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Abstract 

ChatGPT, a sophisticated generative machine learning chatbot, has impressed users with its 

groundbreaking capabilities, showcasing improved conversational skills and exceptional professional 

knowledge and contextual awareness. A plethora of scholars is investigating ChatGPT via various 

technology adoption frameworks, including the theory of planned behavior. The current study seeks to 

augment existing knowledge by investigating the behavioral intention to use ChatGPT for academic 

purposes, utilizing the theory of planned behavior (TPB) in conjunction with an additional variable of trust, 

while reassessing the formerly established associations among the components thereof within the 

framework of early technology adopters. The participants were students from several colleges in Gujarat, 

India, engaged in undergraduate and postgraduate studies. The data were collected from October to 

November 2024. This research offers theoretical advancements about the determinants affecting university 

students’ use of ChatGPT for academic objectives, emphasizing the theory of planned behavior framework. 

The results have significant consequences for academics and educational systems, prompting them to 

create a pedagogically effective and ethically sound AI-integrated learning environment.  
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Introduction 

The rapid advancement of artificial intelligence (AI) has transformed the web-based consumer experience 

and generated significant potential for firms to engage with their consumers using chatbots (Hollebeek et 

al., 2021).  E-commerce is at the forefront of chatbot implementation, with forecasts exceeding $100 billion 

in transactions by 2023 (Yue et al., 2024) . This trend indicates the growing use of AI-powered chatbots to 

improve e-commerce customer support (Chen et al., 2023). Despite the increasing acceptance rate of 

chatbots in e-commerce consumer services, constraints like the need for development skills and context 

knowledge persist (Lei et al., 2021), resulting in problems, such as repeated answers and sluggish 

responses. To tackle these difficulties, sophisticated AI solutions, such as Chat Generative Pre-Trained 

Transformer (ChatGPT), provide accurate and tailored replies (Yue et al., 2024).  

On November 30, 2022, OpenAI debuted ChatGPT, a powerful artificial intelligence (AI) virtual assistant 

designed to handle text-based inquiries. The offering gathered 1 million users in just 5 days. As of 

November 2023, the site received more than 1.5 billion visitors per month and had a user base of more 

than 180 million. Open AI, motivated by the goal of creating a benign AI for the benefit of humanity, 

developed its language model utilizing the GPT-3.5 framework. GPT-4, an updated variant, was issued to 

ChatGPT Plus users on March 14, 2023, with major performance upgrades and multimodal generating 

capabilities (Ahadzadeh et al., 2024). ChatGPT has astonished users with its ground-breaking capabilities, 

demonstrating enhanced conversational abilities and superior professional knowledge and contextual 

awareness (Anders, 2023). Consequently, the ChatGPT-powered chatbot is very versatile and has been 

included in other platforms for electronic commerce (Kshetri, 2024).  

A multitude of academics are examining ChatGPT via several technology adoption models encompassing 

the theory of planned behavior (TPB). This hypothesis is well acknowledged and has been extensively used 

to comprehend technology uptake. TPB is founded on three essential constructs: attitude, subjective 

standards, and perceived behavioral control. The theory provides a thorough framework for clarifying the 

aspects that affect user preferences and tendencies for a particular technology (Ajzen, 1991). Employing the 

TPB to clarify user behavior, researchers have illuminated the factors influencing intent and utilization of 

AI chatbot technology (Jo, 2023) along with the investigation of information security behaviors in relation 

to ChatGPT (Gundu, 2023).  

Although these seminal studies have provided significant insights into the determinants affecting the 

intention to utilize ChatGPT based on TPB (Chaudhry et al., 2023), the findings do not encapsulate 

students’ viewpoints concerning the application of ChatGPT for academic purposes by incorporating the 

students’ trust perspective in relation to ChatGPT. This research sought to fill significant gaps in the 

present literature, particularly with the growth of ChatGPT in education, necessitating more investigation. 

This study aimed to enhance the current knowledge base by examining the behavioral intention to utilize 

ChatGPT for academic purposes, employing TPB along with an additional variable of trust, while 

reevaluating the previously established relationships among its constructs within the context of early 

technology adopters and the ongoing discourse on AI integration in education (Batool, 2022). The current 

study adopted TPB as the theoretical framework to investigate how attitude, subjective norms, and 

perceived behavioral control influence students’ intentions to use ChatGPT for academic purposes. While 

TPB has been widely used in technology adoption study, only a few empirical studies have looked at its 

significance as the framework of AI-powered learning assistance resources, notably ChatGPT, exposing a 

considerable research need. This research, therefore, tried to answer two major research questions: 
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RQ1: How can the theory of planned behavior (TPB) framework be used to better understand AI 

adoption in academic settings? 

RQ2: What is the role of trust in the adoption of generative AI platforms, such as ChatGPT, among 

college students? 

Theoretical Background and Hypothesis Construction 

Theory of Planned Behavior 

Among several technology adoption theories, the theory of planned behavior (TPB) has been recognized as 

the fourth most-used (Rad et al., 2018). TPB, proposed by Ajzen in 1991, is a major, generally 

acknowledged theory in social cognition. TPB extends the theory of reasoned action (TRA) paradigm by 

emphasizing two parameters: attitudes and subjective norms. Attitude is described as a favorable or 

unfavorable sentiment toward the attainment of a goal, while subjective norms pertain to people’ 

perceptions of their capability to fulfil such objectives with a certain product. These two characteristics 

affect the intention to engage in behaviors (Armitage & Conner, 2001).  

The theory of reasoned action (TRA) effectively predicts behaviors that are uncomplicated and under 

volitional control; but in situations with action limits, the simple establishment of an intention fails to 

predict behavior (Conner & Armitage, 1998). Consequently, the theory of planned behavior (TPB) was 

developed to address this deficiency by integrating perceived behavioral control as an additional factor 

influencing intentions (Armitage & Conner, 2001), thereby offering a more thorough comprehension 

concerning both autonomous and non-volitional behaviors (Hagger & Hamilton, 2021). Perceived 

behavioral control refers to an individual’s belief that they can regulate their own behavior (Ajzen, 1991). 

In the theory of planned behavior (TPB), three constructs—attitude, subjective standards, and perceived 

behavioral intention—influence behavioral intention. Behavioral intents are the essential and direct 

antecedents of human behaviors. Behavioral intention denotes an individual’s propensity to either engage 

in or abstain from a certain activity (Hill, 1977). TPB elucidates how people make deliberate choices by 

meticulously evaluating the pros and cons of their expected behaviors prior to implementation (Ajzen, 

2020). TPB adaptability encompasses elucidating a range of behaviors that need careful planning. 

Furthermore, TPB is pertinent to technological acceptability, having been widely used across several 

domains (Ajzen, 2020) including education. For instance, TPB has been used to examine the adoption of 

mobile learning (Yeap et al., 2016), e-learning (Hadadgar et al., 2016), and virtual reality (Al Breiki et al., 

2023), among others.  

Subjective Norms  

Subjective norms denote the perceived social pressure exerted on people to partake in certain behaviors 

(Ajzen, 1985). Collective ideas possessed by individuals or organizations may profoundly influence people’s 

intentions (Ajzen, 1991). Subjective norms are shaped by an individual’s accepted beliefs and their drive to 

adhere to them. Normative views pertain to the probability that influential personnel would endorse or 

condemn a behavior, whereas desire to comply evaluates the significance of obtaining the acceptance of 

others (Ajzen, 1991). 

With the ongoing advancement and broad use of technology, academics have redirected their attention to 

examining subjective norms as a crucial determinant affecting the acceptability of technology in education. 
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The significant influence of subjective norms on students’ inclination to use portable devices in academic 

environments leads to reliance on technology (Lai et al., 2022). Subjective norms significantly influenced 

the desire to integrate augmented reality into engineering education (Álvarez-Huerta et al., 2021), as 

shown in the significance of subjective norms in clarifying students’ acceptance of contemporary 

educational advances via augmented reality apps (Batool, 2022). Moreover, subjective norms had an 

indirect effect on the desire to use generative AI applications, which were utilized in the creation of 

educational spaces for project-based work and education (Ray, 2023). Subjective norms favorably affect 

students’ adoption of generative AI educational platforms in educational institutions. Nevertheless, 

diminished results on perceived creative thinking may weaken the intensity of this effect (Kim et al., 2021). 

College students’ preparedness to use mobile device applications or generative AI for academic purposes is 

adequately elucidated by subjective standards (Cabellos et al., 2024).  

Furthermore, subjective norms were recognized as significantly influencing college students’ views toward 

accessible resources, such as ChatGPT, via the internet’s technological advances for academic purposes (Do 

et al., 2023). Students may choose to participate in certain activities based on the opinions of others 

around them. If friends increasingly use ChatGPT, the subjective norm will motivate students to put their 

faith in it extensively (Camilleri, 2024). Based on the above literature review, the following hypothesis is 

proposed: 

H1: Subjective norm has a positive impact on intention to use ChatGPT. 

Perceived Behavioral Control  

Perceived behavioral control reflects one’s belief in the ease or difficulty of enacting a behavior (Ajzen, 

1991). It analyzes indicators, including resource availability and necessary skills and capacities, for task 

implementation. This concept is closely related to an individual’s perceived self-efficacy—or judgment 

about the effort required to perform a behavior in a given context (Ajzen, 2020). However, perceived 

behavioral control appears to have strong empirical support across range of contexts, such as technology 

adoption in education and learning. Previous research has reported that behavioral control influences 

instructors’ adoption of virtual reality in scientific classes (Al Breiki et al., 2023). It was also reported in the 

studies that perceived behavioral control influences the intention to use mobile gaming-based learning in 

effective academic settings (Schultz & Kumar, 2024). Perceived behavioral control predicts the use of 

handheld educational platforms to gain access to course materials, search for information related to the 

degree, share knowledge, and turn in assignments in university students, especially during COVID-19 

(Akour et al., 2021). 

The transition of focus from perceived behavioral control in learning/education to AI chatbots, such as 

ChatGPT, shows that this concept is important for user intents and its adoption (Crawford et al., 2024). 

Students appreciate ChatGPT’s abilities—they find it user-friendly, they like its human-like interface, and 

(despite some errors) welcome its help in coming up with well-formulated answers and explanations 

(Shoufan, 2023). A second study found that perceived behavioral control preceded the intention to use the 

AI chatbot by university students (Jo, 2023).  

Research has consistently found that the use of ChatGPT is influenced by the affordability of the 

technology for the students in higher education to use it for educational purposes (Duong et al., 2023). 

Seasoned educators even feel that ChatGPT could be a boon when it comes to creating engaging lesson 

plans, giving personalized feedback and helping students with diverse learning needs (Chivose, 2023). 

Optimizing operational tasks and facilitating the learning experience, ChatGPT allows tutors to focus on 

engaging and rewarding teaching strategies (Al-kfairy, 2024). The perceived benefits in terms of increased 
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efficiency and productiveness in academics works to motivate students and teachers to embed ChatGPT as 

a built-in part of their learning materials (Salih & Mohammed, 2024). Based on the above literature 

review, the following hypothesis is proposed: 

H2: Perceived behavioral control has a positive impact on intention to use ChatGPT. 

Trust in ChatGPT  

Confidence in ChatGPT substantially influences users’ perceptions and intentions about the use of the 

technology. Users are more inclined to embrace the system when they have confidence in its capabilities 

and dependability (Shahsavar & Choudhury, 2023). Trust is essential in educational environments, where 

the precision and reliability of information are paramount. Educators and learners must be certain that 

ChatGPT can deliver accurate, dependable answers to academic enquiries and facilitate educational 

endeavors without mistakes (Kuroiwa et al., 2023).  

Trust in AI is established by reliable performance, openness in AI operations, and guarantees of data 

protection and privacy (von Garrel & Mayer, 2023). Users are more inclined to include ChatGPT into their 

educational practices when they see it as a reliable instrument that maintains academic integrity. The 

influence of trust on adoption highlights its essential role in the effective deployment of AI technologies in 

academic achievement, guaranteeing that users can depend on the system for critical educational activities 

(Tossell et al., 2024). Numerous studies underscore the importance of trust, emphasizing that 

programmers and higher learning institutions must prioritize the establishment and preservation of trust 

in artificial intelligence tools to promote broad adoption and use (Sebastian, 2023).  

Nonetheless, trust did not regularly have a meaningful influence on users’ adoption of ChatGPT. This 

mismatch prompts inquiries about the measurement of trust in various research, perhaps explaining the 

discrepancies in its impact (Law et al., 2024), and emphasizes the need for more investigation and a more 

uniform methodology for evaluating trust.  

Previous research corroborated the concept that perceived trust enhances AI self-efficacy. In the research, 

trust denotes people’ views and confidence in the trustworthiness, dependability, and competency of AI 

systems (Suriano et al., 2025). This mostly refers to cold-capability beliefs, indicating that the users’ 

required performance will be executed flawlessly (Kayali et al., 2023). Trust in AI systems is expected to 

enhance people’ self-efficacy in their use and interaction with these technologies. Consequently, students 

may exhibit more confidence in their interactions with ChatGPT when they possess trust in the system 

(Xing et al., 2024). Based on the above literature review the following hypothesis is proposed: 

H3: Trust has a positive impact on intention to use ChatGPT. 

Intention to Use ChatGPT  

Human behavior has continuously shown a propensity to adapt technology for uses exceeding its original 

intended purpose, even when cognizant of the associated hazards or disadvantages (Foroughi et al., 2024). 

A favorable opinion of ChatGPT’s contribution to decision-making processes correlates with a heightened 

desire among users to use the technology (Chi & Vu, 2023). If users see ChatGPT as a helpful and user-

friendly decision-making tool, they are more inclined to plan to employ it for diverse reasons (Bonsu & 

Baffour-Koduah, 2023). Various technology acceptance models posit that users’ actual system utilization is 

influenced by their behavioral intention, indicating that favorable decision-making experiences using 
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ChatGPT may enhance the desire to use the generative AI (Strzelecki, 2024). Confidence in a technology is 

positively correlated with performance anticipation and the desire to use it (Yeap et al., 2016).  

Users see ChatGPT as an efficient instrument that corresponds with their cognitive processes and 

anticipations, resulting in a greater propensity to integrate its suggestions into their decision making, 

hence enhancing results (Acosta-Enriquez et al., 2024). The pursuit of knowledge, along with the simple 

nature and versatility of technology, may lead individuals to use technologies, such as ChatGPT or the 

internet, for problem solving, notwithstanding their intrinsic limits (Al Murshidi et al., 2024). Based on the 

literature, Figure 1 shows the model proposed for this study. 

Figure 1. Proposed Model of the Study 

Research Methodology & Data Collection 

A descriptive cross-sectional research design was adopted for the current research. The data were collected 

through a structured questionnaire via snowball sampling method. A quantitative questionnaire was 

created and distributed to achieve the study goals. To test the hypotheses suggested for this study and 

assess the proposed framework, the questionnaire was split into two sections. The first section included 

demographic information on the respondents, whereas the subsequent section involved testing factors.  

This study examined university students’ adoption of ChatGPT via the theory of planned behavior and the 

trust component. The respondents were students enrolled at several institutions in the state of Gujarat, 

India, participating in undergraduate and postgraduate programs. The data were gathered from October to 

November of 2024. A total of 314 questionnaires were disseminated in this investigation, yielding 301 

responses. The final data set of 292 valid instruments was derived after eliminating nine instruments, 

which were partially completed.  

Instruments had been developed in accordance with previously established research. As noted above, the 

questionnaire was divided into two parts. The first portion asked student respondents about their age, 

gender, education level, and frequency of ChatGPT usage. The second portion included predetermined 

metrics, such as subjective norms (SN; four items), perceived behavioral control (PBC; five items), 

behavioral intention to use ChatGPT (BI; three items) (Ahadzadeh et al., 2024), and trust in ChatGPT (TR; 

five items) (Choudhury & Shamszare, 2023). 

Subjective Norms 

Trust in ChatGPT 

Perceived Behavioral Control Behavioral Intentions to use 

ChatGPT 
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Analysis 

Demographic Analysis 

Table 1 presents a demographic and behavioral study of 292 respondents categorized by gender, education 

level, age, and frequency of ChatGPT use.  

Table 1. Demographic Analysis 

 Frequency (n) Percentage (%) 

Gender 

Male  176 60.3% 

Female 116 39.7% 

Education Level 

Undergraduate 42 14.38% 

Graduate 139 47.60% 

Postgraduate 111 38.02% 

Age 

Younger than 18 years 39 13.36% 

18–22  132 45.20% 

Older than 22 years 121 41.44% 

Frequency of ChatGPT Use 

Daily 158 54.11% 

Weekly 96 32.88% 

Occasionally 38 13.01% 

Total 292 100% 

The gender breakdown indicates that the majority of respondents were male. In terms of educational 

attainment, graduates constituted the biggest segment followed by postgraduates, and then 

undergraduates. These findings indicated that ChatGPT was mostly used by those with advanced 

educational credentials, perhaps correlating with its usage for professional or academic objectives.  

The age distribution indicated that the predominant user group ( just over 45%) was within the 18–22 age 

range. Individuals aged over 22 followed with over 41%, while those under 18 represented a lesser cohort at 
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under 14%. These statistics underscore ChatGPT’s prevalence among young people and students, 

indicating its effectiveness in education, learning, and related endeavors.  

Usage frequency data revealed that over 50% of respondents utilized ChatGPT on a regular basis (see Table 

1), indicating considerable involvement and incorporation into their daily activities. Weekly users 

accounted for over 32% of participants, and infrequent users accounted for just over 13%. The substantial 

daily and weekly use highlights ChatGPT’s significance as a consistent and dependable resource for many 

applications. 

Reliability & Validity Analysis 

Construct reliability was evaluated by Cronbach’s alpha and composite reliability. Each construct in the 

research (shown in Table 2) exceeded the requisite the threshold of 0.70 for Cronbach’s alpha (Nunnally & 

Bernstein, 1994). Composite reliabilities varied from 0.802–0.941 (Hair et al., 2011). Therefore, construct 

reliability was confirmed for each construct in the research. The convergent validity of scale items was 

assessed using average variance extracted (Fornell & Larcker, 1981). The mean variance-extracted values 

exceeded the criterion of 0.50 (Fornell & Larcker, 1981). Consequently, the instruments used in this 

investigation provided the necessary convergent validity. 

Table 2. Reliability & Validity Analysis 

Variable CR AVE 

Behavioral Intention (BI) 0.932 0.820 

Subjective Norm (SN) 0.802 0.504 

Perceived Behavioral Control (PBC) 0.941 0.761 

Trust in ChatGPT (TR) 0.922 0.705 

Note. CR = composite reliability; AVE = average variance extracted 

Exploratory Factor Analysis 

Table 3 presents a factor analysis including four primary dimensions: perceived behavioral control, trust, 

behavioral intention to use ChatGPT, and subjective standards.  

Perceived behavioral control (PBC) accounted for a total variance of 4.150 and comprises five items 

(PBC_1–PBC_5). The factor loadings ranged from 0.817–0.887, suggesting a strong correlation between 

the items and the latent concept. Communalities, representing the percentage of variance elucidated by the 

components, ranged from 0.781–0.868, indicating that these items effectively represent the PBC construct. 

Trust accounted for a total variation of 3.919.  

The Trust in ChatGPT (TR) assessment employs five items (TR_1–TR_5), with loadings between 0.767–

0.860. The communalities varied from 0.766–0.822, indicating a precise representation of the notion. The 

substantial loadings and communalities indicated that the selected items successfully embody trust.  

The behavioral intent (BI) factor accounted for 2.681 of the variance and was assessed using three items 

(BI_1–BI_3). The loadings were notably elevated, ranging from 0.931–0.939, but the communalities 
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ranged from 0.872–0.887. This signified a robust correlation between these elements and the notion, 

underscoring substantial internal consistency.  

Subjective norms (SN) had a total variance of 2.574 and included four items (SN_1–SN_4). Loadings 

fluctuated between 0.636–0.875, while communalities spanned from 0.544–0.779. Although somewhat 

inferior to the other components, these values adequately described the notion.  

The component analysis indicated that each construct was well delineated, with robust loadings and 

similarities across items. The results substantiated the accuracy and dependability of the study’s measures. 

Table 3: Exploratory Factor Analysis (EFA) 

Constructs/ 

Items  

 Factor 

1 

Factor 

2 

Factor 

3 

Factor 

4 

Communalities Total 

Variances 

Assumed 

Factor 1: Perceived Behavioral Control (PBC) 4.150 

PBC_1: It would be easy 

for me to become skillful 

and knowledgeable at 

using ChatGPT for 

academic purposes. 

 0.864    0.868  

PBC_2: I have a 

sufficient extent of control 

to make a decision to use 

ChatGPT for academic 

purposes. 

 0.887    0.855  

PBC_3: I am confident 

that I can use ChatGPT 

for academic purposes. 

 0.817    0.781  

PBC_4: Using Chat GPT 

for academic purpose is a 

wise idea. 

 0.825    0.801  

PBC_5: I am confident 

that ChatGPT will make 

my assignments and 

homework better and 

more impressive. 

 0.827    0.814  

Factor 2: Trust in ChatGPT (TR) 3.919 

TR_1: ChatGPT is 

competent in providing 

the information and 

guidance I need. 

  0.838   0.800  
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TR_2: ChatGPT is 

reliable in providing 

consistent and 

dependable information. 

  0.860   0.822  

TR_3: ChatGPT is 

trustworthy in the sense 

that it is dependable and 

credible. 

  0.809   0.792  

TR_4: ChatGPT is 

transparent and gives 

solutions to my problems. 

  0.790   0.790  

TR_5: ChatGPT will act 

with integrity and be 

honest in response. 

  0.767   0.766  

Factor 3: Behavioral Intention to Use ChatGPT (BI) 2.681 

BI_1: I predict that I will 

use ChatGPT for 

academic purposes 

whenever I want to 

complete the task and 

assignments to meet 

deadlines. 

   0.939  0.887  

BI_2: My future plans 

involve using ChatGPT 

for academic purposes 

frequently. 

   0.938  0.885  

BI_3: I intend to use 

ChatGPT for academic 

information purposes 

rather than other sources 

of information. 

   0.931  0.872  

Factor 4: Subjective Norms (SN) 2.574 

SN_1: People who 

influence my behavior 

think I should use 

ChatGPT for academic 

purposes. 

    0.665 0.583  

SN_2: People who are 

important to me think 

    0.790 0.686  
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that I should use ChatGPT 

for academic purposes. 

SN_3: My friends 

suggest that I use 

ChatGPT for academic 

purposes. 

    0.875 0.779  

SN_4: In general, my 

peers have supported the 

use of ChatGPT for 

academic purposes. 

    0.636 0.544  

 

Confirmatory Factor Analysis (CFA) 

Table 4 delineates the fit indices for a structural model, juxtaposing prescribed thresholds with acquired 

values to assess model fit.  

Table 4. Model Fit Statistics 

Fit Indices Recommended Value Obtained Value Remarks 

p-value < 0.005 0.000 Significant 

Chi Square/df 

(CMIN) 

3–5 1.871 Excellent 

Comparative Fit 

Index (CFI) 

>0.9 0.956 Excellent 

Tucker-Lewis Index 

(TLI) 

>0.9 0.945 Excellent 

Standardized Root 

Mean Square 

Residual (SRMR) 

<0.08 0.0568 Excellent 

Root Mean Square 

Error of 

Approximation 

(RMSEA) 

<0.08 0.077 Acceptable 

 

The p-value was 0.000, which is below the threshold of 0.05, demonstrating that the predicted outcome 

was of statistical significance and the proposed linkages within the model were substantial. The CMIN 

(Chi-Square/df) value was 1.871, much below the suggested range of 3–5, indicating an exceptional match 

between the proposed model and the observed data.  
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Reduced CMIN/df values indicate a negligible divergence between the theoretical and empirical covariance 

matrices. The CFI (comparative fit index) and TLI (Tucker-Lewis index) values were 0.956 and 0.945, 

respectively, both above the suggested threshold of 0.9. The findings indicated a robust comparative fit, 

showing that the model successfully represented the data while imposing penalties for complexity.  

The SRMR (standardized root mean square residual) value was 0.0568, which is below the suggested 

maximum of 0.08. This finding indicates a favorable fit and little residual discrepancies between the actual 

and predicted values.  

The RMSEA (root mean square error of approximation) score was 0.077, which is within the permitted 

limit (<0.08). This signified a satisfactory approximation error and corroborated model competence.  

The model had a commendable match across the majority of indices, with RMSEA being the one exception, 

rated as acceptable. The findings demonstrated that the model was robust and closely corresponded with 

the observed data, making it appropriate for investigation and interpretation. The aforementioned data 

analysis suggested that these variables significantly influence behavioral intentions to use ChatGPT. 

Consequently, all the proposed hypotheses were accepted. 

Findings & Conclusions 

Theoretical Contribution 

This study offers several theoretical advances to current understanding. Initially, the results enhance the 

developing study on the factors influencing the desire to use ChatGPT within the theory of planned 

behavior framework. The findings of this research have practical consequences for educators and 

educational institutions, urging them to establish a pedagogically successful and morally acceptable AI-

integrated learning environment.  

The current research revealed that subjective norms, perceived behavioral control, and trust in ChatGPT 

are the key determinants influencing university students’ adoption of ChatGPT for academic reasons. This 

research emphasized the importance of subjective norms as factors influencing the intention for ChatGPT’s 

academic applications (Gundu, 2023). It further corroborated the findings that social impact is a predictor 

of AI adoption in educational contexts (Jo, 2023). All these results across many educational technologies—

particularly the use of novel tools such as ChatGPT—consistently underscore the influence of an 

individual’s sense of social expectations on the adoption of specific technology.  

The user-friendly nature of ChatGPT and its human-like interface enhance its perceived usability (Shoufan, 

2023), reflecting its influence on the intention to use it (Yue et al., 2024). The study examined how novelty 

value and perceived humanness enhance consumers’ performance expectancy (the belief that utilizing the 

system can yield benefits in activities) and diminish effort expectancy (the convenience and usability 

associated with a specific information system) in relation to ChatGPT. The finding of the study established 

that perceived behavioral control of use forecasts a favorable attitude toward the use of ChatGPT in 

informal digital learning.  

Trust in systems powered by AI is anticipated to improve individuals’ self-efficacy in using and engaging 

with these technologies (Tossell et al., 2024). Thus, students are likely to demonstrate more confidence in 

their interactions with ChatGPT when they have faith in the system (Sebastian, 2023). The impact of trust 
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on adoption underscores its vital importance in the successful implementation of AI technologies in 

academic performance, ensuring that users can rely on the system for crucial educational tasks.  

The study results have real-world implications for educators at all levels, who are encouraged to create an 

AI-enhanced classroom that is both effective and ethically sound. According to the findings of the current 

study, the main factors impacting college students’ use of ChatGPT for academics are subjective norms, 

perceived behavioral control, and trust within the platform. The future scope of research may include 

discipline-specific investigations to comprehend the variability of ChatGPT uptake across academic 

domains, its influence on learning results, student engagement, the facilitation of ongoing educational 

innovation, and other ethical considerations. 

Practical Contribution 

The results of this study offer a number of implications for academia, the technology industry, and the 

policy community involved with enabling AI technologies within educational systems. The results imply 

that the penetration of technology may depend on how current academic settings have already utilized 

digital infrastructure, and that consideration may influence assessment of whether or not to adopt 

ChatGPT. The results demonstrate that enforcing the ethical use of ChatGPT (consistent with existing 

state-of-the-art and knowledge management systems) would improve both its capacity and acceptability 

for smooth use in education settings. This gives guidance to institutions for constructing usage policies that 

support academic integrity while promoting technological advancement. 

The paper also underscores the significance of performance expectancy, as students’ beliefs in the benefits 

of using ChatGPT had a strong influence on adoption. If technology can’t deliver benefits in proficiency or 

productivity rather than just hype, users may look elsewhere, and it is fundamental for AI developers to 

ensure value in their work. In this sense, the results encourage developers to build applications or 

platforms that show observable benefits for education and professional life as a way of gaining user 

confidence and maintaining their participation. 

There is an important policy consequence also concerning social influence, which became a powerful driver 

for acceptance. Peers, classmates, and teachers’ recommendations are social cascades that influence 

students’ attitudes toward AI. It then implies that in promoting a sense of relative advantage, developers 

and institutions need to exploit peer learning environments and collaborative academic networks. 

Therefore, they may make a persuasive case for adoption, and may be valid with beneficial and significant 

resultant effects. 

Lastly, the study emphasizes the need for constant user education and involvement. Developers must 

create platforms to educate and update users on new applications and improvements of AI tools, such as 

ChatGPT. AI developers and educational stakeholders may keep users’ interest, build trust, and get long-

lasting integration of AI into educational routines through consistent support, technical knowledge, and 

extracurricular resources. 

Ethical Considerations 

The use of generative AI in academic work by students is guided by educational ethics, and teachers should 

take an active part in that. Educators need to underscore the importance of academic integrity. And 

anything involving advanced AI tools, such as ChatGPT, should be activating rather than replacing critical 

thinking. Rules should be issued on appropriate use, i.e., for idea generation, grammar improvement, and 

literature searches but not full assignments or cut-and-paste plagiarism.  
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Teachers also have a role in promoting appropriate attribution and transparency by having students 

disclose when AI tools were used and how the outcomes were integrated with their own ideas and work. 

Further, the awareness of bias should be addressed, teaching students to interrogate AI outputs and verify 

information through reputable academic sources. Teachers should also raise the subjects of data privacy 

and appropriate sharing, which prevent sharing any sensitive or personal information. Through the 

integration of these practices, academic organizations can contribute in training students to use generative 

AI in an academically ethical and responsible way. 

Conclusion 

This study provides theoretical advances on the factors influencing university students’ adoption of 

ChatGPT for academic purposes, focusing on the theory of planned behavior framework. The findings have 

practical implications for educators and educational institutions, urging them to establish a pedagogically 

successful and morally acceptable AI-integrated learning environment. Subjective norms (SN), perceived 

behavioral control (PBR), and trust in ChatGPT (TR) are key determinants, influencing university students’ 

adoption for academic reasons. SN is a predictor of AI adoption in educational contexts, and the user-

friendly nature of ChatGPT and its human-like interface enhance its perceived usability. The study also 

examines how novelty value and perceived humanness enhance performance expectancy and effort 

expectancy in relation to ChatGPT. Trust in AI-powered systems improves individuals’ self-efficacy in 

using and engaging with these technologies, demonstrating more confidence in interactions with ChatGPT. 

The study has real-world implications for educators, encouraging the creation of AI-enhanced classrooms 

that are effective and ethically sound.  

Limitations of the Study 

The dependability of the underlying data underpins the present study. The sample units were derived from 

a population exhibiting a diverse range of characteristics. The sample was selected using random selection. 

Owing to time constraints, the researcher was able to collect just 292 replies. The research is based on its 

reliance on questionnaire responses. Nevertheless, the survey’s potential omission of critical facts may 

render the assessment and interpretation simplistic.  

Although the sample size adequately fulfilled the model’s parameters, further research might increase the 

sample size and include several colleges to provide more comprehensive insights into the use of artificial 

intelligence. Although data were collected on participants’ demographic characteristics, it did not account 

for the possible moderating influence of these demographic variables in the model. 
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