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Abstract 

This study utilized the four-level social-ecological model to provide a better understanding of the disparities in 

health-related outcomes in high- and low-density African American (AA) communities. The current research 

sought to understand the relationships between mental and physical health, social-economic factors, and 

physical environment within this community. The goal of this study was to understand the relationship 

between these indicators of health, to better inform health-care strategies. The results highlight the significant 

difference between high- and low-density AA communities and socio-economic factors, physical environment, 

poor physical days, and poor mental health days. Implications for behavioral health providers are explored. 
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Introduction 

The African American (AA) community, despite the history of discrimination, historical trauma, and 

systematic oppression, is making strides in the United States; however, disparities can still be found in mental 

and physical health outcomes. These disparities are a result of systemic challenges, such as access to care. 

Access and utilization of care are complicated by (a) sociocultural factors, such as stigma or mistrust of 

health-care providers; (b) policies that cause high rates of uninsured or underinsured persons (Kawaii-Bogue 

et al., 2017); and (c) external factors, such as location, transportation, waitlist, and health professional 

shortages (Campbell et al., 2006; Correll et al., 2011; Planey et al., 2019).  

The challenges noted above contribute to the disproportionate economic, physical, and mental health challenges 

some AAs may incur. To further examine the various levels that influence health-related outcomes, the social-

ecological model (SEM; Bronfenbrenner, 1977, 1979) was used in the current study. The SEM model framework 

contextualizes the experiences that can lead to health disparities. To that end, the current research sought to 

examine (a) the relationship and predictability between high- and low-density AA communities; (b) social and 

economic factors; (c) physical environment; and (d) poor mental and physical health days. The four-level SEM 

assists in understanding disparities in health-related outcomes in high- and low-density AA communities.  

The first level of the SEM model is the Individual, which is defined as biological and personal histories (i.e., 

age, education, sex, race, income); the researchers specifically examined race in terms of high- versus low-

density AA communities. Community-level indicators, such as income, are a predictor of health of members in 

the community (McLaughlin et al., 2012), and racial diversity of the community is a known predictor of 

mental and medical health outcomes (Williams et al., 2010). Many community-level studies focus on 

examining one community in isolation (Davies & Kelly, 2014); however, the current research study explores 

the nuances between communities that have high versus low levels of AA populations. This understanding 

helped to better contextualize the findings and inform practice-based solutions for specific communities. The 

community based mental health promotion movement was partially driven by the notion of not being able to 

treat someone in isolation from factors that might be impacting them in their community (Barry, 2019), which 

includes environmental and personal factors, such as relationships. 

The second level of the SEM model is Relationship, defined as social support and close relationships; the 

researchers specifically examined this indicator in terms of social support, familial support, and the composite 

variable included economic indicators (i.e., income). The research has demonstrated for various groups of 

people the relationship between social support and positive physical and mental health outcomes (Blazer, 

2005; Holt-Lunstad et al., 2010; Lin et al., 2013; Rothon et al., 2012). Social support is an important variable 

as it relates to overall well-being and serves as a buffer between predictors and adverse outcomes (Thoits, 

2011; Uchino, 2006; Umberson & Montez, 2010). In addition, social support is highly related to culture (Kim 

et al., 2008) and ethnicity/race (Klineberg et al., 2006). Lastly, research exists that relates racial/ethnic 

disparities, social support, and mental health, underscoring the influence of both race and social support on 

health outcomes, such as depression (Almeida et al., 2011; Shim et al., 2012). Our study focuses on racial-

ethnic differences conceptualized as high- versus low-density AA communities and a composite variable that 

includes social support. 

The third level of the SEM model is Community, defined as settings in which a person frequents, their 

physical environment, and characteristics of these settings; the researchers specifically examined the physical 

environment, including air and water quality, housing, and transit. Generally speaking, research has found 

that the community can be a barrier to seeking health services (Vyavaharkar et al., 2008). It has previously 

been established that the overall environmental quality, namely air and water quality, in AA communities has 

been rated significantly lower than other communities (Brooks et al., 2017; VanDerslice, 2011). This research 
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study focuses on how the physical environment will be related to other variables of interest, specifically high 

-density AA communities, poor physical health, and poor mental health.  

The fourth level is Societal, defined as broad societal factors (such as health, economics, education, and social 

policies) that create the climate for health-care disparities; results from levels one through three show the 

impact of disparities at the societal level. The levels of the social-ecological model are said to be related and 

assist in explaining health and health disparities. 

African American Community and Health Outcomes 

In the current study, “health” refers to both physical and mental health. Although adult AAs are 20% more likely 

to report serious psychological distress than White adults, AAs tend to be clinically diagnosed with fewer mental 

health issues overall (CDC, 2019; OMH, 2016). For AAs who are diagnosed, they are less likely to follow up with 

treatment and more likely to experience a severe consequence due to their mental illness (Cai & Robst, 2016). In 

the literature, it is noted that AAs have significantly less access to mental health services, are more likely to 

underutilize mental health services, and are less likely to receive necessary mental health services (Chen et al., 

2016). In addition, racial and ethnic minorities are more likely to be misdiagnosed and are more likely to receive 

minimal and poor-quality care when they receive treatment (Carrington, 2006; Chen et al., 2016). Additionally, 

AAs tend to delay treatment until symptoms are debilitating, which can lead to a more severe diagnosis (Cai & 

Robst, 2016; Carpenter-Song et al., 2010; Interian et al., 2013; Satcher, 2000).  

When looking at the overall picture of mental health in various racial groups, most minority groups generally 

experience fewer mental health disorders as compared to Whites. However, minorities often experience a 

disproportionately higher burden of disability and consequences that result from mental disorders (American 

Psychiatric Association, n.d.). Further, although the rate of depression is lower in Hispanics (19.6%) and 

Blacks (24.6%) as compared to Whites (34.7%), depression in these minority groups is likely to be more 

persistent (Colby & Ortman, 2015). The disparities in mental health care, access, utilization, and experience of 

symptoms can be contextually understood through the framework of the SEM; Bronfenbrenner, 1977), which 

provides four levels that assist in understanding the causes and provide direction on when and where efforts 

should be made toward intervention. The SEM can also be used to contextualize physical health outcomes. 

The status of physical health amongst the AA population highlights grave disparities. The death rate for AAs 

was generally higher than Whites for heart diseases, stroke, cancer, asthma, influenza and pneumonia, 

diabetes, HIV/AIDS, and homicide (U.S. Health and Human Services Office of Minority Health, 2019). AA 

men have the lowest life expectancy and highest mortality rate in the United States (Fried et al., 2003; 

Xanthos et al., 2010). And the comorbidity of physical chronic diseases with mental health disorders is high, 

meaning physical and mental health should not be treated separately because they are interrelated (Daré et 

al., 2019; Gili et al., 2010). One study found that the prevalence rate of individuals having mental health 

disorders was significantly higher in patients with chronic health diseases (56.8%) when compared to those 

who were healthy with no known chronic health diseases (48.9%; Gili et al., 2010). While this has been 

brought to the attention of policymakers, and increased prevention efforts have been implemented, there are 

still mental and physical health disparities between AAs in the United States and non-African Americans. 

With research highlighting the link between both mental and physical health disparities (Daré et al., 2019; 

Shim et al., 2013), a framework that allows us to conceptualize both together is important for understanding 

contributors to mental and physical health and the entry points for interventions that can impact both. 

Related to individual physical and mental health is community health. Community health refers to the “health 

status of a defined group of people and the actions and conditions, both private and public, to promote, 

protect, and preserve their health” (McKenzie et al., 2005, p. 5). There can be protective factors related to 

community mental and physical health, such as income, sustainable jobs, perceived social support, and close 
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community ties (Ward & Mengesha, 2013). In addition to these factors, the AA community exhibits certain 

protective factors, such as religiosity, collective efficacy, social cohesion, and social control (Sharma et al., 

2019). There can also be adverse mental and physical health outcomes related to living in a certain 

community. The literature shows that extreme poverty neighborhoods (i.e., neighborhoods where greater than 

40% of households are below the federal poverty level) experience higher levels of health (e.g., obesity, 

diabetes, shorter life expectancy) and mental health outcomes (e.g., depression, anxiety, psychological 

distress) (Acevedo-Garcia et al., 2014; Gupta et al., 2007; Manseau, 2014). Some prior research showed that 

heavily populated AA communities sometimes face higher disparities in health outcomes because of various 

social health barriers (Saegert et al., 2011), structural barriers (Johnson & Bonner, 2013), and personal factors 

(Signorello et al., 2010). 

But research has not compared highly populated AA communities to lowly populated AA communities, and 

the current study is interested in understanding the health of a community based on its population of AAs. 

The interest is in understanding if communities with more AA residents have higher disparities. To 

understand health disparities locally, we included all Virginia counties in the analysis. 

Statement of the Problem 

The SEM framework and the four levels of influence assist researchers in understanding why some AA 

communities may be unduly impacted by health disparities based on social-economic factors, physical 

environment, and individual factors. As an example, physical environment is adversely correlated with both 

mental and physical health (Reddy et al., 2019), and the current study further examines this relationship 

within high- and low-density AA community populations. Likewise, social-economic disparities are adversely 

related to physical and mental health in the literature, with most studies using poverty level or income 

(Braveman et al., 2010), which can be problematic as a single indicator (Lantz & Pritchard, 2010). In seeking 

to further understand the relationships amongst (a) mental and physical health, (b) social-economic factors, 

and (c) physical environment, the following research questions guided the study: 

Research Question 1: Is there a relationship between poor mental and physical health days; social and 

economic factors; physical environment; and African American community population density (AACPD)? 

Hypothesis 1: There is a relationship between poor mental and physical health days; social and 

economic factors; physical environment; and AACPD. 

Research Question 2: Are there differences between low and high AACPD and poor mental and physical 

health days; social and economic factors; and physical environment? 

Hypothesis 2: High-density African American communities will have more disparities in social and 

economic factors; physical environment; and poor physical and mental health days. 

Research Question 3: Do social and economic factors; physical environment; and AACPD predict poor 

mental health and physical health days? 

Hypothesis 3: Social and economic factors; physical environment; and AACPD are significant predictors 

of poor mental health days. 

Hypothesis 4: Social and economic factors; physical environment; and AACPD are significant predictors 

of poor physical health days. 

The goal of the research study is to understand the relationship between these indicators of health and risk to 

better inform health-care strategies, interventions, and prevention efforts. 
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Method 

This cross-sectional study examined health-related outcomes in high- and low-density AA communities in 

Virginia. A cross-sectional study is a descriptive study that involves analyzing data from a specific population 

at a specific point in time; it is specifically suitable when the researcher wants to estimate the prevalence of 

certain characteristics, behaviors, diseases, intentions, and attitudes in a certain population (Polit & Beck, 

2014; Sedgwick, 2014). This cross-sectional study was utilized in the present study as it can highlight the 

health-related needs of a population by providing useful information to support planning and innovation in 

health-care delivery (Polit & Beck, 2014). 

Study Population 

We used the 2017 population data collected by the U.S. Census Bureau in Virginia, which included raw 

numbers and percentages for the number of AAs in every county in Virginia. There are 133 counties and 

independent cities in Virginia, and they vary greatly demographically and geographically. For example, some 

are rural in the heart of the Appalachian Mountains, while others are urban and closer to the Atlantic Ocean 

(Virginia Tourism Corporation, 2020). We used the percentage of AAs in every county to determine low- and 

high-density AA counties in Virginia.  

When examining the percentage of AAs in counties in Virginia, the “low” and “high” were determined by 

splitting the data set in half using the median (38.5%). The lowest percentage of AAs was in Craig County, 

0.3%. The highest percentage of AAs was in Petersburg, 76.7%. Results found that 115 counties were 

determined to have low-density AA populations, while 18 counties were determined to have high-density AA 

populations. In terms of basic demographics that are relevant to the current study, we investigated the percent 

Female and Rural and Non-Rural based on low- and high-density AA counties. Females accounted for an 

average of 50.66% of low-density AA counties and an average of 50.35% of high-density AA counties. Rural 

communities accounted for an average of 55.75% of low-density AA counties and an average of 30.71% of 

high-density AA counties. Non-Rural communities, which included suburban and urban areas, accounted for 

an average of 44.25% of low-density AA counties and an average of 69.29% of high-density AA counties. 

Measures 

Archival data from the 2018 County Health Rankings National (CHRN) data set for Virginia were utilized for 

the remaining variables. These variables include social and economic factors; physical environment; poor 

mental health days; and poor physical health days. 

Social and Economic Factors.  

This data is ranked from 1–133, with 1 being the best social and economic factors (County: Falls Church) to 

133 being the worst social and economic factors (County: Petersburg). The ranked variable is based on 

individuals in the counties’ self-report of education, employment, income, family support, social support, and 

community safety. The CHRN collected this from various sources:  

• Education (EDFacts; American Community Survey)  

• Employment (Bureau of Labor Statistics) 

• Income (Small Area Income and Poverty Estimates; American Community Survey)  

• Family and social support (American Community Survey; County Business Patterns)  

• Community safety (Uniform Crime Reporting—FBI; CDC WONDER mortality data)  

CHRN used a weighted calculation to determine rankings. 

https://www.countyhealthrankings.org/explore-health-rankings/rankings-data-documentation
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Physical Environment.  

This variable is ranked from 1–133, with 1 being the best rating (County: Hyland), yielding the best physical 

environment and 133 being the worst rating (County: Scott), yielding the worst environment. This ranked 

variable is based on the county report of air quality, water quality, housing, and transit. Several sources were 

used for this variable:  

• Air and water quality (Environmental Public Health Tracking Network; Safe Drinking Water 

Information System)  

• Housing and transit (Comprehensive Housing Affordability Strategy [CHAS] data; American 

Community Survey)  

CHRN used a weighted calculation to determine rankings. 

Poor Mental Health Days. 

Poor mental health days were reported according to the average number of mentally unhealthy days reported 

in the past 30 days, using a question from the Behavioral Risk Factor Surveillance System survey. This 

calculation is age adjusted. Higher numbers are interpreted to mean more “poor mental health days;” 

therefore, higher numbers indicate an individual experienced poor mental health days at a greater frequency. 

Overall, there were 133 valid cases analyzed for the poor mental health days variable; M = 3.68 (SD = .32), the 

minimum = 2.81 and maximum 4.65. 

Poor Physical Health Days. 

Poor physical health days were calculated according to the average number of physically unhealthy days 

reported in the past 30 days, using a question from the Behavioral Risk Factor Surveillance System. This 

calculation is age adjusted. Higher numbers are interpreted to mean more “poor physical health days;” 

therefore, higher numbers indicate an individual experienced poor physical health days at a greater frequency. 

Overall, there were 133 valid cases analyzed for the poor physical health days variable; M = 3.62 (SD = .46), 

the minimum = 2.63 and maximum 5.02. 

African American Community Population Density (AACPD). 

AACPD is a categorical variable that represents low- and high-density AA populations in Virginia counties (N 

= 133). The variable is coded as follows: 0 = low-density AA population (n = 115) and 1 = high-density AA 

population (n = 18); the median (38.5%) was used to separate the data into low and high density. Data for the 

variable derived from the 2017 Virginia U.S. Census Bureau info. 

Data Analysis 

This study utilized Spearman’s rank-order correlation to answer Research Question 1. Spearman’s correlation 

allows you to measure the strength and direction of the association between two variables (Tabachnick & 

Fidell, 2013). To answer Research Question 2, an independent t-test was conducted. A t-test is used to 

compare the means of two groups. To answer Research Question 3, two multiple regressions analyses were 

conducted. As a predictive analysis, a t-test is used to explain the relationship that exists between two or more 

independent variables and one continuous, dependent variable (Tabachnick & Fidell, 2013). All assumptions 

were satisfied prior to performing the analysis, as (a) linearity was met, (b) independence was established, (c) 

normal distribution was confirmed, and (d) homogeneity of variance was confirmed. In terms of sample size, 

the Tabachnik and Fidell (2007, p. 123) formula for calculating sample size was used: N > 50+8m (i.e., m 

represents the number of independent variables and N represents the needed sample size); the current study 

has three independent variables, which equate to a needed sample size of 74, the current study, N = 133. 
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Results 

Research Question 1: Relationship Amongst Variables of Interest 

Table 1 displays the correlations between social-economic factors, physical environment, poor mental health, 

poor physical health, and AA community population density (AACPD). Results of the Spearman correlation 

indicated that there was a significant positive association between AACPD and socio-economic factors (rs(133) 

= .45, p < .001), poor physical health days (rs(133) = .32, p < .001), and poor mental health days (rs(133) = 

.23, p < .01); physical environment was not significant. The effect size is represented by the Rho value; to that 

end the relationship between AA population and variables of interest are as follows: social-economic factors 

have a small to medium effect size; poor physical health days have a small effect size; and poor mental health 

days have a small effect size, based on Cohen’s d effect size interpretations. 

Table 1. Correlation Table With Variables of Interest 

 
AA 

population 

Social 

economic 

Physical 

environment 

Poor physical 

health days 

Poor mental 

health days 

AA population - 
    

Social economic  .447** - 
   

Physical environment .159 .138 - 
  

Poor physical health 

days 

.324** .882** .121 - 
 

Poor mental health days .225** .805** .360 .929** - 

Note. P value: ** = p < .01 

Research Question 2: Mean Differences of Low- and High-Density AA Communities 

The results from four independent t-tests are noted in Table 2. Group one includes n = 115 counties and 

indicates low-density AA population in the counties; n = 18 counties represent the high-density AA population 

in the counties. t-test comparing the means between high and low density and social-economic factors, 

physical environment, poor physical health days, and poor mental health days, were all significant at the .05 

level or less. Cohen’s d was used to calculate the effect size for the comparison between two means. In terms of 

relative size, a small effect size is .2; medium is .5; and large is .8 and above (Cohen, 1992). The formula used 

was Effect size = [Mean of experimental group] – [Mean of control group]/Standard deviation. 
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Table 2. T-Test Results and Means for Groups 

African American Population Community Density 

 
Low (n = 115) High (n = 18) t-Test Effect size 

Socio-economic  60.21(36.22) 110.39 (20.70) t(131) = 8.45, p = .000 1.70 

Physical environment 64.58 (39.33) 82.44 (29.36) t(131) = 2.28, p = .031 0.51 

Poor Physical Health 3.56 (.45) 4.00 (.38) t(131) = 4.36, p = .000 1.05 

Poor Mental Health  3.66 (.33) 3.86 (.23) t(131) = 3.23, p = .003 0.70 

Research Question 3: Predicting Poor Physical and Mental Health Days 

Predicting Poor Physical Health Days 

Standard multiple regression was used to assess the ability of socio-economic factors, physical environment, 

and AA community population density to predict poor physical health days. Preliminary analysis was 

conducted to ensure no violations of the assumptions of normality, linearity, homoscedasticity, and 

multicollinearity. In the preliminary analysis, multicollinearity was a concern because poor physical health 

days and social and economic factors were highly correlated r = .852. The adjusted R2 was used to control for 

the potential overestimate of the population resulting from high collinearity (Tabachnick & Fidell, 2013). 

Results of the multiple linear regression indicated that there was a collective significant effect between social-

economic factors, physical environment, and AA population, (F(3, 129) = 117.27, p < .001, R2 = .73). The 

individual predictors were examined further and indicated that social-economic factors (t = 17.30, p < .001) 

were the only significant predictor in the model.  

Table 3. Multiple Regression Predicting Poor Physical Health 

 
Zero-order B SE B B 95% CI for p t 

Predictor 
    

Lower Upper 
 

Social-economic factors .852 .011 .001 .855 .010 .012 17.30** 

Physical environment .133 .000 .001 .023 -.001 .001 .497 

AA population .320 -.109 .070 -.080 -.247 .030 -1.55 

Adjusted R2 = .73 

Note. P value: ** = p < .01 

Predicting Poor Mental Health Days 

Standard multiple regression was used to assess the ability of socio-economic factors, physical environment, 

and AA community population density to predict poor physical health days. Preliminary analysis was 

conducted to ensure no violations of the assumptions of normality, linearity, homoscedasticity, and 

multicollinearity. Results of the multiple linear regression indicated a collective significant effect between 
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social-economic factors, physical environment, and AA population, (F(3, 129) = 75.16, p < .001, R2 = .64). The 

individual predictors were examined further and indicated that social-economic factors (t = 14.41, p < .001) 

and AA community population density (t = -2.78, p < .001) were significant predictors in the model. Physical 

environment did not significantly contribute to the model. 

Table 4. Multiple Regression Predicting Poor Mental Health Days 

 
Zero-order B SE B   95% CI for p t 

Predictor 
    

Lower Upper 
 

Social-economic factors .784 .007 .001 .858 .006 .008 14.41** 

Physical environment .092 >-.000 .000 .000 -.001 .001 -.007 

AA population .217 -.159 .057 -.166 -.272 -.046 -2.78** 

R2 = .64 

Note. P value: ** = p < .01 

Discussion 

Three research questions sought to understand the relationship and the predictability of AA community, 

including: (a) population density, (b) social-economic factors, (c) physical environment, and (d) poor physical 

and mental health days. The goal of this study was to understand the relationship between indicators of health 

risk and AA community density to better inform health-care strategies, interventions, and prevention efforts. 

Multiple regression, an independent samples t-test, and Spearman’s rank correlation were utilized to explore 

the three proposed research questions. The four-level SEM; Bronfenbrenner, 1977, 1979) guided the 

exploration of results to understand health disparities between communities with high- and low-density AA 

populations. 

To test the hypothesis that there is a relationship between the variables represented in the four-level social 

ecological model and AA community population density (AACPD), a Spearman correlation was utilized. The 

results indicate that there is a positive association between AACPD and socio-economic factors and poor 

physical and mental health days, with small to medium effect sizes. The positive association between AACPD 

and socio-economic factors is consistent with previous literature that investigates race, socio-economic status, 

and health showing an adverse relationship (William et al., 2010, 2016). The positive associations between 

AACPD and poor physical and mental health days are well represented in the literature, as AAs experience 

revolving, significant mental and physical health issues that are often co-occurring (Shim et al., 2013). More 

specifically, with regard to poor mental health days, AAs reported experiencing higher rates of feelings of 

sadness (4.3%) and hopelessness (2.1%), as compared to Whites (2.6% and 1.9%, respectively) (CDC, 2019). 

What is unique in the findings is the absence of an association between AACPD and physical environment. 

Research consistently notes the documentation of significantly lower environmental quality (Brooks et al., 

2017) and poor air quality (Mikati et al., 2018) in high-density AA communities.  

To test the hypothesis that high-density AA communities will have more disparities in social-economic 

factors, physical environment, and poor physical and poor mental health days (Hypothesis 2), an independent 

t-test was used to compare the means of high and low AA community density groups. All the mean differences 
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were significant, with medium to large effect sizes. In the high-density AA communities’ group, the mean was 

higher for social-economic factors, with a large effect size, interpreted as a significant finding indicating more 

social-economic challenges in that group. These findings are in line with prior research that shows economic 

disparities between AAs and White families (Reardon & Bischoff, 2011; Shapiro et al., 2013). Physical 

environment—a composite variable that assessed air quality, water purity, and pollution—was higher (i.e., 

negative) in the high-density AA group with a medium effect size. The SEM assists in interpreting the relative 

importance of this finding; it highlights the relationship between health disparities and physical environment. 

This finding is also in line with prior research that shows AAs tend to rate environmental quality (i.e., air and 

water quality) significantly lower than their non-AA counterparts (Brooks et al., 2017; VanDerslice, 2011). In 

terms of highly populated AA communities, some research has even noted that these communities are in areas 

that contain poor air quality due to health-threatening air pollution (Mikati et al., 2018), which is an 

environmental health equity issue because the adverse health outcomes related to poor physical environment 

are well known (Mikati et al., 2018). In terms of the mean differences between low- and high-density AA 

community density and poor physical health mental health days, the means are very close but there is a 

significant difference with a large and medium effect size, respectively. The mean scores are slightly higher in 

the high AA group; however, based on the research literature, the expectations were larger mean differences 

(Dwyer-Lindgren et al., 2017). For both groups, mean scores were close to the overall mean, which means 

neither group reported a higher-than-normal amount of poor physical and mental health days. 

To test the hypothesis that poor physical health (Hypothesis 3) and mental health days (Hypothesis 4) can be 

predicted by indicators in the four-level social ecological model, two multiple regression analyses were 

conducted. Both models included three predictors that represented level 1 of the SEM (i.e., AA population 

community density), level 2 of the SEM (i.e., social and economic factors), and level 3 (i.e., physical 

environment). Physical environment was not significant in any of the models. The largest contributor to 

explaining the variance found in poor physical health days (beta = .855) and poor mental health days (beta = 

.858) was social and economic factors explaining 86% of the variance. This means that the most important 

contributor to poor physical and mental health days above and beyond AA community density was social and 

economic factors. A recent study investigating geographic disparities found that 60% of the variability in life 

expectancy can be attributed to social-economic factors and race/ethnicity factors (Dwyer-Lindgren et al., 

2017). While the study is not the same, it does show the influential nature of social and economic factors on 

health (Dwyer-Lindgren et al., 2017). 

In our current study, we examined level one of the SEM through the dummy variable high and low AA 

community density (i.e., variable in the model labeled “AA population”) because we were particularly 

interested in disparities amongst the communities. Some prior research showed that heavily populated AA 

communities sometimes face higher disparities in health outcomes because of various social health barriers 

(Saegert et al., 2011), structural barriers (Johnson & Bonner, 2013), and personal factors (Signorello et al., 

2010), but research has not compared highly populated AA communities to lowly populated AA communities. 

Inferences can be made based on the current research on AA and White American disparities (Snowden, 

2012), but current researchers wanted to test the hypothesis that there were differences based on AA 

community density. However, in our study, AA population was not a significant contributor to the model 

predicting poor physical health, but it was a significant contributor to the model predicting poor mental 

health (beta = -.166). The negative beta indicates that Group 1 low-density AA community (coded as 0) is a 

stronger contributor to the significant contribution to predicting poor mental health days. This finding is 

interesting and is related to the literature that finds non-White people are diagnosed with fewer mental health 

challenges than their White counterparts (Brody et al., 2018). It may also be reminiscent of research that 

highlights that non-White persons are severely underdiagnosed for mental health challenges, and the research 

that shows that non-White people may attribute mental health challenges to other external causes, such as 

stress, finances, etc. (Brody et al., 2018; Pratt & Brody, 2014).  
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Improving the amount of physically and mentally healthy days a person experiences is a benchmark that 

insurance companies, national health organizations, and stakeholders in population health often use to gauge 

the success of health promotion prevention and intervention efforts (Cordier et al., 2018). Our research 

highlights that an important predictor of healthy days is social-economic factors. According to the SEM, 

individual and relationship indicators are important in understanding and explaining health disparities 

(Bronfenbrenner, 1977). Our research is in line with the SEM theory, in that components at the individual 

level (i.e., economic factors) and components at the relationship level (i.e., social support, familial support, 

etc.), which was a composite variable in the current study, both contribute to physical and mental health days 

(Nategh et al., 2017).  

There are a few limitations within this study that should be mentioned. This study used pre-existing data from 

a reputable source, although the researchers did not oversee the data collection process. Although the data 

was readily available, this limited the type of collected data that could be useful within this study. Most of this 

data was self-reported, allowing room for reporter bias. This research only explored counties within Virginia, 

limiting the generalizability of this study. The limitations of this cross-sectional design are (a) inability to 

measure incidence, (b) causation can’t be implied, (c) identified associations are difficult to interpret, (d) 

inaccurate self-reporting to surveys, and (e) susceptible to biases. (Connelly, 2016; Sedgwick, 2014). Although 

limitations are known, this design is beneficial because multiple outcomes can be studied, useful for 

descriptive analyses, and useful with many populations. (Polit & Beck, 2014).  

Implications for Behavioral Health Providers 

Our research highlights the disproportionate risk high-density AA communities may face at all levels of the 

social ecological framework. The SEM was used to understand health disparities, and what influences 

disparities at various levels of influence. Our cumulative findings suggest that models of care that are holistic, 

that minimize social and economic barriers to care, would be best in supporting the overall health of people 

living in high-density AA communities. 

Integrated behavioral health (IBH) care is a model of care that focuses on minimizing barriers to health-care 

access through synchronized health-care services, integrating both behavioral and medical services (Peek, 

2011). This concept was established in the 1970s to ensure everyone had access to mental health care 

(Coleman & Patrick, 1976); since, proponents of this model have consistently noted its success in serving 

vulnerable and underserved populations by increasing access to mental and physical health services (Miller-

Matero et al., 2016; Ohrnberger et al., 2017). Utilizing the IBH model allows clients to access multiple services 

in one location, providing a comprehensive approach to health care (Perez-Brumer et al., 2016). This model is 

also considered a best practice for working with clients who require both medical and behavioral health 

services (Miller-Matero et al., 2016). Our study found that in counties where the population of AAs is the 

highest, the respondents indicate higher needs related to social-economic factors and physical and mental 

health. IBH is a reasonable and evidence-based practice that can meet the needs of persons in these counties 

(Miller-Matero et al., 2016). 
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