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Abstract
As technology continues to advance, more people are using the internet to search for
health information. This jump in online health information seeking has prompted
researchers to examine different aspects of health information-seeking behavior because
of the impact that online health information has on the patient and their overall health.
There are very little data pertaining to specific factors that can predict online health-
seeking behavior. This document examines predictive factors of online health-seeking
behaviors, which are age, gender, education, income, overall health, and ethnicity, using
a quantitative approach with a correlational design grounded in the theory of planned
behavior. Data were retrieved using web-based surveys. The data obtained from this
study may help medical professionals to understand what factors predict online health-
seeking behaviors in an attempt to modify, develop, and implement methods that can
promote positive online health seeking, ultimately resulting in overall better health
outcomes, bringing about positive social change specifically for those individuals
identified with the largest challenge in accessing healthcare and who are inclined to
search for health information online. Survey data were collected for approximately 171
participants, and a binomial logistic regression was used to examine whether the
independent variables were predictive factors for online health-seeking behaviors. The
data determined that none of the independent variables were statistically significant;
however, findings highlighted the need for further research on the demographics that
participate in such studies as well as various limitations that can be addressed in future

studies.
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Chapter 1: Introduction to the Study
Introduction

This study specifically examined predictors of online health-seeking behaviors.
According to Jia et al. (2021), individuals are more inclined to be more compliant with
medical advice and recommendations after seeking health information online; therefore,
it is important to understand what factors predict online health seeking in order to
positively influence social change in terms of overall health outcomes. In addition, Chu et
al. (2017) stated that with the significant increase in online health seeking and internet
use, it becomes more apparent and relevant that healthcare providers understand how
online health information and online health seeking impact the health of individuals who
seek information online. This understanding opens pathways for new methods and
techniques to be developed and implemented that maximize positive health outcomes
(Chuetal., 2017).

In the following chapters, | will discuss in detail the research conducted to begin
this study, which specifically addressed predictive factors of online health seeking.
Chapter 2 provides a comprehensive background of existing current research that
examined online health-seeking behaviors. More importantly, Chapter 2 identifies the gap
in literature that this study fills, which pertains to predictive factors of online health
seeking from a quantitative approach. Chapter 3 details the research design and rationale
that was used to support the study in identifying predictive factors of online health
seeking. The theory of planned behavior (TPB), which was the methodology used, is
discussed in Chapter 3. Chapter 4 provides the results of the study, including the data

collection methods and procedures, possible interventions, potential generalization of



findings supported by data collected, statistical analysis, and a summary of results.
Lastly, Chapter 5 provides an interpretation of the results, limitations and strengths of the
study, future recommendations for research, possible implications, and a conclusion of
the entirety of the study.
Background

Articles about online health information-seeking behaviors and factors that can
predict online health-seeking behaviors are described here. The keywords searched were
online health-seeking behaviors, online health information, health information-seeking,
online health information-seeking, internet-based health information, theory of planned
behavior and online health-seeking, internet health information, health information-
seeking behavior, digital health information, eHealth online health-seeking, electronic
health information-seeking, web-based health information, online health literacy,
eHealth literacy, and predictive factors of online health-seeking through Internet search
in databases such as SAGE Journals, ProQuest Health & Medical Collection, ProQuest
Central, EBSCO Host, Psych INFO, Google Scholar, and the Walden library database.

1. Gill et al. (2013) provided information focused on the pros and cons of online
social technologies as health education and communication tools.

2. Wong and Cheung (2019) discussed how online health-seeking behaviors
affect the patient—physician consultation and proposed that in having an
understanding of factors that predict online health-seeking behaviors, a
provider be more equipped to manage patients and the information they find

online.



Maitz et al. (2020) examined how health literacy of adolescents predicts
online health-seeking behaviors, as well as how adolescents identify reliable
sources of health information from online sources.

Similar variables were studied by Nangsangna and da-Costa VVroom (2019)
that showed that sex, education, and monthly income were predictive factors
in online health-seeking behaviors.

Health status, particularly the total number of chronic illnesses, was examined
by Ayers and Kronenfeld (2007), and it was determined that a higher number
of chronic illnesses led to a higher incidence of online health-seeking
behaviors.

Czaja et al. (2009) examined the variable of age and trustworthiness of online
health information as a predictor for online health-seeking behaviors. Czaja et
al.’s study showed that age was a predicting factor of online health-seeking
behaviors, with older individuals reporting online health information as
beneficial and being more likely to search for information online and those
over 65 years of age reporting that they were less likely to use the Internet for
health information.

Gilmour et al. (2014) discussed how online health information used by
patients could affect their healthcare decision-making. Additionally, Gilmour
et al. examined how online health information can assist primary care nurses
and providers in improving health literacy in patients.

Iverson et al. (2008) provided data from a survey conducted to examine online

health information-seeking behaviors in patients to determine the impact that
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online health information has on patient self-care and decision-making and the
patient—physician relationship.

Miller and Derse (2002) discussed policy issues regarding quality online
health information and privacy. Miller and Derse also provided information
regarding the impact of online medicine in existing patient—physician
relationships and the need for clear guidelines and guidance for online health-
seeking behaviors. Additionally, Miller and Derse discussed a need for further
research to examine the effectiveness of online health information and
medicine.

Silver (2015) focused on the patient perspective for online health information
and communication with providers. Silver presented a qualitative exploratory
study that examined patients who were 50 years of age or older, which is
significantly relevant because of the barriers that older people experience
regarding new technology and online platforms. Age is a factor to consider

regarding online health-seeking behaviors.

A more detailed literature review will follow in Chapter 2; however, in looking at

a handful of articles as listed in this chapter, it is evident that there is a gap in literature
pertaining to predictive factors of online health seeking. For example, Gill et al. (2013)
examined pros and cons of online social technologies and suggested that the usefulness of
“social-media based health education and communication” will get better if developers
understand what factors cause individuals to search for health information online (p. 1).
Maitz et al. (2020) stated that age and health literacy are significant factors in online

health information seeking. Younger adults have been associated with an increased use of
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technologies, which also contribute to their increased use of the internet and online health
seeking; however, Maitz et al. stated that younger adults are less likely to select reliable
online health information. Understanding how health literacy and age correlate with
online health information seeking helps developers gear their efforts toward ensuring that
health information found online is reliable as well as develop programs that can help to
increase health literacy, which have a positive impact on finding and selecting reliable
health information online (Maitz et al., 2020).

Gilmour et al. (2014) stated that health information online can impact how
individuals make healthcare decisions. The study conducted by Gilmour et al. determined
that there is a gap in research that shows how online health information can support
patients in decision making but there are very limited data that show what factors lead to
online health-seeking behaviors. If they know what these predictive factors are, medical
providers can implement strategies that can work in conjunction with the health
information found online to aid in patient healthcare decision making.

Although the previous paragraphs provide just brief insight on the need for this
study, this study is undoubtedly needed. This study is needed because there simply is not
enough current literature that examines these specific factors as predictors of online
health seeking. Several articles have examined the variables of age, gender, income,
overall health, and ethnicity as they relate to online health information-seeking behavior,
but very few to no studies have examined all six variables in one study, looking at each

factor as a predictive value that motivates online health-seeking behaviors.



Problem Statement

As technology continues to advance, more individuals are turning to online
platforms to seek healthcare information (Wura et al., 2017). Tan and Goonawardene
(2017) stated that patients are becoming increasingly comfortable with using the internet
for online health information as the first option instead of seeking information from their
healthcare provider, resulting in the patient feeling empowered and inclined to engage
with their provider during a face-to-face office visit, resulting in various health outcomes.
According to Wura et al. (2017), health information-seeking behavior is defined as when
individuals seek health information about their health, health risks, sickness or illness,
and ways to improve health.

Health-seeking behavior also encompasses health seeking that occurs through
various platforms such as online or internet use, social media, and various multimedia
platforms. For the purpose of this study, online health-seeking behavior was the primary
focus. Weaver et al. (2010) stated that a significant number of physicians and researchers
have provided data about health information-seeking behavior, specifically examining the
motivational factors to seeking health information. However, there is limited research
that also includes online or internet platforms as a mode for health information, due in
part to technologies constantly and quickly changing.

Upon additional review of current literature regarding online health-seeking
behaviors, there is limited information that examines variables that predict online health-
seeking behaviors from a quantitative standpoint. Chu et al. (2017) stated that it is
essential to understand factors that predict online health information-seeking behaviors,

as this could help to develop interventions that improve overall health outcomes. Myrick



(2019) also agreed that health outcomes and online health networks can be improved
upon by determining what factors relate to online health-seeking behaviors.

Graffigna (2017) stated that by increasing an individuals’ health information and
literacy, public health goals and outcomes can be improved upon, particularly because a
patient’s health information and literacy have been shown to predict health behaviors.
This specifically relates to online health-seeking behavior because individuals are
increasingly turning to online platforms for health information in attempts to improve
health literacy. It is also critical to understand how other factors such as age,
socioeconomic status, overall health, gender, and ethnicity contribute to online health-
seeking behaviors (Nangsangna & Vroom, 2019). Austvoll-Dahlgren et al. (2012) stated
that healthcare decision making can be impacted by an individual’s ability to access or
get health information. Factors that can affect health-seeking behaviors include
demographic variables such as race, gender, and so on (Austvoll-Dahlgren et al., 2012).
Age is a variable that should be considered because it can be a factor that influences
health-seeking behavior (Austvoll-Dahlgren et al., 2012) For example, younger
individuals are more likely to search for information online because they possess higher
health literacy (Austvoll-Dahlgren et al., 2012). Research with older adults indicates that
more traditional methods of seeking health information are preferred, such as face-to-face
provider encounters and traditional media channels, instead of online health information
platforms (Weber, 2020).

Purpose of the Study
The purpose of this quantitative correlational study was to examine factors that

predict health-seeking behaviors as they relate to online platforms. Online platforms have
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become an increasingly desirable source for health information, particularly in developed
countries, with individuals accessing health information, participating in online health
groups, and purchasing health-related products (Nangsangna & da-Costa VVroom, 2019).
Although the internet offers access to health information, online health seekers are also
exposed to potential dangers due to poor health literacy and erroneous health information,
leading to poor health outcomes (Maitz et al., 2020). Additionally, Wong and Cheung
(2019) stated that online health-seeking behaviors can help prime healthcare
professionals to work together, assist individuals, and empower individuals to become
better involved with how they manage their health.

According to Swee-Lin Tan and Gooawardene (2017), a systematic review to
examine studies currently published about online health-seeking behaviors revealed that
most studies were of a qualitative design mainly built on cross-sectional surveys, focus
groups, interviews, or a mix of these collection tools. These qualitative designs can make
it challenging to determine or identify factors that predict online health-seeking
behaviors. The purpose of this study was to examine the predictive value of age, health
literacy, socioeconomic status, overall health, gender, and ethnicity on online health-
seeking behaviors using a quantitative approach that would allow for increased
generalization of findings, accuracy, and objectivity (University of Southern California
[USC] Libraries Research Guides, 2020).

Research Questions and Hypotheses

RQ1 — To what extent does gender relate to online health-seeking behaviors, as

measured by online health-seeking behavior scores among adults over the

age of 18?



RQ2 —

RQ3 -

RQ4 -

Hoi— Gender is not a significant predictor of online health-seeking
behaviors.

H:— Gender is a significant predictor of online health-seeking
behaviors.

To what extent does ethnicity relate to online health-seeking behaviors, as

measured by online health-seeking behavior scores among adults over the

age of 18?

Hoi— Ethnicity is not a significant predictor of online health-seeking
behaviors.

H:—  Ethnicity is a significant predictor of online health-seeking
behaviors.

To what extent does socioeconomic status relate to online-health-seeking

behaviors, as measured by online health-seeking behavior scores among

adults over the age of 18?

Ho1— Socioeconomic status is not a significant predictor of online
health-seeking behaviors.

Hi—  Socioeconomic status is a significant predictor of online health-
seeking behaviors.

To what extent does overall health relate to online health-seeking

behaviors, as measured by online health-seeking behavior scores among

adults over the ages of 18?

Hoi— Overall health is not a significant predictor of online health-

seeking behaviors.
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Hi— Overall health is a significant predictor of online health-seeking
behaviors.
RQ5 — To what extent does age relate to online health-seeking behaviors, as measured by
online health-seeking behavior scores, among adults over the ages of 18 years old?
Ho1— Age is not a significant predictor of online health-seeking behaviors.
H:— Age is a significant predictor of online health-seeking behaviors.
RQ6 — To what extent does education relate to online health-seeking behaviors,
as measured by online health-seeking behavior scores, among adults over
the age of 18 years?
Hoi— Education is not a significant predictor of online health-seeking
behaviors.
H:— Education is a significant predictor of online health-seeking
behaviors.
Theoretical and/or Conceptual Framework for the Study
This study was grounded in the TPB. The TPB theorizes that there are three
predicting factors of behavior, which are attitudes, subjective norms, and perceived
behavioral control (Ajzen, 1991). These three factors can aid in identifying predictive
behavior. The TPB is applicable because individuals’ behavioral attitude or personal
beliefs and the perception of barriers can have an effect on individuals’ online health-
seeking behaviors (Bohon et al., 2016).
Shamlou et al (2022) stated that the internet is being widely used to search for
health information online; therefore, it is important to examine online health information-

seeking behavior. According to Shamlou et al., women have been shown to search for
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information online the most, and women typically play a critical role in ensuring the
health and well-being of all members of the family. Shamlou et al. specifically examined
online health-seeking behavior in women using a quantitative study grounded in the TPB.
Shamlou et al.’s study ultimately showed that online health information seeking in
women had a significantly positive effect on women’s behavior to seek information
online.

The TPB “is a well proven and effective theory in predicting behavior and
explaining the determinants of individual decision making” (Shamlou et al., 2022, p. 3).
The TPB considers an individual’s decision making based on the possible outcomes of
those particular decisions (Shalmou et al., 2022). Three constructs within the TPB that
explain predictive behavior are attitudes, subjective norms, and perceived behavioral
control (Shamlou et al., 2022). In thinking about the reasons why people search for health
information online, it is necessary to examine the three constructs of the TPB to better
understand how these constructs influence behavior.

If a person believes that a behavior will result in a positive outcome, then they
will have a positive attitude about that particular behavior, which will result in the
individual repeating that behavior (Shamlou et al., 2022). A negative attitude about a
behavior will result in a decreased display of that behavior (Shamlou et al., 2022).
Subjective norms refer to how an individual responds or behaves with consideration to a
particular group such as family members or friends (Shamlou et al., 2022). Perceived
behavioral control refers to the individual’s perception of their control and confidence
over their behavior (Shamlou et al., 2022). Individuals who perceive themselves to have

control and who are confident in a behavior are more likely to continue to exhibit that
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behavior as opposed to behaviors that they believe are difficult and that they believe that
they do not have control over (Shamlou et al., 2022). “The more positive and powerful
the attitudes, subjective norms, and perceived behavioral control of individuals, the more
likely it is that behavioral intention will be formed” (Shamlou et al., 2022, p. 3).
According to Shamlou et al. (2022), the TPB has been used to examine a variety
of behaviors, more specifically, health-related behaviors because of the predictive factor,
whether indirect or direct, that attitudes, subjective norms, and perceived behavioral
control have on behavior in general. Therefore, using the TPB was suitable for this
current study because | sought to examine predictive variables that can contribute to
online health seeking with consideration to constructs of the TPB.
Nature of the Study
A guantitative methodology with a correlational design was used for this study.
The purpose was to identify factors that predict online health seeking without
manipulating independent variables. Several studies have been conducted using a
qualitative design, which make it challenging to determine or identify factors that predict
online health-seeking behaviors (Tan & Gooawardene, 2017). Although a qualitative
design allows for a more comprehensive examination of how and why patients seek
health information, a quantitative design allows for a higher number of participants to be
examined, further boosting the generalization of findings, increasing result accuracy and
objectivity (USC Libraries Research Guides, 2020).
Sources of Data

A web-based survey was used to administer a survey questionnaire.
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Definitions

The following section provides definitions of terms used in this study.

Health literacy: “The degree to which individuals have the ability to find,
understand, and use information and services to inform health-related decisions and
actions for themselves and others” (Centers for Disease Control and Prevention, 2022, p.
1).

Overall health: “A state of complete physical, mental, and social well-being and
not merely the absence of disease or infirmity” (Svalastog, 2017, p. 432).

Social economic status (SES): “The social standing or class of an individual or
group, often measured as a combination of education, income, and occupation”
(American Psychological Association, 2022, p. 1).

Ethnicity: “Refers to a social group category defined by the shared historical,
national, social, political, and cultural heritage of a people” (Psychology Research &
Reference, 2016, para. 1).

Online health: “The use of digital technologies for healthcare ... should enhance
the efficiency of medical care, and bring to more precise, and personalized medical
interventions” (Battineni, 2020, p. 1).

Theory of planned behavior (TPB): “A useful conceptual framework for dealing
with the complexities of human social behavior that incorporates both social and
behavioral sciences to predict and understand particular behaviors in specified contexts”

(Ajzen, 1991, p. 206).
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Assumptions

It is hypothesized that there are certain factors that can contribute to predictive
behavior as it pertains to online health seeking; however, it is difficult to specify which
particular variables are the most influential. According to Link et al. (2021), several
theories have been used to examine online health-seeking behavior using a certain
variable or a set of variables, but there are not many studies that examine a common set
of predictors for online health-seeking behaviors. The most common set of variables used
in most studies related to the health context based on the literature review in Chapter 2
consists of age, gender, ethnicity, overall health, socioeconomic status, and education.
There were limited or no current studies that quantitatively examined all six variables in
relation to online health-seeking behavior using the TPB approach.

Pattath (2021) stated that there is an elemental assumption that the motivation for
“self-directed learning to include a problem-centered approach” is seen in those that are
intrinsically motivated and/or motivated by experiences with an aim to obtain or learn
certain information, but other factors can be salient motivators for predictive behavior (p.
2). It simply cannot be assumed that an individual only wants to learn or seek information
when there is a problem or an experience that occurs; it is also hypothesized that other
factors can motivate individuals to seek health information online as well. Understanding
other motivating factors that make individuals more apt to search for health information
online is vital in being able to develop and apply different tactics and approaches that can
improve an individual’s attitude and the trustworthiness of the information found,
resulting in a better overall experience of online health seeking, and potentially better

health outcomes (Pattath, 2021).
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Scope and Delimitations

This study examined variables that can be predictors of online health-seeking
behaviors from a quantitative standpoint, grounded in the TPB. The variables that were
examined have been examined in several previous studies, but there are not many studies
that examine all six variables as a common set of variables to examine for online health
seeking or health-seeking behavior in general, so this study provides some insight into
variables as a common set to be considered in future research instead of just one or a few
variables.

The boundaries of this study are that it was only accessible to the general public
through participant recruitment by Survey Monkey. Participants were required to be over
18 years of age.

Limitations

Some limitations or challenges that | foresaw for this study were that findings
would be limited to populations similar to participants included in the study; however,
efforts were aimed at including a diverse sample to improve generalizability of the
results. The mode for data collection was limited to a survey, which is theorized to render
skewed results based on health literacy and motivations to answer honestly and
accurately to the survey questions. Using other modes of data collection can provide a
broader view and allow for patterns to be identified within the population groups that can
lead to generalization of results.

Significance
This study addressed a gap in understanding factors that contribute to online

health-seeking behaviors from a quantitative standpoint as well as identified which
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factors predict online health-seeking behaviors. As stated previously, most studies that
examine online health-seeking behaviors are based on qualitative data, making it
challenging to identify relationships between variables (Tan & Goonawardene, 2017).
The relationship between predictive variables and online health-seeking behaviors
remains vague and requires further examination from a quantitative standpoint.
Understanding these factors and the extent to which they predict online health-seeking
behaviors can help healthcare professionals develop strategies tailored toward particular
population groups or individuals that promote increased health literacy as it pertains to
online health-seeking and overall health outcomes.
Chapter 1 Summary

In summary, online health-seeking behavior has been on the rise with the increase
in technological advances making it easier for individuals to access health information
online. The information found online can help individuals in learning about how to
improve their health or may lead individuals to seek medical care in person, which can
also lead to improved health outcomes, but it is important to understand what variables
lead to online health-seeking behaviors because that data can help researchers and
medical professionals develop and implement methods that can aid in effectively utilizing
online health information as an adjunct or supplement to healthcare. As Jia et al. (2021)
stated, previous research and data have shown that online health seeking has had a
positive effect on overall health outcomes, but there are limited data and research that
incorporate findings and considerations for predictive behavioral variables into newly

developed guidelines or operating procedures for health professionals.
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This study addresses the gap in research concerning what factors are predictors
for online health-seeking behavior. A quantitative method with a correlational design was
used to obtain the necessary data that can be helpful in providing guidance as to how
providers can address individuals who present to them having sought health information
online or develop an online interface or platform that can assist individuals in their

healthcare decision-making processes.
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Chapter 2: Literature Review
Introduction

As technology advances, more people search for medical or health-related
information online. According to Czaja et al. (2009), the internet has opened many
opportunities to search for online health information using e-health platforms or
applications to become more informed and empowered regarding health and healthcare
decisions. An estimated 113 million Americans searched the internet for health-related
information on average within a day (Czaja et al., 2009). The health information searched
spanned various categories, such as preventative health and possible diagnoses.

Walsh et al. (2015) stated that parents search for health information online to find
information about lifestyle and preventative care for their children. A study by Walsh et
al. (2015) stated that parents were more inclined to search for health information online
because they believed that the information found online was easily accessible and
trustworthy. Older adults search for information online because they are more inclined to
have chronic and/or multiple diagnoses and want to be better informed about their
illnesses and healthcare (Czaja et al., 2009).

According to a 2011 Pew report, 80 individuals out of 74% of adults who used the
internet to search for online health information searched for information about a
particular illness and/or treatment of that particular disease (Solberg, 2014). Online health
information is becoming the avenue most Americans are using to find out about their
health because online health platforms or health-related groups provide a plethora of
health information that is available at the swipe of a mouse or stroke of a key (Solberg,

2014). “More than 70,000 websites disseminate health information; in excess of 50
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million people seek health information online, with likely consequences for the health
care system” “Cline & Haynes, 2001, p. 671).

It is apparent that online platforms are significantly beneficial to individuals who
search for information online; however, it is crucial to understand what factors drive or
motivate individuals to search for health information online and possible implications
that can occur for those individuals. Additionally, Tustin (2010) stated that individuals
who depend heavily on online health information could have adverse outcomes regarding
the physician—patient relationship. Understanding the factors that predict online health-
seeking can allow providers to develop and implement methods and approaches that can
help patients be better informed and empowered about their healthcare, resulting in better
overall health outcomes.

Research Strategy

According to Cline (2001), most health-information-related literature comprises
mainly basic health-information knowledge and limited empirical data. In addition, there
is not much literature on the impact that internet use has on users (Cline, 2001). As Cline
stated,

Research needs to address the demographic characteristics of participants, to more

precisely identify the underserved, as well as the kinds of information consumers

are seeking, what they locate, how they judge the quality of the information

found, what they learn, and how they are influenced behaviorally. (p. 671)

A thorough literature review was conducted to determine what factors predict

online health-seeking behaviors. Consideration of all parts involved in online health-
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seeking behaviors was required to understand what factors are predictors for online
health-seeking behaviors.

This research has identified limitations and challenges that can be addressed in
future research related to predictors of online health-seeking behaviors. This research also
aimed to identify predictive factors of online health-seeking that will help health
professionals to improve health literacy, modify health beliefs, and influence behaviors in
patients (Cline, 2001). A quantitative study was conducted to identify factors that can
predict online health-seeking behaviors, but first, a systematic literature review was
conducted using various databases to examine current literature, potential gaps in
research, data that could be relevant or applied to my study, and additional references
included in current articles that could be sources of contributing information.

The research data were primarily gathered through anonymous surveys. The
anonymous surveys were administered using online survey platforms open to the general
public over the age of 18.

Review of Literature

Various databases that were used to search for articles relevant to the study.

Databases included the following:

e PsycINFO

PsychARTICLES
e EBSCOhost

e Google Scholar

e Sage Journals

e Sage Publications
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e JMIR Publications

e ScienceDirect

e MDPI (Molecular Diversity Preservation International)

e Journal of Health Communication

e Springer Link

e Online Journal of Public Health Informatics (OJPHI)

e BMC Health Services Research

e Oxford Academic

e Health and Human Services Public Access (HHS.gov)

e Journal of Medical Internet Research

e UNLV University Libraries

e Virtualmentor.org

e AMA Journal of Ethics

e Taylor and Francis Online—Journal of Health Communication

e Walden University Libraries

Various key terms and phrases were used to identify pertinent articles for
reference. Those key terms and phrases included but were not limited to health-seeking
behaviors, online health information, health information-seeking, online health
information-seeking, internet-based health information, theory of planned behavior and
online health-seeking, internet health information, health information-seeking behavior,

digital health information, eHealth online health-seeking, electronic health information,
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online health literacy, eHealth literacy, and predictive factors of online health-seeking.
Most of the articles searched and referenced ranged from 2007 to the present.

The search was initially geared toward identifying gaps in the literature about
online health-seeking behaviors and factors that predict those behaviors. During my
search, | ran across multiple articles that were from a qualitative standpoint versus a
quantitative one. For example, Swee-Lin Tan and Goonawardene (2017) stated that a
systematic review examining studies currently published about online health-seeking
behaviors revealed that most studies were of a qualitative design, grounded in cross-
sectional surveys, focus groups, and interviews, or a mix of these collection tools. Cline
and Hines (2001) listed a limitation to their study on health information seeking, as there
was not enough literature discussing internet use and its effects. Although most of the
articles reviewed discussed online health-seeking behaviors related to overall health
outcomes, it was interesting to see that a lot of research on online health-seeking
behaviors lacked consideration for factors that were predictors of online health-seeking.

Gill et al. (2013) stated that the internet had played a crucial role in the emergence
and increase in online health-seeking behaviors and health information dissemination.
Additionally, people use various social platforms to access health information, resulting
in various outcomes, from increased health literacy to confidentiality concerns and
misinformation or inaccurate health information (Gill et al., 2013). Either way, online
health information seeking has increased over the years with internet use and the
emergence of online and social networking platforms (Gill et al., 2013). Gill et al. aimed
to identify whether or not online and social networking platforms are an effective method

for health education and transmission of health information. Medical providers also
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recognize the benefits of online health information, reporting that patients request
information about procedures, diagnoses, and medical treatments (Gill et al., 2013).
There is research that supports the idea that the internet has developed into a centralized
place to obtain health information, with approximately 48.6% of adults reporting to
search for specific information about their health and 25% of individuals reporting to
trust the health information found online (Gill et al., 2013).

Parents also display online health-seeking behaviors to search for health
information about their child or children (Walsh et al., 2015). In a study conducted in
Australia, 43% of parents reported searching for health information online because they
felt it was a better alternative for getting health information. After all, it was faster to
access, more current, and the information was perceived to be trustworthy (Walsh et al.,
2015). In this study, however, no data supported what factors led to online health-seeking
behaviors in parents in relation to socioeconomic status, age, gender, ethnicity, and
overall health; however, the study did show that parents with higher health literacy were
more apt to search for health information online (Walsh et al., 2015).

Health literacy is an obvious variable to study because it provides insight into the
role that it plays when it comes to predictive behaviors for online health information;
however, health literacy was not included as one of the research questions for this study
but rather other factors such as SES, age, gender, ethnicity, education, and overall health,
in the effort to implement methods to guide providers in patient education and care.
Wong and Cheung (2019) stated that online health-seeking behaviors can negatively
impact the patient—doctor relationship. By understanding health-seeking behaviors,

medical professionals can work together with patients to improve their understanding of
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managing and interpreting online health information. Although I aimed in this study to
examine factors that can predict online health-seeking behaviors, articles such as that of
Wong and Cheung emphasize the importance of the patient—doctor relationship
pertaining to overall health outcomes.

Nangsanga and da-Costa (2019) discussed how the internet had changed how
health information is received. Their study showed that 85.8% of patients used the
internet to search for information. However, only 35.7% of those patients used the
internet to search for health information, with sex, education, and salary as predictive
factors for online health-seeking behaviors (Nangsanga and da-Costa, 2019). The premise
for Nangsanga and da-Costa's study was to highlight the importance of medical providers'
need to acknowledge that individuals are using the internet to search for health
information and that medical providers should be better equipped to aid patients with the
health information that they find online. According to Nangsanga and de-Costa, studies
have shown a 20% increase in individuals using the internet, with 80% of those
individuals being adults who use the internet to search for information related to health.
Limitations to Nangsanga and da-Costa's study were that a cross-sectional study was
performed, which only provided a brief overview of patients' online health-seeking
behavior. A longitudinal study is warranted because it allows researchers to examine
patterns of online health-seeking behavior and predictive factors for those changes and/or
patterns of online health-seeking behaviors.

Li et al. (2016) stated that online health-seeking behaviors have been proven to
confidently help patients in medical and treatment decision-making and improve coping

methods; however, there has not been a lot of information that examines predictive
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factors and outcomes regarding online health-seeking behaviors. Li et al. discussed some
indicators of online health-seeking such as socioeconomic status, overall health, and use
of the internet, noting that there is also a correlation among the three. According to Li et
al., individuals with low socioeconomic status are at a higher risk for disease and illness
and are more likely not to have access to the Internet. "The sociodemographic digital
divide prevents certain individuals from engaging in sufficient online HISB" (Li et al.,
2016, p. 805).

What is also interesting to note is that although low socioeconomic status plays a
part in individuals having limited internet access to search for online health information,
individuals with health issues and ailments who are of low socioeconomic status are more
likely to search for health information online, with those factors being the primary
motivators to search for health information online (Li et al., 2016). Li et al. (2016)
conducted their study using secondhand survey data sets from the Pew Research Center,
collected by Princeton Survey Research Associates International. The data sets were 10
years apart; the first data set was collected in December 2002, and the second data set
was collected in September 2012. After examining the data sets, Li et al. determined that
socioeconomic status and overall health were key predictive factors for an individual's
online health-seeking behaviors. Additionally, gender, age, and education were factors
proven to increase online health-seeking behaviors, specifically in the 2012 Pew
Research Center data set.

Ultimately, factors such as socioeconomic status and overall health have been
proven to be predictive factors of online health-seeking, and although Li et al.'s (2016)

study was conducted over a 10-year period, Li et al. has also stated that more longitudinal
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studies should be conducted to examine how these factors, along with other factors such
as gender, age, and health literacy, continue to change over time. Li et al. stated that
predictors of health information-seeking behaviors are a topic that should continue to be
explored because of the contribution that it can have for medical and/or health
professionals and researchers alike. "Such a comparison across times provides a vertical
understanding of the changes in HISB and its predictors and further inspires researchers
and clinicians to tailor their informational interventions to meet individuals’ up-to-date
needs and preferences” (Li et al., 2016, p. 810).

Nikoloudakis et al. (2018) stated that within the last 10 years, medical providers
have been strongly encouraging patients to take more responsibility for their health by
making smarter healthcare decisions, and part of that strong encouragement has been the
promotion of online platforms to search for health information. The emergence of health
information websites has increased with this encouragement that allows patients to
engage interactively on various health-related websites (Nikoloudakis et al., 2018). These
two factors, one being medical providers increasingly encouraging patients to be more
proactive about their healthcare, and the other being the increased emergence of health-
related information online, have cultivated an environment for which an increase in
online health-seeking behaviors is seen (Nikoloudakis et al., 2018). According to
Nikoloudakis et al. (2018), this climate as it relates to an increase in online health
platforms and the promotion of patient healthcare responsibility has presented a unique
possibility necessitating the exploration of factors that predict online health. This

exploration is critical because factors that predict online health-seeking will permit the
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progression and implementation of methods that will target specific population groups to
promote positive health outcomes (Nikoloudakis et al., 2018).

Nikoloudakis et al. (2018) also stated that there are currently several studies that
focus on the sociodemographic aspect of online health-seeking behaviors, such as
education, marital status, and age; however, there is limited research that examines
different factors among men and women as predictive factors for online health-seeking
behaviors. "The extent to which the correlates of health-seeking among men and women
differ, if at all, is currently unknown," but it is essential to know because some research
has proven that men and women differ in the way in which they seek information as well
as what factors influence that seeking behavior (Nikoloudakis et al., 2018, p. 1359).

As a result, Nikoloudakis et al. (2018) conducted a study to examine the differing
online health-seeking factors among men and women, mainly because some research
suggests that more men versus women are seeking online health information, which has
caused online health platforms to focus on topics that appeal to men and men's health. If
there is a better understanding of what factors promote online health-seeking in women,
online health platforms will adjust to include and/or promote topics geared toward
women (Nikoloudakis et al., 2018). In the study by Nikoloudakis et al., results also
indicated that some factors were consistent with previous research data from Bansil et al.
(2006), Feng and Xie (2015), and Kontos et al. (2014), who found that among both men
and women, individuals who have higher education, use social media platforms, and are
younger have a greater propensity for online health-seeking behaviors.

Overall, Nikoloudakis et al.'s (2018) study showed that more females versus

males used the internet to search for health information online and that there were some
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notable variances in demographics, overall health, health behavior, and social media
profiles between online health seekers and nonseekers. Additionally, Nikoloudakis et al.'s
data showed that individuals with a higher education, who were active on social media
platforms, and who were female with preexisting medical conditions were more likely to
search for health information online; therefore, efforts geared toward how to appeal to
older adult males and individuals with a lower education using online health platforms
are warranted to promote improved health outcomes (Nikoloudakis et al., 2018).

Wang, Xiu, and Shahzad (2019) state that populations are developing a better
awareness of the importance of their health, and part of the awareness can be contributed
to online health information. Additionally, Wang et al. (2019) state that this awareness
also correlates with populations looking for health information online to identify ways to
treat chronic illnesses and cope with medical issues. Medical insurance companies are
aware of this growing trend in online health-seeking, and as a result, some medical
insurance companies are finding ways to incorporate online platforms and services that
offer online medical treatment and health maintenance resources (Wang et al., 2019). For
example, the insurance company Tencent and Zhogan work together to incorporate smart
glucose monitors into online medical consults and based on the information provided by
the glucose testing devices and patient patterns of behavior regarding how they manage
their diabetes; insurance companies offer rewards or incentives to motivate patients into
better managing their diabetes (Wang et al., 2019). Patients that are better at managing
their healthcare have fewer comorbidities and ultimately can save insurance companies

lots of money in medical expenses and because of this, many countries are looking into



29

online healthcare platforms to improve health literacy and health outcomes versus
traditional in-person healthcare settings.

China, in particular, is progressively developing ways to offer online healthcare or
"e-healthcare™ to enhance the ability for providing not just the fundamental or elemental
aspects of healthcare such as just providing healthcare information but providing a more
comprehensive vehicle of healthcare provisions such as online services or appointments
that can diagnose and treat patients virtually (Wang et al., 2019). Additionally, this
virtual online healthcare system can expand to offer telemedicine to individuals in more
rural areas or to those who have limited access to in-person medical services (Wang et
al., 2019). Wang et al. (2019) state that these mechanisms can significantly boost
prevention efforts in healthcare, better manage chronic illness in patients with
comorbidities, and refine emergency healthcare services through online health platforms.
The use of online healthcare applications was estimated to increase to about 4 billion
users in 2020, but these online healthcare platforms still faced challenges such as public
skepticism (Wang et al., 2019). The significant increase in online health-seeking
behaviors is a crucial consideration in developing engaging online healthcare platforms
that can improve overall health in its users, so it is necessary to understand predictive
factors that lead individuals to seek healthcare information online in the first place.

Li et al. (2020) state that "in health care settings, patients' intention to perform a
behavior for health purposes is often a result of an interaction between internal and
external factors™ (Li et al., 2020, p. 3). The TPB examines attitudes, societal norms, and
viewpoints on obstacles faced to determine or predict one's behavior (Bohon et al., 2016).

TPB has often been used to explain behavior as it pertains to mobile healthcare
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applications and online health-seeking but has not often been used to examine predictive
factors of behavior as it pertains to online or virtual healthcare services (Li et al., 2020).

Using TPB can help examine and determine both internal and external predictive
factors for online health information seeking (Li et al., 2020). According to Li et al.
(2020), online healthcare services can prospectively meet the demands for superior
healthcare to those who have limited access to in-person medical facilities, but it is
critical to understand the factors that can influence patients to search for information
online, which can also ultimately lead to patients using online healthcare services for
medical treatment. This data can help support the need and development of more accurate
and reliable online health information available and support the need to construct
adequate online healthcare service platforms for eHealth (Li et al., 2020).

In the study conducted by Li et al. (2020), the data showed that perceived
behavioral control and perceived severity of disease were the most significant factors that
led to online health-seeking of health information and eventually seeking online
healthcare services based on the perceived online health information found. As a result,
Li et al.'s study concluded that eHealth services should promote the development and
enhancement of online health information and services which can promote overall better
health outcomes in patients (Li et al., 2020).

Powell et al. (2011) state that as more challenges present for patients to obtain
health information, better ways to serve patients and educate them about illness, disease,
and healthcare options to promote better health outcomes need to be examined. One
avenue, in particular, that has been growing in interest, especially within the last several

years in the use of the internet. Understanding what factors push individuals to search for
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health information online is critical in presenting and disseminating health information
and how target efforts are made (Powell et al., 2011). According to Powell et al. (2011),
it was estimated that approximately 70% of households in the United Kingdom had
access to the internet in 2009, and the rate of health information searched increased from
37% to 68% from 2005 to 2009. Data from a survey conducted in 2007 of seven
European countries showed that 71% of adults and 61% of adults in the United States
sought out health information online (Powell et al., 2011).

The National Health Service or NHS Direct website began in 1999, is the leading
online health platform for the United Kingdom (Powell et al., 2011). In just a span of 10
years, the site recorded about 18 million visits with inquires about health service options,
healthy lifestyles, fitness, and searches about symptoms and illnesses but there is very
little data that identifies what factors promote individuals to search for information online
as well as the impact that the information found has on the individual (Powell et al.,
2011). It is evident through previous research and data that the internet offers some
significant advantages for individuals seeking healthcare information online, such as
accessibility to an abundance of centralized health information, online peer groups, and
support, and ease of access, particularly for individuals with limited in-person access to
medical facilities, however, there is also some drawback that the healthcare community
has identified such as inaccurate online health information and trustworthiness of online
health information, however, in analyzing factors that promote online health-seeking
behaviors, can we fully conceptualize the advantages and disadvantages of online health

information platforms and healthcare settings.
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Powell et al. (2011) conducted a mixed-method survey in England to examine
factors that can predict online health information-seeking behavior, and the results
determined that age, gender, and level of education contributed significantly to online
health-seeking behaviors, especially in women; however, there were some limitations to
Powell et al. study. According to Powell et al. (2011), more females were involved in the
study than men, which may have skewed the results. In addition, interview methodology
was used, which can render results based on attitudes instead of authentic behavior, so
utilizing different collection methods and ensuring an equal representation of groups
being examined is needed. There is a direct correlation between using the internet for
health information and health outcomes that must be further investigated to employ the
prospective advantages of using online health information in conjunction with eHealth
(Powell et al., 2011).

Myrick and Willoughby (2019) state that online health information seeking can
lead to better health outcomes because individuals seeking out health information online
are either preparing for an in-person consultation with their doctor or following up on
information that their doctor provided after their appointment. Myrick and Willoughby
(2019) conducted a study using a sample representative of the nation that examined
various emotions and demographics like education as predictive factors for online health-
seeking behaviors. According to Myrick and Willoughby (2019), improvements in
promoting online health information seeking that support better health outcomes can
ensue by examining the relationship between emotion and demographic factors like
education. Additionally, this data can help healthcare professional’s better grasp why

patients search for health information online to prime their efforts in inventing better
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health-related websites that are better suited to provide health information for specific
demographic classifications (Myrick & Willoughby, 2019). “Understanding factors
associated with online health information seeking is an important pursuit for those hoping
to improve public health and health-related online interfaces” (Myrick & Willoughby,
2019, p. 657).

Ayers and Kronenfeld (2007) state that approximately 80% of Americans have
used the internet to search for online health information and, in some cases, search for
health information online instead of seeing a healthcare provider. These online healthcare
platforms not only provide health information to individuals, but they also provide a
network of support to individuals to allow for “shared experiences, offer advice when it is
sought, provide emotional and practical support, as well as receiving benefits in kind”
(Ayers & Kronenfeld, 2007, p. 328).

Patients can view chronic illness as interference or disturbance in their lives, and
to combat that interference, individuals seek out information on how to proceed in
decision-making (Ayers & Kronenfeld, 2007). Individuals seek out answers on how to
mitigate “interference” using the internet and searching for health information about
illnesses and wellness because, in some cases, patients do not have enough time to
address their concerns during an in-person medical examination (Ayers & Kronenfeld,
2007). “Knowledge is a factor that increases patients’ participation and the ability to
make informed decisions about health” (Ayers & Kronenfeld, 2007, p. 329). It is also
important to note that individuals seek out health information online as a means to make
better-informed decisions about their healthcare and as an adjunct to traditional

healthcare (Ayers & Kronenfeld, 2007). More than 50% of individuals that search for
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health information online follow up with their provider regarding the information found
to discuss treatment options and plans (Ayers & Kronenfeld, 2007).

According to Ayers and Kronenfeld (2007), individuals are seeking out online
health information for reasons such as being able to ask more comprehensive questions to
gain a better understanding of their illness and how to manage their health; however,
factors such as overall health can play a part in the occurrence of online health-seeking
behaviors. For example, an individual with poor overall health may be more apt to search
for health information online versus a reasonably healthy person; however, healthy
people could also benefit from health information that promotes healthy lifestyles and
maintenance (Ayers & Kronenfeld, 2007).

Ayers and Kronenfelds' (2007) study indicated that various factors such as age,
overall health, education, and socioeconomic status played a role in online health-seeking
behaviors. Ayers and Kronenfeld (2007) state that women with a higher income and
education were more likely to search for health information online. However, younger
women also searched for online health information more frequently than older women.
There is also a correlation between chronic diseases and health-seeking behaviors;
however, individual perceptions about their overall health and chronic illness were
factors that contributed to the occurrence of online health-seeking behaviors (Ayers &
Kronenfeld, 2007). Limitations in Ayers and Kronenfeld’s study was that there were only
a small number of participants that had an actual illness; therefore, future studies could
benefit by increasing the number of participants that possess chronic illnesses to
accurately examine whether there is a true correlation between chronic illness and the

occurrence of online health-seeking behaviors (Ayers & Kronenfeld, 2007). Although
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Ayers and Kronenfeld’s study primarily examined chronic illness as the motivator for
online health-seeking behaviors, it is also beneficial to consider other factors that could
predict online health-seeking, such as gender and education, as those factors are
important determinants for online health seeking as proven in previous research.

Jacobs et al. (2017) state that a third of adults in the United States use the
information they learn from online health searching to diagnose themselves or learn more
about health issues they are experiencing. This exponential increase in the use of the
internet to search for health information online has opened a growing interest for
providers and researchers alike to examine possible benefits that online health-seeking
and online health information can provide to patients to improve health outcomes (Jacobs
et al., 2017). There are also some growing concerns about whether online health
information is lessening or perpetuating discrepancies in the accessibility to health
information and its’ influence on healthcare decision-making (Jacobs et al., 2017).

"Health information-seeking behavior (HISB) refers to the ways in which
individuals seek information about their health, risks, illnesses, and health-protective
behaviors” however, research conducted in the past have mainly centered on online
health-seeking and/or used a cross-sectional research design (Jacobs et al., 2017, p. 2).
Jacobs et al. (2017) aimed to examine not only online health-seeking behavior but factors
that can predict or influence online health-seeking such as internet literacy, overall health
status, perceived health, family medical history, socioeconomic status, and demographics
like gender and education. According to Jacobs et al. (2017), 86% of the population in the
United States have internet access, but there is still a significant amount of people who

would instead look to conventional sources of information through tangible literature like
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books or medical publications. It would be helpful to identify demographic factors that
could contribute to online health-seeking behaviors to improve health outcomes by
increasing health literacy and medical compliance since online health information, if used
correctly, can be used as an adjunct to traditional methods of healthcare (Jacobs et al.,
2017).

Studies have examined psychological and social factors regarding online health-
seeking behaviors, but there is limited research on a side-by-side comparison of the two.
Jacobs et al. (2017) state that examining psychological and social factors within one
study can provide a more comprehensive view of health information-seeking behaviors in
adults. Jacobs et al. (2017) examined data collected using the Health Information
National Trends Survey (HINTS), which examines the effects of the health information
and to what extent that health information influences healthy behaviors. The
sociodemographics that Jacobs et al. (2017) covered in their study are age, body mass
index, education, race, gender, and relationship status. Jacobs et al. (2017) also included
other factors like perceived overall health, family history of cancer, and current health
status.

The results from Jacobs et al.'s (2017) study revealed that disparities were present
regarding online health-seeking behaviors, specifically with consideration to age and
socioeconomic status. Jacobs et al.'s (2017) study also showed that younger adults with
higher education were more inclined to use the internet to search for health information.
In contrast, older Hispanic adults in a lower socioeconomic status were reported to prefer
conventional methods of obtaining health information via magazines and brochures.

Some limitations to Jacobs et al.'s (2017) study, similar to Powell et al. study, was that
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there were more female participants examined; therefore, a more diverse participant
group should be considered for future studies to close the gap on gender and race as
predictive factors for online health-seeking. Ultimately, Jacobs et al. (2017) state that
even with the increase of online health information, many Americans in lower
socioeconomic statuses, low education, and poor internet skills are not utilizing and/or
positively gaining from online health information seeking. Future studies could shed light
on what sociodemographic factors drive online health-seeking to develop and implement
a system or program that can increase the motivation in online health-seeking for
individuals who are typically not online health seekers. This is critical because the
benefits that online health information potentially can provide as an adjunct to
conventional methods of obtaining health information can significantly increase health
literacy in individuals, which ultimately can improve overall health outcomes (Jacobs et
al., 2017).

Sherman et al. (2021) state that past research has shown a connection between
health behaviors disparities in seeking and utilizing online health information. Sherman et
al.'s (2021) study specifically examined factors that can predict online health-seeking in
African American and Hispanic males who are older than 40 and have one or more
morbidities. Sherman et al. (2021) used an online web-based survey to collect their data
to include a binary logistic regression model where a statistical significance was
identified at P<.05.

According to Sherman et al. (2021), the internet is an essential instrument for
African American and Hispanic men over the age of 40 because it allows this population

group to access health information that elicits conversations between patients and
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providers about health information found online. This includes discussions about medical
treatments and recommendations that providers may have with patients based on the
health information that the patients found online (Sherman et al., 2021). Sherman et al.
(2021) study rendered results that are similar to previous research data in terms of factors
that predict online health-seeking behaviors, which are younger individuals, who have a
higher education, are more technologically literate, and believe that the information
found online is reliable, are more motivated to search for health information online. In
addition, individuals who are more motivated to search for health information online
have a greater chance of following up and consulting with their medical provider
regarding results found online, resulting in a more comprehensive discussion about their
healthcare (Sherman et al., 2021). Individuals, who see their medical provider more often
regarding their healthcare issues, can manage their healthcare better and ultimately have
better health outcomes. “Increased visits may lead to better patient-physician interactions
where bringing internet-based health information would not be seen as a threat but rather
as something to be encouraged” (Sherman et al., 2021, para. 31).

Limitations to Sherman et al.'s (2021) study are that they only examined two
subgroups: African Americans and Hispanic men. Additionally, participants were
selected based on their diagnosis of one or more chronic illnesses and their age of 40 and
over (Sherman et al., 2021). An evaluation of more subgroups or ethnicities and an
expansion of the age requirement to the participant may prove to be beneficial in
identifying factors that motivate or thwart efforts toward online health-seeking behaviors
(Sherman et al., 2021). Lastly, as shown in previous research data, Sherman et al.'s

(2021) study did not examine health literacy, which is a significant predictor for online
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health-seeking behaviors. Sherman et al. (2021) state that being cognizant of
sociodemographic factors that can predict online health-seeking behaviors can help to
foster positive patient-provider communication, increasing medical compliance by
African American and Hispanic men.

Sedrak et al. (2020) state that online interventions can be developed geared
toward older adults who may have difficulties using and understanding online health
information, but it is critical to understand what factors challenge older adults regarding
seeking health information online. Sedrak et al. (2020) conducted a study encompassing
approximately 72,806 female participants aged 65 and older. A multivariate logistic
regression was applied to evaluate odds ratios and 95% Cls. Sedrak et al. (2020) state that
research provided by the Pew Research Center indicates that many older adults are
detached from technological platforms, with a third of adults over the age of 65 who
never used the internet and about half who do not even have internet in their home.
Additionally, data from the National Health and Aging Trends Study indicated that the
use of day-to-day technology in adults over 65 was less than the national average of the
general population. "Only 16% of older adults obtained health information using health
technology, compared to up to 60% in younger populations”, however, it is intriguing to
note that in Sedrak et al.'s study, older adults with multiple chronic illnesses and taking
multiple medications were more apt to use the internet to search for health information
(Sedrak et al., 2020, para. 2).

Sedrak et al.'s objective was to examine the occurrence of online health-seeking
behavior in older adults with multiple comorbidities versus older adults without illnesses.

Their findings showed that 6 out of 10 postmenopausal women got health information
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online. Women diagnosed with cancer within the last five years of when the study was
conducted were also inclined to search for health information online (Sedrak et al., 2020).
Additionally, Sedrak et al. (2020) study further established that low socioeconomic
status, race, and age were factors to consider when predicting health-seeking behaviors,
but more specifically, older adults are not benefiting from technological platforms that
offer health information due to challenges in poor technological literacy, which can lead
to declining health outcomes. Sedrak et al. (2020) state that technological health
interventions can be developed and tailored to older adults by examining how older
adults search for health information using online platforms.

Turan et al. (2015) state that "“four in 10 adults and one in four adolescents” have
searched for information online (Turan et al., 2015, p. 1679). Health information is
retrieved from various websites and platforms managed by organizations, groups, and
individuals (Turan et al., 2015). These sites and platforms have offered a way for
individuals to search and access health information to understand their healthcare issues
better or find information about how to improve their health (Turan et al., 2015).
Additionally, Turan et al. (2015) state that a decrease in anxiety and outpatient services
has been observed as well as an increase in self-efficacy in individuals who sought online
health information relating to their health, which supports the idea that health-related
sites that provide online health information can significantly affect an individual's
outlook and action as it relates to their health (Turan et al., 2015).

According to a 2012 Netherlands survey, 81% of individuals ranging from the
ages of 67-75 years old use the internet, and 54% of that 81%, used the internet to access

health information (Turan et al., 2015). The 2012 Netherlands study is also consistent
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with previous studies mentioned in this paper, which are that individuals most likely to
use the internet to search for health information, had a higher education, earned more
money, and had access to the internet both at home and their place of employment,
however, there is also data that supports that individuals in a lower socioeconomic status
are more likely to search for information online, but other factors to consider are
accessibility to the internet (Turan et al., 2015).

Turan et al. (2015) state that individuals that use the internet to search for
information online will not only search for health-related information but will also visit
sites directed at healthcare providers, therefore by understanding factors that motivate
individuals to use the internet to search for health information, we can better understand
how the internet is reshaping how healthcare is administered (Turan et al., 2015). Turan
et al. (2015) also attests that although several studies support the theory that online health
information can have positive and negative effects, minimal information details how
patients use the internet to search for health information daily. "Although more and more
Americans are using the internet for healthcare information, little is known about how
this information affects their health behaviors” (Turan et al., 2015, pg. 1680).

Some researchers and medical providers have suggested that online health
information can lead to misuse and misdiagnosis and decrease individuals' trust and faith
in healthcare providers (Turan et al., 2015). Additionally, studies have shown that
individuals who seek health information online report poor health and are more likely to
be middle-aged and female (Turan et al., 2015). Having more information as to what
factors contribute to online health-seeking can change the way we use the internet and the

available health information, but without valid data regarding specific variables that
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encourage online health-seeking behaviors, it becomes challenging and difficult to open
discussions about policy changes and planning (Turan et al., 2015).

Weaver (2010) states that as patients are becoming more interested in online
health information, exploring factors that motivate online health-seeking is becoming
more relevant in harnessing the potential for online healthcare as an adjunct or
supplement to improving overall health outcomes. Past research examining health
information-seeking behaviors shows that the main reason patients were prompted to
search for health information online resulted from either being newly diagnosed with a
medical condition and/or searching for ways to manage chronic illnesses (Weaver, 2010).
Weaver's study examined adults in the Seattle, Tacoma region for whom approximately
559 adults were administered a survey to examine health information-seeking behaviors
within a typical week. The results of the study by Weaver indicated that more women
than men searched for health information and that perceived overall health was a
significant factor that motivated health-seeking behaviors. According to Weaver's
findings, 49.9% of participants spent time searching for both illness and wellness-related
health information online.

Approximately 30.8% of participants also viewed themselves as relatively healthy
and searched for information online that promoted improved wellness. In essence,
individuals used the information they found online to promote better or improved health
outcomes. "This suggests that, with thoughtful formative research and effective targeting,
the internet could provide an efficient channel for primary health promotion and disease
prevention activities, encouraging many individuals engaged in health information

seeking behaviors to maintain a healthy lifestyle” (Weaver, 2010, p. 1534).
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Jiang, Basnyat, and Liu (2021) state that the internet offers a way for people to

understand their illnesses, diseases, and ways to improve their health, resulting in patients
feeling empowered, improving healthcare decision-making, increasing health literacy,
and improving overall health outcomes. Although the internet and online health
information fill many gaps in healthcare, particularly for individuals with limited access
to in-person healthcare, developing countries still report low usage of online health
information compared to other countries like the United States (Jiang et al., 2021).
According to Jiang et al. (2021), one theory for the low occurrence of online health
information seeking in developing countries is the lack of technology, limited bandwidth,
and expensive data plans; however, India has met those challenges by increasing
bandwidth, providing cheaper data plans, and making technology more available;
however, studies show that online health-seeking in India is still low (Jiang et al., 2021).
Jiang et al. (2021) attest that there is not a lot of data that examine different
factors other than demographical ones that contribute to online health-seeking.
Additionally, “some past studies have only focused on individual demographic
differences rather than on theoretical reasons as to why such demographic factors affect
IHIS" (Jiang et al., 2021, p. 2048). Explaining why some demographic factors influence
online health-seeking is critical because it allows researchers to understand the function
of "individual health characteristics and beliefs" that provide insight into the impact of
demographics on online health-seeking behaviors (Jiang et al., 2021, p. 2048). These
paths of research constructs are derived from health behavior change models but have not

considered the influence of information media on health behaviors (Jiang et al., 2021).
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It is clear as to the motivations of individuals that seek health information online,
such as understanding their illness and/or disease, looking to understand better how to
make healthy lifestyle decisions, and ease of accessibility; however, there are underlying
factors such as gender, age, socioeconomic status, and health literacy for which
individuals have a propensity to search for health information online (Jiang et al., 2021).

Jiang et al. (2021) conducted a study to examine salient factors using the
comprehensive model of information seeking, which explains the cause and manner for
health-seeking behaviors in individuals. Factors considered in Jiang et al.'s study are
health information seeking from the internet, demographics, health beliefs, and
technological variables (Jiang et al., 2021). Jiang et al. (2021) state that previous studies
using the comprehensive model of information seeking have examined demographic
factors but have only been able to interpret a modest portion of deviations in information
seeking, whereas more current studies reveal that such factors induce health-seeking
behavior as "age, gender, education, and income" (Jiang et al., 2021, p. 2050).

Jiang et al. (2021) conducted their study by selecting 990 participants in India
using an online survey from a market research company. The requirement for participants
to be included in the study was that they had to use the internet, speak or understand
English, live in India, and be at least 18 years of age or order (Jiang et al., 2021). internet
health information seeking was measured by a variable like those in past studies, which
are the occurrence of online health-seeking and what medium they searched first (Jiang et
al., 2021). The results of the study showed that age and gender were the highest
predictors for online health-seeking, with females being most likely to use the internet as

their first choice as a source of information, affirming previous studies that middle-aged
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females with a higher education are most likely to use the internet to search for health
information online and are more interested in health-related topics (Jiang et al., 2021).
Drawbacks to Jiang et al.'s study is that the participants were selected using an online
survey; therefore, they may not accurately represent the entire population of India (Jiang
etal., 2021).

Additionally, participants from this study showed that they had a higher education
and health literacy versus the general population in India, which can skew the results
(Jiang et al., 2021). Jiang et al. (2021) recommend expanding the selection of participants
to get a more accurate representation of the Indian population for more reliable and valid
results. The selection should also include participants from varying social backgrounds
and employ multiple measurements to strengthen validity and reliability (Jiang et al.,
2021). As with previous research drawbacks, Jiang et al. (2021) also state that a
longitudinal study may be beneficial in demonstrating the causal effect on internet health
information seeking. This information can help to foster and promote the use of eHealth,
particularly in developing countries. “In sum, understanding what factors matter in the
health digitalization process can help better promote eHealth adoption in developing
countries and ultimately enhance people’s health and well-being” Jiang et al., 2021, p.
2061).

Mirzaei et al. (2021) state that individuals are searching for health information
online to encourage positive health outcomes. Predicting health-seeking behavior can
advise the development of methods and tools that can lead the way in health information
seeking that is efficient and useful. Mirzaei et al. (2021) conducted a literature review to

determine essential predictors of online health-seeking behavior to establish a shared
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classification for these predictors and recognize the expansion of this particular research
area. An astounding 9549 articles were pulled for review and 344 selected for
examination. A sum of 1595 predictors in 67 classifications were established, with the
most prominent predictors being noted as “age, education, gender, health condition, and
financial income” (Mirzaei et al., 2021, p. 1). An extensive classification of predictors for
online health information-seeking behaviors gives researchers a baseline for which they
can determine new predictors as well as the causal effect that those predictors have on
online health-seeking behaviors (Mirzaei et al., 2021). Efforts in improving health
outcomes can be increased by identifying the predictors of online health information
seeking (Mirzaei et al., 2021). This allows researchers and medical providers to develop
and enhance health-related interactions between individuals and providers, rendering
effective healthcare results (Mirzaei et al., 2021).

Marton and Choo (2011) reviewed theoretical models of online health information
seeking to provide insight as to which models have been used to inform and examine
predictors of health-seeking behaviors. According to Marton and Choo (2011), the
internet is becoming a focal point for health information, and as more and more patients
and individuals access health information online, the need to increase our grasp and
knowledge of online health-seeking behaviors as a form of information behavior that is
distinctive is validated.

Marton and Choo (2011) first conducted a literature review to assess current and
past research that has already been performed that examines online health-seeking
behaviors. The literature review showed that most studies used general health as a

measurement and mainly used self-reporting measurement tools like Likert-type feedback
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(Marton & Choo, 2011). Additionally, the research showed that the typical measures

examined were health information, source of health information, the occurrence of online
health-seeking, the satisfaction of online health information found, the credibility of
online health information, and lastly, challenges in online health information seeking
(Marton & Choo, 2011).

Most methods used were of a cross-sectional design which entailed using either a
survey or controlled interview to record health information seeking events. Ten percent
of studies from the literature review used a cohort design, 9% used observations, and
even less at roughly 4%, longitudinal studies were used (Marton & Choo, 2011). Marton
and Choo (2011) state that the literature review positively affirms that multidisciplinary
conceptual frameworks used to examine health information seeking are highly effective,
particularly the TPB, health belief model, and technology acceptance model.

It is important to mention the TPB related to this paper because this study is
grounded in that theoretical model. According to Marton and Choo (2011), the TPB
(TPB) has been used to access a variety of human behaviors, more specifically, health-
related behaviors. "In TPB, behavior is predicted by the intention to engage in that
behavior," which is driven by three aspects: “attitudes, subjective norms, and perceived
behavioral control” (Marton & Choo, 2011, p. 344). It is apparent that using the TPB
theoretical models; that TPB was a practical framework that provides understanding and
awareness to the predictive factors of human behavior; therefore, TPB model is well
suited to examine online health-seeking behaviors and the factors that may contribute to

the occurrence of health-seeking.
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Ultimately, Marton and Choo (2011) state that although the review of literature

and studies highlight the value of a multidisciplinary approach to expand our knowledge
of online health-seeking behavior, research also shows that there was a lack of
consideration to social elements, emotional responses, and circumstantial conditions that
guide health behaviors. Further consideration to these factors regarding research using the
TPB model and broadening measurement tools to explore specifically motives to use the
internet to search for health information is recommended in future research (Marton &
Choo, 2011).

Shaffi and Zhao (2020) define health information-seeking behavior as "a series of
approaches and actions with which people inquire about health-related topics to assess
potential complaints and develop health-protective behaviors to reduce [the uncertainty
regarding their health status]" (Sbaffi & Zhao, 2020, p. 196). Health information seeking
has been shown to assist in better decision-making regarding healthcare, reduce anxiety,
and shorten the response time of patients toward getting medical treatment (Shaffi &
Zhao, 2020). As stated several times previously, the internet is a source for which health
information is readily available that encompass medical advice and avenues that lead to
treatment with medical providers. With the growing use of the internet to search for
online health information, it is essential to note that there has also been an emergence of
websites catering to the need for health information (Sbaffi & Zhao, 2020). Additionally,
social networking sites are now offering online health options and/or benefits (Shaffi &
Zhao, 2020). "Over 90% of all hospitals in the United States use at least one social media
channel, and 80% of SNS's users utilize social platforms to search HI" (Sbaffi & Zhao,

2020, p. 197).
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With 90% of all United States hospitals using social network platforms as an
adjunct to healthcare, it is even more important to understand what factors lead one to
search for online health information to develop more immersive healthcare platforms.
According to Shaffi and Zhao (2020), individuals with minor issues and/or illnesses are
more likely to use social network sites like Twitter and Facebook whereas, individuals
with chronic or more severe illnesses and/or diseases search sites like the National Health
Services (NHS). The internet and social network platforms are changing the game on
how individuals learn about their medical conditions resulting in individuals becoming
more aware and better understanding how to take care of themselves; therefore, it is vital
to understand why and how users are selecting online health information platforms since
there is minimal research that examine these factors. Factors such as age, gender, health
literacy, and SES can help to fill in the gaps on why and how users select specific
platforms to use, and in this understanding, developers can enhance their efforts to
maximize the usefulness of these sites (Sbaffi & Zhao, 2020).

Guo et al. (2021) state that several studies show the varying differences in health
information-seeking behaviors, especially as it pertains to online health platforms;
however, there is not a lot of data showing the correlation between online platforms such
as social media networking sites and health information-seeking behaviors. Guo et al.
(2021) conducted a survey in Hong Kong, China, that examines the occurrence of health
information-seeking behaviors that use traditional media outlets, the internet, and social
network platforms using the Information Seeking Experience Scale. The results were

similar to previous studies that showed that females with higher education, non-smokers,
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and physically fit were more likely to search for health information using all the
previously mentioned sources (Guo et al., 2021).

Additionally, like previous research, individuals older in age or poor educational
status and/or low-income individuals were shown less likely to search for health
information online Guo et al., 2021). Guo et al. (2021) state that "disparities existed in
which the older age, low socioeconomic status, and racial/ethnic minorities had few
HISBs due to limited access to information and communication technologies” (Guo et al.,
2021, p. 2). The internet has a significant amount of information available and ready to
access, but Guo et al. (2021) states that most web-based sources involve higher education
or higher reading capabilities that, unfortunately, most disadvantaged groups simply lack.
Lower socioeconomic status is associated with lower education, which correlates with
low income. This leaves these groups less likely to access web-based information due to
a lack of affordability for data plans and products like computers (Guo et al., 2021).

Although there are challenges for disadvantaged groups regarding the
accessibility and capability of online health information, Guo et al., (2021) study revealed
that the general population in Hong Kong is using smartphones more than ever to access
health information online. This trend of using smartphones has also been seen in other
countries like the United States (Guo et al., 2021). This is important to note because as
the vehicle for which we access information changes, consideration to factors that can
predict online health seeking with consideration to new technologies is critical to
understanding how new development and applications can be implemented to further
extend the effectiveness of online healthcare information as an adjunct to traditional

healthcare systems (Guo et al., 2021).
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Guo et al. (2021) study highlights the fact that although different variables require

consideration to understand predicting factors of online health-seeking, consideration to
how people are accessing that information online is also important such as whether they
are using a desktop computer, using a web version of the site or mobile app through a
smartphone to access information. There are some variances in using full sites versus
mobile app which directly relate to sites being user friendly and/or one’s ability to
navigate either the full site or mobile app and which is preferred based on predictive
factors like age, gender, and literacy (Guo et al., 2021).

Overall, the literature review is consistent in detailing some predictive factors of
online health-seeking, which are that middle-aged females with a higher education are
most likely to search for information online. Some studies suggest that longitudinal
studies be performed to obtain more accurate and reliable data as it stands today,
precisely because technology has changed quite dramatically within the last few years
and continues to transform. Most studies state that not enough consideration has been put
into identifying the predictive factors of online health-seeking but rather have been
considered minimally to support their particular theory. Looking at predictive factors to
facilitate the development of methods and techniques used by both researchers and
medical providers alike is essentially the foundation for how and what healthcare models
may look like in the future. Traditional healthcare, like in-person medical visits, is simply
transforming into more virtual models, so it becomes more and more critical to
understand how and why people are searching for information online and if those
predictive factors can help pave the way for how healthcare will be delivered in the

future.
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Several articles reviewed emphasized the importance of examining predictive
factors of online health seeking as this information can aid in the development of
mechanisms and interventions that promote overall health using various online health
platforms and tools. Many of the articles examined iterated that there was not much
research that examined predictive factors of online health-seeking and that longitudinal
research can render some significant benefits in predictive online health-seeking
behavior. As stated by Cline (2001), understanding these predictive factors of online
health-seeking will help identify limitations and challenges that will help healthcare
professionals improve their approach to patients that utilize online health information
and/or seek health information online. In addition, this information can also improve
health literacy and inform patient behavior. Medical personnel and related fields will
benefit from the recovered data as these topics continue to be explored because the
information will provide a blueprint or foundation to how medical providers, researchers,
and those related fields should proceed in implementing interventions to improve health

outcomes.
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Chapter 3: Research Design and Rationale
Introduction

Nangsanga and VVroom (2019) stated that the internet and technology have
become a vital point of reference for health information. The purpose of this study was to
examine predictive factors for online health-seeking behaviors in an aim to develop
methods and applications that can assist medical professionals in promoting positive
online health-seeking resulting in better health outcomes. This chapter addresses the
research design and rationale for methods used to examine specific predictive variables
using a quantitative approach, grounded in the TPB.

Research Design and Rationale

The research design used for this study was a cross-sectional correlational
quantitative design. According to Spector (2019), a cross-sectional design is favored by
researchers from many different disciplines that depend on survey methods. Spector
(2019) stated that an analysis was performed to determine what research design was used
most when examining occupational health and 41% of articles examined used a single-
source cross-sectional design because of its efficiency regarding a lack of resources
available to researchers when conducting research on a topic for where there are limited
data, and/or when there are new research questions that warrant further examination.

This study warrants further examination because there is limited research that
specifically examines certain variables as predictors of online line health seeking
behavior. This data is important because it can shed light on the need for technological

considerations and the development of policies and/or methods that can assist providers
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in reaching population groups that use online health seeking to seek medical care or
education.

The variables that were examined in this study were age, gender, income, overall
health, ethnicity, and education. According to Jia et al. (2021), some variables that were
shown to be predictive factors of online health-seeking behaviors are age, gender,
income, and employment. Jia et al. stated that younger adults, particularly women, were
most likely to search for online health information. The study conducted by Nansanga
and Vroom (2019) identified age as a significant predictor for online health seeking.
According to Nansanga and VVroom, there are many variables that determine health-
seeking behaviors. Age specifically is a variable that has been examined in previous
studies as a predictor for online health seeking; however, there are conflicting data
(Nansanga & Vroom, 2019). Some studies suggest that younger adults are not searching
for health information as much as older adults because younger adults have less chronic
illness and/or diseases; however, other studies suggest that younger adults are searching
for health information online more than older adults (Nansanga & Vroom, 2019).
Examining age as a predictive factor for online health seeking is beneficial in developing
age-appropriate platforms geared toward improving health literacy and functionality of
online health information.

Baumann et al (2017) stated that online health-seeking behaviors are an important
factor to consider as it relates to improving health literacy and empowering patients about
their healthcare and overall health. According to Baumann et al., there are limited data
that examine gender differences as a predictor for online health-seeking behaviors.

Baumann et al.’s study examined gender as a predictor for online health-seeking
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behaviors to better determine gender-specific approaches to health information found
online and online healthcare platforms used to promote health (Baumann et al., 2017).

Socioeconomic status is a factor that has been shown to be a predictor of online
health seeking (Li et al., 2020). According to Li et al. (2020), there is a digital divide
among socioeconomic classes, making it vital to understand the role that socioeconomic
status has in online health information seeking. Understanding socioeconomic groups as a
predictive factor for online health seeking can help policymakers and healthcare
professionals improve health literacy and branches of health delivery systems to increase
overall positive health outcomes (Li et al., 2020).

Jia et al. (2021) stated that although social media are promoting an increase in
online health seeking, there are limited data that incorporate more recent findings
regarding online health information-seeking behaviors that can be applied to
interventions and policies that promote health and improve online health information
services. Individuals who seek health information online have been recorded as being
more medically compliant upon review of the online health information obtained, which
supports current data indicating that online health information has significant potential to
be used as an adjunct to traditional healthcare modes (Jia et al., 2021). An important
factor in these findings is an individual’s health literacy. Even though an individual can
search for health information online, the individual’s level of health literacy is a
determinant of medical compliance and can also impact medical decision making (Jia et
al., 2021).

Lastly, overall health is an important factor to examine as it relates to online

health-seeking behaviors. Li et al. (2016) stated that even though the internet has become
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a vital platform of health information, there have not been a lot of studies that really
explain how certain variables predict online health-seeking behavior, more specifically,
how those variables predict online health seeking from a longitudinal standpoint. The
study conducted by Li et al. examined different factors to determine whether those factors
have a predictive value for online health seeking, and the study determined that overall
health contributed to online health-seeking behaviors. Li et al. stated that in a span of 10
years, overall health as a contributing factor for online health-seeking behaviors increased
from 3.0% to 4.2%. “In other words, as time went by, overall health conditions became a
more significant predictor of online health information seeking behaviors” (Li et al.,
2019, p. 808). Additionally, Li et al.’s study determined that individuals with more
comprehensive health issues were more apt to search for online health information than
individuals with less complicated or minor health issues. Although previous studies
emphasized other variables such as socioeconomic status and age, overall health was a
factor that consistently predicted online health-seeking behaviors (Li et al., 2019).
The Research Design and Connection to the Research Questions

The research design used, as stated earlier in this paper, was a cross-sectional
correlational quantitative design. Spector (2019) stated that cross-sectional designs are
typically used to identify a causal relationship between or among variables that then can
be used to either prove or disprove a theory. From the literature review conducted for this
paper, it was discovered that roughly 70% or more of the articles reviewed used a cross-
sectional design. A cross-sectional design has been known to be the design of choice,

particularly when combined with single-source self-report surveys (Spector, 2019).
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This study examined the dependent variable of online health seeking and the
independent variables of gender, age, income, education, ethnicity, and overall health to
determine whether or not those independent variables predict online health-seeking
behaviors; therefore, in thinking about how to come to a conclusion about the relationship
between variables and the benefit of using a cross-sectional design for which single-
source surveys are complementary, a cross-sectional design was fitting. In using a cross-
sectional design for this study, the aim was to confidently identify that one or more
variables predicts online health-seeking behaviors by determining that one or more of the
independent variables has a correlation with the dependent variable. This was performed
by using a cross-sectional design in which both independent and dependent variables
were analyzed in each wave (Spector, 2019).

In thinking about the research design and the connection to the research questions,
it is important to understand that researchers using a cross-sectional design do not look
for causation but rather the relationship among variables within a certain or set time
frame (Spector, 2019). The questions posed for this study were used to examine that
relationship as it pertains to whether one or more variable will predict online health-
seeking behaviors. The questions posed in the study were as follows.

Research Questions and Hypotheses
RQ1 — To what extent does gender relate to online health-seeking behaviors, as
measured by online health-seeking behavior scores among adults over the
age of 18?
Hoi— Gender is not a significant predictor of online health-seeking

behaviors.
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H:—  Gender is a significant predictor of online health-seeking
behaviors.

To what extent does ethnicity relate to online health-seeking behaviors, as

measured by online health-seeking behavior scores among adults over the

age of 18?

Hoi— Ethnicity is not a significant predictor of online health-seeking
behaviors.

H:—  Ethnicity is a significant predictor of online health-seeking
behaviors.

To what extent does socioeconomic status relate to online-health-seeking

behaviors, as measured by online health-seeking behavior scores among

adults over the age of 18?

Hoi— Socioeconomic status is not a significant predictor of online
health-seeking behaviors.

Hi—  Socioeconomic status is a significant predictor of online health-
seeking behaviors.

To what extent does overall health relate to online health-seeking

behaviors, as measured by online health-seeking behavior scores among

adults over the ages of 18?

Hoi— Overall health is not a significant predictor of online health-
seeking behaviors.

Hi—  Overall health is a significant predictor of online health-seeking

behaviors.
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RQ5 — To what extent does age relate to online health-seeking behaviors, as
measured by online health-seeking behavior scores, among adults over the
ages of 18 years old?

Ho1— Age is not a significant predictor of online health-seeking behaviors.
H:— Age is a significant predictor of online health-seeking behaviors.

RQ6 — To what extent does education relate to online health-seeking behaviors,
as measured by online health-seeking behavior scores, among adults over
the age of 18 years?

Hoi— Education is not a significant predictor of online health-seeking
behaviors.
H:— Education is a significant predictor of online health-seeking
behaviors.
Time and Resource Constraints
Cross-sectional designs are used to examine different population groups at one
point in time, whereas longitudinal studies examine variables over a period of time
frequently (Hasa, 2020). Additionally, because longitudinal studies are performed over a
period of time, they can be very costly, so most researchers opt for a cross-sectional
design if possible (Hasa, 2020). The study presented in this dissertation was of a cross-
sectional correlational quantitative design. Although longitudinal studies are known to be
more time consuming and costly, there was no time constraint identified; however, cost
was a factor that prolonged the study. Using online and web-based survey methods like
Survey Monkey helped to minimize cost and conserve resources to complete the study

successfully and in a timely manner.
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Design Choice and Research Designs

The research design that was used for this study was grounded in the TPB using a
cross-sectional correlational quantitative approach. This design was appropriate to
examine how variables such as age and gender predict online health-seeking behavior
because this design looked specifically at the relationship among variables but also
eliminated other possible interpretations regarding those relationships (Spector, 2019).

According to Zoellner et al. (2012), “The TPB proposes that behavior can be
predicted directly by one’s intention and perceptions of behavioral control” and suggests
that “subjective norms, attitude, and perceived behavioral control” can guide behavior
through motivation (p. 2). Li et al. (2020) stated that the TPB has been used in numerous
studies to explain and predict human behavior. The TPB considers five concepts, which
are “attitude toward the behavior, subjective norms (SN), perceived behavioral control
(PBC), behavioral intention, and actual behavior” (Li et al, 2020, p. 3). The TPB posits
that individuals will behave a certain way depending on their intent. For example, people
who search for health information online have different intents based on the five concepts
contained in the TPB.

Additionally, the TPB may be used to examine subjective and social factors that
can affect an individual’s behavior (Li et al., 2020). Li et al. (2020) stated that both
internal and external factors are often the reasons that an individual behaves a certain
way. The TPB is a theory that is often used to examine health-related behaviors because
of the considerations to internal, external, subjective, and social factors. In terms of
research, Li et al. stated that although the TPB has been used to examine health-related

behaviors, there are limited studies that use the TPB to detail factors of variables that
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predict behavior or intent regarding online medical treatment. The current study was
aimed at examining those factors that can predict behavior, specifically online health-
seeking behaviors; therefore, the TPB was well suited as the foundation for this study.

Adegbilero-lwari et al. (2021) conducted a similar study to examine the
connection between online health-seeking behaviors and healthcare decision-making for
students in Afe Babaloa University in Nigeria. Using a cross-sectional design, the
researchers were able to distinctively determine that approximately 83.2% of students
who participated in the study used the internet to search for health information.
Additionally, other findings such as students using the internet to search for specific
health-related information and the age of participants who were searching for online
health information were consistent with other studies that had been conducted previously,
according to Adegbilero-lwari et al. Lastly, the study determined that 51% of participants
used the health information found online to make healthcare decisions (Adegbilero-lwari
et al., 2021). The cross-sectional design choice was able to isolate the specific questions
that the researcher was looking to examine and eliminate or determine the level of
correlation between variables.

Shamlou et al. (2022) stated that the TPB is a well-suited theory to use because it
IS good at predicting behaviors. “Several studies have proven the TPB in predicting
various health behaviors” (Shamlou et al., 2022, p. 729). The TPB attests that intent can
predict behavior (Shamlou et al., 2022). Additionally, the TPB is grounded in three
separate constructs, which are “attitude, subjective norms, and perceived behavioral

control” (Shamlou et al., 2022, p. 729).
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The TPB has proven to be an effective theory in predicting behavior, so using the
TPB as the research design to examine predictive factors for online health seeking is
fitting. Predictive factors or variables that relate to a specific behavior, specifically online
health-seeking behaviors, can provide insight on how those variables influence online
health seeking, which can lead to the development of methods or approaches used that
can enhance how medical providers address patients who have searched for health
information online.

Because the TPB specifically examines attitudes, subjective norms, and perceived
behavioral control, it is understandable how TPB can be used to advance knowledge in
this particular discipline and/or study. First, when examining attitudes, the TPB looks at
how individuals perceive a consequence of behavior based on their own beliefs. For
example, if an individual believes that the health information found online is reliable and
can provide information that affirms their own self-diagnosis, then that individual is more
likely to search for health information online. Subjective norms refer to feedback or
reactions from important groups of reference such as family or friends (Shamlou et al.,
2022). For example, family members may respond negatively to an individual searching
for health information online, resulting in the individual refraining for online health
seeking. Lastly, perceived behavioral control refers to how one perceives the behavior,
whether it be difficult or easy to perform (Shamlou et al., 2022). There are two factors to
consider regarding perceived behavioral control, which are self-efficacy and
controllability. Does the individual believe in themselves enough to determine that they
can perform the tasks of searching for health information online easily, and is that

individual able to control their behavior as it relates to online health seeking? For
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example, an individual who is not computer literate or does not have access to the

internet may not pursue seeking health information online due to challenges posed,;

however, if an individual is fairly computer and health literate and the internet is

accessible, then that individual will be more apt to seek health information online.
Target Population

The population group for this study included participants that were over 18 years
of age. African American’s experience significant disparities and are a group that can
significantly benefit from the findings (James et al., 2019). James et al. (2019) states that
about 80% of Americans reported to search for health information online with about half
of that percentage to search for health information on behalf of friends and family. A
significant amount of the participants in the study by James et al. (2019) were educated
white females (James et al., 2019). According to James et al., (2019), African Americans
are less likely to search for online health information, which results in a decrease in the
benefit that online health information can provide.

Studies have shown that African American population groups experience a higher
level of disparities regarding chronic illness and diseases resulting in poor overall health
outcomes (James et al., 2019). Other factors that result in poor health outcomes and
decreased occurrence of online health information seeking in African Americans is that
African Americans have limited access to quality healthcare, which also result in poor
overall health (James et al., 2019). Other challenges to consider that African Americans
experience is low education that effect income and health literacy (James et al., 2019).

Low income due to low socioeconomic status hinder African Americans from being able
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to access technologies that provide health information such as the internet and mobile
devices (James et al., 2019).

There is lack of information and data for health information platforms and online
health seeking behaviors in all populations groups and understanding the factors that
challenge and/or hinder individuals in seeking and understanding online health
information can help “researchers, practitioners, and public health professionals to create
and disseminate more culturally relevant and culturally specific effective messages and
programs to assist the public with adopting healthier lifestyles and patients with learning
better self-management of diseases” (James et al., 2019, p. 20).

Target Population Size

Elfil and Negida (2017) state that population groups are defined as a group of
individuals who share commonalities in terms of character and/or conditions. In addition
to commonalities, the target population group must also be representative of the
geographical location therefore, sampling size will be dependent upon the location and
size that is representative of that particular location. There are two main kinds of
sampling types which are probability sampling methods and non-probability sampling
methods (EIfil & Negida, 2017).

According to Elfil and Negida (2017) probability sampling method is when there
is an equal chance of participants in the target population to be selected and non-
probability sampling method is when the researcher makes a non-random selection
dependent upon a specific criterion (Elfil & Negida, 2017). Since the study primarily
used web-based surveys, a non- probability sampling method strategy was used,

specifically, convenience sampling. The Pew Research Center (2014) states that a
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significant number of surveys are now being administered via online or through internet
because of the ease of accessibility that online surveys possess.
Sampling and Sampling Procedures

Convenience sampling was the method that had been chosen for this study.
Scholtz (2021) states that non-probability and probability samples are used most often for
researchers to examine population groups. Population size is an important factor in
accurate representation of a population group as well (Scholtz, 2021). According to
Scholtz (2021), “convenience sampling collects data from whoever is willing to partake
in a study, is the most approachable or is, in other ways, conveniently accessible to the
researcher” (Scholtz, 2021, p. 2). Convenience sampling allows for researchers to collect
data quickly, is usually cost effective, and easier to administer (Scholtz, 2021).

Since the survey for this study was administered online, a convenience sampling
strategy was best suited to maximize the number of participants willing to participate in
the study. Higher participant participation can lead to increased generalization resulting
in increased validity and reliability of the study (Scholtz, 2021).

The sample group was recruited using Survey Monkey. The sample size was
calculated using G*Power. Using the G*Power application, the test family selected was F
tests, the statistical test selected was linear multiple regression with an effect size of 0.15,
a error probability of 0.05, a power (1-B err prob) of 0.95 and number of predictors 6.
After calculating, the total sample size determined was 146.

Participants were recruited using Survey Monkey. Upon receiving the survey
administered via Survey Monkey, a screening questionnaire was administered to ensure

that the participant met the criteria and if the participant met the criteria, the full survey
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became available for the participant to complete. The screening questions ensure that
participants selected were applicable to the study to ensure an accurate representation of
the population group specified for the study. The prescreening question that will be asked
are as follows.

1. Are you over the age of 18?

If the answer was yes to the prescreening questions, then the participant were
directed to the full survey for completion.

Norouzian (2020) states that obtaining a proper power analysis to determine
sample size is important because it allows researchers to identify statistical significance
in both non-significant and significant findings. Researchers are often looking to
determine the size of a sample that would be needed to provide an accurate representation
of the population group. According to Norouzian (2020), researchers need to start with an
alternative hypothesis, meaning that the researcher should identify expectations of the
size of the population group to be examined. Using a power-analytic approach, | will be
able to determine the sample size needed to systemically determine if there is a statistical
significance within the target group versus estimating the sample size required
(Norouzian, 2020).

The framework for the power-analytic approach is the null hypothesis
significance testing or NHST. Using this framework, if an effect is observed and is in
alignment with the main premise or concept of the null hypothesis; for example, health
literacy variable does not show an effect regarding the target group, then the health
literacy variable is most likely random and a non-generalized finding (Norouzian, 2020).

Researchers should try to estimate the significance to be over the null hypothesis position
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because by using the null hypothesis significance testing, the null hypothesis rejection
behavior can be modified based on the researchers’ specifications (Norouzian, 2020).
“From this point on, power analytic approach (PAA) will find the required sample size
such that the null hypothesis rejection behavior meets the researcher’s preset conditions”
(Norouzian, 2020, p. 851).

Procedures for Recruitment Participation, and Data Collection

Recruitment procedures for the testing population was anyone over the age of 18.
According to Manohar et al. (2018), selecting and keeping participants for a study are
vital in a successful research study. Selecting participants for a study entail determining
the criteria required for participants to be included in a study (Manohar et al., 2018). This
is particularly important because selecting participants that are relevant to the study can
help to ensure that the data rendered is applicable to what the researcher is trying to prove
or disprove. Additionally, the participants need to be representative of a set population
group because poor selection can result in inaccurate or unreliable data (Manohar et al.,
2018).

James et al., (2019) states that African Americans are less likely to engage and/or
benefit from online health information and seeking. Additionally, African Americans are
at a higher risk for comorbidities and decreased access to healthcare resulting in poor
health outcomes making African Americans a good population to examine to improve
overall health outcomes (James et al., 2019). James et al. (2019) states that there is
limited information about online health seeking behaviors as it pertains to African
Americans therefore, gaining knowledge on specific demographics as it relates to online

health seeking behaviors can aid researchers and medical professionals in developing and
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implementing a more ethically applicable and distinct directives and policies to improve
health management and heathy lifestyles (James et al., 2019).

The data collection tool that was used was survey created and generated using a
website called Survey Monkey. Survey Monkey offers the ability to create a detailed
screening tool for selecting and recruiting participants that are applicable to the study
(Survey Monkey, n.d.). A template was used and modified to ensure that the participant
group selected met the requirement of being over the age of 18 years old.

Informed consent is a necessary provision when conducting research. The
National Research Council (2010) states that there are some basic components of
informed consent presented by the U.S. Code of Federal Regulations but first and
foremost, the document presented to the participant or individual must be clear and
concise. In addition, the document must state or indicate to the individual, specific details
as it pertains to consent such as risks and benefits, the purpose or intent of the research,
confidentiality aspects, and rights of the individual in participating or consenting to the
study (The National Research Council (2010). Consent can also vary depending on the
research (The National Research Council (2010). For research that may include
biomedical research, informed consents are typically more stringent and require a more
detailed consent form due to the potential for higher risks (The National Research
Council, 2010). “The closer scrutiny of biomedical research has also influenced the
treatment of informed consent for medical research that poses not physical risks but
financial or psychological risks to participants” (The National Research Council, 2010, p.

59).
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Since the study being conducted for this dissertation used a web-based survey
through Survey Monkey, informed consent was be obtained using the Survey Monkey
platform. Survey Monkey (n.d.) states that a consent statement and privacy notice can be
added to any survey including your informed consent questions when designing the
survey.

The data was collected by web surveys using the Monkey Survey platform. Wyatt
(2020) states that there are many ways to collect data such as face-to-face interviews,
mail, fax, phone calls, and now growing in more popularity, online web surveys. The
pros of using a web-based survey versus in-person survey is that there is a higher
potential to reach the intended population group, are typically cheaper than in-person
surveys, the data collected is electronically captured making it easier to access and
process, data is accessible almost immediately after the participant has completed the
survey, and web-survey questions can be easily edited and adjusted once an error is
identified (Wyatt, 2020). Some cons to consider are that some participants may not be
computer literate, interpret the questions differently than that of a paper survey,
participants may not read the entirety of the survey or skip questions, and/or opt not to
participant in the study altogether, which can impact the validity and reliability of the
study (Wyatt, 2020).

Some ways to mitigate these issues is to subject participants to “calibration”
questions prior to the actual survey. The “calibration” questions will determine if the
participant’s responses are acceptable or adequate enough in order to proceed with the
complete survey (Wyatt, 2020). Another challenge is that with the growing use of online

platforms, web-based surveys have also been increasing as the mode to collect data,
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which can result in poor participation rates due to “survey fatigue” (Wyatt, 2020, p. 428).

Wyatt (2020) states that a response rate of upwards of 80% or more is considered
desirable in terms of proving validity and reliability of a survey and data rendered so
consideration to the length, ease, and time it takes to complete a survey are necessary.

According to Wyatt (2020), surveys can be administered randomly to a
generalized group and then the researcher will gather only pertinent information from
those surveys, or the survey can be administered to a specific group meeting a certain
criterion. For this study, the survey parameters for administration were for groups or
individuals who met a specific criterion. For example, the survey was administered to
individuals over the age of 18 years of age. Narrowing the population group to
individuals who are actively seeking in-person healthcare helped to isolate data that is
specifically relevant to the study.

The survey was an electronic survey administered by Survey Monkey and
participants exited the study by simply closing out of the survey once completed. Lee et
al (2014) states that although there are several sampling methods that can be used,
convenience sampling are often used for both quantitative and qualitative research
because participants are more accessible to researchers. The drawback is that in
convenience sampling, “the opportunity to participate is not equal for all qualified
individuals in the target population and study results are not necessarily generalizable to
this population” (Lee et al., 2014, p 1).

Boyce and Condon (2021) states that debriefing is the process that examines the
person’s experience, understanding, emotions related to an event or interaction, and

feedback about that event or interaction. Survey Monkey does have templates that offer a
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debriefing survey that allows participants to provide feedback about the survey they have
participated it so naturally, a debrief survey was not used.

Although previous research has suggested that longitudinal studies would be
beneficial in gaining a better understanding of online health seeking behaviors in studies
that considers age as a variable to examine, this study is not a longitudinal study and in
addition, this study specifically examined variables predicting factors for online health
seeking so follow-up surveys, interviews, and treatments were not a consideration as of
now.

Threats to Validity

Validity and reliability are important in any research study because it
substantiates, supports, or disproves the researcher’s theory or hypothesis. According to
Onwuegbuzie (2020), an experiment is valid if the data collected show a justifiable
relationship between variables however, the study must also be examined for any
possible threats to validity both internal and external. Urban et al. (2013) state that
internal validity is the ability for a study to show a causal relationship between two or
more variables and external validity is when there is a generalization found or identified
that express the “contexts and/or populations outside of the sample” (Urban et al., p. 111,
2013).

This study shows both internal and external threats to validity. Wang and Cheng
(2020) states that cross-sectional studies examine population groups within a specific
timeframe, which pose some limitations. For example, technology continues to rapidly
advance and as it does, it can be hard to get an accurate account of how individuals

determine to use the internet to seek online health information and what those individuals
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do with the information that he/she find online. Participants within this study are selected
based on availability to participate and additionally, there is not a follow up to the initial
survey. Because there is not a follow up, more specifically, because this study is not
longitudinal in nature, it can be challenging to show the progression of online health
seeking behaviors in tandem with technological advances. Cross-sectional studies
typically are used to substantiate data that warrants further exploration and given that
there is not a lot of current data that show the predictive variables onto online health
seeking, a cross-sectional study is applicable (Wang & Cheng, 2020).

Low response rate was another possible threat to validity for this study. The use
of an online survey such as Survey Monkey to collect data is preferred because of the
capability of surveying a larger population sample, however, surveys are also known to
have low response rates, according to Weng and Chang (2020). This brings up another
validity threat, which is sampling bias. Sampling bias is a threat for this study because it
can be difficult to accurately determine the sampling size required for the study.
According to Wang and Cheng, 2020, a bias refers to a systematic error that can render
inaccurate estimates of the “true effect of an exposure on the outcome of interest” (Wang
& Check, 2020, p. 68). This error can occur if the sampling size becomes irrelevant
because it does not accurately represent the population group any longer (Wang &
Cheng, 2020). Fortunately, for this study, response rate exceeded the minimum
requirement for participation responses.

LaCoursiere (2003) states that with the emergence of the internet and information
gathered from the internet, new threats to validity also present themselves. For example,

internet population users and their characteristics can impact generalizability
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(LaCoursiere, 2003). In the data that LaCoursiere (2003) present, groups of an older age

group are least representative of the US population, which can have a significant impact
on generalizability for research for which age is a variable that is considered. This was
another potential threat to validity since age was a variable considered for this study.
Sampling a larger group with consideration to age can help to increase generalizability
and accurate representation of the population group being examined for future studies.
The online modality being used for this study can have an impact on validity as well
(LaCoursiere, 2003). For example, an online survey delivery mode can come from
various places such as a referral from an individual, a pop up from visiting a specific
website, an email, or through prior knowledge of a survey being conducted and visiting a
site directly (LaCoursiere, 2003). These different modes can make generalization more
challenging because of the challenge in defining a target group. One way to mitigate this
challenge for this study was to use one online modality to administer the survey.
LaCoursiere (2003) states that consideration to possible threats must be made to
internet populations because although those populations are representative of the general
population, there are still both internal and external differences because internet
populations are essentially a subset of the general population. Researchers must consider
whether using the internet to gather data is more conducive to the research and data being
collected or whether in person data collection methods are better suited. According to
LaCoursiere (2003), there are five possible threats to external validity which are “(1) the
interaction of testing and X, (2) the interaction of selection and X, (3) other interactions

with X, (4) multiple treatment interference, and (5) reactive arrangement’s”
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(LaCoursiere, 2003, p. 261). The first three threats listed specifically deal with internal

validity and the remainder deal with external validity (LaCoursiere, 2003).

It is vital to examine possible internal and external threats to validity prior to
conducting research and collection of data to ensure that the results rendered are as
accurate as possible (Urban & van Eeden-Moorefield, 2018). Testing is another threat to
validity for this study. Testing refers to the same measure to collect data that is used
many times which can cause participants to be accustomed to responding to surveys a
certain way, rendering skewed results (Urban & van Eeden-Moorefield, 2018). For
example, a participant who takes multiple surveys in a week may be less likely to read all
the questions thoroughly or answer quickly versus a participant who doesn’t take surveys
as frequently. Patients are often administered surveys after appointments as a way to
gauge the care that they received so there is a greater chance that patients may be less
likely to answer the survey questions genuinely and honestly, however, in a previous
study, it was reported that 61.9% of patients preferred to be surveyed (Schopf et al,
2019). Urban and van Eeden-Moorefield (2018) states that consideration to different
measures for each collection methods should be made as well is increasing the time
between testing events. There are no follow-up survey that will be conducted, so control
for times between testing events were not considered. Consideration for different
measures was minimal as well because the only collection measure or method being used
are surveys, however, minimizing the questions and providing adequate time to take the
survey helped to reduce fatigue and ingenuous responses.

Selection or selection bias refers to groups that possess different levels of intellect

that can skew results or participants with particular characteristics that are inclined to
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participate in the study (Urban & van Eeden-Moorefield, 2018). Because this study aimed

to examine a specific group of individuals, consideration for characteristics was
considered. Additionally, intellect or more specifically, education and overall health are
variables that are already being examined therefore, intellect as a threat is not applicable.
Selection treatment interactions refers to limited characteristics and/or demographics that
can also limit generalization of this study. Using a more generalized sampling frame
assisted in mitigating selection treatment interactions as a threat for this study (Urban &
van Eeden-Moorefield, 2018).

Ethical Procedures
Agreements to Gain Access to Participants

Obtaining consent to gain access to participants or data was a requirement and
part of ethical procedures (Manti, 2018). Manti (2018) states that any research that
involves human subjects require that informed consent be obtained, this is to also include
gaining access to participants and sensitive data. Shenton and Hayter (2004) state that one
of the most basic requirements in research is in “gaining access”. Gaining access includes
access to an organization or business and its employees as they will function as a point of
contact for information gathered (Shenton & Hayter, 2004).

Shenton and Hayter (2004) state that essentially, gaining access to facilities in an
aim to conduct a survey using individuals that are presenting to those organizations takes
a good amount of networking and understanding regarding the terms of the agreement.
Conveying to the organizations or businesses that will be used of the purpose of the study
of the importance that the participants will play in the study is critical (Shenton & Hayter,

2004). There are two challenges that present in gaining access to participants, which are
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first, gaining access to various healthcare clinics and second, convincing patients to
participate in the survey. Shenton and Hayter (2004) states that if access to a facility or
organization is denied, this could potentially derail or even halt a study from occurring
altogether. Additionally, patients that choose not to participate can prolong the study
and/or make it more challenging to gather the necessary data for the study (Shenton &
Hayter, 2004). Because participants were recruited anonymously using Survey Monkey,
access to patients or participants was not necessary from a researcher’s standpoint for
participants to participate in the survey.

An outline of the purpose of the study was provided in Survey Monkey.
Individuals that agreed to participate in the study, verified their age and once verified,
proceeded to the survey. Since the survey was online, treatment of participants was
minimal since there was no contact between researcher and participant.

IRB permissions and approvals were required to adhere to ethical requirements as
well as address any potential ethical issues that may arise prior to the study. Online
research studies offer a significant advantage in that researchers are able to gather data at
an expedited rate (Sugiura et al., 2017). Online research also allows researchers to reach
certain population groups, include a broader range of individuals within a study, and
administer the study quickly, efficiently, and more cost effectively but online research is
not without challenges (Sugiura et al., 2017). Some possible ethical challenges regarding
this study that could present were issues of informed consent, confidentiality, and
anonymity (Sugiura et al., 2017). Sugiura et al. (2017) state that some societies have
developed some guidance on how to address potential ethical concerns as it relates to

online research. Some of those societies include the “Association of Internet Researchers,
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The British Educational Research Association, The Market Research Association, The
Council of American Survey Research Organizations, The British Psychological Society
and The British Society of Criminology” (Suguira et al., 2017, p. 187). Reviewing some
of these societies guidance on online research ethics will be considered to ensure that
ethical challenges in online research for this particular study are not overlooked.
Ultimately, the goal is to ensure that no harm is done and that the study is ethically sound
and compliant with the IRB’s code of conduct and ethical guidelines.

The most prominent challenges of informed consent, anonymity, and
confidentiality as it pertains to this study were considered. Informed consent to
participate in the study was provided through Survey Monkey. Once the individual
decided to participate, he or she was forwarded to the survey in Survey Monkey.
Additionally, the study did not require participants to enter in any identifying information
such as their name or contact information so in essence, confidentiality and anonymity
were maintained.

Recruitment Materials and Processes

Ethical concerns regarding recruitment materials and processes were
another important factor to consider in addressing possible ethical challenges. It is
important to allow participants to act on their own accord on whether to participate in a
study and not be persuaded or obligated by their provider to participate (Wilson et al.,
2008). How participants are presented with the information or material to participate is
vital (Wilson et al., 2008). Recruitment of participants can occur during the individual’s
medial appointment or upon check in or check out to and from their appointment (Wilson

et al., 2008). According to Wilson et al. (2008), recruitment during their medical
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appointment poses challenges such as limited time to discuss the study and feeling
somewhat obligated to participate.

For this study, in-person recruitment although initially considered, ultimately was
not used in order to maintain anonymity and confidentiality. Instead, participant
recruitment occurred using Survey Monkey. Survey Monkey advertised the survey to the
general population via email invitation to potential participants. An information sheet that
detailed the purpose of the study and brief informed consent was provided to the
participants upon clicking the invite to participate and if the participant agreed to
participate, he or she simply clicked “Next” to enter the survey. For individuals that
refused to participate, no further action was taken. Those individuals simply closed out of
the browser. For participants that began the survey and did not complete it, no further
action was taken. There was no financial incentive provided by myself, the researcher,
driving participation but rather hopes that participants were willing to participate to
contribute data that could potentially help to develop interventions that can improve how
providers address patients that present with health information found online.

Treatment of Data and Data Storage

According to Schreier et al. (2008), there are federal regulations that require
records keeping. Good records keeping allow the data to be used as reference for future
studies, to refer to for any discrepancies or errors from the study results, possible
collaborations with other researchers, “publishing and peer review”, and federal and
governmental compliance (Schreier et al., 2008, p. 1).

Because the study was administered using Survey Monkey and is anonymous, no

record of participant identifying information was gathered. Only responses of participants
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were kept on the Survey Monkey portal and only accessible through researcher login and
password. This allows the data to be anonymous and confidential to both the researcher
and participant perspective. Additionally, no other identifying information was gathered
during the recruitment process, so anonymity and confidentiality are maintained.
Summary of Design and Method of Inquiry

In summary, a quantitative approach based on the TPB with a cross-
sectional correlational quantitative design was best suited to examine and identify
predictive variables as it pertains to online health seeking behaviors because of the
specific contexts that the TPB engages. Using an online survey posed many advantages
from confidentiality and anonymity as well as addressing informed consent. Online
research by way of survey also allows for quick responses and data collection, cost
efficiency, and anonymity. The cross-sectional correlational design made it possible to
collect data from multiple participants at once and more importantly, identify a
correlational or causal relationship among variables that can increase generalization and

ultimately, increase reliability and validity of the study.
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Chapter 4: Results

As stated earlier in Chapters 1 and 2, the purpose of this study was to identify
factors or variables that predict online health-seeking behaviors through a quantitative
correlational study. Although there are several studies that examine online health seeking,
there are limited studies that examine factors that predict online health seeking from a
quantitative standpoint. | used a quantitative approach to determine whether the
independent variables would predict the dependent variables. The dependent variable was
online health seeking. The independent variables were gender, age, ethnicity, education,
socioeconomic status, and overall health. The TPB was best suited to understand factors
that influence behaviors.

In this chapter, the data collection process are discussed in detail.

The research questions for the survey are as follows:

RQ1 - To what extent does gender relate to online health-seeking behaviors, as

measured by online health-seeking behavior scores among adults over the

age of 18?

Ho1— Gender is not a significant predictor of online health-seeking
behaviors.

Hi—  Gender is a significant predictor of online health-seeking
behaviors.

RQ2 — To what extent does ethnicity relate to online health-seeking behaviors, as

measured by online health-seeking behavior scores among adults over the

age of 18?



RQ3 -

RQ4 —

RQ5 —
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Hoi— Ethnicity is not a significant predictor of online health-seeking
behaviors.

H:—  Ethnicity is a significant predictor of online health-seeking
behaviors.

To what extent does socioeconomic status relate to online-health-seeking

behaviors, as measured by online health-seeking behavior scores among

adults over the age of 18?

Hoi— Socioeconomic status is not a significant predictor of online
health-seeking behaviors.

Hi— Socioeconomic status is a significant predictor of online health-
seeking behaviors.

To what extent does overall health relate to online health-seeking

behaviors, as measured by online health-seeking behavior scores among

adults over the ages of 18?

Hoi— Overall health is not a significant predictor of online health-
seeking behaviors.

Hi—  Overall health is a significant predictor of online health-seeking
behaviors.

To what extent does age relate to online health-seeking behaviors, as

measured by online health-seeking behavior scores, among adults over the

ages of 18 years old?

Ho1— Age is not a significant predictor of online health-seeking behaviors.

H1— Age is a significant predictor of online health-seeking behaviors.
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RQ6 — To what extent does education relate to online health-seeking behaviors,
as measured by online health-seeking behavior scores, among adults over
the age of 18 years?

Hoi— Education is not a significant predictor of online health-seeking
behaviors.
H:— Education is a significant predictor of online health-seeking
behaviors.
Data Collection

The time frame for the study was between Nov 20 and Oct 9, 2023. Surveys were
administered and received through Survey Monkey. Survey Monkey was used as the
platform for participant recruitment as well; however, a limitation to this method was the
cost, which can be expensive. To conduct this study through Survey Monkey, the cost
was approximately $280 for 10 research questions. Additionally, prices can increase
depending on the number of participants. Participant recruitment pricing was a factor in
determining when to begin the survey. A minimum of 147 participants were needed for
the study; however, a total of 171 participants responded and were collected from the
survey. No additional charge from Survey Monkey was received for the additional
participants.

Once the surveys were completed and collected, the raw data were then exported
into SPSS to analyze; however, there were discrepancies and formatting issues
discovered upon exportation. Survey Monkey collected additional data outside of the
research questions that | posed. The additional data collected were region and device

type. Those variables were removed. Duplicate data collected by Survey Monkey were
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age and gender, so the data were collected twice and exported into SPSS. Lastly, some of
the values for some of the questions were not correctly labeled. A consultation with the
research design and development faculty member occurred for guidance on how to
reformat the data and remove unwanted or duplicate responses. The research and design
team reviewed the data and requested time to troubleshoot concerning how to
appropriately correct the data without having to manually enter all data on a new SPSS
spreadsheet. Additionally, | submitted a trouble ticket with Survey Monkey for assistance
in correcting the data before exporting into SPSS; however, no response was provided
from Survey Monkey. Approximately 1 week from the initial consult with the research
and design team, the research and design team provided guidance on how to remove
duplicate data and correct the formatting for values that were not correctly labeled.
Analysis of the data is as follows.
Description of the Participants

A total of 171 participant responded to the survey. Frequencies and percentages
for participant demographics are presented in Table 1. There were 171 participants who
reported their age. Thirty-seven participants reported their age to range between 18 and
29 (21.6%), 48 participants reported their age to range between 30 and 39 (28.1%), 40
participants reported their ages to range between 40 and 49 (23.4%), 37 participants
reported their age to range between 50 and 65 (21.6%), and nine participants reported
their age to be over 65 years of age (5.3%). The mean for age was 2.60, and the standard
deviation was 1.19. For gender, there were 76 males and 95 females to conclude that
44.4% of participants were males and 55.6% of participants were female. The mean for

gender was 1.55, and the standard deviation was .498.
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Frequencies and Percentages for Participant Demographics
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Demographic N %
Age 18-29 37 21.6
30-39 48 28.1
40-49 40 23.4
50-65 37 21.6
Over 65 years of age 9 5.3
Gender Male 76 44.4
Female 95 55.6
Ethnicity African American/Black 17 9.9
Asian 22 12.9
Hispanic 8 4.7
Middle Eastern 1 .6
American Indian/Alaskan Native 3 1.8
Pacific Islander 1 .6
White 117 68.4
Other 2 1.2
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Demographic N %
Household income Less than $20,000 18 10.5
$20,000 to $34,999 22 12.9
$35,000 to $49,000 19 111
$50,000 to $74,999 31 18.1
$75,000 to $99,999 27 15.8
$100,000 to $149,999 35 20.5
$150,000 or more 19 11.1
Overall health Excellent 28 16.4
Very good 68 39.8
Good 48 28.1
Fair 23 135
Poor 4 2.3
Highest level of Did not attend 1 .6
education
Between 1%t and 8" grade 12 7.0
Between 9" and 11" 5 2.9
Graduated from high school 29 17.0
1-2 years of college 31 18.1
3-4 years of college 11 6.4
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Demographic N %
Graduated from college 46 26.9
Some graduate school 7 4.1
Completed graduate school 29 17.0
Amount of time Occasionally (1-2x a week) 16 94
accessing the internet in
a week
Often (3—6x a week) 25 14.6
Frequently (more than 10x a 65 38.0
week)
Regularly (consistently 65 38.0
throughout the week)
Have searched for health  Yes 160 93.6
information online
relating to symptoms, No 11
chronic illness, disease,
and/or preventative
healthcare
Searched for health All 7 4.1
information online
related to one’s own Myself 102 59.6
health, friend, and/or
family health or medical  Friends 16 9.4
situation
Family 41 24.0
Family and myself 3 1.8
None 2 1.2




87

Of all the participants, 169 reported their ethnicity, and two participants were not
identified (1.2%). There were 17 participants who identified as African American/Black
(9.9%), 22 who identified as Asian (12.9%), eight who identified as Hispanic (4.7%), one
who identified as Middle Eastern (.6%), three who identified as American Indian/Alaskan
Native (1.8%), one who identified as Pacific Islander (.6%), and 117 participants who
identified as White (68.4%). For total household income, 18 participants listed their
income as less than $20,000 (10.5%), 22 participants listed their income as between
$20,000 and $34,999 (12.9%), 19 reported their income as between $35,000 and $49,999
(11.1%), 31 reported their income as between $50,000 and $74,999 (18.1%), 27 reported
their income as between $75,000 and $99,999 (15.8%), 35 reported their income as
between $100,000 and $149,999 (20.5%), and 19 reported their income as $150,000 or
more (11.1%).

For overall health, 28 participants reported their health as excellent (16.4%), 68
reported their health as very good (39.8), 48 reported their health as good (28.1%), 23
reported their health as fair (13.5%), and four reported their health as poor (2.3%). When
asked the guestion as to how often they accessed the internet, 16 participants reported
accessing the internet occasionally (1-2 times a week; 9.4%), 25 reported accessing the
internet often (3-6 times a week; 14.6%), 65 reported accessing the internet frequently
(more than 10 times a week; 38.0%), and another 65 participants reported accessing the
internet regularly (consistently throughout the week; 38.0%). One hundred sixty
participants reported having used the internet to search for information about symptoms

that they had experienced, a chronic illness and/or disease, and/or preventative
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healthcare, and 11 participants responded no to searching for online health information
(93.6%).

Lastly, 102 participants reported searching for online health information
pertaining to their own health (59.6), 16 reported searching for online health information
for friends (9.4%), 41 participants reported searching for online health information for
their family (24.0%), three participants reported searching for online health information
for both family and themselves (1.8%), two participants reported that they did not search
for online health information for any of the options (1.2%), and seven participants
reported searching for online health information for all options listed (4.12%).

Results

A binomial logistical regression was selected and run through SPSS. The first step
in completing the binomial logistical regression was to test the seven assumptions for
binomial logistical regression. Assumption 1 requires one dependent variable that is
dichotomous, such as a nominal variable with two outcomes. The dependent variable for
this study was whether the participant used the internet to search for health information
online, for which the response could be either yes or no. Because there were two possible
outcomes, Assumption 1 is met. Assumption 2 requires one or more independent
variables that are measured on a continuous or nominal scale. My study contained more
than one nominal variable; therefore, Assumption 2 is met. Assumption 3 requires that
there is independence of observations, and the categories of the dichotomous dependent
variable and all nominal independent variables should be mutually exclusive and
exhaustive. There is no relationship initially observed between the dependent variables,

independent variables, and/or categories. The dependent variable was whether the
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participant searched for health information online, which had two categories—*“yes” and
“no”—for which the participant could only be placed in one or the other category.
Additionally, there was not a relationship between variables observed, and the aim of the
study was to determine if any of the independent variables predict online health seeking;
therefore, Assumption 3 is met.

Assumption 4 requires there to be at least 15 cases per independent variable. My
study had a total of 171; therefore, Assumption 4 has been met. Lastly, for binomial
logistic regressions, Assumptions 5, 6, and 7 state that there should be a linear
relationship between the continuous independent variables and logit transformation, no
multicollinearity, and no significant outliers. Testing for linearity is only required for
continuous independent variables and is not required for categorical independent
variables; therefore, Assumption 5 will not apply. For Assumption 6, a test for
multicollinearity was conducted in SPSS, and the results are displayed in Table 2. The
variance inflation factor (VIF) measures the correlation and strength between the
predictive variables (Zach, 2020). Typically, a score of 1 indicates that there is no
correlation, a score of 1 to 5 indicates a moderate but not significant correlation, and a
value of greater than 5 means that there is a significant correlation that will most likely
render an unreliable output (Zach, 2020). My data do not show multicollinearity;

therefore, Assumption 6 is met.



90
Table 2

Test for Multicollinearity

Coefficients 2

Collinearity statistics

Model Tolerance VIF
What is your racial or ethnic identify? 502 1.990
What is your total household income? 630 1.587
In general, how would you rate your overall health? 787 1.271
How often do you access the internet in a week? .895 1.118

When using the internet, how often do you search for
health-related information or visit websites such as
WebMD or Google Doc? 567 1.764

If you have searched for health-information online, did
you search for information related to your own health
or medical situation or someone else’s, i.e., friend,

family member? 801 1.248
What is your current age? 341 2.930
What is the highest level of education you have

completed? 282 3.545
Gender 385 2.601

Assumption 7 requires that there be no significant outliers, high leverage points or
highly influential points. The issue of outliers was identified through the Casewise List as
seen in Table 3. | filtered the cases so that they would not be included in the output and
ran the regression once more. After filtering the cases, an output for the Casewise List

was not produced because no outliers were found as seen in Table 4, therefore meeting
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assumption seven, however, for comparison, a second output with outliers was generated
to determine if there was a significance difference in data output in including the outliers.
Table 3

Casewise List

Selected  Observed Temporary variable

status® Have you used
the internet to
search for
information
about
symptoms you
have now or
have
experienced,
chronic
illness, and/or
disease, and/or

preventative Predicted
Cases healthcare? Predicted group Resid ZReisd SResid
17 S N** .163 Y .837 2.266 2.043
20 S N** 128 Y 872 2.607 2.147
34 S N** 112 Y .888 2.820 2.202
42 S N** 124 Y .876 2.653 2.168
48 S N** .075 Y .925 3.523 2.381
66 S N** .054 Y .946 4.168 2.440
74 S N** .017 Y .983 7.569 2.878
80 S N** .098 Y .902 3.028 2.262
135 S N** .019 Y .981 7.111 2.841
Table 4

Casewise List With Filtered Cases

a. The casewise plot is not produced because no outliers were found.

The binomial logistic regression output generated after filtering cases showed that
the model was statistically significant based on the Omnibus Tests of Model Coefficients

as seen in Table 5. The model is proven to be statistically significance because p < .005



92

and according to the output, the Sig is < .001. Additionally, Hosmer and Lemeshow Test
as seen in Table 6, indicate results that are not statistically significant, which indicate that
the model used is adequate and accurate.

Table 5

Omnibus Test of Model Coefficients

Chi-square df Sig.
Step 1 Step 29.878 9 <.00
Block 29.878 9 <.001
Model 29.878 9 <.001
Table 6
Hosmer and Lemeshow Test
Step Chi-square df Sig.
1 3.843 8 871

A binomial logistic regression with filtered cases was performed to ascertain the
effects of gender, age, ethnicity, education, socioeconomic status, and overall health. The
logistic regression model was statistically significant, X2(4) = 29.878, p < .0005. The
model explained 6.4% (Nagelkerke R?) of the variance in online health seekers and
correctly classified 93.6% of cases. Sensitivity was .0%, specificity was 0.0%, positive
predictive value as 100%, and negative predictive values was 0%. Of the 9 predictor

variables, none were shown to be statistically significant as shown in Table 7.
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Table 7

Binomial Logistic Regression With Filtered Cases

95% CI for odds ratio

Odds
B S.E. Wald df p ratio Lower Upper

What is your racial or ethnic 16.12 327.67 002 1 961 10025981.48 .000
identity?

What is your total household -17.64 43348 002 1  .968 .000 .000
income?

In general, how would you rate  -42.40 1079.93 .002 1 .969 .000 .000
your overall health?

What is your current age? 20.13 414541 002 1 961  554431865.30  .000
What is the highest level of

education you have -7460 14080.68 .003 1  .958 .000 .000
completed?

Gender 197.58 3869.370 .003 1  .959 6.5 .000

A second binomial logistic regression without filtered cases was conducted to
determine whether the presence of the outliers would change the regression. The logistic
regression model was statistically significant, X2(4) — 6.472, p<.0005. The model
explained 1.9% (Nagelkerke R?) of the variance in online health seekers and correctly
classified 98.10% of cases. Sensitivity was .0%, specificity was 0.0%, positive predictive
value as 100%, and negative predictive values was 0%. Of the 9 predictor variables, none

were shown to be statistically significant as shown in Table 8.
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Table 8

Binomial Logistic Regression Without Filtered Cases

95% ClI for
odds ratio
Odds
B S.EE.  Wald df p ratio Lower Upper
What is your racial or -126 132 918 1 .338 .881 .681 1.141
ethnic identify?
What is your total .093 .198 219 1 .640 1.097 744 1.617
household income?
In general, how would you  .011 .359 .001 1 976 1.011 .500 2.044
rate your overall health?
What is your current age? .339 273 1538 1 215 1.404 821 2.399
What is the highest level of -246  .178 1910 1 167 782 552 1.108
education you have
completed?
Gender .861 727 1402 1 .236 2.366 .569 9.843

Summary

In this chapter, I discussed the analysis of my data. A binomial logistic regression
was completed to predict online health seeking from gender, age, ethnicity, education,
socioeconomic status, and overall health. The first binomial logistic regression output
generated after filtering cases showed that the model was statistically significant based on
the Omnibus Tests of Model Coefficients as seen in Table 5. The model is proven to be
statistically significance because p<.005 and according to the output, the Sig is <.001.
Additionally, Hosmer and Lemeshow Test as seen in Table 6, indicate results that are not
statistically significant, which indicate that the model used is adequate and accurate. The

data determined that the independent variables were not statistically significant.
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The second binomial logistic regression output generated without filtering cases
showed that the model was not statistically significant based on the Omnibus Tests of
Model Coefficients. The Sig for the Omnibus Test of Model Coefficients was .692 and in
order for the model to be statistically significant, the output should be p<.005. The
second binomial logistic regression was specifically generated to address outliers that
were initially identified as well as to determine whether there would be a significant
change in the outcome, however, the output aligned with the first regression, indicating
that the independent variables were not statistically significant.

In chapter 5, the final chapter, | compared the results of my findings with previous
findings from the literature review. Additionally, | detailed the limitations of the study

and made recommendation for future research.



96

Chapter 5: Discussion, Conclusions, and Recommendations

The aim of this quantitative, correlational study was to determine if there were
particular variables that would predict online health-seeking behaviors. Those variables
were age, gender, sex, race, income, education, and overall health status. Initially, |
assumed that these variables would predict online health-seeking behaviors. Previous
research indicated that there were some connections to these variables and health-seeking
behaviors; however, there were very limited studies that were conducted from a
quantitative standpoint, and therefore | opted to use a quantitative approach to support my
assumption.

The participant requirement for my study was 146 participants; however, 171
participants responded to the survey. The survey was open to the general population, and
the requirement to participate in the study was that individuals were over the age of 18. A
binomial logistical regression was used to determine a correlation between the
independent variables of age, gender, race, income, education, overall health, and the
dependent variable of online health seeking. A binomial logistical regression was used
because the variables were all categorical. Based on the initial output, there was no
identifiable statistical significance between the dependent variable of online health
seeking and the independent variables of age, gender, race, education, income, and
overall health.

Interpretation of Findings

In testing the assumptions for the binomial logistic regression, all assumptions

were met; however, outliers were identified. Outliers can potentially skew the reliability

and validity of the results; therefore, removing outliers was considered but not required.
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Out of 171 cases, there were only nine cases that were determined to be outliers, which
were 0.05% of all total cases. | ran two binomial logistic regressions, one for which the
outliers were included and one without to determine if there would be a significant
change in the output as well as determine if the model was statistically significant based
on the omnibus tests of model coefficients. The first test with outliers showed that the
model was statistically significant based on the omnibus test of model coefficients. The
second test without outlier cases removed did not generate a casewise list, meeting
Assumption 7, which states that no significant outliers should be present.

Regarding the correlation between race or ethnicity and online health seeking, the
results indicated no correlation. Regarding the correlation between income and online
health seeking, the results indicated no correlation. Regarding the correlation between
age and online health seeking, the results indicated no correlation. Regarding the
correlation between age and online health seeking, the results indicated no correlation.
Regarding the correlation between gender and online health seeking, the results indicated
no correlation. Lastly, regarding education and online health seeking, the results indicated
no correlation. The initial output with outliers and output without outliers both
determined that the there was no statistical significance that predicts online health-
seeking behavior in participants. Based on both outputs, it is determined that that none of
the independent variables were statistically significant.

Although the data determined that none of the independent variables were
statistically significant, it is interesting to note a few conclusions derived from the data
retrieved. Firstly, prior to conducting the survey, | had some preconceived notions. |

anticipated that most of the participants would be from a minority group, would be of low
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socioeconomic status, would have a low level of education, would be in poor health, and
would be middle aged. My presumption was that minorities with poor health, low
socioeconomic status, and low education would be more likely to search for information
because of the challenges with accessibility to healthcare, poor health literacy, and low
financial means. Based on the participants who took part in the study, most participants
were White females; were mainly in good health; were educated, having completed high
school or having graduated from college; and were within the ages of 18-49 years. These
findings were in stark contrast with my preconceptions; however, these findings do align
with previous research studies that | reviewed in Chapter 2. To summarize, mainly
healthy, educated, middle-aged White women participated in the study; however, there is
a need to gather more information as to why this particular population group comprises
most participants in studies of this topic.

What | can gather from these data is that although the independent variables
showed no correlation, there is something to be said about the participant pool that is
actively participating in surveys such as this. The participant pool was anonymous;
however, | think that future research could benefit from surveying certain population
groups and demographics to gather more concise data as they pertain to online health-
seeking behaviors.

Limitations to the Study

Several limitations to the study were identified. Initially, | proposed to administer
the survey using in-person and online survey methods. Online surveys would have been
administered through Survey Monkey. Challenges posed for the administration of the in-

person survey were maintaining the integrity of anonymity as well as obtaining consent



99

to administer the survey in designated locations throughout North Carolina; therefore,
after careful consideration and consultation with the IRB, | concluded that the best route
for administration would be through Survey Monkey to maintain anonymity. Cost was
another limitation. Upon developing the survey in Survey Monkey for administration, a
cost was associated with the number of participants who were required. In Survey
Monkey, I selected the plan for 150 participants, which would meet my participation
requirement. | opened my survey to the general public, and the only requirement to
participate was that participants had to be over the age of 18 years. One hundred and
seventy-one participants responded to the survey, which was 25 participants over the
required 146 participants. There were four participants who abandoned the survey,
resulting in a 2% abandonment rate. The estimated time of completion for each
participant was 3 minutes.

The survey comprised my research questions, which were all multiple choice.
Upon receiving the data in Survey Monkey, I did not initially see any issue; however,
further issues were discovered after exporting the raw data into SPSS. The first evident
issue was that the exported data generated duplicate cases and collected additional data
such as the device type. Survey Monkey provides options for selecting participant pools
based on the research, and the device type was automatically added to my survey but was
not required. I manually removed the duplicate cases and survey questions that were not a
part of my survey, such as device type.

Another issue with the data was that participants responded to more than one
option for some of the multiple-choice questions; therefore, | had to restructure the

question so that the response from participants would be either a yes or no. For example,
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the dependent variable question asked was “Have you used the internet to search for
information about symptoms you have now or have experienced, chronic illness and/or
disease, and/or preventative healthcare?” Some participants selected more than one
response to this question, which posed challenges in how to categorize those participants
to a specific value; therefore, instead of creating additional values for the different
variations of responses, the values for this question were renamed and responses assigned
to either a value of yes or no. Yes was indicated if the participant made a selection for
one or more of the options for online health seeking, and no was indicated if the
respondent did not use the internet to search for health information online. During the
developmental stages of the survey questions, | did not account for participants to select
more than one response to a question; therefore, more consideration and restrictions as to
how many selections a participant could make in response to a question were taken into
account.

Additionally, responses to the question were categorical. Categorical data can
decrease sensitivity due to the categorical variables having too many levels. For example,
for household income, there were seven values. Because of there being several values, it
is challenging to determine which value has a significant impact on the model.
Unfortunately, several of the independent variables had several values, thus decreasing
sensitivity. Then there is the issue of outliers that can implicate validity and reliability.
Having no outliers is ideal; however, fortunately, the number of outliers was not
significant, and after running a comparison regression with and without outliers, the

output still determined no statistical significance among variables.
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Recommendations

Because of the continual advances in technology and online health information
available, future research is still needed to identify what factors do in fact predict online
health-seeking behaviors, as this information can be helpful in developing approaches to
enhance computer and health literacy, which can positively impact health behaviors in
individuals. Although the study considered the most common demographic information
such as age, gender, education, income, overall health, and race, focusing on one or two
independent variables can reduce the complexity of the data collected. After retrieving
the data, | found that a lot of the information became very convoluted and difficult to
analyze, particularly for myself as a novice researcher. In addition, having several
variables can negatively impact the statistical significance of the model; therefore, a
recommendation to create a simple survey examining one or two independent variables is
made.

There are several articles that address online health seeking; however, there are
limited data on factors that predict online health seeking, more specifically from a
guantitative stance as well as longitudinally, and therefore, using a quantitative method
for future research as well as consideration for a longitudinal study is also recommended.
For example, exploring age as a predictive factor in a quantitative longitudinal study
could address whether age is a significant predictive factor for online health seeking
behaviors over a period of one’s lifespan. Lastly, widening the pool of participants and/or
targeting specific population groups could help to gather more accurate data on

population groups that are mostly impacted by chronic illness and/or disease. This
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information could provide more accurate information regarding online health-seeking
behaviors for specified population groups.
Implications

The survey was administered anonymously, which encouraged participants to
answer honestly; however, an implication in conducting an anonymous survey is that the
survey does not gather identifiable information, which restricted my ability to gather
more information or clarify responses. Other limitations to this study were the potential
for skewed results based on participants experiencing survey fatigue, loss of motivation
to answer questions, and/or decreased computer literacy or utilization of technology,
which can hinder participants’ ability to complete a survey altogether. Although the
survey was fairly short, participants were recruited using Survey Monkey, which
incentivizes participation by offering compensation to participants. The potential
implication or drawback to using participants who are incentivized to participate in
studies is that they are more inclined to experience survey fatigue, resulting in
disingenuous responses, abandonment, and/or hasty responses. Consideration for
recruiting participants who genuinely voluntarily participate with no monetary incentive
should be explored to mitigate the potential for survey fatigue.

Conclusion

In conclusion, online health-seeking behaviors have a greater impact on how
individuals address their health and well-being. Previous research has identified some
variables that correlate with online health seeking; however, my study unfortunately did
not show a statistical significance relating to the independent variables. Low statistical

significance can be attributed to several factors, such as high number of variables being
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examined, formulation of survey question responses being categorical, survey fatigue,
and excessive data that essentially complicate the data analysis and output. Regardless,
understanding the factors that could predict online health seeking is vital in developing
and implementing strategies to improve or promote the use of online health seeking in a
manner that is beneficial to the user and not counterproductive to the goal of online
health information, which is edification. Additionally, interventions can be better suited
to address specific population groups to meet specified needs or address specified issues
as they relate to health and well-being as well as promote health literacy, which can have

a significant impact on overall health.
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