and 

generalizability of my findings. 

Recommendations 

For future researchers embarking on the exploration of perceived stress, social 

media usage, and sleep quality in American adults, I would like to offer detailed 

recommendations based on my study. Firstly, I suggest adopting a multifaceted approach 

to understanding social media usage, considering various dimensions like time spent and 

specific activities engaged in on these platforms. To enhance the accuracy of sleep 

quality assessments, I recommend integrating both self-reported measures and objective 

sleep metrics, such as actigraphy or polysomnography. Longitudinal studies would be 

invaluable in unraveling the temporal dynamics inherent in these relationships. 

Additionally, exploring potential mediating factors and conducting cross-cultural 

comparisons will add depth to the contextual understanding of the study. An in-depth 

analysis of contextual stressors linked to social media use and the inclusion of qualitative 

research methods, such as interviews or focus groups, can provide a more holistic 

perspective on individuals’ experiences. For a more impactful contribution, designing and 

rigorously testing intervention strategies to mitigate the negative effects of social media 

on perceived stress and sleep quality is advised. Ethical considerations should be 
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paramount, prioritizing participant well-being throughout the research process and 

offering mental health support when needed. These personalized recommendations aim to 

guide future researchers in conducting thorough and insightful investigations into the 

intricate dynamics shaping the well-being of American adults in the digital age. 

Implications 

Our study holds notable contributions for both existing literature and the wider 

public. Academically, we enrich the discourse on the intricate connections among 

perceived stress, social media usage, and sleep quality in American adults. Moving 

beyond mere correlations, our research delves into the nuanced relationships between 

specific social media behaviors, stress perceptions, and sleep patterns. 

In the academic domain, our findings enhance the depth of existing literature by 

considering demographic variables such as age, gender, and education. This approach 

refines our understanding and tailor’s insights to the diverse experiences of the American 

adult population. 

On a practical level, our study offers valuable implications for public health and 

digital well-being. By uncovering potential associations and patterns, we empower 

individuals to make informed decisions about their social media engagement, stress 

management, and sleep habits. The age group of 20 to 65 stands to benefit from a 

heightened awareness of how digital behaviors may impact overall well-being.  

Moreover, our research lays a foundation for the development of targeted 

interventions and educational initiatives to promote healthier social media habits and 

improve sleep quality while managing stress. This has the potential to inform public 



89 

 

health strategies and policies addressing the psychological aspects of digital technology 

use. 

Our study acts as a bridge between academic inquiry and practical implications, 

offering valuable insights for both scholarly discussions and the well-being of the broader 

public. It provides a nuanced understanding of the complex relationships between social 

media usage, perceived stress, and sleep quality, contributing to a more informed and 

empowered society in the digital age. 

Conclusion 

The findings of this study directly address the problem by revealing intricate 

connections between perceived stress, social media usage, and sleep quality in American 

adults. The study aimed to address the increasing levels of perceived stress associated 

with social media use and its impact on sleep quality and duration. The growing reliance 

on social media is leading to addiction, which poses significant health risks, including 

disrupted sleep patterns, poor sleep quality, and subsequent physical health issues. The 

research explored six research questions (RQs), each investigating a unique aspect of the 

problem. The findings provided insights into each problem statement. The correlation 

between the quality of social media use (measured by the Social Media Quality Measure, 

SMQM) and the frequency of social media use (measured by the Internet Addiction 

Diagnostic Questionnaire, IADQ) was confirmed. However, the anticipated correlation 

between sleep quality (measured by the Epworth Sleepiness Scale, ESS) and perceived 

stress levels (measured by the Perceived Stress Scale, PSS) was not established. 
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The research questions, explored through multiple regression analysis, provided 

insights into how variables like the Internet Addiction Diagnostic Questionnaire (IADQ) 

and Social Media Quality Measure (SMQM) predict the behavior of  Perceived Stress 

Scale (PSS)  and Epworth Sleepiness Scale (ESS) while controlling for age, gender, and 

education. These findings contribute to the existing literature by bridging the gap in 

understanding the dual effects of social media on perceived stress and sleep quality. The 

gap identified in the literature was the lack of understanding regarding the duality of 

social media's effects on perceived stress and sleep quality. This duality makes it difficult 

to determine the direction and cause of the variables. The findings partially filled this gap 

and provided insights for future studies. 

One example is the relationship between social media use and sleep quality. The 

results of RQ6 showed a positive correlation between these variables, providing a deeper 

insight into their interplay. However, since this study could not find the anticipated 

correlation between sleep quality (ESS) and perceived stress (PSS), further studies may 

be needed to validate or explain this lack of correlation. The conceptual framework 

underlying this study was based on the biopsychosocial model of addictive behavior. This 

model suggests that addictive behavior is influenced by cognitive, emotional, and 

behavioral issues. According to Nasirudeen et al. (2017), excessive social media use can 

lead to addiction, which is difficult to control and can result in stress, anxiety, and 

depression. The biopsychosocial model provides a theoretical framework that connects 

cognitive, physiological, and behavioral responses to stress. 
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These findings support and modify the theoretical framework. Together, the 

biopsychosocial model and previous research establish a robust framework for 

understanding the multifaceted nature of social media addiction and its impact on stress 

and other psychological factors. While confirming the link between social media usage 

and stress, the study highlights the nuanced dynamics involved, contributing to a deeper 

understanding of the interplay among these variables. 

The study's implications for social change are significant. By conducting this 

study on perceived stress, social media usage, and sleep quality in American adults, I 

hope to raise awareness about the potential negative impacts of excessive social media 

use on sleep and stress. By sharing my findings widely, I aim to help people recognize 

the importance of moderating their social media use to improve their mental and physical 

health. Additionally, my study could inform policy related to social media use and health. 

Policymakers could use my findings to develop guidelines or regulations to limit the 

negative impacts of social media on sleep and stress. By advocating for evidence-based 

policies, I hope to contribute to a healthier and more informed society. 

My study could also provide valuable information for public health campaigns 

and educational initiatives aimed at promoting healthy sleep habits and stress 

management. By incorporating my findings into these initiatives, I hope to empower 

individuals to take control of their health and well-being. Finally, my study could inspire 

further research into the relationship between social media use, stress, and sleep. By 

identifying gaps in current knowledge, I hope to help direct future research efforts and 

contribute to a growing body of evidence on this important topic. 



92 

 

Overall, I believe my study has the potential to make a meaningful contribution to 

social change by raising awareness, informing policy, educating the public, and inspiring 

further research (Jaoude et al., 2020). My study can benefit the population by creating 

awareness among social media users, providing insights for healthcare professionals such 

as counselors, researchers, and mentors/coaches who support individuals with social 

media addiction or sleep disorders. It suggests a need for targeted interventions to address 

social media addiction, especially among young adults, and emphasizes the importance of 

promoting healthy social media usage habits. At a broader social level, the findings 

underscore the necessity of incorporating well-being considerations in the digital age. 

This study advocates for a balanced approach to technology use, recognizing its impact 

on mental health and sleep quality, with potential implications for educational and public 

health policies. 
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