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Abstract
The analysis of big data points and the use of aiagdytics have proven successful in
improving corporate business efficiencies, growpngfits, and increasing competitive
advantages. The theory of academic capitalismgiwholds that institutions of higher
education are becoming more like corporations dudetlining operating funds and the
need to become more efficient, transparent, angetitive, guided this study. Despite
the positive outcomes that analytic tools may poedn advanced efficiencies and
competitive growth, college academic administrat@ge not yet adopted these tools,
due in part to barriers facing the administratdise purpose of this phenomenological
study was to explore the nature of those barrireesdommunity college. Ten academic
managers in 6 community college divisions who reggbaccountability for criterion-
based key performance indicators were interviewetheir perceived use of academic
analytic tools and barriers in adopting these todlse interviews were collected and
analyzed through preliminary grouping, reducing alhinating outliers, clustering
descriptions into categories, and constructing t®mThe managers’ narratives
suggested that there were 4 perceived barrierpthaented the adoption of tools such as
organizational bureaucracy (climate), restricteghoizational data (policy), training, and
infrastructure. An important area for further r@®# involves identifyindhe strategies
managers could use to overcome these barrierdifidiegs of this study
will assist college administrators in implementaralytic tools. Such tools
will improve key performance indicators, resultinga more cohesive and cost-effective

academic experience for students, faculty, admatsts, and the community.
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Chapter 1: Introduction to the Study
Introduction

Successful companies such as Amazon and Netfligatdnd analyze customer
data to build their operations (Chen, Shiang, &&tp2012). The use of business
intelligence tools, such as analytics, has helpaddrease the overall growth of business
operations including customer retention, returnnmestments, profit structure, and
business total value (Minkara, 2010). These suesem® linked to the use of analytics in
retail, financial, manufacturing, and telecommutiaas industries (Seng & Chen, 2010).

Higher education, similar to the business sectas,dollections data concerning
its customers and general operations. Studentrdgéading finances, grades, study
habits, education goals, and living arrangemermsallected (Vialardi et al., 2011).
Operational data, including space allocation, goéind safety activities, residential
accommodations, food services and maintenancesisareealso collected and stored
(Dziuban, Moskal, Cavanagh, & Watts, 2012). Howegelleges and universities are
slow to analyze these data points to help maketwffedecisions and data-driven
forecasts (Baepler & Murdoch, 2010; Dawson, Heathck Poole, 2010).

Researchers have used data to make decisionshiertegucation to increase
student retention; provide transparency of findmaporting; improve management of
space, safety, and security; provide visualizatiboperations in true time; and supply
decision support based on facts (Bichsel, 2012)rdwved student retention can lead to
increased graduation rates (Bichsel, 2012). Whédagms and universities use data to

manage key performance indicators, they save maleeyease time from enrollment to
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graduation, and have more transparent ways to sactesses and improve forecasts
(Dziuban et al., 2012; Smith, Lange, & Huston, 201Hesigned this study to explore
the reasons why an institution of higher educalias not adopted analytics to increase
efficiencies.

In this chapter, | review the background of analyin higher education
institutions in the United States. | also examime problem and purpose of the study.
Research questions that guided the study are aesidcoupled with the theoretical
framework, scope, and the limitations of the study.

Background

Higher education institutions have traditionallyeogted in the United States in a
nonprofit model, depending on state and federalifumto sustain their efforts (Metcalfe,
2010; Oblinger, 2012). Recent budgetary constrdiate led colleges and universities to
reconsider their operational practices and focuserna meeting budgetary obligations
(Ravishanker, 2011). The use of academic analgteg significantly assist colleges and
universities in these efforts.

Academic analytics, as defined by Barneveld, has laelopted and used by
educational institutions to help retain students imcrease funding resources; however,
there are few institutions of higher education @@t adopting analytics (Barneveld,
2012). Barneveld (2012) defined academic analyscdata-driven decisions used “for
operational purposes at the university or colleyell, but it can also be applied to
student teaching and learning issues” (p. 4). Baylversity and Purdue University,

and a few other higher education institutions, enpénted academic analytics to help
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student retention, recruitment, fundraising, gehinistration, and analysis (Baepler &
Murdoch, 2010). However, academic analytics i$ istiits infancy as a field, and higher
education institutions as a whole continue to e@mgé its use (Barneveld, 2012).

Baylor University has used analytic tools to helgd predictive modeling to
increase efficiencies in student recruitment wigasurable increases in admissions over
a 1-year time period (Willis, Campbell, & Pistil#013). Purdue University is using
academic analytics to help predict student sudtewesgh preemptive intervention
strategies within their learning management sygiafillis et al., 2013). These examples
do not reflect the actions of the majority of higlkeeducation institutions and their
academic administrators’ use of analytics to markayegperformance indicators (Dawson
et al., 2010; Ravishanker, 2011). A need existsdsearchers to explore factors that
impede the adoption of analytic tools that increzf§eiencies in the management and
operation of higher education institutions.

Problem Statement

Knowledge management is a broad term used to &adbieities such as the use of
business analytics and information technologidsolster efforts in decision sciences,
decision making, and collaborative efforts to ire the competitive advantage of an
organization (Krogh et al., 2013). Knowledge mamaguet has gained popularity in
corporate businesses during the past decade (DangHarris, & Morison, 2010).
Corporate businesses have begun to use knowledgggeraent and knowledge workers
to enable employees to join other workers acroslsajlorganizations, increase

communication lines, improve efficiency and effeetiess, and boost innovation and
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competiveness (Davenport et al., 2010). The cotpavarld has embraced knowledge
management to the extent of hiring knowledge offi@nd knowledge managers;
however, knowledge management has not yet permesigaitions of higher learning
(Davenport et al., 2010; Dawson, 2010).

Higher education administration has not yet takshraatage of corporate business
strategies, such as the incorporation of knowledgeragement as a key partner to
efficiently manage business agendas (Dziuban,e2@l12). Knowledge, used effectively,
can help higher education administrators contreirthottom line. Student success and
increased retention rates, heightened grant amdraliundraising, increased full-time
and part-time faculty effectiveness, better spdogation, and fine-tuned recruitment
strategies are examples of how better use of kragel¢hrough data analysis can help
colleges and universities increase efficienciesriBeeld, 2012).

Purpose of Study

The purpose of this qualitative, phenomenologitady was to explore the
barriers which academic administrators perceiveragenting an institution of higher
education from adopting analytic tools that woutdlele the analysis and use of data for
decisions, planning, and managing operations.

Research Questions

In this study, | sought to explore barriers relatethe adoption of knowledge

management, specifically academic analytic tool$igher education. The general

research question that guided this study was tl@rMmg: What factors impede the
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implementation of academic analytic tools in a eighducation setting? Subsequent
guestions included

1. Are academic administrators aware of how academatytics could help
manage key performance indicators?
2. What types of discrete databases do academic astratioirs currently use to
help the management of their perspective deparsfient
3. How can knowledge management tools enhance thaegifly of a higher
education institution?
4. Does the climate of a secondary education institutinder the adoption and
use of analytic tools, or are there funding/invesitrissues?
5. Would college administrators use academic analybi¢eelp increase student
success and other managerial tasks?
Theoretical Framework
Institutions of higher education have become mikieedorporations due to
changes in their traditional sources of state deffal funding, declining grant and
research funding, and other decreases in investnoemntonations and financial gifts
(Metcalfe, 2010; Stocker, 2012). Colleges and usities must seek funding through
creative and nontraditional sources in the marketlthus bringing them closer to
operating like businesses in the private sectoe. theory of academic capitalism is used
to address the ways in which institutions of higbgucation are becoming more like
business corporations. The concepts that provielertincial underpinnings to this theory

include success, performance, competitivenessaecmlintability (Park, 2011; Slaughter
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& Cantwell, 2011). As higher education institutidsescome more like big business, such
institutions become more resource-conscious an#iettéscused and recognize a need
for transparency. Academic analytics are potentials that can be used to measure the
concepts of success, performance, competitiveaasisaccountability. Businesses use
knowledge management and tools such as businelggiegand data mining to create a
competitive advantage. Role players within higrderaation setting could use these tools
for colleges and universities to control for tighiteg budgets and decreased funding
sources (Stocker, 2012). | discuss the theory afl@mic capitalism in detail in Chapter
2.
Nature of Study
| designed this qualitative, phenomenological stiodynderstand and explore the
experiences of individual academic managers irghdrieducation setting, their
experience in using or not using analytics, themmgpbehind their perceptions of their
use or nonuse of analytic tools, and perceiveddyarto the adoption of analytics. The
main manuscripts examined in determining the defigthis study included Creswell
(2012, 2013), Merriam (2009), and Englander (200L8gsigned the study to gather
personal data from the interview process to exgbareiers that prevent colleges and
universities from adopting analytic tools to sugpoanagement efficiencies. According
to Creswell, Merriam, and Englander, qualitativeeach methods allow for an interview
data collection process and the need for an intergtudy. The mission of qualitative

research is to (a) explore how people understagid élperiences, (b) discover how
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people create their worlds, (c) understand how |gemake sense of their experiences,
and (d) describe how people understand their exipeei (Merriam, 2009).

| considered the case study and phenomenologisehreh traditions for this
study (Creswell, 2012). Case study concerns arm isgplored “through one or more
cases within a bounded system” (Creswell, 20123p.Simon (2011) reported that
researchers use case study research when theeingsiablishes a problem and uses
guestions such as why and how. A case study wasdsryed for this research because |
wished to explore a bounded system in which sewedaliduals would be interviewed
and the research questions were focused on whizamdl deemed the choice of a case
study inappropriate due to the data collectionanet in such a design. Data collection
in a case study draws on multiple sources to irchlaservations, documents, archival
records, physical objects, and audiovisual mate(@teswell, 2012). The primary data
collection for this study was rooted in in-deptpea-ended interviews.

The use of phenomenology was chosen because efithkasis on open-ended
interviews as the primary data collection, the gehiequiry into the meaning and
significance of the experiences from the participaand the phenomenological approach
Cilesiz (2011) established in research of the iseahnologies in educational settings.
Singleton and Straits (2009) and Cooper (2010) pésited that the social science
researcher’s purpose is to gain an understandidgoacapture the essence about how
people think and feel and how they interact duphgnomena. Additionally, Simon
(2011) stated that “phenomenological researchapleés experience in regard to a

phenomenon and how they interpret their experiénpe4.05).



Definitions

Academic analytics: Academic analytics refers to “analytics used tghah the
business of the higher education institution” (@bé&r, 2012, p. 10). In this study,
academic analytics referred to the process by widltltation and academic personnel
use advanced applications and statistical techeituanalyze data sets (Baepler &
Murdoch, 2010).

Academic managers. Persons whose task it is to handle crises, contmexand
to instill a unified culture within the organizati¢Din, Khan, & Murtaza, 2011). In this
study, academic managers were the managers atltegecwho had the task to increase
student engagement, align academic policy withicuitrm, conduct faculty
observations, and increase student retention ai@ st graduation rates.

Barriersto IT adoption: Barriers to IT adoption are those factors thatbithi
organizations or individuals in the implementat@rstrategic use of information
technology to increase competitive advantage aofitgboility (Davenport et al., 2010).
In this study, barriers to IT adoption includedgddactors that hinder academic
administrators in their adoption and use of academalytic tools. Such barriers may
include cost, perceived usefulness, knowledge aill@vle tools, training, and other
institutional issues.

Dashboards. A dashboard is the collection of disparate infoiorasystems and
huge data sets, gathered and displayed in an unicabe manner, which provide
graphic depictions of real-time insight in managgrérformance. Dashboards can often

give immediate snapshots of detailed informationiclv might have taken time-
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consuming measures and inefficient time to prodoaaually (Stocker, 2012). In this
study, dashboards were used by educators to vigywéwormance indicators (KPI)
visually and in real-time. The dashboards wereamusted dependent upon measured
indicators (KPIs) for each academic manager.

Key performance indicators. Key performance indicators are assessments and
indicators by which a University measures its é&ficies, performance, and success
(Sukboonyasatit, Thanapaisarn, & Manmar, 2011dhimstudy, the key performance
indicators that indicated measurement of acaderaitagement effectiveness included
student retention, faculty training and observattbe management full time equivalent
budgetary operations, curriculum reviews, and gat@mpliance.

Knowledge management: Knowledge management is the use of strategies to
manage corporate knowledge, insights, experieeesthe incorporation of those
experiences to add value to the corporation (Dawergt al., 2010). For this study,
knowledge management referred to the use of thadtsesom data analysis of multiple
factors in the higher education including, but lmoited to, admissions, retention,
financial services. Specific examples includecdhis study, is the use of data to manage
academic key performance indicators.

Shadow systems: Shadow systems are information technology programs,
applications, or systems that operate on the cutsfiéin organization (Behrens, 2009). In
this study, shadow systems referred to informadiata collections not housed in the
official college database system. Examples includbgzhrtmental and siloed

spreadsheets, FileMaker Pro databases, MS SQlgthadforms of information
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technology that existed outside of the officiallegé information system (Blanton,
2012).

Assumptions
For this study, the following assumptions were made
1. Business analytic tools are valid and useful methodncrease the
efficiencies of businesses for success, increasaddial viability, and
improvement.
2. Business analytic tools could also benefit ingtiug of higher education to
increase productivity measures, similar to the mess corporate world.
3. Institutions of higher education have not yet addgdiusiness analytic tools.
4. For this study, | assumed that higher educatiotitut®ns have not yet
adopted business analytic tools because of exibangers.
Scope and Delimitations
Researchers have indicated that the use of aratgtidrive decisions improves
efficiencies in higher education institutions. kaged this study to explore the reasons
why colleges and universities do not adopt proeehnologies, such as the use of
analyzing data, in order to improve performanceas Btudy covered a large,
multicampus community college with a student popoiraof approximately 85,000 full-
and part-time, campus-based, and on-line studeit. Athe college employs
approximately 3,500 faculty and staff. The primfogus of the study was in
interviewing academic managers whose key performaricators include student

retention, faculty training and observation, thenagement of full-time equivalent
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budgetary operations, curriculum reviews, and gat@mpliance to ascertain why they
did not employ analytics to help them better cdrttieir key performance indicators.
These academic managers, who were responsibled@piecified key performance
indicators, numbered 25 individuals. These academaicagers worked in academic
divisions across all six campuses. The establipleeidd for the data collection occurred
in the Fall 2013 academic school year.

| excluded data collection from other departmeniside the academic
departments within the college from this studynfany examples of excluded
departments included the office of institutionglaging (this department collects and
cleans data for the college), the campus policardeynt, student financial aid
department, the admissions department, businese ofberations, maintenance and
facilities departments, IT services and operatibnsyan resources department, and
training departments. Most view these departments@pport” services for the main
academic mission of the college or university dhds, do not directly affect academic
administrators’ goals of improving performance cadors. The excluded departments
would benefit from the use of analytics, but impngvacademic performance indicators
and the use of analytics, or barriers to the ugadademic administrators to achieve
those goals was the focus of this study.

Limitations
For this study, the following limitations were regozed:
1. lused a small sample and single setting for thudys Only 25 managers had

academic key performance indicators, as listedezarl
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2. There may have been additional administrators wé@waware of, or were
using analytic tools, that | did not interview.

3. Due to the need for a criterion sample and the awalable with academic
administrators, | used interviews as the primaryhoe of gathering
information.

To control for these limitations, | conducted memd®ecks of transcriptions and

peer review of results.
Significance

Knowledge management tools such as analytics heswe bsed to successfully

help businesses use their intellectual capital reffectively, thus making a positive
impact on the bottom line (Davenport et al., 20))e to changing economies and
funding constraints, institutions of higher educatneed to develop strategies to meet
their fiscal responsibilities (Metcalfe, 2010). Tagoption of academic analytics may be
a way in which colleges can become more efficieitiacrease the value of their
services. This study may help higher education ewacladministrators realize the
factors that impede adoption of analytics and wayshich these key tools can help
sustain their bottom line, increase efficiency, anoimote graduation and placement
rates.

Summary

Institutions of higher education have large datéections that could assist these

organizations to operate more efficiently. Studdath such as financial aid, grades, and

housing accommodations, and operational data imgjuspace allocation, food services,
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and maintenance issues, are also collected. Celkg® universities are slow to analyze
these data points to help make effective decistonisdata-driven forecasts to improve
their operations.

The use of data to make decisions in higher edutaticreases student retention;
provides transparency of financial reporting; imm@® management of space, safety, and
security; provides visualization of operationsrinettime; and supplies decision support
based on facts (Bichsel, 2012). When colleges andesities use data to manage key
performance indicators, they save money, decréaseftom enrollment to graduation,
and they have more transparent ways to track ssesesd improve forecasts (Dziuban
et al., 2012; Smith et al., 2011). Despite the fpasbutcomes that analytic tools may
bring, academic administrators have not yet adottese tools. | designed this study to
explore the barriers behind why academic admir@mtsan a community college have
not adopted analytics in order to increase effidies

In the next chapter, | provide an overview of besmanalytic tools, the use of
such tools in the corporate world, what is knowowtlihe current use in higher
educational settings, and the barriers to adophiahhave been noted in other industries.
The following chapter, Chapter 3, describes hownducted this study. In Chapter 4, |
present the data that were collected, and Chaptentains a synopsis of the study,
interpretation of the findings, limitations of teudy, recommendations, and implications

of the study.
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Chapter 2: Literature Review
Introduction

The use of analytics to help drive decisions andtrkey performance indicators
in higher education institutions has been proveeteffective (Barneveld, 2012).
However, colleges and universities continue tolbe $0 adopt academic analytics, even
though business industries have adopted and sedrettefit of its use (Dawson, 2010).
The purpose of this study was to gain an undersigraf the barriers that impede the
implementation and use of knowledge managemeimtessibed in this literature review
as academic analytics, in a community collegersgtiihe limited use of academic
analytics in selected colleges has had a posiffeeteon key working indicators, such as
reduction of student attrition, increased avaiigptb track student registration and
course selection, and more effective use of sgazeilpan et al., 2012). However, the
use of analytics in the day-to-day operations ghlar education institutions continues to
remain minimal (Bichsel, 2012).

This literature review begins with an overview obbtics and how corporations
use analytics in corporations to control for custoioyalty, customer fulfillment, and
approval and to track return on investments (Miak&012). Technologies used in
analytics, and the value such technologies hateeitousiness world, are discussed. |
then review the use of analytics in higher educaitistitutions, with specific colleges
and their employment of analytic tools in operatibarther, | examine the value of
analytics in higher education, in addition to bansithat could cause universities and

colleges to not adopt analytics for wide-scaleindbe management of operations
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(Bichsel, 2012; Ravishanker, 2011). Finally, beeaustitutions of higher education
have been slow to adopt analytics as an innovatianmay improve performance and
there are limited studies in this area, | consateexamination of barriers to innovation
adoption that may provide areas that also impedetaxh at institutions of higher
education.
Literature Search Strategy

A key word search using the following terms wasdrgried:academic analytics,
education analytics, student selection, academic data mining, student retention and data
mining, education and data mining, data mining and education management, business
intelligence and education, data mining and colleges, analytic tools definition, analytic
tools, analytic tools and business adoption, business analytic tools and adoption,
business analytic tools, data analytics, action analytics, barriersto I'T adoption, barriers
to adoption and analytics, innovation adoption, andbarriers to innovation adoption. The
search was done using Gartner, Business and Marag&age Database, Business
Source Complete, Google Scholar, Emerald, Sciemee ProQuest, ERIC Education
Database, Education Research Complete, Educatibmdsa (H. W. Wilson),
Educational Administration Abstracts, Business Adxdts with Full Text (H. W. Wilson),
Business Source Complete, and Psychological andvBatal Sciences Collection. The
search yielded 48,084 publications. The highestrngig terms were from Google
Scholardata analytics (18, 400) andbarriersto IT adoption and analytics (16,600).

Other high yielding terms includdsrriersto IT adoption (1,884) from ProQuest
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academic analytics (337) from Sage, andhta mining and education (863) from Emerald
Management.

Inclusion criteria for relevant articles were tloldwing: (a) publications that
addressed analytic tools; (b) publications thatreskked the use of analytic tools in
business; (c) publications examining the use olyéindools in higher education
institutions; (d) publications addressing the nd&allenges higher education is facing; (e)
publications addressing how the use of analytisshedped higher education institutions;
(f) publications reporting barriers to IT adoptionbusinesses; and (g) articles discussing
barriers to IT adoption in higher education ingidas, innovation adoption, and barriers
to innovation adoption.

Primarily, | rejected 47,853 articles by a reviefilee title because it did not meet
the inclusion criteria. | rejected an additionabX8ter a review of the abstract. Of the 75
that met the inclusion criteria, 32 were excludad tb their focus on modeling and
structure functions, eight more were excluded du#¢ir focus on singular database
role, and six were excluded because their usealf/trs was concentrated solely on
research methodology.

Theoretical Foundation

The theory of academic capitalism was used to geothe theoretical foundation
for this study (Slaughter & Cantwell, 2011). Acadeicapitalism is the theory that
colleges and universities are changing and becomimrg like corporate entities
(Walker, 2009). Slaughter and Cantwell (2011) descrthe links and resource

dependency that higher education institutions haeisg with industry and how these
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links are allowing universities to compete in thebglization of a new economy. Park
(2011) described academic capitalism in marketsekingher education institutions,
because of increasing scarcity of government fupdimust obtain subsidies elsewhere.
Colleges must search and compete for external fignsbburces through endowment
monies, external grants, industry collaborationsitiacts, and with the increase of
tuition and fees. Some universities have formedgoarporations through the creation
of university hospitals. A university does not teally own these university hospitals;
however, the affiliated university has the oppoituto garner resources, such as
laboratories, clinical space, and research, anduntger access to additional external
grants and endowment funds (Park, 2011).

It has been shown that colleges and universitiesnareasingly interacting with
the business commercial sector. Park (2011) arthegdnstitutions of higher education
interact in the economy through initiatives andtoared development. Park claimed that
the Internet originated in a university, a tooltthas changed the landscape of
economies, not only here in the United Statesglmidally. Colleges have also engaged
in the globalization of education using extensinéree, distance, study abroad programs,
in some occasions, the opening of entire campuskseign countries (Park, 2011).
Universities show further examples of their movettewards the business sector in the
growth of university-owned patents. Patents helditiyersities more than tripled over
the past decade (Park, 2011). Additionally, unites have begun to acquire equity in

companies in which technologies, developed by Hraqular university, are licensed. As
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a result, technology licensing offices, communityreach and economic development
offices, and fundraising departments have develgpecempuses (Park, 2011).

Colleges and universities, in moving closer tortreket place and competition,
are being required to become more transparent &sune outcomes and to demonstrate
success (Blanton, 2012; Grajeck, 2011; Ice eR@ll?2; Metcalfe, 2010; Peterson, 2012;
Stocker, 2012). Metcalfe (2010) used the theorgoafdemic capitalism as the foundation
for an analysis of the globalization of higher estian and the use of information
technology to manage key performance indicatoresS{2012) entailed the key factors
affecting higher education, one of which was tlwleges and universities need to
increase their economic competitiveness, accouittalaind institutional business
decisions. Stiles stated, “Under the right circianses, decision-making can be
enhanced by the tools and techniques of analytargie data sets, analytics engines, and
new data-visualization techniques have considenaditiential to enhance both student
learning and institutional business intelligenge”3d). The use of analytics, as Stiles
indicated, can help college administrators mak&ebeecisions that may facilitate
decreased institutional costs and increase stymdfdgrmance.

Proponents of the theory of academic capitalismes$ed the ways in which
institutions of higher education are becoming niikesbusiness corporations. The
concepts that provide the underpinnings to thishéclude success, performance,
competitiveness, and accountability (Park, 201au&tter & Cantwell, 2011).
Researchers have demonstrated that, with the wm@adftic tools borrowed from

corporate business, colleges and universities ragg Buccess in meeting and exceeding
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key performance indicators in areas such as studganition, student progress, budget
and planning, faculty training, and course schedu{Anderson & Russell, 2012; Fritz,
2011; Macfadyen & Dawson, 2012; Obinger, 2012; Wis& Rome, 2012). Businesses
use knowledge management and tools such as businalgsics and data mining to
create a competitive advantage to achieve sucoessyve performance, and increase
economic competitiveness and accountability. lastihs of higher education are
becoming more like business corporations and maesall tools available to address key
performance indicators.

Key Concepts in Analytics

Businesses have collected unprecedented amoudé&adfegarding customers’
purchasing habits, decisions, values, and experge(feahey, 2009; Minkara, 2012).
Businesses have been able to store this mostlgtstad data in assorted databases and
various systems (Fahey, 2009). Recently, busingss@ations have begun to apply
these data to transform operations (Davenport €2@10). Data analysis entails the use
of data to enhance operations, and the tools wspérform this analysis include such
technologies as interactive visualization, dashimantata mining, and predictive
modeling (Chen et al., 2012; Davenport et al., 2010

Analysis of data, or business analytics, entagsube of tools such as statistical
and quantitative techniques, methodologies, apbica and systems for industries to
make better decisions regarding market demandswastdmer expectations (Chen et al.,
2012; Davenport et al., 2010; Fahey, 2009). Rekeasaould also use these new

technologies, or analytic tools, to measure keyoperance indicators, return on
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investments, and other business indicators thaé dpiowth (Minkara, 2012). Business
leaders are engaging analytics to support strafggiming and progressive thinking to
transform the way their enterprise is operated édaort et al., 2010).

Business Use of Analytic Tools

A 2012 study conducted by the Aberdeen Group, fabatlbusinesses using
analytics achieved a greater growth rate (17.3%) thusinesses not engaging in
analytics in their day-to-day operations (9.1%; kéira, 2012). Minkara (2012) described
areas in which businesses excel in using analgsds) customer retention, (b) customer
value, (c) customer satisfaction, and (d) returmneestments. Within these vital areas,
industries using analytics had positive year oearygrowth. Through analytics, it was
possible to provide customers valid customer-cerwntent, a single source of data for
key stakeholders, and the ability to track and made=of customer experience statistics.

Many businesses use analytics in e-commerce anketirgg fields to collect and
analyze customer behavior patterns and opinionsr{@hal., 2012, Davenport et al.,
2010). Vendors such as Amazon use data analytioe#te specific customer content
driven recommender systems based on customer @nets (Chen et al., 2012).
Business analysts analyze and collect data fromalsoedia outlets in order for
businesses to better understand the opinions draVioes of customers, and target their
audience in a much more efficient way (Chen et28l1,2).

The United States Government, State Governmendspaliticians are beginning
to use business analytics for blogs, researchcamgbaign advertising. The

aforementioned officials can use data mining t@Iseipport political discussions and to
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help collect donations. Analytics support governtakaccountability and transparency;
broader platforms including blogs, wikis, and oteecial media outlets track and
publicize programs (Chen et al., 2012).

Researchers within the fields of science and telclgyancreasingly adopt big
data projects in order to help researchers anastagush knowledge boundaries and
explore new developments through simulations ardiptive modeling. Scientists in
astronomy and physics are amassing several hugdyadytes of data each day that they
analyze using business analytics (Chen et al., 20ti#s information will lead to
discoveries much faster and on a larger scalettiteacience community has previously
been able to deliver.

Business analytics contributes to health scienndgablic health as well. As the
health services field moves to patient-centered¢ustomer-centered, medicine, business
analytics help in the area of decision sciencesctiédnic health records play a large role
in preventative, evidenced-based practices, anigtaasapower these systems. New
modeling and process learning techniques are isicrglg prevalent in the health
sciences (Chen et al., 2012).

Individuals within public security sectors use Imgsis analytics to bolster
counter-terrorism activities. The advancement otiséy informatics aids in cyberspace
intelligence, emergency preparedness, and intemaltdata exchanges. Intelligence
agencies worldwide are gathering statistics thaecthe range from criminal threats,

terrorism activities, and organizational cyber sggiuncidences. Business analytics uses
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applications and platforms that enable securitgqanel to evaluate, analyze and in
many cases, prevent attacks (Chen et al., 2012).

Businesses use analytics applications for custoetention programs and
tracking, stock market prediction analysis, inventand product analysis, and
advertising. Industries that have bought into bessnanalytics include retail franchises,
financial enterprises, manufacturing, and telecomoations trades (Seng & Chen,
2010). Direct marketing, product to consumer ansg)ysoduct-rating predictions, yield
ratings and analysis, and fraud detection and ciadles are only a few of the widely used
applications that businesses employ analytic tools.

Analytics in Higher Education

Higher education institutions in America are amdmg casualties of
globalization, economic uncertainties, public furglshortfalls and drastic cutbacks, and
heightened accountability and transparency reguiat{Picciano, 2012). Leadership in
these organizations needs to respond with finaptaas that will control for these
challenges and set a path forward that will allowdtability and growth (Smith et al.,
2011). A solution that colleges have increasedastan is that of using technology to
drive change (Dziuban et al., 2012).

One technology that higher education institutioagehadopted to control their
business is enterprise resource planning techredoghese systems collect transactions
in the areas of human resources, finances, andebarygunctions and deposit the
information in relational databases (Ravishankei13. These systems have helped

colleges collect and store massive amounts of gatdata.
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Another technology that has permeated collegeenistis the expanding
platforms for course delivery (Picciano, 2012; SipArora, & Mishra, 2012). Blended
courses, a combination of both online and on gransluction, is growing rapidly as
colleges make use of technology and as facultyrbeamore comfortable with this
mixed design. Due to the growth and use of thehete millions of college students
enroll in online courses and fully online progragRgcciano, 2012). Colleges have
adopted learning management systems to controtistrtbute learning for students;
these systems have created a platform that enstilésnts to access an education
environment virtually (Siemens & Long, 2011).

Both of these technologies, along with others #natoutside of the scope of this
paper, collect massive amounts of data relatinbadusiness operations of colleges.
The next step for colleges is to follow companieshsas Netflix and Amazon, and make
use of their massive amounts of data to informsiecs. Business analysts have used
consumer data to help predict costumer purchasabgd) and, like Amazon, have built
recommender machines to recommend products tornessdased on past purchases
and those of popular demand (Dziuban et al., 200t&).use of data is now common
practice in business; however, the use of dataite decisions in higher education is
still in its early stages (Baepler & Murdoch, 20D3wson et al., 2010).

The analysis of large amounts of data for the digskecision-making in colleges
or universities for operational purposes is termg@cademic analytics (Baepler &
Murdoch, 2010). Barneveld et al. (2012) suggesteon@eptual framework that placed

academic analytics in an open infrastructure thatva for predictive and action
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analytics to help inform managent and faculty decision-makingigurel displays a
visualization of academic analytics and its sulgatesin learning analytics, predicti\
analytics, action analytics, and decision sciel(decision making) analyti.
Analytics
Business Analytic Academic Analytic:
Learning Analytics
Predictive Analytics

Actionable Intelligence (Action Analytic
Decision Making

Figure 1. Conceptual framework of analytic

Fahey (200precommende, and Clow (2012) supportéde use of predicativ
and action analytics to guide decisiochrough the manner off@ocess s described in
Figure 2.That process includes the capturing of data, therting of the date

predictions made from the data, an action taked tla@n relnement.

Capture :

Figure 2. Analytics pocess

Colleges that have adopted enterprise resourcaipi@systems, that use varic
databases, and have implemented a learning managsyséem for an online cour
deliver platform, are all collecting and capturdata.The issue is that these systems
not connect with each other, nor do they havelthelility for growth, or do they hav
tools that can use prediction models to help fafgrmation that leaders can then

upon (Ravishanker, 201 Some collegebave taken the next step and have adopte
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use of academic analytics; they apply technologyatia to better manage their key
performance indicators (Goldstein, 2005).

Use of Historical References

This study references the 2005 survey conducte@ddigistein. This is a
benchmark survey in academic analytics. This syrdegcribed later in this chapter,
established that of the colleges surveyed, most asademic analytics primarily for data
collection and retrieval. Colleges were not usinglgtics for strategic planning, decision
making, or in the management of key performanceatdrs.

Bichsel (2012) conducted a survey to indicate thtus of analytics in higher
education institutions. Bischel surveyed 339 cakgnd universities. Bichsel found that
from the 2005 Goldstein survey seven years priatrpmuch change had happened;
colleges and universities were collecting a rathiiye amount of institutional data, but
the data were not being analyzed to make decisibbsing used by managers to better
control key performance indicators (Bichsel, 2012).

In this study, | used the Goldstein survey to d&thla benchmark in academic
analytics. The 2005 survey provided a measure stamdly referenced by other studies
and publications to establish a reference poist; itha period of seven years very little
has happened in the academic analytics field.

In this study, | used two interview protocol desdrom studies conducted in
2008. These two studies were published in (a)ritermational Journal of Training and
Development (Ali & Magalhaes, 2008), and (b) thardal of Decision Sciences

(Venkatesh & Bala, 2008). Venkatesh and Bala ulsedinterview questions from the Ali
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and Magalhaes study published in the Internatidaatnal of Training and Development
as a base of comparison to the interview quest®nglies of adoption in academic
settings heavily cite Ali and Magalhaes’ study.adk and Alnawas (2011) cited Ali and
Magalhaes’ study. Fenio and Bright (2010) alsodcites Ali and Magalhaes 2008 study
in a case study they conducted covering academatadoption of technologies. Ali and
Magalhaes’ (2008) study proved invaluable in thigent study covering academics and
the adoption of analytic technologies.

| modified questions from Venkatesh and Bala’s @0Dechnology Acceptance
Model 3 (TAM3) study to meet the needs of this gtidumerous researchers and in
excess of 800 studies cited this 2008 TAM3 study, the model itself is used
consistently for studies in technology adoptiond aser perceptions. Behrend, Wiebe,
London, and Johnson (2011) and Munguatosha, Muyemt Lubega (2011) used
Venkatesh and Bala’s (2008) TAM3 model in theidstulhe use of Venkatesh and
Bala’s TAM3 model was integral to the interview farcol in this study.
Use of Academic Analytics

Goldstein, in the employ of the Educause CenteAfiplied Research, described
five stages of the use of analytics to manage keyational areas in seven typical
college/university departments (Goldstein, 200% Tirst and most-used stage of
analytics is that of transactional data and enisgpesource planning. Ravishanker
(2011) described this first stage as a systemctiilgcts data in one system for the use of
data retrieval. Goldstein (2005) explained stage a& that of analysis and monitoring of

operational performance. The following stages eseehario building, predictive
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modeling, and finally, a system that prompts wagrsignals and notifications
proactively. The outcome of Goldstein’s work comigd that most college departments
that were surveyed (= 380) used academic analytics primarily in theg8tOne area of
data collection and retrieval (Goldstein, 2005)bl€dl indicates the college departments
that were using academic analytics, the stageswd#ldpment and usage, and the
percentage each department was in during the senliction period.

Table 1

Survey Results of Academic Analytic Usage

Use AF BP BAP IR HR RA AA
Stage L Extraction g0 g0 g 404 49.6 48.8%  62.2% 45% 52.8%
and reporting

Stage 2: Analysis

and monitoring of 1, (o, 17.0% 19.6%  28.4% 7.8% 10.3% 18.2%
operational

performance

?tage. 3: "What-if 2.3% 1.9% 13.5%  4.1% 0.6% 0.9% 4.7%
ecision SUppOTt

Stage 4: Predictive 5 ;,, 3.0% 96%  11.6%  1.1% 1.7% 5.2%
modeling

Stage 5: Automatic

triggers of business  3.7% 2.5% 0.6% 7.1% 1.9% 1.1% 2.2%
(alerts)

Not active users 22.9% 7.1% 7.2% 0.0% 26.4% 41.0% 6.9%
Total 100.0%  100.0%  100.0%  99.9%  100.0%  100.0%  QEGO.

Notes. Codes: AF = Advancement/Fundraising, BP = Busiag@ssPlanning, BAP = Budget and
Planning, IR = Institutional Research, HR = Humas®&urces, RA = Research Administration,
AA = Academic Affairs.

Goldstein, P. (2005). Academic analytics: The wferanagement information and technology
in higher educatiorEDUCAUSE Center for Applied Research, 1-12.

As demonstrated by Goldstein’s survey, there desvacolleges and universities
using analytic tools. One example of how a collsgesing academic analytics is Purdue
University (Pistilli & Arnold, 2010; Pistilli, Arnttl, & Bethune, 2012). Purdue developed
an early warning alert system to help studenth@ncbursework. This system is

behaviorally modeled; the system tracks how stigdesé the on-line learning
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management system, how much time they spend re#itkrmgquired articles, viewing
the videos, reading the discussion boards, andgamgavith other students and their
faculty (Pistilli & Arnold, 2010; Pistilli et al.2012). The system tracks the effort the
student puts forth in the course. Whether a stutddeets the time to ask for help, contact
a tutor, or arrange an appointment with their undtor, is another indication of the
student’s effort. The first time a student’s quiztall below the prescribed threshold,
Purdue sends an e-mail to the student, automatigatierated asking the student to
review resource materials. Purdue also alertsttheest’s advisor and then calls the
student to encourage tutoring and discuss an ingpnewnt plan (Pistilli & Arnold, 2010).
Students at Purdue also have individual “dashbdavtisre they can track their own data
and compare their performance against other stadehe same course. This allows
students to visualize and compare their efforsy ttan see the resources used, time
spent in reviewing sessions, assignments subnbitedeir classmates. Pistilli and
Arnold tested two sets of students in the sameseoiar two semesters. One set of
students used the analytic tools (Purdue has némeesi/stem “Signals”), and the other
set of students did not use the system. End of stemgrades and help-seeking behaviors
increased in the students using the system. There f@wer Cs, Ds, and Fs from the
students using the system compared to those naj tise system (Pistilli & Arnold,
2010; Pistilli et al., 2012).

Another use of analytics is the development of neo@nder systems. Vialardi et
al. (2011) studied the use of a recommender sy&iestudent use at the University of

Lima, Peru. The University found that students wakeng courses based on inaccurate
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information or a lack of knowledge about the coardénis method led students to take
too many courses, or courses that they were npaped to take. The university created a
recommender system, with the use of data miningss$ist students in choosing courses.
The recommender system reviews students’ demograpgiormation, prior grades
earned, the number of courses taken each semesgteage grade, and the cumulative
grade the student has obtained (Vialardi et alLl,120Additionally, the system allows for
the difficulty of the course, and reserves timed places within the courses. The
university then used this information to recommeadrses in which the student has a
great potential for success.

Pace University is another university that has eeqrerimenting with academic
analytics. Pace University had been collecting masamounts of data on perspective
students, but was unable to utilize all of the infation effectively. The leadership took
steps to allow for development of an analytics paddy Microsoft Business
Intelligence. The University found that a commongaage for data was lacking, many
different departments were using different defons for similar data. Creating a data
dictionary was the first step in moving to a comnaoialytics system. Pace purchased the
student module as the first module for implemeatain order to help control for student
retention. Because of using this system, Paceestéotsee a more complete picture of
student data. They began to discover new dataesundich they could then combine
with other data and began to see new perspectitestudent life and student

engagement (Ravishanker, 2011).
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The University of Central Florida uses academidyita to track faculty
development scheduling and teacher credentiafs]low productivity in student
registrations, course sections, student creditd)@d other operational projects
(Dziuban et al., 2012). Data that were stored imyrdifferent databases across several
various departments could be integrated and efiegtused. Managers had the
flexibility to run reports concerning headcountsident demographics, faculty grant
development progress, enroliment metrics, and tegdummaries. College
administrators had dashboards that visually tratkenl key performance indicators; this
was in real time and allowed managers to see patteronitor growth, and efficiently
solve challenges before they leave a negative itrgrathe College (Ravishanker, 2011).

Academic analytics can be used to predict at-fisents. Smith et al. (2011)
studied the use of academic analytics in a commuoitege to predict at-risk online
students. The college needed a way to predicsktstudents before they began showing
signs of failure, and a way in which to responth students through personalized
contacts. The data set was comprised of on-lingesitis who interacted with the college
through a course management system; the studahtsohi@ce-to-face interactions. The
sample size was = 539 students. The researchers analyzed variabtdsas login
frequency, course management engagement, and paimtsd for assignments
submitted. Smith et al. used the Peansoarrelation coefficients to establish and
measure correlations. The results indicated afsgnt correlation§ < .05) between
final course outcome and the variables. The colege able to intervene prior to failure

with the use of analytics to predict at-risk studen
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Another case evaluated by Forsythe, Chacon, S@ondryalbuena (2012)
established the use of analytics helped to adgmeddems such as student recruitment
and retention. The University of Maryland Eastehoi® (UMES) began using an
analytic dashboard that provided real-time datatargkted for key performance
indicators specific to the admissions departmedttha retention specialists. UMES
created and tailored dashboards to match the kégrpeance indicators of the roles of
end users such as administrators, faculty advisois support staff. UMES designed the
dashboards, created by analytic tools powered éwtalth of institutional data, in a
convenient format that allowed for alerts (Forsy¢hal., 2012).

UMES, for example, created a dashboard to assidéests and staff in the
financial and registration process used at thermagg of each semester. The dashboard
tracked students as they chose classes and thkadagpd used financial aid to pay for
their courses. Staff members, with the use of gashed to their individual dashboard,
could monitor indicators daily to make sure studanoved toward overall progress
(Forsythe et al., 2012).

Using academic analytics, UMES has seen growtkeymissions of the
university. One of the important experiences thistE2$ has learned from the
implementation of analytics was that “analytic teets currently provide unprecedented
insight into data sets-allows users to disaggregateplex collections in real time”
(Forsythe et al., 2012, p. 6). The ability for amaxc and staff personnel to be able
manage, cut, slice, and drill down data at thesktgps gave them huge opportunities to

proactively meet targets and key performance indisathus engaging in the total
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mission of the college to help keep students rethand improve graduation rates
(Forsythe et al., 2012).

Successes measured during the first year UMESarsagitics resulted in an
increase of student enrollment by 150%. The collgge also able to recognize course
level structures and pinpoint areas of increasedafcies in the management of courses
and adjunct faculty hires. Additionally, retentiates for students increased during the
third and fourth year terms. The college will exeaily see a rise in graduation rates due
to the retention rates of the third and fourth y&adents (Forsythe et al., 2012).

In a further example of successful use of acadamatytics, Philadelphia
University shared its challenges and goals whenleadership of the university set on a
path to explore the universities operations. Theearsity wished to scrutinize its
operations by “examining trends, patterns and tecids within the critical quality of
data” that had been gathered after 10 years ofjusnmesource planning system (Cepuli,
Radhakrishanan, & Widder, 2012, p. 1). The univgmsas certain that they had enough
data collected to provide historical support oftgesterns and behaviors. However, there
was a lack of easy-to-use tools for leadershigtess and an absence of an analytic
environment in which to analyze and predict treft@ispuli et al., 2012).

The university took steps to collect the historidata. They asked the academic
deans to provide data regarding growth rates ajnaras and expansion of faculties. It
quickly became apparent that the data were scdtierdifferent siloed departments, and,
that the data were mostly paper-driven, that infidrom was not electronic. The

university also discovered that much of the dasa they were seeking, enroliment,
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registration, course scheduling and course fregasnlbad not been made available to
the academic deans in any form (Cepuli et al., 2012

Philadelphia University set a new and pressing.ga university leadership
knew of the importance of newly established transpay objectives within the
university environment and that all parts of thévarsity needed to operate from an
informed centralized data source. The first stefnéprocess to align university data in
one central area, and to build usable dashboara@s#dytical trend spotting, was to
assess the Universities readiness for analyticsi@assess key performance indicators
in each area of operations (Cepuli et al., 2012).

The university took two years to develop and creathboards for the use in
front-line departments. End users in these depatsreaw the ability to make better
decisions in course development and frequencissuree utilization, consolidation of
enrollments, and space and time reallocations.|@dership of the university was able
to see a return on investment in the use of amalyéind a greater capacity to build a
culture of transparency throughout the Universitgguli et al., 2012).

As noted, an increased need for college and uniydransparency is changing
the way higher education institutions handle therository of data. At Portland State
University, a situation arose in which increasiongts and decreasing state and federal
funding was forcing the university to reevaluatevithe university was using resources,
budget models, and its student success rates.Wéeyunable to answer key questions
regarding these items because of the siloeingraaqapropriate connection of legacy

reporting and data sets (Blanton, 2012).
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Further investigation revealed that faculty andf $tad created local “shadow
systems,” or different and numerous spreadsheatabdses, and word documents. The
primary use of these disconnected systems caudaddancy, errors, and misaligned
information (Blanton, 2012). Portland State Univigts reporting environment “was a
disconnected collection of data and reports fronttipla disparate sources that were
manipulated using a wide variety of tools” (Blant@012, p. 2).

To move forward, the university had to plan to agtrall the data from the
disconnected systems, devise a plan to organizeédia and begin to analyze the
coherent and grouped data. With this in mind, BodIState University assembled a
team that collaborated with all constituent partresolved differing term definitions, and
aligned the information with the key performanceicators of management and overall
university goals. In addition, the team ensured ¢agh level of management had
appropriate access to the data, made certain rebndiogies were easy to use, and
educated staff, faculty, and management on the Emips of the new analytics
(Blanton, 2012).

The implementation of academic analytics resultegvident positive outcomes
for Portland State University. End users of datgalpeasking better questions about the
data and how the data could help in decisions ngaKihere was increased collaboration
throughout the university, and, reports that ook tveeks to assemble took a matter of
minutes to complete after implementation. Portl8tate University has begun to use

analytics to move toward performance-based budgeitistead of relying on “gut
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feelings.” As confidence in the new systems grdiws,university made plans to abandon
the old legacy and shadow systems (Blanton, 2012).

In another case of adoption of analytic tools, Sklitchael’s College experienced
benefits in the use of a dashboard to control fanagement key performance indicators.
Typical problems faced by Saint Michael’s Collegeluded, “too many reports and
authors, inconsistent data definitions, a lackysteamatic updates, poor coordination of
key measures, and haphazard sharing of reporta@tates” (Anderson & Russell, 2012,
p. 1). The college admitted that many decisionsevmeade by “gut feeling” due to the
lack of consistent data, dated, or inaccessibla (etderson & Russell, 2012).

Leadership of the college understood that one 8pemal for the college was to
attach benchmarking measures, or key performarmteaitors, to a dashboard, with the
use of analytics. To begin to use the dashboacdntrol key performance indicators, the
college needed to establish consistent data defisitsynchronize timing of data streams
and cycles, elucidate data interpretations, anatera culture of transparency. Anderson
and Russell (2012) hoped that with these objectivels accountability for performance
of key measures could begin.

The development and college-wide usage of the aesblexperienced
challenges at Saint Michael's College. There wekpts of stakeholders that were
unenthusiastic about sharing departmental datathrendollege struggled to define,
clarify, and standardize the most basic, but comprms. The development team had to

explicitly focus on issues such as sharing of @& éicross departments and college-
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wide, the interpretation of definitions, and th@dyronization of data (Anderson &
Russell, 2012).

Because of the team’s collaboration, Saint Miclsa€bllege saw growth in the
use of its dashboard to control for key performandeators in the operational and
strategic applications of the college. The dashibeas highly exploited and its use had
increased to additional departments throughoutdtiiege. The college explained that
“the dashboard has filled a gap by providing mareely, tactical data and supplementing
our quarterly scorecard and annual fact book” (Asde & Russell, 2012, p. 1).

A different success story of the use of academadydins rests with Paul Smith’s
College. Paul Smith’s College served a high-risklent population in that over 50% of
the students are first-generation college studants.almost 50% of these students
graduated in the lower half of their high scho@dyrating class (Taylor & McAleese,
2012). The college needed to increase the suctsssdents through increased retention
and graduation rates. The challenge for the colegethe early identification of its at-
risk students, and the automation of data gatheremprting, and communication.

Paul Smith’s College implemented a predictive modehnalytics tool to predict
using data, students’ end-of term grade point @esrand thus classify highly at-risk
students and present them with counseling andimgtservices prior to the first day of
the term. The college also implemented a systetmatbald run routine reports and
analyses automatically and disseminate resul@rgeted support teams. This analytic
tool additionally sent communication to studentgareing concerns of lower

examination scores and participation rates. Sugparhs were also notified so that staff
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could intervene early, as opposed to before thiewbhen support staff only saw scores a
quarter or halfway through the term (Taylor & Mcase, 2012).

The college saw encouraging results with the usheohewly adopted analytic
tools. The percentage of students placed on acadawoiation decreased by 36%.
Additionally, the percentage of students who we@damically suspended from the
college decreased 41%. Graduation rates of studant@an increase of 23%, and the
college experienced a rate of return on their itmest of over $2 million dollars in net
student tuition (Taylor & McAleese, 2012).

A final instance of positive returns from the adoptof academic analytics was
that of Arizona State University (ASU). ASU is ooiethe largest higher education
institutions in the United States, reporting mdrant 72,000 students spread throughout
its four on-ground campuses. The growth of thatutsdn and financial challenges
helped AUS become one of the early adopters ofeanadanalytics (Wishon & Rome,
2012).

In 1993, ASU developed a formal institutional witktabase where all data were
stored, and then used in various departments camjoles Users of this organized
integrated system could build reports, perform ysig) and integrate data where
necessary. The IT team used the integrated détailtbdashboards to help recruitment
and admissions processes, research endeavorsifihand budgeting expenditures,
facilities management, human resources, and statiamts (Wishon & Rome, 2012).

To determine growth of analytics for ASU, the I'aite began to think about

monitoring the dashboards to discover which dastusoaere being utilized the most,
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and which information was being accessed the nitt.team created a dashboard that
observed and monitored the previously construcgsthidoards; “they placed analytics on
top of analytics” (Wishon & Rome, 2012, p. 1). Withis usage dashboard, the IT team
could see which departments were heavy users, infoamation they were using, and
which dashboards they did not access.

Given this information, ASU could pinpoint areaddous funding and determine
growth patterns. The IT team could identify potahtisers and perform training when
necessary. The knowledge provided by the analyslseadashboards, via the usage
dashboard, enabled AUS to become a data-drivesidaanaking intuition (Crow, 2012;
Wishon & Rome, 2012).

Although there are definite cases whereby collegesuniversities have adopted
academic analytics to great success, Bichsel'ssyurenducted in 2012 concluded that
the majority of institutions surveyed had not yegbn the first steps to adopt an analytic
tool to help with the management of college entsgsr; goals, and performance
measures (Bichsel, 2012). Wagner and Ice (2012amqul that although businesses
used pattern recognition and predictive analybaosidke better decisions, analytics “are
not yet broadly used in educational settings, witeeg could assist with activities such
as selecting courses or predicting when studerghtrbe at a point of increased
academic risk” (p. 33).

Non-Adoption of Academic Analytics
Goldstein (2005) surveyed 380 higher educationtuigins to discover how

successful colleges and universities had beenaptauh analytics to strategically drive
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operations. His team asked questions about hovalanetvthe use of predictive modeling
and alerts was, and how universities used analigidsive decisions. Goldstein (2005)
found that of the colleges and universities surdepaly 15% used analytics in a
strategic way; and that 46% used data for stafionteng solely.

Bichsel (2012) conducted the “2012 Analytics in kg Education” study to
indicate the status of analytics in higher educainstitutions. Bichsel surveyed 339
colleges and universities, and found substantiauants of institutional data collected in
the areas of enrollment, finance and budget, stysteigress, research, and learning
management were not integrated into one area wiérebuld be analyzed to make
proactive decisions (Bichsel, 2012). Dawson e2110) argued that despite pockets of
successful implementation of analytics in highargadion institutions and a decade of
business use of analytics to drive decisions amdegfically plan, adoption in the
education sector remained nominal.

Colleges and universities are under pressure togehthe way they do business,
to become more efficient, provide higher qualitysefvices, and to be able to measure
success (Siemens & Long, 2011). Colleges are fatbchewer challenges of
competition and decreased governmental assist@avespn et al., 2010). Researchers
have shown that academic analytics increase studtamnition, provide answers to
guestions such as the cost of a degree, improvenas management, provide
visualization of operations in true time, and sypgecision support based on substantial
facts (Bichsel, 2012). However, higher educatiatiintions are still slow to adopt

analytics due to either perceived or actual bariBichsel, 2012; Dawson et al., 2010).
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Barriers That Impede Adoption of Analytics

The biggest impediments for analytics adoptionusibess organizations lie in
managerial and cultural concepts such as manageksawing how analytics could help
their business strategies, managerial priority cefitipn, competing cultures within
departments not wanting to share data, and a leakadytic skills in-house (Lavalle et
al., 2011). Unlike the barriers that impede bussessrom adopting analytics, Bischel
(2012) argued that higher education institutionsdbadopt due to cost. Bichsel also
indicated culture, infrastructure, and policy ambéarriers. Other studies have indicated
resource competition may be a barrier, or a cortipetbetween adoption of analytic
tools and the option to hire additional instructibes placed colleges and universities at a
standstill (Ravishanker, 2011).

Because institutions of higher education have Isé@m to adopt analytic tools
which other business industries have found suagkisshelping to improve
performance, and because such tools represenhawaiion in the way in which higher
education utilizes business processes, | also deresi literature addressing barriers to
innovation adoption. These studies most often aseckthe adoption of a recent
innovation in higher education, the adoption of &inéng technologies. They also
provided potential information as to the reasong hilgher education institutions may be
reluctant to embrace innovative technologies, iticlg analytics, even though they
demonstrated their success in other industriekjdimgy higher education.

Several issues can motivate IT adoptions. Reid4pfiund that five categories

influenced the adoption of an innovation such asrirctional technologies. These issues
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included (a) the technology itself, including ac;egliability, and the complexity of the
system; (b) the process by which such technologyimalemented and the support
provided to all levels of users; (c) administratieadership and support; (d) the
environment such an innovative change is implentemt®, including changes in roles,
control, and a shift in focus to a business maoaladt (e) the control and effectiveness of
the users of innovative technologies. Lane and (304.1) found that expertise in
technology use, institutional support, and havitngtegies in place to facilitate adoption
of innovative technologies were key factors in emaging adoption. Singh and Hardaker
(2014) also found institutional and managerialbwreaucratic support necessary for the
adoption of innovations such as eLearning. Managet®nly provide support in
resources, but also by providing role models feruke of such innovative initiatives and
absent this support, significant cultural barriexsst to innovation adoption. These
studies echoed earlier research by Johnson (2@h0)found that the perception of risk,
knowledge of the value of innovation adoption, tinghe system, size of the
organizational system, and the readiness of thenmzgtion to utilize innovation may
result in barriers to adoption of innovative stgigs, even if they improve performance.

Gap in the Literature
Following the literature review, | was able to rgonze that there were limited
studies conducted as to why higher education utstits do not adopt analytics. The
literature review helped provide an overview awhy colleges and universities are slow
to adopt analytic tools that may be able to incegeesformance in key indicator areas.

There were few studies, if any, directly explorthg reasons behind non-adoption in
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higher education institutions. Businesses have tedognalytic tools that have improved
key performance indicators (Chen et al., 2012; Dpoet et al., 2010; Fahey, 2009;
Minkara, 2012). Several higher education institodiloorganizations have adopted such
tools with positive results (Dziuban et al., 20P&tilli & Arnold, 2010; Ravishanker,
2011; Smith et al., 2011; Vialardi et al., 2011g¢I®Rively few studies have indicated the
reasons why few academic institutions have yetltpaisuch analytics (Bichsel, 2012;
Ravishanker, 2011). A review of literature addnegdarriers to adoption of other
innovative technology suggested that the technoitsgyf, the users, and the bureaucratic
system may be major barriers to adoption (Johr2@1); Lane & Lyle, 2011; Reid,
2014; Singh & Hardaker, 2014).

This study extended the literature by exploringréesons behind why a
community college has not adopted analytics to lielpcademic managers better control
their key performance indicators. These performandieators included student
retention, student engagement, faculty training@krvation, improved access,
curriculum updates, course scheduling, and stuldentty budget ratios.

By comparing the findings of this study to whakiswn through previous
literature on the use of academic analytics andmi@tl barriers to such innovation
adoption, it was hoped that further research wbeldonducted. The goal of further
research would be to help design proactive strasegp that the adoption of such tools
could benefit both the users (administrators andesits) and that success in key

performance indicators may be realized.
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Summary of the Literature

Through the literature review, | discovered thagibasses, such as Google and
Amazon, have been using analytics to increase ptivily, strategically plan, and drive
profits (Chen et al., 2012). | examined case ssidieereby colleges have also had
success using analytics to streamline admissiarepses, increase student retention and
success rates, track and plan for growth, and etalkhallenges and solutions (Dziuban
et al., 2012; Smith et al., 2011). Through the gtofthe literature review, | was also
able to determine that there was not wide spreadafianalytics in higher education
institutions, even after studies have indicatedpibstive results of usage (Bichsel, 2012;
Dawson et al., 2010Y.he following chapter, Chapter 3, describes howrducted this

study.
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Chapter 3: Research Method
Introduction
The purpose of this qualitative phenomenologiaadigtwas to explore the
barriers that inhibit higher educational instituisan their adoption of proven analytic
tools to help improve management of key performandieators. In this chapter, |
described how | conducted this study. This chapt#udes the research design,
population, setting, instrumentation, data coltcgprocedures, plan for data analysis,
and the ethical procedures undertaken.
Research Design and Rationale
| designed this study to explore concepts relatetieé nonadoption of knowledge
management, specifically academic analytic tooligher education. The general
research question that guided this study was tl@rMmg: What factors impede the
adoption of academic analytic tools in a higheroation setting? Subsequent questions
included
1. Are academic administrators aware of how academatytics could help
manage key performance indicators?
2. What types of discrete databases do academic astratioirs currently use to
help the management of their perspective deparsfient
3. How can knowledge management tools enhance thaegitly of a higher
education institution?
4. Does the climate of a secondary education instiutiinder the adoption and

use of analytic tools, or are there funding/invesitrissues?
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5. Would college administrators use academic analybi¢eelp increase student

success and other managerial tasks?

The main manuscripts examined in determining ttsggthefor this study included
Creswell (2012, 2013), Merriam (2009), and Englar{@d@12). | designed the study to
gather personal data from the interview procesxpore barriers that prevented
colleges and universities from adopting analytmtdo support management
efficiencies. The mission of qualitative reseackoi (a) explore how people understand
their experiences, (b) discover how people crasdi tvorlds, (c) understand how people
make sense of their experiences, and (d) descolepleople understand their experience
(Merriam, 2009).

| reviewed qualitative and quantitative methoddetermine the best approach for
the study. Creswell (2013) noted key differencegualitative and quantitative methods
by comparing the two research inquiry approachdseMthe researcher needs in-depth
and detailed research, and when flexibility withoategorization is desirable, qualitative
inquiry methods are best (Creswell, 2012, 2013seRechers should consider
guantitative methods when they need to generaizgelsamples with limited responses
on a broad scale (Creswell, 2012).

| designed this study to explore why the partictpat a community college do
not engage in the use of analytics to increaseieficies. Creswell (2012) argued that the
search to establish meaning behind thoughts, expees, or behaviors would necessitate
a qualitative research approach. | designed thdyso explore, in detail, a complex

issue that needed understanding with the desabflde participants to share their
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experiences to help form a better understandirigeoproblem. Singleton and Straits
(2009) posited that the social science researcperjsose is to gain an understanding
about how people think, feel, and interact durimghanomena. To explore experiences
and actions of participants, the researcher shagkdpen-ended, succinct questions as
the principal strategy for qualitative social resbdaCreswell, 2012). These concepts
helped guide this research in the direction ofemiihg qualitative data that generated
straightforward quotes from people regarding tfestings, opinions, and experiences
with respect to their nonuse of analytical datthir daily management activities and
barriers that prevented them from usage (Singl&t&traits, 2009).

Phenomenological Study

| considered the case study and phenomenologyrokstaditions for this study
(Creswell, 2012). A case study concerns an isspeed “through one or more cases
within a bounded system” (Creswell, 2012, p. 73n& (2011) reported that a
researcher uses case study research when theeingsiablishes a problem and uses
guestions such as why and how. A case study wasdsryed for this research because |
wished to explore a bounded system in which sewedaliduals would be interviewed
and the research questions were why- and how-fdclisieemed the choice of a case
study inappropriate, however, due to the data ctidle sustained in a case study. Data
collection in a case study draws on multiple sositoeinclude observations, documents,
archival records, physical objects, and audiovisuaderials (Creswell, 2012). The

primary data collection for this study was rootedn-depth, open-ended interviews.
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| chose a phenomenological approach to qualita&ggearch for this study. |
designed this study to understand and explorexperences of individuals managing
departments in a higher education setting, thggeagnce in using or not using analytics,
and the meaning behind their perceptions of arcalgbls. Additionally, Simon (2011)
stated, “phenomenological research is people’sréepee in regard to a phenomenon
and how they interpret their experiences” (p. 10%he use of phenomenology was also
chosen due to the emphasis of open-ended intenaswse primary data collection
(Creswell, 2012).

Role of the Researcher

| had professional relationships with the populatioowever, | did not supervise
any of the participants. This nonrelationship akoWwne to remain as an outsider and an
objective interviewer.

| gained access to the institution by a structunegting with the director of
institutional research for the college. The direcbinstitutional research provided
verbal permission at the time of the meeting.ritaited this immediate response to my
employment within the college. The college’s indtdnal review board (IRB) conducted
further negotiations concerning the determinatibaatual participant lists and a formal
review prior to the data collection process.

My background in academics, specifically in maney@cademic positions,
guided my interest in exploring higher educatiomagement uses of academic analytics.
However, | never worked in the capacity of an ac@idenanager at the college under

investigation in this study. The resolve to engage study of this college rested on the
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resources that were available to me, as well akamiyliarity with the college’s
administrative structure (Simon, 2011). | classifiee knowledge of the managerial
structure of the college as a strength for thidystlue to the need to interview key
managerial positions within the college.

Methodology

Participant Selection Logic

College Z employs approximately 3,500 staff andifigcmembers working in six
different locations and on-line. | took the popigdatfor the study from managers who
had accountable key performance indicators androwt other individuals who would
not have academic responsibilities that directfgcfstudent retention, faculty
performance, and academic curriculum and acadeoficyputcomes. There were 25
persons in this category. Only persons who hadoegfpormance indicators, which were
measurable, would have the necessity to use anabgtis to assist them in meeting their
goals. An example of a key performance indicatoafoacademic dean is to retain a
certain amount of students in a program from omeesger to the next.

| used a criterion sampling method to learn mo@uabow, why, if and why not,
College Z used academic analytics. Merriam (200§pssted, in a qualitative study, to
select participants from the sample in which tlszagcher can learn information. With
this in mind, | focused on participants who metaiercriteria. Only employees who had
measurable key performance indicators were in dipodo use analytic tools. Within
this population, | selected participants in an acaid department. This selection was

necessary to control for a reasonable sample gigg@urpose in this study was not to
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generalize results to all U.S. colleges and unitress however, but to explore barriers to
analytical tool adoption specifically at Collegé@reswell, 2012). | selected the
participants in the sample size based on the fatigwriteria: (a) had student- and
faculty-driven measurable key performance indicatord (b) worked in an academic
department.

| contacted and worked with the human resourcerti@eat to obtain a list of
criterion-based participants. Personnel at the imurasource department provided a list
of participant names, work phone numbers, and weankail addresses (see Appendix A).
Of this pool, the sampling size was random as & sedf-selected and voluntary. |
conducted this purposeful random sampling fromctiteria-established pool to add
credibility and reduce researcher bias (Cresw8l22 Englander, 2012).

The next step | took was to review the guidelirefarticipant size in a
phenomenological study. Creswell (2012) suggestatfor a phenomenology study,
collecting in-depth data involves participants iaggrom three to 10 subjects. Twenty-
five individuals located in academic divisions thgbout the college qualified for the
study. As my intention with the study was to semge representation of all United States
colleges and universities and their barriers tdyaicaadoption, Merriam (2009)
suggested a small information-rich sample sizehiciva deep understanding could be
achieved. Drawing from this logic a sample sizd@¥o, | chose a percentage that
obtained saturation, equaling 10 participants.

| sent a letter describing the research and theestdor an interview to the

participant pool through the college e-mail sys{sge Appendix B). The letter gave an
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overall summary of the research, why | needed tamirew, the estimated time it would
take for the interview, and a strict notice of adeftiality. The letter asked the
participant to contact me if the possible partioipaas willing to grant an interview. |
then sent the first 10 responses closed the saangla follow-up e-mail to all
participants in the pool, stating that | had realcthe required research pool size. This e-
mail thanked the possible participants for any aeration they had given to take part in
the study (see Appendix C). | then e-mailed alattehe 10 interview participants
thanking them for agreeing to participate, and desg the research, interview process,
and purpose in more detail. The letter asked awéthaof days and times in which to
schedule the interview (see Appendix D). | alsackted the interview questions so that
participants could review the questions and forougits about the subject matter (see
Table 4).

Interview Process

All interviews were held in the office or a predetened space identified by the
interviewee. | opened each interview by askingitiberviewees whether they were
comfortable with questions regarding the use ofydicdools and information
technology in the management of the intervieweetwities, and to remind them that |
would record the interview for transcription purpssl reminded the interviewee that the
interview was voluntary and that the interviewealdastop the interview for any reason
at any time. | took minimal field notes and depeahde the computer recording software

for later in-depth transcription.
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| asked the interviewees whether there were amgrathmments or clarifications
needed before the closure of the interview sesslaesinded the interviewees that |
would send a full transcription to the interviewéeseview, clarify, and make any
comments as deemed necessary. | thanked eachemteesfor their time and gave a date
at which | would send their transcription to thewn follow-up review.

Instrumentation

The instrumentation used in the study included maviously published studies.
Creswell (2012) suggested the use of interview tijues designed and validated in
previous studies to maximize credibility, to useadeundation, background, and
strategy. | used two studies, namely Ali and Maga#h(2008), and Venkatesh and Bala
(2008). | used the interview questions from Ali aidgalhaes’ study as a base of
comparison to the interview questions from Venkatasd Bala’'s study. | modified the
guestions from Venkatesh and Bala’s study to nteeheeds of this study. Modification
of the instrument involved the expansion of thecamt of IT barriers from the original
instrument and the addition of newly designed aut@priate context detailed questions
to better describe the appropriate academic anabyi term used for this study.

| provided comments to give participants a genieaakground for each question
and to ensure participants had an accurate intatpre of each question, and that |
clearly understood the meaning of the participargsponse. The use of the comments
helped maximize credibility (Creswell, 2012).

The open-ended interview approach reduced inteesidas, and permitted

evaluation of the collected data to be easily caegband analyzed (Creswell, 2012).
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Face-to-face interviews allowed the intervieweesetpond in-depth. | used a recorder
imbedded in a laptop computer so | would be abltwentrate on making the
participant(s) comfortable with adequate eye cdrdaad to encourage the participant(s)
to speak and share ideas freely (Creswell, 2018 .ifiterviews allowed for an
exhaustive exploration into barriers of academal it adoption at College Z.
Published Instrument

Ali and Magalhaes (2008) conducted a study in Ktiwéh a sample of human
resource managers and IT development managersaiordiee barriers of an IT adoption
platform. In this context, Ali and Magalhaes’ catedy was appropriate to use for
comparison purposes and as a foundational todhferstudy.

Ali and Magalhaes’ (2008) interview tool was vatield through the systematic
use of a previously published query list to guagannternal validity, credibility, and
authenticity. Additionally, Ali and Magalhaes comtled a pilot study to further validate
the chosen interview instrument. The researcheableshed content and internal validity
through the pilot study (Ali & Magalhaes, 2008) eSgppendix E for permission to
reprint the Ali and Magalhaes interview protocol.

1. To what extent is e-learning used in your compamy® are the users, who

are the providers and what is the range of cowrsesred through e-learning?
This question relates to the following researchstjoa in this current study:
Are academic administrators aware of how academatyacs could help

manage key performance indicators? The themedhkatted: There is an
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awareness of analytics and analytic tools at thieg®. The finding that
resulted: Climate and Policy are barriers to adwopti
How closely does the organization’s training politywith e-learning? Did
the use of learning technologies raise the staisdafrdmployee’s
performance? How prepared is your organizatioret dith the large and
increasingly complex e-learning marketplace? Thisstjon relates to the
following research questions in this current stuliye academic
administrators aware of how academic analyticsccbelp manage key
performance indicators? What types of discretelidetas are currently used
by academic administrators to help the managenfehew perspective
departments? The theme that resulted: Technolegreently used to manage
key performance indicators. The finding that remiiltPossible infrastructure
and policy are barriers to adoption.

What challenges does the organization face ingtteng-up and/or
implementation of e-learning? From your organizagexperience, what are
the top 3 barriers of starting/implementing e-l&gR This question relates to
the following research questions in this curreatlgt Does the climate of a
secondary education institution hinder the adopdiot use of analytic tools,
or are there funding/investment issues? And alsaldvcollege academic
administrators use academic analytics to help asgetudent success and
other managerial tasks? The theme that resultedstment of analytic tools.

The finding that resulted: Climate of the collegaynbe a barrier to adoption.
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4. Taking into consideration the challenges both eygt®and employees

encounter: (1) Is e-learning worth the investméhyes, explain. This
guestion relates to the following research questiarthis current study: Does
the climate of a secondary education institutiordbr the adoption and use of
analytic tools, or are there funding/investmentés® And also, would college
academic administrators use academic analyticslfihcrease student
success and other managerial tasks? The themethéted: The theme that
resulted: Investment of analytic tools. The findthgt resulted: Climate of the
college may be a barrier to adoption. (Ali & Magadls, 2008, pp. 38-39)

| reviewed and modified an additional interviewtmsnent for this study.
Venkatesh and Bala (2008) explored barriers toriplementation in companies and
institutions. Venkatesh and Bala designed the tadgial field study to determine the
perceived usefulness and the perceived ease aff asel T implementation from
employees working at four different organizatiovsrikatesh & Bala, 2008).

Venkatesh and Bala (2008) used constructs validabed the Technology
Acceptance Model 2 study and operationalized & prior study. Questions regarding
barriers to IT implementation brought forth froneth008 study were appropriate for this
study with appropriate modifications for specifantent. See Appendix F for permission
to modify instrument.

1. What specific design characteristics will influerthe determinants of

perceived usefulness and perceived ease of use?jliéstion gives a broad

umbrella of usefulness and awareness relatedgatinrent research question:
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Are academic administrators aware of how academatycs could help
manage key performance indicators? The themedhkatted: There is an
awareness of analytics and analytic tools in higdleication. Finding that
resulted: Climate and policy may be barriers toptido.
. What are the effects of the different ways of yssticipation on the key
determinants of perceived usefulness and perceasd of use and
consequently, perceived usefulness and perceivsslafaise? This question
relates to the following research question: How kiaowledge management
tools enhance the efficiency of a higher educatistitution? The theme that
resulted: How analytics can help with the managdrotkey performance
indicators. The finding that resulted: Trainingues may be a barrier to
adoption. And also this question relates to thiv¥ahg research question:
What types of discrete databases are currently long@dademic
administrators to help the management of theirgestsve departments? The
theme that resulted from this question: Technokgiarently used to manage
key performance indicators. The finding that re=ailtPolicy and
infrastructure may be barriers to adoption.
. What forms of management support are importanteating favorable
perceptions toward a new system? This questiotereta the following
research question in the current study: Does iheatt of a secondary
education institution hinder the adoption and usanalytic tools, or are there

funding/investment issues? The theme that resiibed this question was:
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Investment of analytic tools. The finding that ésd: The climate of the
college may be a barrier to adoption. (VenkatedBada, 2008, pp. 275-276)
Developed Instrument
| based the development of the interview protooolliis study (see Table 4) on
the prior studies by Ali and Magalhaes (2008), ¥rdkatesh and Bala (2008). Both
studies investigated barriers to IT implementatdinand Magalhaes (2008) developed
their study to discover IT implementation barrier&n academic setting. Venkatesh and
Bala (2008) focused on discerning IT implementabarriers and perceived usefulness.
| established content validity for the interviewofwrcol for this study using a pilot
study. | chose three participants for the pilotgtu gave the interview to the participants
in the exact manner in which | conducted the maidys | asked the participants in the
pilot study questions regarding the content ofitherview questions. | asked (a) did each
guestion made sense to them, (b) was each questary stated, and (c) was there a
better way to state the question? | recorded tiesponses and made improvements to the
interview questions.
Interview Protocol Used in Pilot Study
1. Can you think of how you use information technoésgin the management of
your daily activities? Used to explore the reseayaestion: Are academic
administrators aware of how academic analyticsccbelp manage key
performance indicators?
2. What are your primary key performance indicatoralg® Used to ensure the

participant met the criterion-based selection psece
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. Describe how you manage your primary key perforraandicators/goals?
Used to explore the research question: Are acadadmunistrators aware of
how academic analytics could help manage key pedoce indicators?

. What is your position within the organization? Hmmg have you worked for
the organization? Used for demographic information.

. Describe the kinds of data you use in order to man@ur performance
indicators/goals. Used to explore the researchtmuned/Vhat types of discrete
databases do academic administrators currentlyouselp the management of
their perspective department?

. What kinds of IT support do you believe would hetu accomplish your
goals more effectively? Used to explore the resequestion: How can
knowledge management tools enhance the efficiehayhagher education
institution?

. Describe your experience using technology to resaxceed your
performance goals. Used to explore the researcstiqne Are academic
administrators aware of how academic analyticsccbelp manage key
performance indicators? Also used for backgrouhakmation.

. Describe any training you have received in the esddechnology in your
workplace. Used for background information.

. Do you believe the use of technology in academinagament is worth the
investment? Please explain. Used to explore thewolg research questions:

Does the climate of a secondary education instiuhind the adoption and



58
use of analytic tools, or are there funding/investirissues? And also, would
college administrators use academic analytics lip inerease student success
and other managerial tasks?

10.1f you do not use data and analytics to help maryage key performance
indicators, can you explain why not? Used to ex@tbe following research
guestions: Does the climate of a secondary educatstitution hinder the
adoption and use of analytic tools, or are thenglifug/investment issues?
Would college administrators use academic analyti¢gelp increase student
success and other managerial tasks?
Pilot Study
| conducted the pilot study for several reasonstH used it to control for
validity. Secondly, | viewed it as valuable in thasked the subjects of the pilot study
for feedback to identify vagueness in questiond,taridentify difficult questions. Third,
| was able to record the time it took to compléte interviews. Fourth, | was able to re-
word ambiguous questions and discard unnecessastigas. | administered the
interviews in the same manner in which | condut¢hkedmain study.
| drew participants for the pilot study from academanagers, meeting the same
criteria as the main study, who worked for a défgrcollege: College X. | recruited
College X participants using a snowball purpossérhpling technique. This technique
allowed me to speak to information-rich criteriominpersons, while extending the pilot
to similar participants without the use of the #acy resources garnered from College X

(Creswell, 2012; Merriam, 2009).
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College X’s website identified Participant A asamademic manager. | sent an e-
mail inquiring whether participant A would be ingsted in participating in the pilot
study (see Appendix G). At the time of the intevwjié asked Participant A for names of
persons who met the interviewee criterion and wbald possibly be interested in
participating in the pilot study.

| was the sole data collector. | used a laptop-uhdieel recorder, and took field
notes during the interview. | gave the participantsrmation regarding the intent of the
pilot study, as well as the purpose of the maidtligave the interviewees the interview
guestions ahead of time, and asked whether thegiestions about the interview prior
to the scheduled interview. | asked the participafitout the structure of the questions,
their understanding of the questions, and to sugggsimprovements. See Appendix H
for the IRB approval number.

Data Collection Procedures

| used interviews to explore barriers to the adwpof analytic tools in a higher
education organization. The interview questionsewagtapted and modified to meet the
needs of this study (Venkatesh & Bala, 2008). Tiaaviduals interviewed met criteria
based on their academic management roles. In #m# évat there were fewer
participants due to unexpected circumstances, lidoave easily contacted members
from the original list of prospective participants.

The interviews took place in the office of the midual participants; this was
necessary, as the time an academic manager wadddaving campus was valuable.

The use of the open-ended questions allowed fopahiEcipants to expand their answers
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if they wished. It allowed me to elicit further armation if there was an opportunity. |
used a built-in laptop recorder to record the waws, and | took field notes during
interviews.

| reminded the participants at the time of therwvitav that their interview was
voluntary and that | would keep all confidentialityplace. | reminded the participants
that they could refuse without reason, to answgrqarestion. | told the participants that
they would be able to review the transcript of thatierview to make certain that |
recorded their answers appropriately.

| conducted the interviews within a period of faugeks. | scheduled each
individual participant for the interview at his loer convenience. | transcribed and
encoded the data collected during the interviewsgufie computer software MAXQDA,
see Appendices I, J, K, L for samples.

When the participants exited the interview sesdiasked each interviewee again
to verify their contact information. | did this #eat | could send the transcribed interview
to the interviewees for review. | sent the trarisedi interviews to the participants, by e-
mail, so that they could make any adjustments thelynecessary.

Data Analysis

To explore barriers to adoption of analytic tosi<iollege Z, | used data gained
from the in-depth interviews of academic managéne goal of this data collection was
to obtain a deeper understanding of the factonsinhébited educational managers from
using analytical tools to help increase key perfamoe outputs. | recorded and

transcribed each interview word for word to perfamial coding (Creswell, 2012).



61

| built the main categories of the study from tha@mresearch questions
(Schreier, 2012). | then derived the main categdriem the coding frame. |
accomplished the coding frame by analyzing theerdréxhaustively (Schreier, 2012). |
chose conventional content analysis for this shased on the phenomenological
approach to the research question (Creswell, 2012).

To answer the research question described in ity st developed categories
from significant statements in the interviews (Qvel, 2012). | then expanded the
categories into themes, or codes, which exploreddns in the adoption of analytical
tools (Creswell, 2012). The modified interview ool safeguarded an equivalency
between the research questions and the interviderskatesh & Bala, 2008).

Data analysis included the use of the MAXQDA quadiMe software analysis
tool. | recorded the interviews using Apple’s MacRBd’ro software and an imbedded
microphone. | will store all collected documentsd & will destroy said documents after
five years to ensure participant confidentiality.

Trustworthiness

| established credibility using member checks ager peview (Creswell, 2012). |
returned the transcribed interview sessions to eatitidual participant. In this manner,
| gave the participants the opportunity to adjasiits they found in the transcription.
Afterward, | gave them the themes that resultethftioeir session. This provided the
participants an occasion to challenge results,j@ddmation which they may have

omitted during the interview, or explain any misargtanding (Creswell, 2012).
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Peer review added credibility to the study. | méhva researcher outside of the
organization under study to debrief the interviestess. | also took notes and reviewed
these notes during the debriefing sessions (Crés2dl2). | discussed methods,
procedures, understandings, and feelings to maieetisat | had an outside review of the
research (Creswell, 2012).

A rich description was adapted to describe thengefind the participants’
interview session. This was done for readers ofasearch to “transfer information to
other settings and to determine whether the theaede transferred” (Creswell, 2012,
p. 209). The use of thick description aided in maévalidity of the study (Creswell,
2012). This in-depth, rich description also estdi®id dependability of the research. The
exhaustive coverage allowed readers to repeatrtieegures and methods used in this
study in another study with some understandingttieat may find similar results (Lietz
& Zayas, 2010).

Because of the difficulty in ensuring real objeit{ivn cases where humans
interact with humans as in a qualitative studygrisidered the participants’ experiences
and impressions brought forth from the intervieMe(riam, 2009). To control for
personal biases and personal experiences, | kégg noembellished. Additionally, | kept
writing clear and concise with objectivity as aremll goal (Creswell, 2012).

Ethical Procedures

| obtained access to interview participants fos gtudy from the appropriate

departmental manager at College Z (see AppendixThik process involved e-mailing

the manager to obtain an informal meeting to dis¢hs study. During the meeting, |
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explained in detail the manner and purpose of tindys The manager then e-mailed an
approval to use College Z for data collection.

| obtained approval from Walden University througk IRB. The IRB approval
number for this study is 01-28-14-0231112 and lglwarough January 27, 2015 (see
Appendix H).

| e-mailed each participant a consent form withadetregarding the treatment of
humans in a research study (see Appendix N and#p®). The consent form assured
the participants of confidentiality, the right tatldraw from participation at any time, up
to, during, or before the publication of the stuligtated that | would provide the
interviewees with the transcripts of their intewjeand that | would ask them to review
for any errors. | further asked participants tadrd@ consent form, and sign and return it
to me prior to scheduling the interview. Once leiged the consent form(s), the
participant(s) were contacted in order to schethdenterview.

To address further issues of ethical concernsyé ga therapy to the participants.
Questions from the interview did not ascertain Hiating or hostile information. The
interviews were private and confidential (Cresw2012). There were no incentives
given for participation in the study. | informedrpapants that | would store all
interview documents and recordings, and that | dal@stroy said documents after 5
years to safeguard confidentiality. Furthermorthalgh | conducted the study at my
place of employment, | have little to no contactiwthe interviewees or the content or
subject matter of the research within the Collédgrole at College Z does not intersect

with the issues brought forth in this study.
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Summary

Researchers showed that the use of analytic togisoved key outcomes and
accountability measures for colleges (see Chapt¢i@vever, higher education
institutions are slow to adopt these proven tosde (Chapter 2). In this study, | explored
the barriers to the adoption of analytic tools wil€ge Z. The exploratory nature of the
study led me to choose a qualitative method fordéisearch. The intent of conducting
such a study was to ensure an in-depth examinafidata collected at College Z.

| took measures to ensure privacy of the partidgpahthe study. | safeguarded
credibility and validity through peer reviews aneémber checks. | provided external
validity by gathering detailed information from paipants. | mitigated ethical concerns
using consent forms and approval of the IRB. Inrteet chapter, Chapter 4, | present the

data collected following this prescriptive chapter.
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Chapter 4: Results
Introduction
The purpose of this phenomenological study waspboee the factors that
inhibited higher educational institutions in thadoption of proven analytic tools to help
improve management of key performance indicatargelviewed academic managers at
a community college to explore their perspectiviethis phenomenon. | used open-ended
interview questions to gain a greater understandirige experiences and perceptions of
academic managers at College Z. The interviewsvalliofor an exploration into barriers
of academic analytic adoption at the institutioneQeneral research question that guided
this study was the following: What factors impelde implementation of academic
analytic tools in a higher education setting? Sgbeat guiding questions included
1. Are academic administrators aware of how academatytics could help
manage key performance indicators?
2. What types of discrete databases do academic astratioirs currently use to
help the management of their perspective deparsfient
3. How can knowledge management tools enhance thaegitiy of a higher
education institution?
4. Does the climate of a secondary education institutinder the adoption and
use of analytic tools or is there an investment/etary issue?
5. Would college administrators use academic analyi¢elp increase student

success and other managerial tasks?



66

In Chapter 4, | include a detailed descriptionha mmanner in which | conducted,
recorded, and transcribed the interviews. | alg&s@nt the analysis and results of the
interviews. The final section contains a summarthefresults representing and relating
to each participant. Open-ended interviews provaedpportunity to explore the
perspectives of academic managers at a higher goludastitution.

Pilot Study

| drew participants for the pilot study from academanagers who met the same
criteria as the main study and who worked for gedgint college, namely College X. |
recruited College X participants using a snowhalkposeful sampling technique. This
technique allowed me to speak to information-riastedon-met persons, while extending
the pilot to similar participants without the uddlee ancillary resources garnered from
College X (Creswell, 2012). | identified Participafkthrough College X’'s website as an
academic manager. | sent an e-mail inquiring whigtheticipant A would be interested
in participating in the pilot study (see Appendix Barticipant A agreed to be a
participant in the pilot study. At the time of timterview, | asked Participant A for the
names of persons who met the interviewee criterthveho would be interested in
participating in the pilot study. Participant A gatwvo other names of persons who met
the criteria.

| held the interviews at quiet, off-campus locasarear the college that the
participants could easily access. | gave the ppatts information regarding the intent

of the pilot study, as well as the purpose of tlemstudy. | also gave the interviewees
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the interview questions ahead of time, and | asketky had questions about the

interview prior to the scheduled interview.

| recorded interviews using a computer laptop, latodk sparse field notes. |

conducted the interview in the exact same mannethioh | conducted the main study.

Directly after the interview, | asked the partiayp@about the structure of the questions,

their understanding of the questions, and to suggesimprovements. | asked the

following interview questions.

Original Interview Protocol

1.

Can you think of how you use information technoésgin the management of
your daily activities? Used to explore the reseayebstion: Are academic
administrators aware of how academic analyticsccbelp manage key
performance indicators?

What are your primary key performance indicatoralg® Used to ensure the
participant met the criterion-based selection psece

Describe how you manage your primary key perforreandicators/goals?
Used to explore the research question: Are acadadmunistrators aware of
how academic analytics could help manage key pedoce indicators?
What is your position within the organization? Hmmg have you worked for
the organization? Used for demographic information.

Describe the kinds of data you use in order to maryaur performance

indicators/goals. Used to explore the researchtmuned/Vhat types of discrete
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databases do academic administrators currentlyouselp the management of
their perspective department?

What kinds of IT support do you believe would hgtu accomplish your
goals more effectively? Used to explore the resequestion: How can
knowledge management tools enhance the efficiehayhagher education
institution?

Describe your experience using technology to remaxceed your
performance goals. Used to explore the researcstiqne Are academic
administrators aware of how academic analyticsctcbelp manage key
performance indicators? Also used for backgroumarmation.

Describe any training you have received in the esddechnology in your
workplace. Used for background information.

Do you believe the use of technology in academinagament is worth the
investment? Please explain. Used to explore thewolg research questions:
Does the climate of a secondary education ingtitutind the adoption and
use of analytic tools, or are there funding/investirissues? And also, would
college administrators use academic analytics lijp inerease student success
and other managerial tasks?

If you do not use data and analytics to help maryage key performance
indicators, can you explain why not? Used to ex@tbe following research
questions: Does the climate of a secondary educatstitution hinder the

adoption and use of analytic tools, or are thenglifug/investment issues?
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Would college administrators use academic analyti¢eelp increase student

success and other managerial tasks?

The participants gave feedback regarding the teamnology, and they suggested

that, because the meaning may have multiple irg&apons, | should consider changing

the term to better reflect the description of acaideanalytics as defined in the study. |

completed the pilot study using the original intew protocol; however, | asked the

following two participants about the use of acadeamalytics instead of technology to

remain closer to the defined concept. The remaitvirigparticipants agreed that the use

of technology was overly broad. | made the slightding change to the original

interview protocol to use in the regular study.

Revised Interview Protocol

1.

Can you think of how you use academic analytigh@management of your

daily activities?

. What are your primary key performance indicatoralg®

Describe how you manage your primary key perforreandicators/goals.
What is your position within the organization? Hmmg have you worked for
the organization?

Describe the kinds of data you use in order to maryaur performance
indicators/goals.

What kinds of IT support do you believe would hgtu accomplish your

goals more effectively?
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7. Describe your experience using technology to reascxceed your

performance goals.

8. Describe any training you have received in the esdgnalytics in your

workplace.

9. Do you believe the use of academic analytics iml@cac management is

worth the investment? Please explain.

10.1f you do not use data and analytics to help mangoer key performance

indicators, can you explain why not?

The pilot study allowed me to improve upon thenwew protocol and discover
the length of the interviews to allow an averagequkfor the main study interviews. The
pilot study also gave me the opportunity to mak#age the laptop recording device
worked as believed. The recording laptop workepglasned.

| transcribed, verbatim, each interview and e-naaildack to myself in Word
format. | listened again to each interview whilgiesving the transcription. | only made
slight changes. | then e-mailed each transcrigtaihe participants. | asked the
participants to read the transcription to ensua¢ tifle meaning of the interview was as
the participants wished. Each participant reviethedr transcript and added nothing else
to the transcription.

Settings

None of the participants disclosed any personalganizational condition that

they felt might have influenced their responsesn&participants noted that a new

strategic planning cycle was occurring at the @tady site; however, this was at the
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macro level of discussion, and the use of acadamatytic tools at the micro/unit level
was not at the level of discussion.

Demographics

| conducted 10 interviews for the main study. Thenan resources department of
College Z provided a list of personnel who metdbhademic management criteria
requirements. The participants represented atampuses from academic divisions
such as Liberal Arts, Science, Business and TeoggpHumanities, and Mathematics.

Data Collection

The participant size for the study was 10 acadenainagers based on criterion
sampling. | used criterion sampling to elicit respes from managers in an academic
higher education setting. Academic managers asopsiwhose key performance
indicators include student retention, faculty tnagnand observation, managing full time
equivalent budgetary operations, curriculum revieavsl policy compliance. Criterion
sampling can be important when reviewing qualitguaance endeavors and as in this
study, an extensive exploration into academic ditalyCreswell, 2012).

For the participants to remain confidential, | gagid each participant’s interview
with a code. | used a random code generator tiohtdad eight characters, upper and
lower-case, and numbers. | removed charactersablatsimilar on screen, such as I, 1,
O, and 0. The codes were generated using randomenerator.com.

| e-mailed a structured interview protocol to egaltticipant. Included on the
protocol were the 10 open-ended questions. Thetiquesallowed the participants to

share their insights, observations, and beliefansigg the use of academic analytics and
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technology in the management of their key perforreandicators. | conducted each
interview in the office of the participant. Theentiews lasted an average of 20-30
minutes.

| recorded each interview using a laptop. There meaexternal microphone in
use. The pilot study ensured the superior quafithe internal microphone in the laptop.
| e-mailed each interview to an online transcripts@rvice named Rev.com. The
transcription service returned the verbatim trapsion in Word format within 24-48
hours. I listened to the interview while reviewiting transcription to ensure quality of the
transcribed interview. Listening to transcriptioesealed no unusual circumstances, as
the transcriptions were extremely accurate. | #¢n@mailed each transcribed Word
document to each respective participant. | askegbémticipants to review their
transcribed interviews and to identify any changeadditions they would like to append.
Participants identified no substantial changes.

Data Analysis

| reviewed the interviews the first time during th&erview. | then listened to the
recorded interview again to ensure the qualitynefrecording and to ensure the accurate
length of the interview. | then uploaded the audithe transcription service, Rev.com, to
have a complete verbatim transcription compileddiord document. This process took
an average of 24-48 hours.

Once I received the transcribed Word documentedvrgw, | listened to the
audio interview again to compare the transcriptmthe interview in order to make sure

of accuracy of the transcription. | e-mailed eaemscription to the respective participant
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for a final examination and verification. | thenported the resulting verified
transcription in Word document format to the quiite data analysis software
MAXQDA. | reviewed the transcriptions once againlasy were imported into the
software. This review helped me recognize and gu#ate the opinions and experiences
from each of the participants.

| analyzed the interviews with the organizationgsort of the MAXQDA
gualitative data analysis software. MAXQDA softwatkowed me to easily code, sort,
set up categories, and discover themes withinge lamount of transcribed data. | was
able to extract phrases and key words, and wadalhark with symbols, color codes,
and emoticons, where appropriate.

The process | used to move from individual codetsuo larger representative
themes was the application of the Moustakas medlesdribed by Creswell (2012).

The analysis included the following steps:

1. Listing and preliminary grouping.

2. Reduction and elimination.

3. Clustering and thematizing the invariant constitaen

4. Final identification of the invariant constitue@isd themes by application:

Validation.
5. Construct an individual textural description of #eerience.
6. Construct an individual structural description loé &xperience.

7. Construct a textural-structural description of &x@erience
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The first step, listing and preliminary groupingassthe process of listing each
expression relevant to the experience (Creswell2P0
Preliminary Grouping

| reviewed each transcript and denoted selectixtea® it was germane to the
research questions. Each selection of text wasretecally marked using the qualitative
data software application MAXQDA. With MAXQDA, | vgaable to organize the data to
be efficient and logical.

The logical organization of the texts, as | markeem, resulted in an initial
coding of the text interviews. | collected and kokthese codes to the research questions
in which they were relevant. This process allowertsmorganize the textural data on an
equal basis, thus performing horizontalizationhaf tlata (Creswell, 2012)

Reduction and Elimination

| followed the initial coding of the data with ameénsive review of each
individual invariant constituent to confirm valigitl reviewed the coded segments tested
to confirm the relativeness to the central questibfactors that impede the
implementation of academic analytic tools in a eigaducation setting. This process
involved the use of two questions (Creswell, 2012):

1. What has the participant experienced in refereat¢kd phenomenon?

2. lIsit possible to abstract and label it? If sas i& horizon of the experience.

The first question, “What has the participant eigreged in reference to the

phenomenon?” involved the examination of the dataake sure the coded data linked
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to the question of academic analytics in highercatian. If | found the negative, |
eliminated the invariant constituent.

The next step in the process was to check if Iccabistract and label the coded
data. | scrutinized the data once again to testhein¢he coded segments were
ambiguous, repetitive, or unclear. If the coded@mipant segments matched these
attributes, 1 removed them (Creswell, 2012). Beeaxfghe high organizational
capabilities of the MAXQDA software, the applicatiaided in this step. | then reserved
the residual portions of this process and useckettebuild clusters.

Clustering and Theming the Codes

| grouped the residual data from the previous st&pclusters or categories. |
reviewed the invariant constituents to consideilamexperiences as expressed by the
participants. | examined the invariant constitugatdetermine whether | could unify
them into distinct significant units of experier(see list below). | further used these core
groups to group the experiences into major ther@essvell, 2012). | identified the
categories as enumerated below.

1. How could analytics help? Is it worth the investitfefT his sentiment
originated from the research questions “How canstedge management
tools enhance the efficiency of a higher educaistitution? Does the
climate of a secondary education institution hirtheradoption and use of
analytic tools? Would college administrators usadaeic analytics to help

increase student success and other manageriaPtasks
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. Currently using analytics (This sentiment origiratem the research
guestion “Are academic administrators aware of hoademic analytics
could help manage key performance indicators?”)

. Why is participant not currently using analytic3hié sentiment originated
from the research question “Does the climate aa@sdary education
institution hinder the adoption and use of analidims?”)

. Training (This sentiment originated from the resbajuestion “Would
college administrators use academic analytics lijp inerease student success
and other managerial tasks?”)

. Types of technologies used (This sentiment origithdtom the research
guestion “What types of discrete databases arewmtlyrused by academic
administrators to help the management of theirgeatsve departments?”)

. Types of data used (This sentiment originated ftoeresearch question
“What types of discrete databases are currentlgt byeacademic
administrators to help the management of theirgeatsve departments?”)
Key performance indicators (This sentiment origedafrom the research
guestion “Are academic administrators aware of hoademic analytics
could help manage key performance indicators?”)

Disappointments (This sentiment originated fromrgmearch questions
“What types of discrete databases are currentlgt byeacademic
administrators to help the management of theirgestsve departments? How

can knowledge management tools enhance the efficieina higher
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education institution? Does the climate of a seaopé@ducation institution
hinder the adoption and use of analytic tools ¢thése an
investment/monetary issue? Would college adminmtsause academic
analytics to help increase student success and widneagerial tasks?”)

Final Identification of Themes

According to Creswell (2012), the identificationtbg final themes of the study
requires validation of the invariant constituemtshe actual transcript of the participant.
Comparing each coded invariant and the subseqa&yary to the transcript of each
participant helped with validation (see list below)

1. An awareness of analytics and analytic tools ifmérgeducation. The research
guestion that correlates to this theme is, “Aredacaic administrators aware
of how academic analytics could help manage kefppeance indicators?”

2. Technologies currently used to manage key perfocamardicators. The
research question that correlates to this thenf®\bat types of discrete
databases do academic administrators currentlyouselp the management of
their perspective departments?”

3. Analytics and analytic tools to help with the mamagnt of key performance
indicators. The research question that correlatéisis theme is, “How can
knowledge management tools, such as analytics raigiter tools, enhance

the efficiency of a higher education institution?”
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4. Investment of analytic tools. The research questiahcorrelates to this
theme is, “Does the climate of a secondary educatistitution hinder the
adoption and use of analytic tools or is thereraestment/monetary issue?”
5. Current use of analytic tools. The research queskiat correlates to the
theme is, “Would college administrators use academalytics to help
increase student success and other manageriaPtasks
Individual Textural Descriptions
Textural descriptions were used to describe howaqgyaants felt about and their
experience in the use of analytics in their palticcnanagement activities in higher
education. Creswell (2012) recommended the usentiatim examples to develop
individual textural descriptions. | achieved thissby describing each participant’s
inclusive experience using analytics in their daygay activities of managing an
academic unit at a higher education organization.
Individual Structural Descriptions
| represented individual structural description®tigh the combination of
individual textural descriptions and imaginativeiaton (Creswell, 2012). | examined
the individual structural descriptions from reflecis, analysis, and perspectives to arrive
at structural descriptions. | undertook this bytgoing the comprehensive
understanding of each participant from the meaoirtye individual coded text.
Textural-Structural Descriptions
| collected a textural-structural description usiggh the individual textural

descriptions and the individual structural desaoipg. | developed this description, which
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characterized a mixture of the combined analysiextuiral and structural descriptions,
from the analyses of the meanings and elementsedhtividual participant’s
experiences of the use of analytics in the indiglgharticipant’s management activities.
Finally, |1 developed a group, or composite desmiptombining the individual textural-
structural descriptions (Creswell, 2012).

Evidence of Trustworthiness

| verified credibility using member checks and pestiew (Creswell, 2012). |
returned the transcribed interview sessions to ealiiidual participant. | gave
participants the opportunity to read the intervegsion and make comments or
clarification as they saw necessary (Creswell, 2012

| also allowed the conducting of peer review to agetlibility to the study
(Creswell, 2012). | met with a peer researcheridatsf College Z. | took notes during
the debriefing sessions (Creswell, 2012). We dsedisnethods, procedures,
understandings, and feelings to make sure thahkdaan outside review of the research
(Creswell, 2012).

| used a rich description to describe the settimdjthe participants interview
session. This was done for readers of the res¢arttansfer information to other
settings and to determine whether the themes ctnabsferred” (Creswell, 2012, p.
209). The use of thick description aided in extevadidity of the study (Creswell, 2012).
This in-depth, rich description also helped meldsth dependability of the research. The

exhaustive coverage will allow readers to repeaiptitocedures and methods used in this
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study in another study, with some understandingttiey may find similar results (Lietz
& Zayas, 2012).

Results

| constructed 10 open-ended questions to explaexperiences of higher
education academic managers at a community colledeheir thoughts and impressions
on the use and nonuse of analytics in their wodeld@he participants were criterion
based drawn from a list provided from College Z2(8@pendix A). Interviews took
place at the offices of the participants at a taoevenient for each participant. |
transcribed each interview and analyzed the saing tise qualitative software
MAXQDA.

The major themes addressed the relevant reseaestiaps of this study. These
guestions are listed below:

Research Question 1Are academic administrators aware of how academic
analytics could help manage key performance indis&tThe related interview question
was, “ Can you think of how you use informationhteclogies in the management of
your daily activities?” The theme that emerged s there is an awareness of analytics
and analytic tools in higher education. The findihgt developed was that climate and
policy may be barriers to the adoption of acadesmalytics at the college.

Research Question 2What types of discrete databases do academic
administrators currently use to help the managemietiteir perspective departments?
The related interview question was, “Describe h@w gnanage your primary key

performance indicators/goals?” The theme that eatkvgps the technologies currently
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used to manage key performance indicators. Thenfinithat developed was that policy
and infrastructure may be barriers to the adopticacademic analytics at the college.

Research Question 3How can knowledge management tools enhance the
efficiency of a higher education institution? Tleéated interview question was, “What
kinds of IT support do you believe would help yame@mplish your goals more
effectively?” The theme that emerged was deterrgihiow analytics and analytic tools
can help with the management of key performanceators.The finding that developed
was that training issues may be a barrier to tloptah of academic analytics at the
college.

Research Question 4Does the climate of a secondary education insbituti
hinder the adoption and use of analytic tools ¢hése an investment/monetary issue?
The related interview question was “Do you belidwe use of technology in academic
management is worth the investment? Please eXplie.theme that emerged was the
investment of analytic tools. The finding that deyed was that climate may be a barrier
to the adoption of academic analytics at the celleg

Research Question 5Would college administrators use academic analytc
help increase student success and other manaigesikal? The related interview question
was, “If you do not use data and analytics to megmage your key performance
indicators, can you explain why not?” The theme #merged was that there is no
current use of analytic tools. The finding that eleped was that policy may be a barrier

to the adoption of academic analytics at the celleg
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| describe the major themes in the individual streed descriptions of the
participants.
Individual Structural Description for Participant m TXQRnmk

This participant had been an academic managewfmand-a-half years.
Participant mTXQRnmkelieved thahe/she uses analytics on a day-to-day basis. The
participant experienced the use of running cergports, if interested, through the
college database. This participant stated, “Mastitutions of higher education these
days are very data driven, so getting the data fxognkind of analytic tools, | think is
very important.” Participant mTXQRnmilsed Excel spreadsheets and the college
website and databases when needed. When askedtlabauportance of data and
analytics, the participant responded that investrmeanalytic tools is worth the
investment “because it is such an evidence-badaareumow, and everything’s data
driven... you have to show data.”
Individual Structural Description for Participant E 6UcdPac

Participant E6UcdPac has been with the collegéofaryears. This participant
says, “l can't think of any analytic tools thatskeu | would love to have something that
could help me, to manage my daily activities.” Hueninistrator used the college
database and website, along with e-mails, Excel Vdord documents to manage
workload. Participant E6UcdPac discussed the neesbime kind of analytic tool that
would work together with each of the IT applicasarsed on a daily basis to help
minimize errors. This participant also added, hiéte’s technology out there that can do

that, that would be great.” This administratorextiat’l've got to be honest, this is the first
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time I've heard more in terms of analytic tools...fMayo one has actually thought about
that.” Participant E6UcdPac believed, if availalaealytic tools could help productivity.
Individual Structural Description for Participant h dt2odJ5

The participant hdt2odJ5 had been with the colfeg&?2 years. This participant
did not use analytics to help manage daily acésitstating, “There is no software that |
use for that [management of key performance indrs§tno software that | do know.”
Participant hdt2odJ5 believed that analytic toolsld help with the management of
performance indicators, stating,

The concept is that then you would not have tospercial reports. The reports

would be there. When you come to metrics, technois@ tool. If you don’t have

the metric systems in place, then the technologgédess. Now the college does

not really, | feel, have a system of metrics in mgldecisions based on metrics.

This participant relied on team members to quepprts and pull them together
on Excel spreadsheets that the participant theaikedh The administrator believed that
“the college has to provide the leadership andatigmment” and that an adoption has to
come “from thliS [name of the 23 college systieat the college belongs] down to
the college down to the campuses.”
Individual Structural Description for Participant p vofSD7u

The pvofSD7u participant had been with the collfegeseven years. This
administrator used the college database, colledpsiteg the student [administrative]
database, e-mails, and spreadsheets as the pitioodsyto manage key performance

indicators. The participant stated,
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Most of what | do [to manage key performance intics is | pull reports and put

them into spreadsheets. | may privately use soéwarchased in simulation

models or in different, object driven models, tdphme get a handle on

something, but it's not provided by the college.

The participant did speak of a system that deldeeports to users, but stated,
“The data in the system is not timely and not aa®urSo if you have a dashboard that is
giving you data that was accurate as of 6 weekstagbcould be a problem.” Participant
pvofSD7u, when asked if analytic tools would hélp nanagement of key performance
indicators, responded,

There oughta be a way | can either give you a mabu words or numbers to help

you make decisions and right now the only way tiotigere is to sit down and do

your own private, very labor intensive study.
Individual Structural Description for Participant T i4eKANS

This participant had been with the organizationZ®ryears, and in an academic
management position for seven years. ParticipateKANS used primarily Word
documents, the college website, the college dagalvhgch houses student and
curriculum data, and an extensive list of outsiégdsites to manage key performance
indicators. When asked about the use of analytilstim help manage daily activities, the
participant responded, “I don't have access toyéinal tools. That would be very
helpful.” Participant TideKANS8, when asked if anttytools could help manage key
indicators, said, “If this [manually created Woracdment] would come up in front of

me every morning .and be updated and by order of last touch and miagiaeg yellow
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or orange alerts,” that would be helpful. This p#pant added that there was not an
awareness of these tools and that, if given thexppity, he/she would look for better
tools to help manage key goals.

Individual Structural Description for Participant 8 d7RyjFS

Participant 8d7RyjFS had been with the organiz&ior89 years, and had been
an academic manager for eight years. This managied on teammates to query reports
and download them into an Excel Spreadsheet fesethgation. Tools regularly used
included Excel, Word, e-mail, college database,thrdcollege website. This participant
expressed that analytics would not be useful tdtembecause “I can trust my judgment
on things often without checking the data just lbsed know what's likely to happen.”
The administrator added, “I need to clarify, [libgk] technology changes rapidly that
when | did go through training, six months latéound out that my training was
obsolete.” When asked if an analytic tool couldohgith the management of key
performance indicators, Participant 8d7RyjFS dichiadhat, “There are technologies that
are useful and | can say that this printout f{Jjj Bollege database] which gives me
class by class statistics, it would take me hatirmt, weeks to do that by hand.”
Individual Structural Description for Participant c udkDAWQ

Participant cudkDAWQ had been with the organizafmml7 years and in the
current administrative position for a year and K fidis participant relied on an
individual in a different department to e-mail infeation on an Excel spreadsheet to help

manage performance indicators. The participant imesad, “Normally, it's [the Excel
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spreadsheet] coming to us almost too late to ddhmabout it.” This administrator
admitted to not having analytic tools to help withnagement activities, stating,

We have very primitive tools to do it [manage keyfprmance indicators]. The

fact that it's one person sitting in an office, tbe front-end part, determining

what our efficiency would be, that’s pretty priraéi Where also, that person is
very ... | want to say ... hard-working, very cooperatibut Excel is limited in
what it can do.

Participant cudkDAWQ discussed that this administreeceived information
from a separate department, but the informatidgnsonths old, and the department
guerying the information is “centralized” and “...ary closed part of our organization.
We have a very difficult time to get informatiomin them [the centralized data
controlled department] as well...frequently the resis¢hat we make are not honored.”
This participant believed that analytic tools wobklof great use for the management of
key indicators, but stated that bureaucracy waaradp in the adoption of any analysis or
analytic tools.

Individual Structural Description for Participant r n73xv8V

Participant rn73xv8V had been with the collegelféryears. This participant
depended on reports queried from a separate degratrtihsing these reports, the
participant extracted information and built formaula Excel spreadsheets and then e-
mailed them for dissemination. The participant useylcollege databases and websites
to gather information. Regarding the use of analtols to help manage performance

indicators, participant rn73xv8V believed,
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Education is becoming so complex and so relianhuadabased decision-making

that anything that will screen the plethora of teses and the sea of information

that's out there has got to be helpful. We dorvetiane to spend on it by looking
at a lot of different databases or other resources.

The participant believed that the college has dopged analytic tools for its
academic managers because there is very little letlge of what is available. The
participant added that the use of analytics, anarmghat could gather important data that
is used to perform tasks, and push it visually fdasrd on computer), and update
constantly, would be useful, but only if it savede.

Individual Structural Description for Participant s tL64BGZ

Participant stL64BGZ had been with the organizatarwo years. This
participant looked at several different databasekveebsites, within and outside of the
college, to manage key performance indicatorsaieng to the use of analytic tools in
the workplace, participant stL64BGZ stated “Thamesome new programs out that help
you visualize large amounts of data...they allow y@cut data vertically, horizontally,
diagonally, in three dimensions,” but that the migation did not currently have access
to any tools as such. The participant believeditiause of analytic tools for academic
managers is “.more than worth the investment. If you are not diateen, forget it. You
can't run a college with a large amount of pubbliads on anecdotes.” This participant

believed that bureaucracy and size of the collegegnted the adoption of analytic tools.
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Individual Structural Description for Participant JMLZXbUh

Participant IMLZXbUh had been with the college3aryears. This participant
used, along with the college website and databadesok of reports published through a
different department. The participant believed thatinformation in the book was a
“wonderful resource,” but that it was a static ng@nd its information was usually a few
years old by time of publication. When asked ifaaualytic tool would be beneficial in
the management of daily goals and key performamiieators, participant IMLZXbUh
stated,

Yes, absolutely | do because I think that in HigBdrwe have a tendency to

make decisions based on our gut, and that's justgviA lot of times we aren't

aware that there are problems until they are sufggnt that we can no longer
ignore them. Had we been looking at things, h&e#n easy for us to study data
from day to day, or at least from month to montk,would have noticed there
was a problem ahead of time and maybe we could &evieled it.

Participant IMLZXbUh believed that the college dat adopt analytic tools
because, “There's a sense that because peopikedye¢d misunderstand data it's better
for them not to have them at all.”

Textural-Structural Descriptions: “Themes”

| developed this description, which characterizesxure of the combined
analysis of textural and structural descriptionspnt the analysis of the meanings and
elements of the individual participant’s experienoéthe use of analytics in the

individual participant’'s management activitiesthe following sections, | describe the
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major themes of the study through the perceptidiseoparticipants. | also identify the
major themes that developed from the respectivearebl questions, after which the
themes are described in detail.

There is an awareness of analytics and analytic ttin higher education.l
developed this theme from the research questiomasademic administrators aware of
how academic analytics could help manage key pedace indicators? Only two
participants were not aware of analytics, or whmatlic tools could do for higher
education organizations. Eight participants stéeg knew of analytic tools, and had
seen analytic tools in other venues. They desctiloedthey had seen dashboards to
control for their cell phone usage, and how thegvkicompanies like Amazon used
analytics to track purchases and give purchasingado customers. The participants
were aware that they could use analytics in edoicat help track student achievement,
student retention, and participation, and corrdld@mation for better decision making.
Participant mTXQRnNnmk believed, “Most institutionshagher education these days are
very data driven, so getting the data from any kifithe analytics tools, | think is very
important.” Participants stL64BGZ and cudkDAWQ bbo#d extensive awareness of
analytic tools. Participant stL64BGZ discussed wimatools that can help “visualize
[data] and you can do ‘what-if’ scenarios.” Papgamt cudkDAWQ stated, regarding
analytic tools, “that these kinds of tools | knoke available [and] could be available.” |
found that the academic managers were aware ofanalytics could help them in their

day-to-day tasks, as well as their key performandieators. The participants gave



90
instances whereby they believed an analytic todhss a visualization dashboard could
greatly help them achieve success.

Technologies currently used to manage key performane indicators.|
developed this theme from the research questiorat\ypes of discrete databases do
academic administrators currently use to help taeagement of their perspective
departments? The top technology mentioned by nmarsicpants was the use of Excel
spreadsheets. Most academic managers intervieveelvasious databases and websites
to gather information. They would then transferitifermation onto a spreadsheet, and
then e-mail it to team members for further dissextiam. Participant pvofSD7u stated,
“Most of what | do is | pull reports and put thema spreadsheets.”

Various websites and databases were the next ndshvised technology
employed by the administrators. Participant rn73kg8ted using “Probably a half
dozen or so [websites], most are budget. Othersrax@ment or student information
databases...a lot of the information that | neediml in the student database.”
Participant Ti4eKAN8 mentioned the use of severgbsites to collect information for
one situation, and Participant stL64BGZ mentiorreduse of five websites to collect
information to follow trends. None of the particijia said that they had a dashboard that
collected and correlated information for them ialv&me and displayed it visually so that
the academic managers could have immediate, ugtéoiformation with alerts that aid
in decision making.

How analytics and analytic tools can help with thenanagement of key

performance indicators.| developed this theme from the research queskom can
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knowledge management tools enhance the efficiehayhagher education institution?
The participants felt that they could use analygms, something similar to a dashboard,
that when they came into work each morning, théaldaard would collect the
information needed, update and correlate the inddion, and place the needed
information in a visual graph that would enhaneeuhderstanding of the information.
Participants discussed an example of registratine tor semesters. Currently, a dean
(academic manager) needs to manually check eatibrsezach class, continually as
students register for a particular class. The daeademic manager) must closely keep
watching each class to determine class populagiod whether there is a possibility to
open another section when the class reaches itsrmax If the academic manager, in
this example, had the use of an analytic tool sisch visualized dashboard, this
information would be pulled continuously and plaged graph of sorts, and, as updated
constantly, the graph could track course regisinaéind give alerts, send e-mails, or
change colors as the course reached differentdeVals would help the academic
manager better control the registration processvayuld have the information needed to
make timely decisions.

Participant JIMLZXbUh understood how the use of malic tool could help
with the management of key performance indicatsserting,

It would be helpful to use those technologies @lyemake it so that it was very

specific to a program, and a program within a progfike a specialization. Not

just lumping everything together. It would alsodmod to actually use it to

analyze. To pull two things together.
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Participant rn73xv8V stated,

If there was something that could just let me plteywords and | could see key

things so that | don't have to read the big threklacan focus on the ones that |

really am concerned about. That's where | wouldepr® spend my time rather
than reading through a hundred page report anaigtty figure out what's where.

Participants also saw the use of analytic toolseip with decision-making.
Participant cudkDAWQ stated,

Sometimes we make a decision not to do somethicguse we’ve done it before,

and it didn’t seem to work. Whether if we actudtipked at that ... because as |

well know, what you think you know might not necasly be the case. The data
might show something else, something that we weeemare of. Because we've
never had those tools, | can’t say that we've libere.
For participant pvofSD7u, receiving the data woalkkb help decisions, “If you give me
the right information, I'll make better decisions.”

Other participants stated the use of an analytitwould perhaps provide real-
time information. Participant IMLZXbUtiscussed the use of an outdated report, stating,
“Of course one of the problems is, this is two geald already by the time the fact book
comes out.” Participant cudkDAWQ mentioned thabinfation gathered is sometimes
not very timely, stating, “It's six months old bye time we get it, if even that.”
Participants said they would use the tools if gigaropportunity.

Investment of analytic tools.| developed this theme from the research question:

Does the climate of a secondary education instiutinder the adoption and use of
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analytic tools or is there an investment/monetasueé? Participant E6UcdPac, when
asked if the investment of an analytic tool wouddabgood idea, stated,

| would say yes. If there's an analytic tool theah say, well take my job
description, those key performances, those kesttelt are always evolving, that
are always there. If there's something out theaedhn say.Well, this task here,
which is faculty evaluations is coming up so yoedh& get that going or moving
along or the schedule deadline is almost there.efung along those lines, |
think would be worthwhile, it would be a good intragnt.
The participant believed that analytics could hedgk student data points, as well as
faculty schedules and then correlate both to olstalearer understanding of faculty
performance. Participant IMLZXbUh stated, “Yes,abely | do because | think that in
Higher Ed we have a tendency to make decisiondb@seur gut, and that's just
wrong,” when asked if analytics would be worth tfneestment.
Participant mTXQRnmk also believed in the investtredranalytic tools, stating,
| do, and that's particularly because it is suclkeadence-based culture
now...when you want things, you have to show its.déta just can't say,
‘Because | feel like it. | just really feel it's partant.” You've got to show why.
The participants generally agreed that there waa fanding issue involved with
the adoption of analytics. They believed that amedywould certainly be worth the
college’s investment in both time in training andmatary costs. Cost of analytic tools

was not a barrier, and an analytic tool would betlvthe investment.
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No current use of analytic toolsl developed this theme from the research
guestion: Would college administrators use academétytics to help increase student
success and other managerial tasks? Nine of tiparii@ipants stated that they did not
use analytic tools in the management of their keygomance activities. Only participant
MTXQRnmKkK stated,

Yes. | think we do, on a day-to-day basis, we difiy use the analytic tools. We

don't have, probably, access to some of the mdmastpbut | think through SIS

system [this is the college data base system tidsstudent, course and
curriculum information], we can run certain repastgselves and if we're
interested in certain trends, then we're able tahg.

Participants would use academic analytics to hdfp teir daily goals and
activities if they had the tools at their disposédwever, no academic manager had
access to an analytic tool such as a dashboahe|powith their key performance goals.
Composite Description “Overall General Findings”

The composite description is a synthesis of therg&sons entirety. Creswell
(2010) explained this description as the essenwoénat the participants experienced. The
composite description addresses the overall gegaestion, namely: What factors
impede the implementation of academic analyticgaola higher education setting? |
used the five emergent themes to develop the fiysdihat addressed this overall
guestion.

The findings that developed from the five themesawbat climate, internal

policy, training, and possible infrastructure issoéthe college hindered the adoption of
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academic analytics. Participants generally belidhatithere was no use of analytic tools
because a discrete, centralized department witleircdllege organization kept
information separate or controlled. ParticipantgfBGZ mentioned that it would be
advantageous to have data accessible, “insteaavridnto use institutional research as
the only source of all-data.” This feeling was eegqsed by participant cudkDAWQ, who
stated, “I have to mention that we also have aic®fif institutional research here at the
college, who can provide a lot of analytic inforfoat but it's a centralized organization,
and it's a very closed part of our organizationuilBing on that idea, the participant
added, “I also think that, politically, we don’tVeaccess to this information because of
that central organization.” Participant JIMLZXbUhaséd a reason for centralized data by
stating,

Partly because people who run institutional resear@nt to be sure that data are
interpreted correctly, and to be sure that theljyreae cleaned up before people
start using them. If you make stuff available ialme, then there are chances
for error, and sometimes people don't understaaidyttu're looking at a
snapshot. There's a sense that because peopikeréd misunderstand data it's
better for them not to have them at all, and netgwadministrator likes numbers.
Participants also noted that there needed to bera sihared environment before
adopting an analytic tool to help manage key perforces. Participant hdt2odJ5
expressed feelings that the college did not shidoemation between departments and

campuses. The participant stated,
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| say to have those tools without alignment isgmhg to do any good because
for example when we do the annual college planreagh campus develops their
annual plans. Each campus does it in a vacuumeTiserno way to see how the
college is performing as a system.
Participant pvofSD7u voiced a similar concern atati'We need people who agree on
the shared vision and the big picture. We're netah
The climate of the college emerged as anotherdrarrithe adoption of an
analytic tool to assist academic managers at tiisge. Participant stL64BGZ stated,
The complexity of what we do is far beyond anythin || jjlilr Community
College approaches it, but not in the way we d& dimount of data we have to
deal with, the complexity of what we deal with, dow®t fit or is not needed at
B Conmunity College [ ore @omity College with
four hundred students or whatever. They can geyavith a lot of manual stuff.
Participant cudkDAWQ mimicked this idea, asserting,
| think it's because we’re a very large bureaucracyl we move slowly. | think
that, despite the fact that these kinds of to&lsdw are available, could be
available, getting around to using them takes g tone for someone to take
responsibility and get it in place and, therefget, it to us.
| interpreted that the climate and internal poliyhe college may be barriers in
the adoption of analytic tools for academic manag@mse. The interviews revealed that
the academic managers of the college did not hesesa to many institutional data that

they felt would be beneficial in their daily actieis. The academic managers stated that
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they had to ask for data from an internal departireend that if they received the data
they asked for, it was usually not in a timely mannnternal policy and the climate of
the college emerged as possible barriers to aduoptio

| discovered that participants also thought trajreould be a barrier to the
adoption of analytic tools. Participants did notdaéime to receive training in another
technology or innovation, and that if they weraise analytics in their daily tasks, it
would have to be an easy system to learn. | intéegdrthat the academic managers did
not have the time to invest in a new technology Wauld be cumbersome or complex to
learn or to use.

| also interpreted possible infrastructure issodset a barrier to analytic adoption.
Although not entirely within the scope of this sgutiwas lead to interpret that the many
discrete databases used by the varying academiagees) and the different websites
used to gather information, may have presentedhtdofy problems in adopting a tool
that would unite all the systems.

Summary

The purpose of this study was to explore the fadioat inhibited higher
educational institutions in their adoption of prowenalytic tools to help improve
management of key performance indicators. Thisimgqurovided an enriched
understanding of barriers to analytic adoption all€ye Z. | conducted open-ended
structured interviews with 10 academic managetkerdata collection phase.

The data were audio recorded and transcribed. Esgiective participant

reviewed their transcription to ensure validity amedibility. The transcriptions were
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then, after verification from the respective papants, uploaded to the qualitative data
analysis software program MAXADQ for assistancenaitganization at the granular
levels.

| used the method described by Creswell (2012h#&dyae the data. The analysis
included: (a) listing and preliminary grouping betdata; (b) the reduction and
elimination of the data; (c) clustering and thewiati, or listing significant statements;
(d) final identification of the invariant constitogs, or the themes; (e) writing of
individual textural descriptions; (f) constructiohindividual structural descriptions; and
(g) composite synthesis, or overall findings (Crekw2012).

| accomplished this phenomenological research sosdyg 10 interview
guestions, and from the perceptions and experievfdbe participants gathered during
the data collection phase and the subsequent adhgsn which | identified five major
themes. The five themes were (a) an awarenessabft@s and analytic tools in higher
education, (b) technologies currently used to markay performance indicators, (c)
analytics and analytic tools to help with the mamagnt of key performance indicators,
(d) investment of analytic tools and, (e) curresg of analytic tools.

Through the five major themes, | was able to disc@nswers to the five guiding
research questions. In addition, my review of thi@gosite synthesis provided answers
to the general research question: What factorsdepiee implementation of academic
analytic tools in a higher education setting? tdigered that participants at College Z
believed that restricted climate, a policy, tramiand possible infrastructure issues were

all factors that hindered the adoption of acadeanalytics at their organization.
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In Chapter 4, | provided a detailed descriptiomhef pilot study conducted, the
setting and demographics of the study, the dataat@n and analysis, and finally, a
granular description of the results of the studyagter 5 contains a synopsis of the
study, interpretation of the findings, limitatioasthe study, recommendations, and
implications of the study. In Chapter 5, | alsopded the positive social change and the

key essence of the study.
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Chapter 5: Conclusions and Recommendations
Introduction

In Chapter 5, | include a summary of the naturthefstudy and its purpose. This
chapter also includes interpretations of the thefmoes Chapter 4 and how those themes
relate to the literature review conducted in Chiapte will discuss the limitations of the
study and describe recommendations for furtherarebeand the implication for positive
social change. The order of Chapter 5 is as foll@ummary of key findings,
interpretation of the findings, limitations of teudy, recommendations, implications,
and the conclusion of the study.

Summary of the Findings

In Chapter 1, | introduced the concept of analyfidse use of business
intelligence tools, such as analytics, has helpeckase the overall growth of business
operations including customer retention, returnmwestments, profit structure, and
business total value (Minkara, 2010). These suesem® linked to the use of analytics in
retail, financial, manufacturing, and telecommutaas industries (Seng & Chen, 2010).
Researchers have shown that the use of analylg tobigher education institutions has
helped increase student retention, provide traesggrof financial reporting, improve
management of space, safety and security, anddgegessualization of operations in true-
time (Baepler & Murdoch, 2010; Bichsel, 2012). Hoek colleges and universities have
not analyzed these data points to help make efedecisions and data-driven forecasts

(Baepler & Murdoch, 2010; Dawson et al., 2010).
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The purpose of this study was to explore the fadioat prevent institutions of
higher education from adopting analytic tools tivatld enable leadership and
management to analyze and use data for decisitarg)ipg, and managing operations. |
designed this phenomenological study to undersaaddexplore the experiences of
individuals managing departments in a communitjeg@ setting, their experiences in
using or not using analytics, and the meaning lekthirir perceptions of analytic tools. |
collected data from interviews of academic persband academic managers in a
college setting. | analyzed the data using an &icapproach as described by Creswell
(2012). I used a qualitative data management sodtveel to help granularly organize
and compile the data.

Five themes emerged from the study, namely (aameness of analytics and
analytic tools in higher education, (b) technolsgterrently used to manage key
performance indicators, (c) analytics and analgats to help with the management of
key performance indicators, (d) investment of ama@akpols, and (e) current use of
analytic tools. Through the five major themes,urfd answers to the five guiding
research questions.

An Awareness of Analytics and Analytic Tools in Higer Education

This theme related to the following research qoestAre academic
administrators aware of how academic analyticsccbelp manage key performance
indicators? | found that only two participants wa aware of analytics or what analytic
tools could do for higher education organizatidfight participants stated that they knew

of analytic tools and had seen analytic tools lreotvenues. The participants were all
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positive about the idea and concept of analytitstobhe key impressions from this
theme led me to the interpretation that the padicts, if there was an analytic tool
available to them, would use it to help manager tkey performance indicators.
However, climate and policy factors within the egi did not allow academic managers
access to robust analytic tools.

Technologies Currently Used to Manage Key Performate Indicators

This theme related to the following research qoest¥Vhat types of discrete
databases do academic administrators currentlyouselp the management of their
perspective departments? | found that academic geasased up to five or more
databases, information systems, and websites begiaformation needed to perform
their tasks. The participants mentioned havingoltect various data points and then
transfer them into an Excel spreadsheet for easerThis theme led me to interpret that
there could be infrastructure issues that presemtetrier to the adoption of analytics.
Analytics and Analytic Tools to Help with the Managment of Key Performance
Indicators

This theme related to the following research qoestdHow could knowledge
management tools, such as analytics, enhanceftbierty of a higher education
institution? The participants in the study felttttieey could use an analytic tool to “pull
two things together” for a better analysis. Anotparticipant saw that analytics could
help by sorting, combining, separating, and theassh capabilities that a robust analytic

tool could provide. Generally, all participantsteththat they would use analytic tools if
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they were available. The participants mentionedlttiecollege was complex and that
information was guarded and slow to its destinagomt. One participant stated,

| think it's because we'’re a very large bureaucracy we move slowly. | think

that, despite the fact that these kinds of to&lsdw are available, could be

available, getting around to using them takes g tone for someone to take

responsibility and get it in place and, therefget, it to us.
These notions and feelings expressed by the paatits led me to interpret that the
climate of the college presents a barrier to adopti
Investment of Analytic Tools

This theme related to the following research qoestDoes the climate of a
secondary education institution hinder the adopaiot use of analytic tools or is there an
investment/monetary issue? Participants agreedhbgtwould use an analytic tool such
as a dashboard, and that the cost of an analyigrgm or service would be worth the
investment. Participant mTXQRnmk discussed whetiewralue of analytic tools was
worth the investment, stating,

| do, and that's particularly because it is suclkeadence-based culture

now...when you want things, you have to show its.déa just can't say,

‘Because | feel like it. | just really feel it's portant.” You've got to show why.
None of the participants believed that the costrofnalytic tool was a barrier for
adoption. However, participants did mention thainting, the complexity of a new
technology tool, and the time it took to learn ti@sv tool would be of concern to their

already full daily agendas. Participant rn73xv8Vhtened,
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If it is intuitive, it's wonderful. If the trainings not extensive to the point that it

takes a half dozen steps to do something | camo@where else in two or three,

even if I've got to do it several times with seVelifferent databases. Time here is

more than anything else, the most precious commdiatitt's here and the one that

there's not enough of.
This theme led me to interpret that training in reavanced technologies, such as
analytics, may be an adoption barrier.
Current use of Analytic Tools

This theme related to the following research qoestWould college
administrators use academic analytics to help asgetudent success and other
managerial tasks? Participants said that they wasgdanalytics to help them with their
daily tasks, such as tracking student achievenates and correlating those rates to
student participation and engagement, and faculdycarrriculum changes. The
participants said that they did not have accessyosort of analytics or analytic tool that
they could use to manage their key performanceatdrs, such as student retention.
They mentioned that a central department housesathat current information, and that
they did not have direct access to the raw datdicRents mentioned, “Politically, we
don’t have access to this information becauseaif¢bntral organization.” Another
participant identified a possible reason why theas a lack of greater access to the data.
Participant JIMLZXbUh stated,

Partly because people who run institutional resear@nt to be sure that data are

interpreted correctly, and to be sure that theljyreae cleaned up before people
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start using them. If you make stuff available ialme, then there are chances

for error, and also sometimes people don't undeidtaat you're looking at a

shapshot. There's a sense that because peopikeréd misunderstand data it's

better for them not to have them at all, and netgadministrator likes numbers.
These opinions expressed by the participants letbrirgerpret that an unwritten
institutional policy impeded adoption of analytiots.

| further interpreted the above themes to answenthin research question,
“What factors impede the implementation of acadesmialytic tools in a higher
education setting?” | discovered that participat€ollege Z believed that the climate
(organizational bureaucracy), policy (restrictedamizational data), training, and the
possibility of infrastructural issues were all farst that hindered the adoption of
academic analytics at their organization.

Interpretation of the Findings

| based this phenomenological study on Metcalf2®10) theory of academic
capitalism and the use of information technologyntinage key performance indicators
in a higher educational setting.

Through the literature review performed in Chatershowed that there was not
widespread use of analytics in higher educatiotitui®ns, even after studies indicated
the positive results of usage (Bichsel, 2012; Dawetcal., 2010). My review also
suggested that there were limited studies condwaged why higher education
institutions did not adopt analytics. Bichsel (2D&@ggested culture, policy, and

infrastructure as possible barriers to adoptioar@lytic tools in higher education.
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Similarly, Lavalle et al. (2011) suggested the egfgmpediments for analytics adoption
in corporations were to be found in the culture dredclimate of a company. The
findings of this study confirmed Bischel's suggestiand extended this belief to include
impressions on training for the use of an anakytad.
Climate

The themes that helped me interpret that the ciroithe community college is a
barrier to adoption included (a) there is an awassrof analytics and analytic tools in
higher education, and (b) The investment of anatgols. Participants discussed the
climate of the organization. Participants generaliyeed that the size of the system
sometimes caused delays and administrative infléyibegarding information sharing.
Another participant shared that the college wakitgcalignment and repeatable
processes common throughout all the campuses tdgeaZ. Bischel would agree that
bureaucracy and the culture of a college couldgmtthe necessary shared vision for the
adoption of an analytic tool (Bischel, 2012).
Policy

The themes that helped me interpret that the policiie community college was
a barrier to adoption included (a) technologiesentty used to manage key performance
indicators, and (b) there is an awareness of analghd analytic tools in higher
education. The patrticipants discussed policy whey thentioned access to data and the
current technologies they use. Participants shiwadhey did not have direct access to
institutional data, and that when they did recegfgorts generated for them, these reports

were outdated and static. The participants agtesidihe old reports were extremely
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useful for histories, but that they did not recdive data on a needs basis or in a timely
manner. Participant IMLZXbUh perhaps shed lighthenclosed access to institutional
data that the participants felt they had littleessscto. The participant stated that
institutions kept data for long periods and in@seld access manner so that the institution
could scrub data for inaccuracies and then redige&idata appropriately. This policy
mirrored Bischel's (2012) impression that collegéiges could be a barrier to analytic
adoption.

Infrastructure

The theme that helped me interpret that the infuatire of the community
college is a barrier to adoption was the techne®gurrently used to manage key
performance indicators. The participants often moeet the different siloed sources of
information they used to manage their daily tadksst participants discussed how they
accessed the college website and at least twaelffelatabases to collect data. They, at
some point, transferred this data to a spreadstmekethen used meetings or e-mail to
disseminate the collected information. Participa@Bxv8V mentioned using Ssix
different databases, including budgetary and studatabases. This participant
mentioned receiving training on conversion softwareonvert information in websites
and databases into a spreadsheet format for eissmination and sorting capabilities.
Bischel (2012) suggested the infrastructure ofleege could be a barrier to analytic
adoption. It was outside of the scope of this stiadyvestigate the supporting

infrastructure of the flow and processing of datthin the organization; however, the
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processes in which academic managers acquire @i at this college were
disconnected and time consuming.

Training

The theme that helped me interpret that the infuatire of the community
college is a barrier to adoption was how analydied analytic tools can help with the
management of key performance indicators. One girigischel’s (2012) study did not
explore was training issues in the use of anatgtits. The participants in the current
study felt that the use of analytic tools woulduseful and helpful in the management of
their key performance indicators. However, theipigndnts stated that training could be
an issue if an analytic tool was too complicatetbok too much time to learn.
Participant cudkDAWQ suggested that improvement mesesied, but that if the tool took
too long to learn, was difficult, or the trainingsvdeficient, that most academic
managers would not use it.

Limitations of the Study

There were several limitations to this study. Iduaesmall sample and single
setting for this study. | only interviewed academmanagers who had key performance
indicators to include student retention, faculgjirtiing and observation, the management
full time equivalent of budgetary operations, atutum reviews, and policy compliance.
| did this to gather the perceptions of personssehdaily tasks involved the usage of
student data, curriculum, and budgetary data. Tlere other managers involved with

the operations of College Z who were not includethis study such as police officers,
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facilities management, budgetary control, and fai@raid representatives, as they fell
outside the scope of this study.

| did not interview the department that housed esntrolled a significant portion
of the data and the reports that the participantee study mentioned. In this study, |
focused on managers who used the data in the maeagef their tasks and
performance, not managers who gathered, cleandyankaged the data to give to the
front line academic managers. However, this cofflecathe results due to the
importance of the data controlled by the reseasgadment.

Due to the need for a criterion sample and the awalable with academic
administrators, | used interviews as the primaryhoe of gathering information. To
control for these limitations, | conducted membeeaks of transcriptions and a peer
review of results.

Another limitation was the role of the researche&vas the sole data collector,
analyzer, and interpreter of the interview materi8lecause of this, | needed to be aware
of biases, beliefs, and preconceptions. Due tohightened awareness, | believe that |
did not affect the results of this phenomenologstady.

Recommendations

Based on the literature review found in Chapteh@,use of analytics to help
drive decisions and meet key performance indicatonsgher education institutions has
been proven to be effective (Barneveld, 2012). Herecolleges and universities

continue to be slow to adopt academic analyticsvda, 2010). The purpose of this
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study was to gain an understanding of the factmsimpeded the implementation and
use of an academic analytic tool in a communityega.

| discovered that participants at College Z belgetleat the organizational
bureaucracy (climate), restricted organization&h dpolicy), training, and the possibility
of infrastructural issues were all factors thatdeired the adoption of academic analytics
at their organization. These barriers mirrored B&ds (2012) study that suggested
culture, infrastructure, and policy may be barrteradoption of an analytic tool in a
higher education organization.

Goldstein (2005) reported that educational insbng that adopted academic
analytics to improve institutional decision-makingproved in the functional areas of
student retention and financial results. Colledead no analytic tools to aid academic
managers in their key performance indicators. @ell2 should consider addressing the
practice of departmental IT-generated reportsttigt then disseminate to the academic
managers (Ravishanker, 2011).

Participants of this study mentioned that they domes relied on reports
generated for them. Participant cudkDAWQ statetlithane instance, the participant
requested a certain report; however, the partitigaoeived no response or the data
requested. Participant stL64BGZ mentioned thadatih derived from another source
(separate department), and that it was sometinfigsuttito acquire reports and data in a
timely manner. This is a concern and the collegdéeship should address this

perception.
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Future Research

The first research question that was asked wafotosving: Are academic
administrators aware of how academic analyticsctbelp manage key performance
indicators? The participants stated they knew afyit tools, and had seen analytic
tools in other venues such as companies like AmandnNetflix. Participants stated that
they would use some sort of analytic tool, such dashboard, to help them with their
key tasks. Future research could explore how e¥fethe use of a dashboard is in
helping to correlate student failure rates andlfgdtaining.

The second research question that was asked wédltveing: What types of
discrete databases do academic administratorsntlyrcese to help the management of
their perspective departments? The participantstatiéd that they used the college
student database, departmental-created discretbadas, and the college website. They
stated that in most cases, they e-mailed Excebdpheeets and Word documents
throughout their department for communication anddanduct procedural work. A future
study could determine the efficiency of using aalwtic tool to manage work, as
opposed to the use of discrete databases and egrspreadsheets for collecting and
storage of important data points.

The third research question that was asked wa®Htlbaving: How could
knowledge management tools, such as analyticsheehhe efficiency of a higher
education institution? Participants stated thay thieuld use analytics to help with
student retention. Participants agreed that tinmdbrmation was needed, especially

during critical periods such as student registratichey believed they would be more
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effective managers if they had a program that cowddiage current data in a way that
was user friendly and required little training. &m& researchers could conduct an
efficiency study to study whether academic managexsnore efficient at achieving their
key performance indicators when they have analgtts.

The fourth research question that was asked waslibe/ing: Does the climate
of a secondary education institution hinder theptido and use of analytic tools or is
there an investment/monetary issue? The partigpdidtnot believe that there was a
monetary issue in the way of adoption, but theytimaed college policies, bureaucracy,
and infrastructure as possible barriers. A futtwes could explore barriers at a four-year
university and determine whether the themes ar#agito the themes at a two-year
community college.

The fifth research question that was asked wasotleving: Would college
administrators use academic analytics to help asgetudent success and other
managerial tasks? All participants agreed that theyld use academic analytics to help
increase student success. The participants felthbg, with the use of a tool such as a
visualization dashboard, would be able to bettenmlete their goals. They agreed that
the college database is a helpful tool, but to lem#ime current information, pulled
from the various pushed to them in a visual formatld be valuable. Further research
could explore IT adoptions, and whether managezd tl®e new tools available to them
when adopting an analytic tool.

Additionally, a future study could include managersther capacities of the

college. Future researchers could study the sepdegtartment that controlled
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institutional data, and explore the policies anocpdures regarding data accessibility for
the college. Future researchers could also conqmieges of different sizes, colleges
that are private and colleges that are profit baaed rural versus urban colleges. A
study could explore how these diverse collegesanaéytics and how their unique
situation affects the use of their data. | ideatifa need for a future study of how students
use analytics to control and shape their collegeg&nce.

Implications

Researchers have shown that colleges and uniesrsite collecting significant
amounts of institutional data in the areas of énrenht, finance and budget, student
progress, research, and learning management. daésare piecemeal and not widely or
easily available to all departments and administeatRather than having the data pushed
to them, administrators must decide what data p@rg most salient, know where to
access that data, pull it, potentially from mukiglburces, and then analyze it. There is a
need for colleges and universities to integrata dab one accessible package where
researchers can analyzed and use the data to medaipe decisions with significant
impact (Bichsel, 2012). Researchers can customsnege digital interface to provide as
much or as little data as the user needs to mégetefely manage departmental tasks
and outcomes, to supply this information on a teaé basis. Academic analytics
transforms colleges and universities in terms ofeased student retention and
graduation rates, improved student access, mogetei utilization of human and capital
resources, and provide answers and decision supased on data-driven evidence

(Bichsel, 2012).
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College Z's mission for social change drove thednee such analytics, as the
college strives to significantly increase the gitchn rates of the students. By utilizing
analytical tools and real-time data pulled from tiplg sources, academic managers at
the college may be able to more effectively anabtmelent data in a timely manner,
which will allow them to proactively assist studemtho are in academic distress or
students who are in danger or dropping out of sichoo

When colleges and universities use existing datagnage key performance
indicators more effectively, they save money, dasegime from enrollment to
graduation, and have more transparent ways to sactesses and improve forecasts
(Dziuban et al., 2012; Smith et al., 2011).

| designed this phenomenological study to expldng @ollege Z has not yet
adopted an academic analytic platform to managekewrmance indicators to reach
and exceed its mission. From analysis of intervjdiws major themes of (a) an
awareness of analytics and analytic tools in higdueication, (b) technologies currently
used to manage key performance indicators, (cyaosland analytic tools to help with
the management of key performance indicators,niggstment of analytic tools and, (e)
current use of analytic tools were discovered. farrainalysis resulted in the
interpretation that participants at College Z bedi that the organizational climate,
policy, training, and the possibility of infrasttucal issues were all factors that hindered
the adoption of academic analytics at their orgation. The implications of the findings
of this study indicate that for College Z to realits goal to positively affect the students

and potential employers in the region, it will neede more efficient, provide a higher
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guality of services, and be able to measure outsoifitee participants in this study
believed that the successful obtainment of ColEgeamnission to increase retention rates
of students, to increase graduation and transfes réo increase career placement rates,
and to increase enrollment rates of underrepredgupulations is achievable through
easier access and better use of their existing data
Positive Social Change

Figure 3 illustrates the potential impact for pgitsocial change at the societal
level, the organizational level, and individualééyf College Z were to adopt analytic
tools. Researchers have proven that analytic toel|s colleges sort interest level data of
perspective students, target under-served popaotatand help with materials collection
for enrollment purposes. Analytic tools can bett@power career and academic advisors
as they search for student employment opportungied help merge curriculum to
industry needs.

Organizationally, the adoption of analytic toolkals academic managers to
track student success and student needs in a timaatyper. Academic counselors, faculty
members, and academic managers may instantly see avktudent experiences a gap in
success, attendance, resource management, oretion factors. Analytics can help
College Z capitalize on community partnerships aluanni contributions, making a
positive impact in serving the community and alummsing better data to strategize
where there is greater need for workforce developraetivities.

Individual students at the college would perhapgheenost impacted by analytic

tools. Students could analyze their own progress they could benchmark their
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progress against other students’ progress andegois and behaviors. Students could
use analytics tools to better plan their educatierperience, search transfer locations,
seek financial aid prospects, and plan, researchdescover future employment
opportunities, including areas of which they wontd otherwise be aware. Analytics
could be a liaison for current students and alumishare like goals, employment
possibilities, and mutual interests. Analytics cbpiovide a richer college experience
that keeps students engaged through their enti@ostife. Figure 3 demonstrates how

each sector could benefit from the use of academatytics.

Organizational:
increased student
access & success,

improved excellence

in teaching, increased
revenue and
community growth

Societal: Increased
College Access to
under-represented
populations, opened

doors to higher-wage
employment, career

advancement for low
income populations

Individual: Student
Success, Improved

Leadership, improved
decision making
abilities

Figure 3. The organizational, individual, and societal impafcthe use of academic

analytics in higher education.



117

Methodological Implications

| could have explored a different method of analysr this research. In this
study, | used Creswell (2012) as a structure feratmalysis of the data. The strengths of
using this framework included reaching an in-daptarpretation of the participants’
experiences. There are other frameworks for quaatudies, and additional research
using a different framework may add to the richrefgbe data interpretation. In
addition, the availability of a larger subject paajuld allow for the further testing and
refinement of the survey tool. This could lead tauatitative studies to establish which
factor(s) had the most impact as a barrier or egtio implementation of academic
analytics. By conducting additional quantitativedies, future researchers could explore
a comparison of colleges and the use, nonuse, amieéts to adoption.
Academic Practice

A recommendation stemming from this study is thallége Z could work to
build a more collaborative functioning environmeetween the separate data-driven
department and the college’s academic manageregédf should evaluate how the
climate and data policy affects the managemerti@tbllege as a whole. College Z
should also act to leverage the immense functikmalviedge base of its software
developers, IT engineers, and data analysts bgiatighem in teams to collaborate more
closely with the functional managers who need tynagld dynamic data to perform their
key duties.

An additional recommendation stems from the possiiftastructure issues the

college may have. Participants of this study addélly mentioned the different
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databases and websites they had to access totcwksded data. Participant rn73xv8V
said that much data used are not in a transferfabteat. Participants also revealed that
collected data are and kept in different, non-@dizeed repositories. College Z needs to
evaluate local databases, sometimes labeled “sHai®tems (Ravishanker, 2011), as
well as separate discrete databases. Establishemmgenmtral repository that would bring
all sources together and that was easily accessibliel have a tremendous institutional
impact. This central repository would help definstitutional data across departments
and campuses and could afford academic managergative and fresh perspectives.

Participants identified training as a possible ieato adoption. College Z needs
to assess the skills gap of trained academic adtrators with experience in analytics.
Professional development in analytics, with an easghin the functional ranks
especially, and at all levels generally, would @age the awareness of analytics and the
use of analytics when and where available.

In closing, | considered Vidal’'s (2014) discourseaoworldview and,
specifically, to where we are progressing as aespend as an intelligent life. In this
study, | provided an insight as to why academic agans at College Z did not use
proven analytic tools to help its student populapoepare for and gain access to a better
life. Vidal noted that, based on values and pra¥didgh new information and new
answers, individuals have choices to make to momedrd. The mission and the goals of
College Z prove that the college values its stuslefihie next step for the college is to be
willing to work to diminish the barriers that hdldem back from providing managers

with powerful analytic tools to ensure student ®$sc
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Conclusion

The results of this study support claims of presaarchers that cost was not a
significant barrier, but that factors internal be torganization acted as barriers to
adoption. The analysis of the data determinedtfieenes that suggested academic
managers were aware of academic analytic toolghlese tools were not in wide use.
Further analysis of these themes revealed thatypaiimate, infrastructure, and training
were barriers to the adoption and widespread usbgealytics at the college.

Researchers have shown that the use of acadentytiesanproved student
retention through early warning systems, alertd, sindent engagement tracking. The
use of analytics could help students select theecbcourses and levels based on their
past performance and prior courses taken. Acaderaiagers could also use analytics in
academics to develop schedules, track teacherrpaface, and credentials, develop
strategies to increase grant and alumni fundsjrasrdase student financial aid
opportunities.

As colleges and universities move to a more studemtered learning
environment, the most important use of academityaossmay be in the hands of
students. Students will be able to plan their acadexperience and track their progress
in each course, and be able to compare their sféortl results to those of their peers.
This powerful tool could aid students’ engagemardaursework and with their
engagement at the college. Students will also leetahuncover potential career and

employment prospects and design future educatemmilife goals. When students have
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access to their own data and are able to relatert@n applicable manner, they can

shape a more meaningful and real future for therasel
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Appendix B: Sample Letter to Invite Participantghie Study

(This form represents the letter for an invitatiorparticipate in research that will be
sent out to each potential research participant).

January 15, 2014
Dear Potential Research Participant:

This letter is to solicit your participation in esearch study. | am a Doctor of Philosophy
degree candidate at Walden University in Managenidmns study is part of the research
requirement for the completion of the degree progra

| plan to conduct a study on the following topiccadlemic Analytics in Higher
Education: Barriers to Adoption. | intend to exgdhe extent to which Higher Education
academic managers use academic analytics to mémgigkey productivity indicators.

Each potential participant was identified due ®/lér academic management position
within the College. If you consent to participatethe study, we would engage in one (1)
interview session lasting from 35-45 minutes irgdnand at a place that is convenient
for you. After the interview, which will be audiecorded, | will transcribe the interview.
| will then send you via e-mail the transcriptidi.this time, you may contact me to
revise any information and review any follow-up stiens that may arise.

You will be given the interview questions (10 tptal advance. This is done so that you
will know exactly what questions will be asked, @hdt you may consider your
responses in advance. You will be permitted tosefio answer any question during the
interview process.

Your name and all identifying indicators will begteconfidentially with me and locked
in my home office for the duration of five yeardldaing the publishing of the study. At
that time, all materials will be appropriately deged.

If you are willing to participate in an interviewithin the next few months, please
contact me as soon as possible. My contact infoomat noted below. Your
consideration to participate in this study is gseappreciated. | look forward to hearing
from you soon.

Sincerely,

Willie Pomeroy
Walden University, College of Management
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E-mail: willie.pomeroy@WaldenU.edu
Daytime Phone: (703)343-5211
Mailing Address:

115 Caragana Ct.

Sterling, VA 20164
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Appendix C: Sample of Letter Sent When Study Cdpaeas Obtained
(This form represents the letter sent to possialé@@pates that did not respond, letting

them know that the research capacity was obtainddreanking them for considering
possibly participating)

January 30, 2014

Dear Possible Participant,

| am writing to thank you for possibly being wil§jrto participate in my study. Luckily |
have reached my saturation point with participams no longer need further
participants. | would like to keep your e-mail haxgein the event a participant decides

not to join the study.

Thank you,

Willie Pomeroy
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Appendix D: Setting Appointments for Interview
(This letter represents the e-mail sent to pauwicip asking to set up a time and place for
the interview).
February 1, 2014
Dear Participant,
Thank you for agreeing to participate in my studyit possible that we set up a time and
a place to have a confidential 30-40 minute dison$sl will send you the questions |
will ask, along with a consent form. Please dosigh the consent form now, | will bring
a copy for you, and a copy for me, at the timehefinterview. We can sign the copies at
that time.
Please e-mail me your preference for an interviathimthe next two week.
Thank you,

Willie Pomeroy
Willie.pomeroy@waldenu.edu
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Appendix E: Permission to Reprint/Cite Ali & Magaks Interview Protocol
This is a License Agreement between Willie Pom€t¥wpu™) and John Wiley and Sons
("John Wiley and Sons") provided by Copyright Céare Center ("CCC"). The license
consists of your order details, the terms and ¢ i provided by John Wiley and Sons,
and the payment terms and conditions.
License Number: 3120271177776
License Date: Aug 15, 2013
Licensed Content Publisher: John Wiley and Sons
Licensed Content Publication: International Jounfdlraining and Development
Licensed Content Title: Barriers to Implementiniparning: A Kuwaiti case study
Licensed Copyright line: 2008 The Authors
Licensed Content Author: Ghadah Essa Ali, Rodrigagilhaes

Licensed Content Date: Feb 22, 2008

TERMS AND CONDITIONS

This copyrighted material is owned by or excluspéatensed to John Wiley & Sons, Inc. or one of its
group companies (each a "Wiley Company") or a $pée whom a Wiley Company has exclusive
publishing rights in relation to a particular joarifcollectively "WILEY"). By clicking "accept” in
connection with completing this licensing transactiyou agree that the following terms and condgio
apply to this transaction (along with the billingdapayment terms and conditions established by the
Copyright Clearance Center Inc., ("CCC's Billingiddayment terms and conditions"), at the time ybat
opened your RightsLink account (these are availab&y time ahttp://myaccount.copyright.com

1. The materials you have requested permissioepmduce (the "Materials") are protected by cophtrig

2. You are hereby granted a personal, non-exclusive-sublicensable, non-transferable, worldwide,
limited license to reproduce the Materials for pluepose specified in the licensing process. Thanise is
for a one-time use only with a maximum distributegual to the number that you identified in the
licensing process. Any form of republication grahbsy this license must be completed within two gefr
the date of the grant of this license (althoughie®prepared before may be distributed thereafidig.
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Materials shall not be used in any other manndoany other purpose. Permission is granted stibgec
an appropriate acknowledgement given to the authierpf the material/book/journal and the pubéish
You shall also duplicate the copyright notice tiapears in the Wiley publication in your use of the
Material. Permission is also granted on the undatdihg that nowhere in the text is a previouslylishled
source acknowledged for all or part of this Matierany third party material is expressly excludedr
this permission.

3. With respect to the Materials, all rights arseryed. Except as expressly granted by the ternieof
license, no part of the Materials may be copieddifrex], adapted (except for minor reformatting rieed

by the new Publication), translated, reproducethdferred or distributed, in any form or by any nga

and no derivative works may be made based on therbbs without the prior permission of the respect
copyright owner. You may not alter, remove or segprin any manner any copyright, trademark or other
notices displayed by the Materials. You may narige, rent, sell, loan, lease, pledge, offer asrggc
transfer or assign the Materials, or any of thatdgyranted to you hereunder to any other person.

4. The Materials and all of the intellectual prapeights therein shall at all times remain thelesive
property of John Wiley & Sons Inc or one of itsated companies (WILEY) or their respective licessor
and your interest therein is only that of havingg®ssion of and the right to reproduce the Material
pursuant to Section 2 herein during the continuarfi¢kis Agreement. You agree that you own no right
title or interest in or to the Materials or anytbé intellectual property rights therein. You shedve no
rights hereunder other than the license as provigiedbove in Section 2. No right, license or iptrto
any trademark, trade name, service mark or ottarding ("Marks") of WILEY or its licensors is graat
hereunder, and you agree that you shall not assgrsuch right, license or interest with respeetéto.

5. NEITHER WILEY NOR ITS LICENSORS MAKES ANY WARRANY OR REPRESENTATION OF
ANY KIND TO YOU OR ANY THIRD PARTY, EXPRESS, IMPLIE OR STATUTORY, WITH
RESPECT TO THE MATERIALS OR THE ACCURACY OF ANY INPBRMATION CONTAINED IN
THE MATERIALS, INCLUDING, WITHOUT LIMITATION, ANY | MPLIED WARRANTY OF
MERCHANTABILITY, ACCURACY, SATISFACTORY QUALITY, FITNESS FOR A PARTICULAR
PURPOSE, USABILITY, INTEGRATION OR NON-INFRINGEMENAND ALL SUCH
WARRANTIES ARE HEREBY EXCLUDED BY WILEY AND ITS LIENSORS AND WAIVED BY
YOU.

6. WILEY shall have the right to terminate this Agment immediately upon breach of this Agreement by
you.

7. You shall indemnify, defend and hold harmlesd.BM, its Licensors and their respective directors,
officers, agents and employees, from and againsaetual or threatened claims, demands, causegioha
or proceedings arising from any breach of this &grent by you.

8. IN NO EVENT SHALL WILEY OR ITS LICENSORS BE LIABE TO YOU OR ANY OTHER
PARTY OR ANY OTHER PERSON OR ENTITY FOR ANY SPECIACONSEQUENTIAL,
INCIDENTAL, INDIRECT, EXEMPLARY OR PUNITIVE DAMAGES HOWEVER CAUSED,
ARISING OUT OF OR IN CONNECTION WITH THE DOWNLOADIS, PROVISIONING, VIEWING
OR USE OF THE MATERIALS REGARDLESS OF THE FORM OEAION, WHETHER FOR
BREACH OF CONTRACT, BREACH OF WARRANTY, TORT, NEGGENCE, INFRINGEMENT OR
OTHERWISE (INCLUDING, WITHOUT LIMITATION, DAMAGES BASED ON LOSS OF PROFITS,
DATA, FILES, USE, BUSINESS OPPORTUNITY OR CLAIMS OMHIRD PARTIES), AND
WHETHER OR NOT THE PARTY HAS BEEN ADVISED OF THE BSIBILITY OF SUCH
DAMAGES. THIS LIMITATION SHALL APPLY NOTWITHSTANDING ANY FAILURE OF
ESSENTIAL PURPOSE OF ANY LIMITED REMEDY PROVIDED HEEIN.
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9. Should any provision of this Agreement be helalrourt of competent jurisdiction to be illegal,
invalid, or unenforceable, that provision shalldeemed amended to achieve as nearly as possitdarnie
economic effect as the original provision, andldmality, validity and enforceability of the remaig
provisions of this Agreement shall not be affeatedmpaired thereby.

10. The failure of either party to enforce any temntondition of this Agreement shall not consétat
waiver of either party's right to enforce each amdry term and condition of this Agreement. No bhea
under this agreement shall be deemed waived oiserdoy either party unless such waiver or consent i
writing signed by the party granting such waiveconsent. The waiver by or consent of a partytoeach
of any provision of this Agreement shall not operat be construed as a waiver of or consent taé#msr
or subsequent breach by such other party.

11. This Agreement may not be assigned (includingperation of law or otherwise) by you without
WILEY's prior written consent.

12. Any fee required for this permission shall lo@-nefundable after thirty (30) days from receipt

13. These terms and conditions together with C8{llisg and Payment terms and conditions (which are
incorporated herein) form the entire agreement betwyou and WILEY concerning this licensing
transaction and (in the absence of fraud) supessatiprior agreements and representations of dinéejs,
oral or written. This Agreement may not be amenebazbpt in writing signed by both parties. This
Agreement shall be binding upon and inure to theebieof the parties' successors, legal represeatat
and authorized assigns.

14. In the event of any conflict between your oéiligns established by these terms and conditiods an
those established by CCC's Billing and Paymentdeand conditions, these terms and conditions shall
prevail.

15. WILEY expressly reserves all rights not speaifiy granted in the combination of (i) the licemtails
provided by you and accepted in the course oflitesising transaction, (ii) these terms and coadgiand
(iii) CCC's Billing and Payment terms and condison

16. This Agreement will be void if the Type of Ussrmat, Circulation, or Requestor Type was
misrepresented during the licensing process.

17. This Agreement shall be governed by and coedtitu accordance with the laws of the State of New
York, USA, without regards to such state's confiitlaw rules. Any legal action, suit or proceedargsing
out of or relating to these Terms and Conditiontherbreach thereof shall be instituted in a cofirt
competent jurisdiction in New York County in theaf&t of New York in the United States of America and
each party hereby consents and submits to the qargwisdiction of such court, waives any objentto
venue in such court and consents to service ofggby registered or certified mail, return receipt
requested, at the last known address of such party.

Wiley Open Access Terms and Conditions

Wiley publishes Open Access articles in both itseyWODpen Access Journals program
[http://www.wileyopenaccess.com/view/index.htmldaas Online Open articles in its subscription
journals. The majority of Wiley Open Access Jousrtave adopted théreative Commons Attribution
License(CC BY) which permits the unrestricted use, dittion, reproduction, adaptation and commercial
exploitation of the article in any medium. No pesgion is required to use the article in this wayvted
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Access journals have retained tBeeative Commons Attribution Non Commercial Lice(6€ BY-NC),
which permits use, distribution and reproductiomity medium, provided the original work is properly
cited and is not used for commercial purposes.

Online Open articles - Authors selecting Online @pee, unless particular exceptions apply, offered
choice of Creative Commons licenses. They may foereselect from the CC BY, the CC BY-NC and the
Attribution-NoDerivativeCC BY-NC-ND). The CC BY-NC-ND is more restrictitikan the CC BY-NC

as it does not permit adaptations or modificatiitiout rights holder consent.

Wiley Open Access articles are protected by coyrignd are posted to repositories and websites in
accordance with the terms of the applicable Creafiwmmons license referenced on the article. At the
time of deposit, Wiley Open Access articles inclatleehanges made during peer review, copyediting,
publishing. Repositories and websites that hosattiele are responsible for incorporating any ait#r-
supplied amendments or retractions issued substguen

Wiley Open Access articles are also available witlaharge on Wiley's publishing platforiviley

Online Library or any successor sites.

Conditions applicable to all Wiley Open Accessces:

The authors' moral rights must not be compromi$éése rights include the right of "paternity”
(also known as "attribution” - the right for thetlaar to be identified as such) and "integrity" (the
right for the author not to have the work alteneduch a way that the author's reputation or
integrity may be damaged).

Where content in the article is identified as bglag to a third party, it is the obligation of the
user to ensure that any reuse complies with thgrigig policies of the owner of that content.

If article content is copied, downloaded or otheewieused for research and other purposes as
permitted, a link to the appropriate bibliograpbii@tion (authors, journal, article title, volume,
issue, page numbers, DOI and the link to the défnpublished version on Wiley Online
Library) should be maintained. Copyright noticed disclaimers must not be deleted.

o Creative Commons licenses are copyright licensdsdlamot confer any other rights,

including but not limited to trademark or patemghtis.

Any translations, for which a prior translation egment with Wiley has not been agreed, must
prominently display the statement: "This is an fic@l translation of an article that appeared in a
Wiley publication. The publisher has not endorges translation."



141

Appendix F: Permission to reprint and Adapt IntewiProtocol by Venkatesh

(This is the e-mail communication between mysetf Bin. Venkatesh)

Subject :RE: Permission to reprint and adapt TAM3 Model for Dissertation Study
Date : Tue, Sep 10, 2013 12:24 PM CDT

From: [ <>
To: [
Thanks for your interest.

You have my permission.

You will find other related papers at:
http://vvenkatesh.com/Downloads/Papers/fulltext/downloadpapers.htm

You may also find my book (that can be purchased for a significant student discount
and faculty member discount) to be of use: http://vvenkatesh.com/book

Hope this helps,
Sincerely,
Viswanath Venkatesh

Distinguished Professor and George and Boyce Billingsley Chair in Information
Systems

Walton College of Business

University of Arkansas

Fayetteville, AR 72701

Phone: 479-575-3869; Fax: 479-575-3689
-mail: |

Website: http://vvenkatesh.com

IS Research Rankings Website: http://vvenkatesh.com/ISRanking




From: Willie Pomeroy [

Sent: Thursday, August 22,2013 12:43 PM
To:
Subject: Permission to reprint and adapt TAM3 Model for Dissertation Study

August 22, 2013

Viswanath Venkatesh

Department of Information Systems
Walton College of Business
University of Arkansas

Fayetteville, AR 72702

e-mail: [ s
Dear Dr. Venkatesh:

| am currently pursuing a PhD in Management (Decisiciences) at Walden
University in the United States. | am in the pracebpreparing my dissertation and
am seeking permission to include and adapt theviatig material in my study:

Source Journal: Decision Sciences Institute

Journal Title: Decision Sciences

Article Title: Technology Acceptance Model 3 anRasearch Agenda on
Interventions

Authors: Venkatesh, Viswanath & Bala, Hillol

ISSN: 00117315

Date: 2008

Intended Use: To conduct interviews using TAM3 nfode
Intended Use Other: Reprint and Adapt for my acad@aper- Doctoral
dissertation

Description: | am exploring barriers to the adoptad analytic tools in a higher
education setting. | read your study Technologyeftance Model 3, and | find

your model for IT adoption pecially useful in eliciting in-depth information
regarding barriers to IT adoptions. | would likeuge your instrument tool/model to
conduct research at Walden University, College ahigement and Technology,
and incorporate it into my dissertation. The maate questions will be adapted and
modified such that they could answer my resear@stipns regarding barriers to
the adoption of academic analytics. This adapsoonly minor and does not alter
the previous model beyond its intended use.

I would be happy to provide you with the finishe¢ddy.
Please let me know if there is a fee for using yeork in this manner. If there is no
fee, a return e-mail granting permission is alt ieaneeded. Thank you for your

consideration.

Willie Pomeroy
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Appendix G: Pilot Study Participant Invitation
(This represents the e-mail sent to ParticipanmPllot Study)

February 26, 2014
Dear Potential Research Participant:

This letter is to solicit your participation in éqt research study. | am a Doctor of Philosophy
degree candidate at Walden University in Manageniéns study is part of the research
requirement for the completion of the degree pnogra

| plan to conduct a study on the following topicadlemic Analytics in Higher Education:
Barriers to Adoption. | intend to explore the extenwhich Higher Education academic
managers use academic analytics to manage theprkeyctivity indicators.

You were identified and selected to participatéhm Pilot Study through your college’s website
and its identification as you being an academicaganfor the college. If you consent to
participate in the study, we would engage in onénterview session lasting from 35-45 minutes
in length and at a place that is convenient for. ydter the interview, which will be audio
recorded, | will transcribe the interview. | wihén send you via e-mail the transcription. At this
time, you may contact me to revise any informatiad review any follow-up questions that may
arise.

You will be given the interview questions (10 tdtal advance. This is done so that you will
know exactly what questions will be asked, and yloat may consider your responses in advance.
You will be permitted to refuse to answer any gestluring the interview process.

Your name and all identifying indicators will bepkeconfidentially with me and locked in my
home office for the duration of five years followithe publishing of the study. At that time, all
materials will be appropriately destroyed.

If you are willing to participate in an interviewithin the next few months, please contact me as
soon as possible. If you would like to participatethe time of our interview, | will ask you if

you know of other academic managers who may béngitb participate in the study. My contact

information is noted below. Your consideration #otjtipate in this study is greatly appreciated. |
look forward to hearing from you soon.

Sincerely,

Willie Pomeroy
Walden University, College of Management

Mailing Address:




144

Appendix H: Walden University IRB Approval

Forwarded message ----------
From: IRB <IRB@waldenu.edu>

To: "willie.pomeroy@waldenu.edu’
Cc: "Pascale Hard .edupcgb@hardy@waldenu.edu>,

Walden University Research <research@waldenu.edu>
Date: Wed, 5 Feb 2014 14:45:02 -0500 (EST)
Subject: Notification of Approval to Conduct ResgaiVillie Pomeroy

Dear Ms. Pomeroy,

This e-mail confirms receipt of the letter of cooperation for the community
research partner and also serves as your notification that Walden University has
approved BOTH your dissertation proposal and your application to the
Institutional Review Board. As such, you are approved by Walden University to
conduct research.

Please contact the Office of Student Research Administration at
research@waldenu.edu if you have any questions.

Congratulations!

Jenny Sherer

Associate Director, Office of Research Ethics and Compliance

Leilani Endicott

IRB Chair, Walden University



145

Forwarded message ----------
From: IRB <IRB@waldenu.edu>

To:'
Cc: "Pascale Har >

Walden University Research <research@waldenu.edu>
Date: Tue, 28 Jan 2014 09:22:36 -0500 (EST)
Subject: Conditional IRB Approval-Willie Pomeroy

Dear Ms. Pomeroy,

This e-mail is to notify you that the Institutional Review Board (IRB) has approved
your application for the study entitled, "Academic Analytics in Higher Education:
Barriers to Adoption” conditional upon the approval of the community research
partner, as documented in a signed letter of cooperation. Walden's IRB approval
only goes into effect once the Walden IRB confirms receipt of that letter of
cooperation.

Your approval # is 01-28-14-0231112. You will need to reference this number in
your dissertation and in any future funding or publication submissions. Also
attached to this e-mail are the IRB approved consent forms. Please note, if these
are already in an on-line format, you will need to update those consent
documents to include the IRB approval number and expiration date.

Your IRB approval expires on January 27, 2015. One month before this
expiration date, you will be sent a Continuing Review Form, which must be
submitted if you wish to collect data beyond the approval expiration date.

Please note that this letter indicates that the IRB has approved your research.
You may NOT begin the research phase of your doctoral study, however, until
you have received the Notification of Approval to Conduct Research e-mail.
Once you have received this notification by e-mail, you may begin your data
collection. Your IRB approval is contingent upon your adherence to the exact
procedures described in the final version of the IRB application materials that
have been submitted as of this date. This includes maintaining your current
status with the university. Your IRB approval is only valid while you are an
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actively enrolled student at Walden University. If you need to take a leave of
absence or are otherwise unable to remain actively enrolled, your IRB approval is
suspended. Absolutely NO participant recruitment or data collection may occur
while a student is not actively enrolled.

Your IRB approval is contingent upon your adherence to the exact procedures
described in the final version of the IRB application materials that have been
submitted as of this date. If you need to make any changes to your research staff
or procedures, you must obtain IRB approval by submitting the IRB Request for
Change in Procedures Form. You will receive confirmation with a status update
of the request within 1 week of submitting the change request form and are not
permitted to implement changes prior to receiving approval. Please note that
Walden University does not accept responsibility or liability for research activities
conducted without the IRB's approval, and the University will not accept or grant
credit for student work that fails to comply with the policies and procedures
related to ethical standards in research.

When you submitted your IRB application, you a made commitment to
communicate both discrete adverse events and general problems to the IRB
within 1 week of their occurrence/realization. Failure to do so may result in
invalidation of data, loss of academic credit, and/or loss of legal protections
otherwise available to the researcher.

Both the Adverse Event Reporting form and Request for Change in Procedures
form can be obtained at the IRB section of the Walden web site or by e-mailing
irb@waldenu.edu:
http://inside.waldenu.edu/c/Student_Faculty/StudentFaculty 4274.htm

Researchers are expected to keep detailed records of their research activities
(i.e., participant log sheets, completed consent forms, etc.) for the same period of
time they retain the original data. If, in the future, you require copies of the
originally submitted IRB materials, you may request them from Institutional
Review Board.
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Both students and faculty are invited to provide feedback on this IRB experience
at the link below:

http://www.surveymonkey.com/s.aspx?sm=gHBJzkJMUx43pZegKImdiQ 3d
_3d

Sincerely,

Jenny Sherer, M.Ed., CIP

Associate Director

Office of Research Ethics and Compliance

irb@waldenu.edu

Office address for Walden University:
100 Washington Avenue South
Suite 900

Minneapolis, MN 55401
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Appendix |: Redacted Participate Transcript

(A sample of a participant transcript)

Researcher:

Speaker 2:

Researcher:

Speaker 2:

Researcher:

Speaker 2:

Thank you very mu |l tsoadoeeing to be part of this
study. | appreciate your time. Now we'll start wighestion. The

first question is what is your position witHjjjéd how long
have you worked fojjjlA?

My position S
and | have worked f A for 31 years.

You have quite a few years of expegienc

| do, | started here as an instructj . then | became
the program head for Horticulture, then | becangedilege's first
I - \which is mst ollege-
wide position. Then | went back to my home camppusafyear to
serve as a Division Chair, which is what you wondav called a
Division Dean. That person went on sabbatical,taed | came
back as a{jj} R 1o for another eamiplears.

Then | moved into this position 16 years ago.

Can you describe to me your top tbréee primary key
performance indicators or goals for example whatit@portant
things are you task to follow?

One of the big things would be prograhilty. For example
every three years | have to respond tdjfCC&utatrograms
that don't meet their viability standards. It'sgfiel to me to be able
to keep track of them from day to day, or realbnirsay month to
month at the most. Are there students placed iptbgrams, how
many students are graduating, and what are thdélrerds in the
key classes within those programs.

Because that helps me to see trends, and thetefdeal with
issues before they become serious problems. Lo@king
enrollment data is one thing, it needs to be sedifet the data
both from our Institutional Research Office, anahfrthejjjili
on a daily basis, that tells us how many studentetal are
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enrolled, and how many FTE's there for the collegerall and for
the system overall.

What | need in order to actually do anythingpisée how many
students are in a particular program or in a paldicdiscipline.
That's number one, looking at the program and gliseis.
Another key thing that | have to deal with is lawdiat, what's
happening externally, where are the jobs? Spetlifiednere are
the jobs and in what are they for which an asseaagree can
prepare students

Because | need to be able to see if our curricidara whole really
is serving our region producing students who ortviha
employers really need. Of course transfer is abeatthirds of our
students, you still have to think about these thibgcause | need
to know of those positions out there, which onedlyeneed a
bachelor degree or higher. That if somebody whemime to me
and say | want to develop an Associate of Applieige in this,
which is just intended to be a terminal degree.

Then | could look at this dashboard, "Nope, nope they need
at least a Bachelor's Degree on that" We needveldie either a
transfer program, or we need to develop an AAStlmitis setup
So it can transfer with articulation agreementsanething like
that. Environmental scanning data would be extrgrelpful to
me.

Okay, well can you take one of thodéskiRd describe how you
manage it?

Well, if we look at the enroliment diat={jjilij ! go through
our fact book, as soon as the new one comes tmgk lat the
trends, first | looked at the program placementefegry single
program. As you may know, if you seen our fact bibokas the
number of students enrolled in a program over énldist five
years. Of course one of the problem is, this isyears old already
by the time the fact book comes out ...

The fact book it's put together byd®fdif Institutional Research?
That's correct, yes. It's a wonderfahderful resource but

because they make sure the data are absolutely, dleames out,
and it's already sort of outdated. Still good fents, I look at the
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number of students who were place in a program.t\i¥ldaesn't
have though is the number of students placed tificates or
specializations. When you have a program like lmssn
management that has numerous specializations.

The figures are in the fact book, only they lurherh all together.
You don't know maybe all the students are majoinngusiness
management the parent program itself, and theo&sdy in
specializations we have no way of knowing that.tMmauld be
extremely helpful to me. Then it would also be fglthough, not
just to me personally, but one of the things thda,lis | reach out
to the Academic Dean and say “hey | notice that pinogram is
trending down hill either in program placementronumbers of
graduates or both.”

It would be helpful to me to be able to say, "Rebkee that
overall the parent is doing okay, but the speadilins are going
down hill." Maybe what we need to do is elimindte t
specializations and bulk up the parent, it woullh mee to give
better advise to the campus, deans, and provost.

You mention this fact book as datargfmrence. Are there other
resources that you go to?

Well, | do look S data, and theisd look ajjjili}V data,
on data. Particylarhen I'm

trying to think about transfer issues, that woudtlally be my
third category of performance indicators. Because af the things
that I'm suppose to do is to facilitate transfes.y®u may know
that involves two things, one is making sure weehtie right
transfer program with the right courses, but algzesvising the
coordinator for transfer services.

Working on articulation agreements and things tha, it would
be really helpful to have data on where studentarous
programs are going, to know how many are applyonpé¢ various
schools, and then compare that with how many weteally
accepted, and how successful are they once thbgire. We used

to get data like this, frofj G For awhile

there was a law, they have to submit data.

That's gone now, we don't get it anymore.
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Researcher: You don't know where your graduatesstgo leavindi?
Who's continuing on, or what they do after theydgete?

Speaker 2: Our Institutional Research Office daeamannual graduate
survey. It's got a very little response rate.rids because they don't
try, they do try. It's because they compare daten fyear, to year,
to year, to year, so they never change the quest®ome of the
guestions are pretty outdated and they don't réally you get out
what you need to know.

We do have the graduate survey. You asked didtkat your
goal? If they set their goals, transfer and 95%toflents say yes,
it did help me meet that. Then if you go on and‘saydid you
have any problems,” and then they say “yes welcowyrses didn't
transfer well.”

That's where we needed to be able to break it dowinsay all
right “were these students in English and then theyided to go
major in French,” and so of course they didn'tsfanwell. Is it
that our courses don't align well with the part@ulniversity, or
was it something else?

But that's not recorded, and of course from myssssaent days. |
like, there are more authentic assessments, akel data, or data
that show me the students who started ||| ot's say
in Business Administration. | would like to knoverfthose who
transfer tjj | liflllon. and to the school of gemant, which
is their business program. How did they fair? Wikas their GPA
after the first year, what was their GPA upon gedaun, and did
they graduate with their Bachelors Degree?

Speaker 2: Then | would like to know the same tHiorghe students who
majored in business management here and transfé@inedast
time | had data like that, probably maybe 18 yeais, the state
had a grant and we did that and we could see thaalsy the
business management students did better than teess
administration.

Researcher: Now you have no way ...

Speaker 2: No we don't know ...
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Speaker 2:

Researcher:

Speaker 2:

Researcher:

Speaker 2:

Researcher:

Speaker 2:
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Because they'll separate. Well canhyok of how you use
analytic tool in the management of your daily atee?

Not sure | do. | do use like | sayhave a website actually,
sometimes when I'm trying to look up somethinganticular
maybe for grant proposal. Maybe when somebody bas d
program proposal to me, and | want to see if it ensdnse because
it's related to something else, then | go to the @kbsite | see
whatever | can find on enrollment in related diogs ...

So you search around and try to figore?
Yes.

Okay, describe your experience usatgtdogy to reach your
goals. | know that you mentioned this website, yea. Are there
different databases that you access, anythinghi&e

Only on tH il EV website. Other than teally I'm looking at
stuff on a very mega basis, the OIR stuff thatty eoad. It would
be helpful to use those technologies to really mbke that it was
very specific to a program, and a program, withpr@gram like a
specialization. Not just lumping everything togetiewould also
be good to actually use it to analyze. To pull thimgs together,
let's say | could say "Gosh is it really becauseatiult students do
better than young students?" Or something like that

It would be good to be able to say within businessiagement, do
the adult students do better than the young ohss,is there
anything they can do about it? Maybe that's just @fithose
things. As long as you got a bunch of young stuglgati're going
to have problems because they're not mature. Wim di&tt, use ...
We found years ago, age and grade and Englishtwerbest
predictors of success upon transfer.

How did you find that?
Because of the transfer data we gottinersenior institutions.
Other institutions giving you datagroter to help?

Yes, one of the areas in which we rea&éd to have various
specific data are in looking at the effectivenesslevelopmental
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studies and English as a second language. Theooapée of
things you need to be able to look at there. irstl you need to
see how long the students are stuck in developrhenESL. You
also need to be able to see if they take certaieldpmental
course, and then they move into either anotherldprreental
course, or a to a college credit course, how dg dlwein the
subsequent course?

Were they prepared, or were they not preparedf ybe need to
follow them, and say okay for example in EnglislevBlopmental
English is basically preparing students for Fresim@amposition.
Is that also preparing them for success in alheirtother courses?
Because contrary to popular belief, a lot aboutfaculty do in

fact require reading and writing.

It's not enough for a student to be okay, in Freah Composition.
They may need to be able to read and write in atberses as
well. Looking at their overall GPA, is there a éifént between
students who started developmental English or raaththose that
go on -those who didn't need it in the first pld€so what do you
do about it, but that's, that's when you use your brain not ...
No data is going to tell me what to do about it.

You're saying the kind of IT applia&tigou think would help you
would be a system that could perhaps gather d@llisfdata
together in one spot, where you could manipulaé@a compare it
and actually be able to drill down deeper withoanihg to go to
another database or another higher institutiontbwbuld have to
be localized.

Yes, one of the things that is reathpumportant to me is when
these databases are available is to have veryasddiaitions.
Because for example I've been on this task forcentjjjk
m developing their dashhoare of
the things we have to talk about was what doede¢hn mean to

—un

You have to know what the data reallgmaegand this is
something that when t{jjiCS for example puts ata dnd then
the college president says "Hey how can that b&at'J because
they mean something different. For example progoéanements
or FTE's -okay there are program place FTE's aexl there are
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discipline FTE. When | have to respond for exangdée now do to
the i viability study, and it says this prograas low FTE's.
It's not talking about FTE within the core disai@iin say
Accounting or Hospitality.

It's talking about the FTE's taken by studentsgdan the
program, no matter what courses they were takiog,knpow
English, history, math whatever else. You neednmeustand what
the people mean when they say FTE's. Dual enrotinban big,
big problems partly because they're not always d¢aderectly,
garbage in, garbage out that's one issue that gpwejve got to
deal with.

In addition when you say dual enrollment do yoallyemean just
students who are in contract courses at the higbator do you
mean students who comejVA classes and thefitjirs and
you don't even realize they're also in high schbolyou
specifically mean students who are getting dualicteth toward
their high school diploma and their college edwabr do you
specifically mean those students who are takinguase that
applies to both high school diploma and their geleducation.

The data definitions need to be veny, dlear.

All right, can you describe any tragniau have received in the
usage of analytic tools in your work place?

Well, I guess when ... I've bee ||} committee they have
trained us about how to use the new system. Thatuseful,
except | couldn't go to the main training whereduld have been
face to face, and they could have really taught me.

It was a Webinar?

Yeah, webinar and then | have to jusiosvn and do it, and play
with it and of course that means setting aside todo that, so |
haven't done a good job of that. It really woulddeen much
more time efficient if they had said okay you vii# here at this
time, and you will set aside a day to come anchléamw to do it
and then do it several times so that you remember.
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One thing that | hear that you're gagliso, is learning a new
system is time consuming and sometimes not exaaith it if
you're not trained properly?

That's correct, and one of the iss@svitive always worried
about here from the days when | was assessmerdinator even
is when you give people access to a lot of datahegp know what
they're doing, and again do they know what it meanke first
place. Good training is awfully important. | reatlgn't buy into
this “train the trainer” thing. It hasn't work waellith other things,
but certainly not with data now. | can understaadiilng somebody

at |l say like ou| o who is very patifor one

thing.

He crosses enough areas at the college that Ihe loelp train,
about people in finance and people in academidcEs? In many
cases somebody only knows their own, narrow ardasarwhen
they try to train people in another areas theytdordw how to put
it in context, and it's not very useful.

Well do you believe that the use diydostools and academic
management is worth the investment?

Yes, absolutely | do because | thinkitheligher Ed we have a
tendency to make decisions based on our gut, atd fost wrong.
A lot of times we aren't aware that there are gotd until they are
so significant that we can no longer ignore themd ke been
looking at things, had it been easy for us to stliaka from day to
day, or at least from month to month, we would hawtced there
was a problem ahead of time and maybe we could &navided it.

Absolutely | mean | really believe in this, butlywith good
training and that starts with people at the tolthed way down.

Well it sounds like you don't reallg adot of analytics right now
to help manage your key performance indicators. danit use it
or?

It's not available. | would ...

Do you know why it's not available?
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Because why well partly because peopterun institutional
research want to be sure that data are interpoetedctly, and to
be sure that they really are cleaned up beforelpesdart using
them. If you make stuff available in real time,rifteere are
chances for error, and also sometimes people dodérstand that
you're looking at a snapshot. You say "V|jjjjsays this, and
Il says that.” They look at the same data, thute days apart
and maybe second, eight-week started or sometitiaghat and
the enrollment data have changed.

There's a sense that because people are liketjstinderstand
data it's better for them not to have them ataalt] not every
administrator likes numbers.

You're saying ... I'm going to back ypdor one little thing. Data
is kept silo'ed in one specific area in order tcoamt for
cleanliness of data | think is what you said. ThHensecond one
was training specifically needed for managers. Bpetanagers
who don't really like the data, and they're notdugeusing the
data.

That sounds correct

Well that concludes all of my questitmthere any other
guestions, or any questions you have or anythingwant to
clarify?

No, that's all

thank you very much for your timeally appreciate it.

Welcome.



157

Appendix J: Redacted Patrticipate Transcript

(A sample of a participant transcript)

Researcher:

Speaker 2:

Researcher:

Speaker 2:

Researcher:

Speaker 2:

Thank yoll - ith. for dge® participate in my study.
Again, we are being recorded. You'll get a transtooif this interview.
You can look at it later and tell me if everythiisgexpressed as clearly
as we think it will be.

All right.

I’'m going to start out with asking ytut your position, what your
position is witj and how long you've worked (il

'm currently the Dean (G

I've held this position in a permanent status fgear and a half now.
Before that, | was acting. Before that, for 17 ge&mas an instructor
here at the college. During that time, | had akserban Assistant Dean

for about three years for |G

Thank you. The next question is, ifgmud describe your top three or
so primary key performance indicators or goals.dx@mple, what top
important things are you tasked to follow?

As | first read this question, threeghicome to mind. The first is, of
course, number of students enrolled in coursest waaall an FTE,
full-time equivalent students. My key responsipilibwards the provost,
what my provost would say is, my big responsibiigyo increase the
number of enroliments within my division. That'snasimg from her.
That'’s the thing that’'s most important to the pretvo

To me, my second key performance indicator thatelpkin mind all the
time is, what am | doing to make the programs inargas stronger
and/or better, or keep them up to date? I'm alwayserned with the
level of academics within my program area, a littkes tangible.
Number of students is fine. You can measure thavitd) a good, solid
academic program, | feel is a big responsibiligtthhave.

Then the third one, | would say, is working witlcditty to maintain ... |
don’t want to use the word happy, but ... to maintmreffective group
of faculty, making sure that they have what thegchi® teach their

classes, making sure that | meet their needs ierdod them to do their
job correctly. Then there’s probably about 20 otrealler things that |
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do on any given day. There’s dual enrollments. &lsecommunity
outreach. There’s student issues that | have @f i&sponsibility for,
student complaints, student recommendations, stgplade issues. |
don’t consider those the primary role of an acadedean.

More of a secondary ...

Yeah. Yes. | have to deal with themyTagart of my job description.
But, | don’t think about those every day, whichigally unfortunate,
because that's who we serve here. | don’t see rstarients unless
they’re in trouble.

Can you choose one of those KPIs audiloe how you manage one of
those?

The first one is the easiest one, wkitte increase of enroliments.
How do | manage it? | can’t say that | do it onaélydbasis, because it's
only when it is setting up the schedule that wel@oking at numbers.
We set up a schedule such that it meets a targeltraent. The college
has target enrollments, and then each campus iyt &anrollments.
Then, likewise, each division has the same tangetilenent as the
campus. | need to show that | am increasing my rusby ... If the
campus enrollment is .6 percent we need to incregasthen | need to
make sure that the schedule, as it is set up, walldad this division to
increase by that percentage.

It's in scheduling that we look at it and then wistndents are actually
enrolling. Then we have something that's calledefkand cancel,”
where we look to see what the enrollments are dmetiver it's
worthwhile to keep a course or not.

Bouncing off that idea, can you deschib kinds of data you use in
order to manage your enrollment?

Right now, for the first part of thahieh is setting up the schedule to
see if we would meet our target enroliments, wlyéave two people
here on campus who work on that. One is the whataltéhe scheduler.
She has worked with all the assistant deans omputigether the
schedule. There’s another person in her office thiea looks at those
numbers and says, “Okay, you have,” for exampla,r'‘tections of
Accounting 211, and four of those classes seae8plp. Therefore,
four times 30, if that class runs, that's 120 shigeThat divided by 15
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credits, which is a full-time equivalent studestthe number of FTEsS
those four classes will produce.”

How we get that information is assistant dean aedstheduler work on
the schedule, put the classes in. Then the othisopgagain ... the only
thing they’re using is a spreadsheet, using Exceletermines how
many potential FTEs could be created. Right nowrenleoking at the
fall schedule. They looked at it and said, “Buté&s¢, if these are the
only courses that you are offering, your numbeem’@igoing to be as
high as they potentially could have been the seanéstfore.” In that
regard, we're at the mercy of this one person wiowiges us this
information.

Normally, it's coming to us almost too late to dach about it.

Actually, | say that, to do something about it fioe printed schedule,
because that's what I'm talking about. Once wetlgese numbers and
we see where there’s deficiencies, then the pristbedule goes to
press, and then we continue to add courses ofliva’s what we're
doing now, is looking at it, and high-performanceitses ... courses
that we know a lot of students enroll in ... we areking to perhaps add
more sections of those.

From the other end, in terms of looking at whendtuglents are actually
signing up for it, we have a report that’s put bytour centralized
system called the SEMR Report, Student Enrolimean&fement
Report. That just shows all the courses within nwstbn for a

particular semester, and what’s the maximum nurobseats in that
course, and what in a particular class, and howyrsaudents are
enrolled in it. Then we look at that and determiarieether we’re going
to keep the class or not.

I don’t know if you're aware, we’re going to whaeire calling On-
Time Registration in the fall, which means thatstuts will not be able
to register late for classes. Next fall, we're gpin be offering 16 weeks
and then some 14-week courses, because now a swal@hbe able to
get into a 16-week course if they're ... They worétdble to register
late for a 16-week course. We’'re trying to thinkaoivay that we could
still capture them for the semester, and so weltérng in some 14-
week courses as well.

That's actually quite interesting. @aunthink of how you use analytic
tools in the management of your daily activities?
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How | do use them?

Yeah. | will say, quite frankly, that een’t use it much, other than
those two times of the year, build a schedule ahenxclasses are
starting. The rest of the time, we’re not doing toeoch.

| will add that there is a new system ... | don't inib you’ve heard of

it, it's Claris... that is taking the data out of axisting student
information system, and it's getting loaded intis thther system called
Claris, which, for the first time, is going to alldhe deans, the assistant
deans, the people who are working on schedulds &ble to look back
and see, “Historically, you've offered this couede5:00 on a Monday
night. Every other year, it has a lot of studeltghose intervening
years, it has very few students.” Or, it will shgau, “Oh, look. Look at
the past five years. A class being offered at @0@ight, the enrollments
have only gone down, down, down.”

You start to analyze, using data,adstéit just being more static.

Right. For me, the challenge will beifig the time to look at this. Just
as we took this little training session, it's aahike to me now. On any
given day, | don’t have much time to be forwardalting. We tend to
react as a ... We are trying to pro-act, and it wdnddyood if we could.

| know you've talked about this, butefcould just clarify. If you could
describe your experience using technology to exgead performance
goals.

Yeah. We have very primitive tools tatd®he fact that it's one person
sitting in an office, for the front-end part, detening what our
efficiency would be, that’s pretty primitive. Wheaitso, that person is
very ... | want to say ... hard-working, very cooperatibut Excel is
limited in what it can do. We’'re just starting towe in that direction,
but we're not there yet.

| know you talked about Claris andrtbis system. Can you tell me
what kinds of IT applications you believe wouldgbu accomplish
your goals more effectively? Like the Claris, dayzelieve that's going
to help, if you have the time to use it?

Yeah, | think it will. Because we tadknsuch, we make decisions based
on anecdotal evidence. We base decisions on o@riexjges or our gut.
Some of these decisions are being made at theaadsitean level. If it's
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an assistant dean who's been around for a whide, the decisions are
better. If it's a new assistant dean, then thegbotas good.

You're not making the decisions basethta, per se, you're making it
more what we’ve always done and what works?

Sometimes it's what we've always dortkitanworks. Sometimes we
make a decision not to do something because wewne d before, and
it didn’t seem to work. Whether if we actually leakat that ... because
as | well know, what you think you know might naoessarily be the
case. The data might show something else, sometiéngve weren’t
aware of. Because we’ve never had those toolsy't say that we've
been there.

Okay. | think that you said that yadi $@me training on this new Claris
system. Can you describe any training you havavedeising analytic
tools in your workplace?

Little to none. Yeah.

Okay. Do you believe the use of amaiytils and academic
management is worth the investment?

| think it would be worthwhile. | hawerhention that we also hafffj an
I hcrc at the cadlegho can provide a
lot of analytic information, but it's a centralizedganization, and it's a
very closed part of our organization. We have g déficult time to get
information from them as well as ... | forget whehe point where |
was going. Because there’s only one of them ascéntralized,
frequently the requests that we make are not hanore

It's not information that you have geifrin front of you that you can
get instantly?

No, no. It's six months old by the tweeget it, if even that.

It's not real-time. If you do not uatadand analytics to help manage
your key performance indicators, can you explaiy®Why not? Why
don’t you have them available to you?

| think it's because we’re a very ldrvgeeaucracy, and we move slowly.
| think that, despite the fact that these kindoofs | know are available
could be available, getting around to using thekegaa long time for
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someone to take responsibility and get it in pkace, therefore, get it to
us. | also think that, politically, we don’t havecass to this information
because of that central organization.

It's closed and siloed information thabt shared?
Shared, yeah. Yet, it would be veryulsefbe shared.

Okay. That was my last and final quesls there specific areas you'd
like to clarify a little bit more, or any other ggteons you have of me?

No. | will say that the whole time, thouin the back of my mind,
you're talking about technology ... This doesn’tifitthere, but it's ... |
spend a lot of time on e-mails every day. | speldenime using that
technology than anything else.

That would, you think, be your greateshat and spreadsheets, Excel,
those two items.

Yeah. | think there’s room for improvetrend would look forward to
the opportunity to have some useful but easy-totosis. | don't like to
get bogged down in learning to use a tool.

Okay. That makes a lot of sense.

Yeah. Yet, we, as an organization, @rggh.. We don’t have tools, but
we’re pushed to account for things, like retenémial number of
graduates. I'm not involved in that, although | kkbbe. What was |
going to say?

More analytic tools, you think, would-

Would definitely help in that regards.ylehink something in here said
something about retention. Yeah, but | could seenfa data analysis
point of view, what students we are retaining.imkht could point out
where some of the weaknesses are. When | say alballt faculty,
where the weaknesses are in maybe a faculty ttpsomething, or a
particular faculty member who might ...

You could definitely look at your studeas a whole and see where
they're dropping out most of the time. You couldlpably see what
classes they might be dropping out of at a greater Analytic tools
will help you do this. Right now, you’re sayingattbasically everything
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is in siloed different areas. If the informatiortg® you, it's probably
six months old, and there’s nothing available fou yo really help assist

Yeah, there really isn’t. Yeah, yeals, Yieat's true.

Thank you very much. At this poinkstbp the recording. You can
expect your transcript next week. Then we’ll gafrthere.

Very good.
Thank you.

Thank you.
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Thank yol| e, for agreeingeing a participant in my
study and, um, you've signed the consent form auckpow that,
uh, I am recording this and you can stop this inésy at any
moment for any reason. If you're comfortable withtt I'll go
ahead and start with the first question.

Please, go ahead.

Alright. What is your position wit{J and how long have you

worked forjjiil?

| work for everybody. | am the clerlEt@. | am the clerk to HR. |
am the ... | work for clerk approvals. But, my oiél title is Dean

of . 've been here for about 7 years.

Can you explain to me maybe your tee thrimary key
performance indicators or goals? For example, igmitant
things that you are tasked following or being acttahle for.

As an academic Dean, my mission isgpatieducation. We do
that, as most colleges do, with work load indicst&o probably
the number one work load that | get beat up alibathumber one
thing | have to keep up with, is how much am |, lnbnv many
more students am | teaching this year than lastamead how do
you measure that. As a secondary measure, theeelarref HR
things | have to do like doing performance evatuagiand, I'll call
them housekeeping chores and they rotate on acpabté cycle,
but whenever something's top dead center, you'ita go there.

Grievances, complaints, grade appeals, thingstiaeare issues
that would be great to keep a handle on. Uh, | thaok of others
as we go along, but, but you know, everyday isaatreat. You
kinda roll through what works.

Well, can you, uh, take one of thasesXample, and describe
how you manage a particular goal?

With terrific difficulty. Everything manual. And frequently the
metrics that are provided by the college are outaté, hard to get,
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or have to be derived from other sources. For e¥@nhpave no
idea how the budget process works. I'd love tdove somebody
to lay it down and explain it to me. They manageaganization
based on FTES, that's full-time equivalent studeftsl, so if you
do a certain amount of work in a given disciplipey've justified
two full-time faculty or seven full-time faculty avhatever. But
think about how extraordinarily poor metric thati®ing, uh,
fifteen FTEs of work in a math class where theee4t people in a
room and they come and they sit for three hourgekvand that's
it, is nothing like doing the same number of FTEs iclinically
intense course that has five hours of lecture anchours of lab
and fifteen contact hours of clinicals and to coregghe two is
such a case of apples and oranges, you just erilieye.

However, everything at this college is done on &THgust right
now making it a case for keeping a faculty membat some of
the resource managers say is clearly an area tivat'sesourced.
Using FTEs that particular discipline can justity faculty.
Crawling under the hood though, and looking atdat, and
again, it's manual and you gotta go to a lot ofkatorget it, | find
that that discipline only sold 600 credits lastryed 30 credits per
FTES per year or 15 per semester, that would edbateto
justifying 1.7 faculty. | have three. Clearly, I@gar to have one
too many, at least. But when | look at how mangatiens of each
lab and the fact that | only have four stenogragioy, | said it,
four, four lab pieces of equipment to use, uh,n da absolutely
no more than eight students at a time with oneepihg to be the
patient and one pretending to be the disciplineigfist.

So, you're saying you're tracking fres-that's one of your main
top goals, what kinds of specific data do you uU3e%¥ou use
applications or do you use databases or ...

Well, the college is ... the colleg#isial data set is people soft,
and, uh, I am able to go in on either the AIS @&,Shat's the
Administrative Information System, uh, or the Stuideformation
Services system and get information from it. On gimgn day at
any given moment, | can go in and ask it to giveameport by
division. | can tell you how many head count, udaaped and
duplicated head count there are or how many FT& thre for
that discipline and this semester, last semestatevBr period of
time | look at.
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What the college has a high propensity to do got@and trend this
time last year against this time this year. Whatinged? Recently,
we had a grant in the, uh, area of medical eduta@mnpus that
gave us fully funded scholarships that amountdtutalreds of
students per semester. When the grant dried upyorkrload
dropped by hundreds now.

But that's hard to tell what you'réngggrobably from the
database.

You have to derive what was differefree after and during the
period to show the aberration that was caused édgtant. But the
casual observer looking at the normally availab&ruments she
says "Why is your workload down so much?" And yewotta
work behind that.

So can you think of how you used anabytls in the
management of any of this?

Wow, what a question. It is my perceptnat the college does
precious little training on how to use the avaiatdols. If you
punish yourself to blunder through it til it workgu can get data
from it. Most of what | do is | pull reports andtghem into
spreadsheets. Uh, | may privately use softwarehased in
simulation models or in different, uh, object dnvaodels to help
me get a handle on something, but it's not provimethe college.

My next question is kind of the sanmmeagprendering of
information describe your experience using techgwlo reach or
exceed your performance goals. And so, I'm justihgahat you
use a lot of spreadsheets, different databasespenmaps
personally purchased ...

| have a background in business proeemsgineering. One of my
favorite tools | privately purchased and was thamefble to keep
was a product called I-Think, uh, by, uh, startetM& now it
belongs to Stella Systems, but it's a objects drawsalytic
software with a feedback and adjustment, uh, sittwanodels,
hence, it's fairly easy to use otherwise | probaolyldn't handle it.
Uh, but it lets you, uh, set in motion a numbediffierent
modules, ghost them off of each other, and then owve, see
what the impact is of your decisions, if you caafthow you're
working your model. That's sort of what if drillgltollege does
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not do well. And, and if you're trying to make agwamnent you
almost always have to do it. It is a fact at Ndvat they will say if
you go do X, we'll resource it. And it is my appcbdo always say
if you'll give me these resources, | will do X. Tiveo are
incompatible. So their decision making is toughhat
environment.

So what kinds of IT applications dolyelieve would help you
accomplish your goals more effectively? Um, yoylist
mentioned this analytic tool, I-Think. Is there

I understand your question. | wannaaplvack upstream from
the question and say the first thing the collegedseo deal
without any address at all on what any analytidsti®decide what
it's requirements are. | don't think we've eveeagdras a
community on how to measure performance. Somebauhgsato,
to make a hole in something, they buy a drill. Thep't want a
drill. They want a hole. The college wants more moWhat does
it really want? Does it want more graduates avhat are we
measuring? What makes better, better? | don't tiek
performance metrics have ever been defined antdd Yaeld
would come out of just doing that. Almost probaalyways an
organization wants to be more efficient. That'datelper unit.
Anytime you're measuring dollars per unit, you'oétg count
units, you've gotta count total money spent, whattgou're doing
the per unit cost are and you do it. Efficiency.

What if what you're measuring is satisfaction@ihow do you
do that? Do you do it by customer survey? Do yoit 8y repeat
business? How do you measure satisfaction? Wiatiife
measuring timeliness? Forget about the cost pér@an | do
something today ten times faster than | did iteey? And if |
can, then knowing that and building a system tletivers it would
be great. Sadly, | don't think the college has exeiressed what is
it we want to measure. So what happens is every,Bsery Vice
President and every Provost has their pet rocksvarially we
craft someway to kinda get a handle on what thaissially, it's
how many students do you have or how many FTEgarealoing.

But at the deeper sense of this, when | look athen | look at
workload at th{jjiC and 1 look across all ten gioes we teach,
from year to year on a five year period | receaihalyzed, we start
a hundred students per year and continue 69 inty@arOr in
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other words, we have 69% retention rate. Withcautisty any
more students, without increasing the size of angmm, | could
increase my revenue and, therefore, my work loasiyply not
losing any.

So the metric I'm after is not so much how big gan get, but
how many of your students can you retain. Thatasueng
something totally different. | think going down thaad, it would
help us to kind of really crystallize what it is veeafter. Uh, at the
medical education campus, people say get biggef push back
and say "Can't." And they,

They insist that | try and | say noallrof ||| | G and

. there are 45 clinical rotations in radiograimg I'm doing
that. | can train you a thousaljjj oy sttsdiera lecture,
but | can only rotate 45. And | can only graduatewets rotated.
So frequently, as in most complex systems, thegthwe're talking
to are what's the constraint? How do you maketteb2It's
systems theory. If | were running a car manufantugompany
and | had two divisions, one that made power tram$engines
and the other division made the body and everytbisg. And |
told both these Vice Presidents to go out and made and they
came in with plans. The guy making power traing $acan give
you a ten times increase with these resources."tBaguy
making bodies said "No matter how much money yee gie, |
can only give you a two times increase." A prudeahager would
say "Okay, then everybody double what you're d6ivie don't
do that. We have somebody out there making "I cakenyou
200% of this" and whatever it is contingent upon ga up by
10% and we're wondering why we're out of balance.ané a
complex system. We do not balance the big pici¥e tend to try
to optimize the littler pictures and there are ndtbn dashboards
or analytics to give us that help.

Currently?
Currently.
Okay. Um, I think

Good point. There could be.
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I think so. But, um, | think you hachtimned training, but my
next question revolves around any training that lyave received
in the use of analytic tools in your work place.dArthink | know
what the answer to that is.

When | came on board 7 years ago, & a0 afternoon session
being oriented to AIS and SIS. And since that tilveaje had
nothing except what | taught myself. Uh, there i-Bliddle ware
and | forgotten the name of it, hopefully somebetbe you talked
to will remember it, uh, that is a product t{ i}l purchased
for us to be able to use that would deliver repbuismy problem
with that middle ware is it is only as good as dila¢a. And the data
in the system is not timely and not accurate. Souf have a
dashboard that is giving you data that was accaatd 6 weeks
ago, man, that could be a problem. Because whawkldt
budgets, especially at this time of the year agpmoach the end
of the year, knowing that | have on paper half Bioni dollars left
but failing to reconcile the fact that I've got $4@00 worth of
outstanding checks, could cause me to make a \asryristake if |
just spent a half a million dollars. It's gottarhere timely. | mean
... It's not there.

So do you believe the use of anabyis in an academic
management is worth the investment? Being ableish phings on
a 24-hour time basis, pushing you information, ggtiy,
something that is on top of SIS and people softahdr discreet
database and kind of gives you that informatiom dimely manor.
Is it worth that investment?

Well, up to a point. | mean, everytluag be priced out of its
market, but better management would be betteh,l, u

Better management of the data?

Yeah, better management of the datay loetshboards, better
ability to make decisions. Timely information alveadyelps you. |
mean, if Washington had better information whertossed the
Delaware, he might have done it during the dayeexsiof at night
or something. You get the idea.

Okay. Well, if you do not use dataanh)ytics to help manage
your key performance indicators, can you explaiywthy not?
Which I kind of think you have explained it but ...
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It's not there. | mean, it ... How day this? The college looks at
FTEs. | like to look at costs. For example, the lHuanResources
system, when | need assistanc[EMT trainingtHerhands on
labs, my affiliate, my accreditation body says yan't have more
than 6 students in a lab section. Uh, HR says "Ve#lbf your
professors should be credentialed, adjunct ortiiulé faculty. If |
use a full-time faculty it's $2,000 - $2,500 a dteflut using
adjunct it's $700 a credit. If | use a credentiglacamedic who
cannot be a faculty member but can support my oteded
faculty member, | can put together a set of 60esttglin a single
lab, one section of which is managed by the crealeadt professor
and five by the students. | mean, I'm getting pment here, the
idea is that that paramedic cost me about $20 endran a 16
weeks semester, $320 a credit. So the stairc&a9isr00, or
2,000 a credit. Which is better? The college inifiestme to do
the 2,000. And makes me fight to do the 320. If jsi put that in
front of me or anybody else that's got a brainy'theay " Ah, let's
do it the best way. Let's do it the most efficiesmty.” That day is
not there. So, yes.

So you're saying

If you give me the right informatioti,iake better decisions.
So, timely data?

Well, timely and access to.

Access data.

| can sit down with any one of my proggand | can count how
many students are in a class, how many creditass ¢$, multiply
it by 153.25 and know what the revenue is. Thabiswhat | get.
Where does the rest of that go? Not because | toakmeow, but
just because somebody ought to know. How do webgata
making that decision? You walk around this buildamgl you see
some offices with very large flat panel tvs on wedl. For what?
They're not a video center, they're hopefully natahing tv. Why
do you need that ... why was that a better expereddf funds than
maybe five tablets to be used for testing in ontheftesting
centers? There is no relative playoff between geodetter
decisions. We just kinda muddle along and do wheaaiways did.
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Additionally, every Vice President, every Provastery Dean gets
their pot of money and always needs more but willgive you
any of it for any reason. We do not optimize thg $rstem. We all
seek to make our little parts of it better.

Well, thank you. Was there anything tkiat you wanted to
clarify or add to ..

I'm going through this for hours, | gues
Okay.

I think we'd be much richer if we haddredata. | think that some
people are not data thinkers. Some people lovadpheets, some
hate them. Some people love Power Points, somehmate My ...
Different kinds of folks but there oughta be a wawn either give
you a picture or words or numbers to help you nagasions and
right now the only way to get there is to sit doand do your own
private, very labor intensive study. So, yes. Adretlashboard,
better access to that. Understanding it. One ofawgrite ...

Training component.

Yeah, there's a book that was develmpee than 20 years ago by
a guy named Michael Gerber. It's one of those "\Wioved my
cheese" kind of books, titled The E-Myth. | thitist college and
any other large organization can take a note fidmec¢ause in the
book, E stands for entrepreneurial. Gerber sitasttte thesis, if
you will, that everybody knows they're smarter tkfa@ir boss.
And so they quit their job and they go into businfes themselves
and they succeed wonderfully in the text of thekoowtil they
have to hire the second employee. And then bedaessew
employee doesn't know or understand what the nafufres
business is, it begins to get less good. | meangtiality goes
down, everything begins to fail. Because good avtalenpeople
who are successful always work nobly and hard énbilnsiness,
but tend not to focus on the business.

e is full of pgle who have
worked horrendously hard in the business of comtywallege
education. But there is almost no effort being git@working on
the business of that community college.
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We need processes. We need repeatable processesed/
metrics. We need people who agree on the sharemh\aad the
big picture. We're not there.

Okay. Great. Well, thank you for thisriview. | really appreciate
your time and I'm going to stop recording now.
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Thank you for agreeing to participatay study.
My pleasure.

I'm going to start out with the finse¢stions which is, describe
your position withirf . and how long have yourked for

| have been VA since July of 200L2e of 2012 actually.
I'm the nt, which is a positihat

fundamentally had the “duties as assigned.”
Everything just comes on to your plate.
Or not.

Can you tell me what are the top tmiegary key performance
indicators or goals for your position? For examplbat are the top
things that you're tasked to follow?

Our ability JJlfA to provide as muctancial aid, federal
financial aid in particular, to students as humadgsible within
the compliance requirements of the Department oic&tion.
That's, | think, probably the most fundamental lnseat's the most
supportive of students. That's a key thing thatwanking on right
now. That's a lot of technology, so we'll coverttinaa few
minutes.

Interestingly enough, a pretty mundane one ikinacthe history
of faculty positions, because positions are capabbeing
reallocated. Some are restricted. Some are refyllaime
positions. We have to put our resources where ¢lee s. The
resources are limited, so that's a very highlylokda-oriented
tracking.

| have a whole raft of things, but I'm trying tactis on things that
require and need data and benchmarking in ordetlcav. Simple
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things like what are best practices in advisinglstis. You think
about student's success, what does it mean todoessful as a
student?

Also, let me talk about the curriculeraaother area, because
when you're deciding what programs to offer, thedkof
information you need to know is what happens ttudent when
they finish this program? If they are in a partesuhrea, what skills
do they need to have, what competencies, and wéaéwtial do
they need to have? Are the students going to bdosmalgle at the
end of what we do? Do they need to go on and teahsfou need
employment data. You need to know what kind ofdhihiring
managers are looking for, for example. That's as{y¢o come by.

The other is when are you going to turn off a paog? Why? Does
it just need revision, or is it really totally ooft date? You need
data to do that. Those are three things, the adunc, faculty
strengths and history, who they are, and on mepight now
financial aid is important.

Can you choose one of those top Kdldestribe how you
manage that, maybe on a day-to-day basis or wéalds?

Yeah. Let's talk about financial aiddose it's what I've been
working on recentlyjilJA gets about forty-four trsand
FAFSA forms, financial aid applications, federaldncial aid
applications, to process every year. The lengtimuod it takes to
process one of those applications determines wheth®ot a
student is going to have any financial aid awardethem in a
timely manner. The first questions is, what doé&isaly manner
mean? That means when do students need to havaithe place
so that they can be in class on the first day Wieir books ready
to play. You've got a timeline question.

Then you've got a question of how long does i¢ tikprocess
from the receipt of an application to the awardj how do you
know you're doing well or poorly? The only way yknow that is
to benchmark yourself against other institutionsu'Ye got to
figure out, okay, what are the indicators that weuld want to use
to benchmark yourself? One could be what fractioyoor
students that are enrolled actually get federafanal aid? That's
very easy to find, in IPEDS for example.
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Another question might be, from the date that yemeived the
application, how long does it take for the awarthégposted to the
student's account? Long, short, and what are piéple doing?
What can you do to change either the behavioruafesits to get
on the ball and get things done, or the way yoegss things.
Benchmarking on time, benchmarking on fraction ebgle with
aid, and weighing that against the timeline foroimrent and
registration of institutions. Those are all measwy@u might use.

Just curious, and this may not betap#rs, but how are other
universities ... | don't think IPEDS track thatarrhation do they?
How easy is it to get the information from otheivensities?

You have to have a relationship buikkmpng and between
financial aid offices so that they would be willitgshare data.
Even more interestingly, you have to ask the reglegstion with
the right detail. You might say, "Okay, twenty-eigiercent of our
students got a Pell Grant." That requires how nf2elis were
there and how many students do you have? Do yout coly the
students who would be eligible to get a Pell Gr&a?/ou count
all the head count? In other words, do you couatsénior citizens
that come to take a class at a community collegrihting
workforce or not?

How you ask the question and how you define thigery
important ... and then when you go out and asjoit, have to be
sure that the people answering it are answeringglit the data the
way you want it.

IPEDS does do the percent of Pell.ds st do the time activity.
That's really tough to come by, because some atgits are not
chosen to be verified by the federal government.

About thirty-eight percent get verified.

Can you describe the kinds of dataigeun order to manage this
process?

It's financial data. How many dollaraishare being given out
trend-wise, year by year by year. How many studarggetting ...
typically trends. You want to know whether thisegppening and
are you giving more aid out? Is aid increasingdiagtan your
student body is increasing, because then whatfsemipg ... Then
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you're learning, okay | am actually getting mor iai the hands of
more students. It isn't just that I'm giving moi& laecause | have
more students. In the time when you're growing civhwe were
for a long time, the growth rate of dollars in firtgal aid far
exceeded the growth rate in the student body, wéagis we were
doing a better job. That's a measure that you cosgd

Dollars, number of awards, processing time .. s€rare all
longitudinal. You've got to ask the question, wias it last year?
How long did it take? If a student submitted a FARS June,
when did they get their award? Okay? If they sutaditt in June
of 2011, June of 2012, and June of 2013, how lodgt dake? Is
the time to process that shrinking, because thesal, you're
becoming more efficient. The students are reagjap when they
getin class.

Can you talk about how you use anabyis in the management
of this tracking? Any analytic tools that are aahle to you that
you use.

I've been using QUIN because the fiahad piece is up. Itis ...
| wouldn't say it's a dashboard-like activity yedt it could
become a visual dashboard. Frankly, what you waualdt to look
at there would be trends. You would want to havétigaar data,
maybe a three-year trend. The great thing aboutNQ&Jthat it has
pretty good ability to drill down into the data,wdo to the
individual student. That means a wide range of fgeopuld use it
for different purposes. That's just coming out|] #onk that's one
area.

| use a lot of researcher parts from NCHEMS. feterge data, the
NSF.gov has a lot of how many degrees in varioienses are
being awarded.

Census data. Interestingly, censusaddtaopulation data and
trends by geographic things on the census siteaoable. When
you're thinking about ... If you have a multi-carapustitution,
and you want to ask, "Should we be offering thisgoam
I You can ask, "What is the demographite@rea
where we are offering it, and where would it becassful out
there?" It gives you some feel about how your cuttm would
go. | don't know if there are any analytic toolsjfahose are just
databases. What is it they say about big data™égsalise you
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have a lot of data doesn't mean you're a big datass you can
ask the right questions.

The new programs that are out, thesgpdagirams are called data
analytics.

Can you describe your experience tsthgology to reach your
goals? | know that you had mentioned IPEDS whidhés
financial aid government, federal government daiseb

Using technology generally?
Generally and specifically if you hspecifics.

I don't know. I'm a data freak, schiisd to say. | can't divorce
myself from data and technology and ... | try talfthe tool that is
most valuable to do what | want to do. Then, ibhd have
something | want to do with it, I don't just playtivit and learn
now to use it. | find it's much easier to have @jgut that you want
to work on and use ... When Lotus came out, tts¢ $ppreadsheet
stuff, it's great, but unless you've got to malspieeadsheet for
something ...

....apply it.

Right. You're just playing around. Youa'tllearn it that way.
| know that you probably use lots thédint databases.
Yeah. I'm a MAC person, so | use dagsbas

Databases. You use People Soft, Si%se are the big ones in
use at the college.

HRMS

There are a lot of databases, a lof@fnation that's reduced at
the Brookings Institution. The Council on Educatlas a lot of
reports. Those aren't really databases, but thiey pou to where
the data came from.
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If you could dream a little, what kin@li§I' applications do you
believe would help you accomplish your goals mdfieiently or
more effectively?

There are some new programs out that/balvisualize large
amounts of data. | was just playing around with sahthem. |
can't remember the names of what | was playing.Withen |
looked at them ... What they do is take ... Théyvalou to cut
data vertically, horizontally, diagonally, in thrdanensions.

many different discrete data-

Exactly. More than just a pivot tablsamething like that. Then
you can visualize and you can do “what-if” scensribhe problem
with those right now is they have a steep learcimye. They are
only now beginning to become user-friendly. I'vedi€rystal
reports to sample things. | think, frankly, tha thig thing at
I vould be to provide a way for people, provosisans, and
others, to sample our large databases in a way that

will create an Excel spreadsheet quigktyead of having to use
institutional research as the only source of alkda

Can you describe any training thahygee had here in the
workplace in analytic tools?

I'll give you my philosophy. If | havemject, | go learn it. I've
never had a problem-]

... because | have a motivation to.d®ight? Whereas, if | were
required to go, back in the days when the systemeaaut, to go to
Excel training, | would have said, "Just give me pnogram, and
let me play with it."

I'll figure out what | can do with it.

Do you believe the use of analytistomohcademic management
is worth the investment?

Worth? It's more than worth the investméyou are not data
driven, forget it. You can't run a college withaade amount of
public dollars on anecdotes.
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If you don't have analytics right nowaur workplace to help you
with your KPIs, your key performance indicatorsn gau explain
why or why not?

| have everything | need or | go findfat's just me.

| have to see it on a spreadsheet, baruor graph, not in a
narrative. That's just me.

An analytic tool ... You say that itldabe useful and it's
worthwhile. However, the organization right now daomt ...

The visualization tools, | think, whasle coming online and
online versions of them ...

The use of something called Omnigrapsomething like that,
which is not a visualization tool for data but etls a way to
organize your thinking. Prezi is another preseotatine.

Getting back to analytics here in tharozation, do you know of
any barriers that there would be for the institatio not adopt an
analytic tool for it's management staff, deansiséamst deans, ...

Remember, we | GGG /< re the biggest.

The complexity of what we do is far beyond anythin |||
approaches it, but not in the way we do. The amotidata we
have to deal with, the complexity of what we dedhwdoes not fit

or is not needed i EGTGEGEGEN: <BGEGEE it four

hundred students or whatever. They can get awdyanlibt of
manual stuff.

We have to convince the system to dgs$Hor us that aren't
needed b i s

So, it would be-
We're limited ...
Politically, bureaucratically ?

Yes. You're correct.
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Researcher: That was my last question for you. tiMa® anything that you
wanted to clarify, or any questions you have foPme

Speaker 2: No. I think when we covered everything.
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Appendix M: Permission from Community Partner tof&en Research

(This represent the letter from College Z givingmpession to use the College for data
Collection and research purposes)

ent

December 18, 2013

Dear Ms. Pomeroy,

Based on my review of your research proposal, ¢ germission for you to conduct the
study entitled Academic Analytics: Barriers to Adop within ||| Gk

B /s part of this study, | autlzeriyou to:

Interview academic personnel in order to exploneids to the adoption of analytic tools
in a higher education organization. The interviaxesions will be adapted and modified
to meet the needs of the study by Venkatesh, ZD8 individuals whom you will
interview will meet criteria based on their academanagement roles. In the event there
are fewer participants due to unexpected circunes&gryou can easily contact members
from the original list of prospective participants.

The participants will be reminded at the time @ thterview that their interview is
voluntary and that confidentiality will be kept. ¥ovill remind the participants that they
can refuse without reason, to answer any questioa participants will be told that they
will be able to review the transcript of their intw in order to make certain their
answers are appropriately recorded.

The interviews will be conducted within a time framwif four weeks. Each individual
participant will schedule the interview at his @rltonvenience. The data that will be
collected during the interviews will be transcrilet coded using the computer software
NVivo or another appropriate software.

When the participants exit the interview sessi@chanterviewee will be asked again to
verify their contact information. This will be dose that the transcribed interview can be
sent to the interviewees for review. The partictpamill be sent, by e-mail, the
transcribed interview so they can make any adjustsniey feel necessary.
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Individuals’ participation will be voluntary and titeir own discretion.

We understand that our organization’s respong#slitnclude:

We will work with you in order to provide an appraie criterion-based list of possible
interviewees. The interviews will take place in tifece of the individual participants;
this is deemed necessary, as the time an acadesmiager would lose leaving campus
was valuable.

We reserve the right to withdraw from the studgm@y time if our circumstances change.
| confirm that | am authorized to approve reseandhis setting.

| understand that the data collected will remaitirely confidential and may not be
provided to anyone outside of the research teafmowitpermission from the Walden
University IRB.

Sincerely,
I
u

Walden University policy on electronic signatur@s: electronic signature is just as valid
as a written signature as long as both parties agkeed to conduct the transaction
electronically. Electronic signatures are reguldigdhe Uniform Electronic Transactions
Act. Electronic signatures are only valid when signer is either (a) the sender of the e-
mail, or (b) copied on the e-mail containing thgngid document. Legally an "electronic
signature” can be the person’s typed name, theiakkaddress, or any other identifying
marker. Walden University staff verify any electiosignatures that do not originate
from a password-protected source (i.e., an e-ndditesss officially on file with Walden).
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Appendix N: Pilot Study Consent Form

Pilot Study Consent Form

You are invited to take part in a research studagdemic Analytics in Higher
Education: Barriers to Adoption. | intend to exgldhe extent to which Higher Education
academic managers use academic analytics to mémgigkey productivity indicators. The
researcher is inviting persons who have key peroce indicators, which are measurable, who
would have the necessity to use analytic toolg@deioto assist them in meeting their goals to be
in the study. An example of a key performance iagticfor an academic dean is to retain a
certain amount of students in a program from omeester to the next. This form is part of a
process called “informed consent” to allow you taerstand this study before deciding whether
to take part.

This study is being conducted by a researcher naffiié Pomeroy, who is a doctoral student at
Walden University.

Background Information:

The purpose of this study is to explore the extenthich Higher Education academic managers
use academic analytics to manage their key prodtycindicators and any barriers that prevent
the adoption and use of analytics in an acadentinge

Procedures:
If you agree to be in this study, you will be asked

o Participate in a 35-45 minute interview- this infew will be audio recorded
Listed below are the questions:

Can you think of how you use information technodsgin the management of your daily
activities?

What are your primary key performance indicatoralg®

Describe how you manage your primary key perforraandicators/goals?

What is your position within the organization? Himmg have your worked for the organization?

Describe the kinds of data you use in order to manyaur performance indicators/goals.

What kinds of IT support do you believe would hgdu accomplish your goals more effectively?

Describe your experience using technology to rem@xceed your performance goals.

Describe any training you have received in the esddgechnology in your workplace.

Do you believe the use of technology in academinagament is worth the investment? Please
explain.

If you do not use data and analytics to help maryage key performance indicators, can you
explain why not?

After the interview, which will be audio recordddyill transcribe the interview. | will then send
you via e-mail the transcription. At this time, yomay contact me to revise any information and
review any follow-up questions that may arise.

Voluntary Nature of the Study:
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This study is voluntary. Everyone will respect ydecision of whether or not you choose to be in
the study. If you decide to join the study now, yam still change your mind later. You may stop
at any time. There are no gifts, compensationiontyersements for the participants in this study.

Risks and Benefits of Being in the Study:

Being in this study would not pose risk to youresafor wellbeing. This study will benefit higher
education institutions in identifying the potentigrriers to adoption of analytic tools that may
greatly help academic mangers increase studenéssicamong other key productivity indicators.

Privacy:

Any information you provide will be kept confideali The researcher will not use your personal
information for any purposes outside of this researoject. Also, the researcher will not include
your name or anything else that could identify yiothe study reports. Data will be on a
password protected computer and will be kept sdoytmeing locked in the researcher’s personal
home office. Data will be kept for a period of @ast 5 years, as required by the university.

Contacts and Questions:

You may ask any questions you have now. Or if yavehquestions later, you may contact the
researcher Vil | | R o >y ohone R 1 1. ' you want to talk
privately about your rights as a participant, yan call Dr. Leilani Endicott. She is the Walden
University representative who can discuss this with. Her phone number ||| | | 2 10.
Walden University’s approval number for this stusl$1-28-14-0231112 and it expires on
January 27, 2015.

The researcher will give you a copy of this fornkézp.

Statement of Consent:
I have read the above information and | feel | ustdand the study well enough to make a

decision about my involvement. By signing belownHerstand that | am agreeing to the terms
described above.

Printed Name of Participant

Date of consent

Participant’s Signature

Researcher’s Signature
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Appendix O: Regular Study Consent Form

Regular Study Consent Form

You are invited to take part in a research studagdemic Analytics in Higher
Education: Barriers to Adoption. | intend to exgdhe extent to which Higher Education
academic managers use academic analytics to mémgigkey productivity indicators. The
researcher is inviting persons who have key pefoce indicators, which are measurable, who
would have the necessity to use analytic toolgdeioto assist them in meeting their goals to be
in the study. An example of a key performance iagticfor an academic dean is to retain a
certain amount of students in a program from omeesger to the next. This form is part of a
process called “informed consent” to allow you taerstand this study before deciding whether
to take part.

This study is being conducted by a researcher naifiié Pomeroy, who is a doctoral student at
Walden University. You may already know the researas Jj GG
N . 0t this studly is separate from
that role.

Background Information:

The purpose of this study is to explore the extenthich Higher Education academic managers
use academic analytics to manage their key prodtycindicators and any barriers that prevent
the adoption and use of analytics in an acadentinge

Procedures:

If you agree to be in this study, you will be asked
¢ Participate in a 35-45 minute interview

Here are the questions:

What is your position withi|ju and how long hayau worked foljiip?

What are your top 3-5 primary key performance iathics or goals? For example, what
top important things are you tasked with to follow?

Describe how you manage 1 of your primary key pernce indicators.

Describe the kinds of data you use in order to many@ur performance indicators.

Can you think of how you use analytic tools in theanagement of your daily activities?

Describe your experience using technology to remaxceed your performance goals.

What kinds of IT applications do you believe wotklp you accomplish your goals
more effectively?

Describe any training you have received in the esd@nalytic tools in your workplace.

Do you believe the use of analytic tools in academanagement is worth the
investment? Please explain.

If you do not use data and analytics to help maryage key performance indicators, can you
explain why not?

Voluntary Nature of the Study:
This study is voluntary. Everyone will respect ydecision of whether or not you choose to be in
the study. No one NG i trcat you differently if you
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decide not to be in the study. If you decide ta jihie study now, you can still change your mind
later. You may stop at any time. There are no giftenpensation or reimbursements for the
participants in this study.

Risks and Benefits of Being in the Study:

Being in this study would not pose risk to youresafor wellbeing. This study will benefit higher
education institutions in identifying the potentiarriers to adoption of analytic tools that may
greatly help academic mangers increase studenéssicamong other key productivity indicators.

Privacy:

Any information you provide will be kept confideali The researcher will not use your personal
information for any purposes outside of this reskearoject. Also, the researcher will not include
your name or anything else that could identify yiothe study reports. Data will be on a
password protected computer and Data will be keqire by being locked in the researcher’s
personal home office. Data will be kept for a perid at least 5 years, as required by the
university.

Contacts and Questions:
You may ask any questions you have now. Or if yavehquestions later, you may contact the

researcher vil| | G .. or by=ha (. L. ' you want to talk

privately about your rights as a participant, yau call Dr. Leilani Endicott. She is the Walden
University representative who can discuss this with. Her phone number ||| I 220.
Walden University’s approval number for this stusl§1-28-14-0231112 and it expires on
January 27, 2015.

The researcher will give you a copy of this fornkézp.
Statement of Consent:
| have read the above information and | feel | ustdand the study well enough to make a

decision about my involvement. By signing belownHerstand that | am agreeing to the terms
described above.

Printed Name of Participant

Date of consent

Participant’s Signature

Researcher’s Signature
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Appendix P: Interview Protocol

Q1: What is your position with{ju and how lonave you worked foljjjiju?

Q2: What are your top 3-5 primary key performamzidators or goals? For example,
what top important things are you tasked with tofe?

Q3: Describe how you manage 1 of your primary kefggmance indicators.
Q4: Describe the kinds of data you use in ordenaémage your performance indicators.

Q5: Can you think of how you use analytic toolshea management of your daily
activities?

A6: Describe your experience using technology &xineor exceed your performance
goals.

Q7: What kinds of IT applications do you believeulbhelp you accomplish your goals
more effectively?

Q8: Describe any training you have received inusage of analytic tools in your
workplace.

Q9: Do you believe the use of analytic tools indszaic management is worth the
investment? Please explain.

Q10: If you do not use data and analytics to hedpage your key performance
indicators, can you explain why not?
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Curriculum Vitae

Willie Pomeroy
64
m

Curriculum Design, Evaluation, Analysis: 5 yearpeence in compliance audits to
include SOX, SACS, financials and academics. Peefmarre-accreditation visits to
include SACS, MVER, SHEV, and ACICS.

e
February 2010-Current

| currently assist faculty with the developmentgalth Information Technology
curriculum. | coordinate content area, ensure lootal and vertical alignment between
courses, assist in the development of resourceasdcher and student use, utilize
research based instructional practices, and asgis¢ integration of technology into the
curriculum (Nov. 2011-Current).

| worked with the HR Department and college persgbanditing and reviewing adjunct
faculty credentials for the SACS reaccreditatiozufty roster. | assisted Division and
Assistant Deans with developing justification respsdor faculty who demonstrated
competencies in their field of expertise (Feb. 20¥. 2011).

COLLEGE ADMINISTRATION EXPERIENCE
Everest College, Academic Dean July 2007- JuB920

Everest College is located in Arlington, VA. Thedtnt population was 700 students. |
had 40 faculty and staff who reported directly te. My responsibilities consisted of the
following:

Maintain SHEV, SOX, ACICS, IA Standards- conductrindy compliance audits
Curriculum analysis and input for Allied Health,i@mal Justice and Business Programs
Implement and establish procedures to ensure guliicational programs

Initiate procedures for the proper management éitidation of all equipment, supplies,
and instructional materials

Monitor and evaluate instructional performance rodtdtogy, materials, and textbooks
Conduct and monitor faculty training sessions,an¢ge activities, and regular
department meetings to ensure expected perfornamtgrowth standards

Recruitment and training of faculty and supportfsta

Evaluate Faculty effectiveness and determine dewedmt goals

Perform monthly audits on cross-functional areasademics, Financial Aid, Business
Office, and Career Services. Report annually teeFadDatabase IPEDS.

Monitor Student Academic Progress (SAP)
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Continuous evaluation of programs of study to emsurrent market and employer
demands

TESST College of Technology, Director of Education December 2005-July 2007

TESST College located in Alexandria, VA. The studaspulation is 250 students. | had
23 faculty and staff who reported directly to mey Msponsibilities consisted of the
following:

Maintain compliance standards through audit checksmonthly compliance reports
Curriculum development and analysis for AH, LPNg &mformation Technology
programs

Monitor and evaluate instructional performance rodtdtogy, materials, and textbooks
used to ensure achievement of educational objexctive

Conduct faculty development programs, in-servidevdies and department meetings
Consistently evaluate faculty and staff for effeetiess

Report annually to Federal Database IPEDS.

Central Texas College, Director of Operations Septr 2003-September 2004

Central Texas College (CTC) is a community collegadquartered in Killeen, Texas.
CTC holds contracts with the Department of Defe@ongarovide education to deployed
military personnel. As Director of Operations fhetregion of Japan, | was responsible
for hiring and training faculty and the preparation SACS reaccreditation and MIVER
evaluation.

Maintained SACS and MVER Accreditation Standardaeppre for SACS review;
received MVER review commendation

Reviewed and approved curriculum for on-line anesiv@ courses

Recommended, implemented and coordinated four megite education programs
Developed, organized, and supervised on-campusmafide faculty development
program

TEACHING EXPERIENCE

Teacher & Curriculum Development: High School Esigland History Fall
1994-Spring 2003

Developed and taught History and English. Reviesaol and district-wide
curriculum for all subject matters, assisted inesttlling, restructuring, budget
preparation, conferences.

Grant writing: Teacher Learning Project (technolp@maller Learning Communities
Implementation (federal reorganization grant).

EDUCATION
Current PhD Candidate/Knowledge Management — Wadlttenersity
Master of Arts/Education Administration — New Mexiklighlands University
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Bachelor of Arts/Education — College of Santa Fe
Bachelor of Arts/History — University of New Mexico
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